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Abstract: Priority setting in health care involves many complex social value 
judgments. Whereas a wide body of empirical research has emerged that describes 
how people make these judgments, little is known about the psychological 
background against which they are made. In this study, we investigate whether the 
character trait of dispositional optimism, i.e. anticipating a positive or negative future, 
influences the way people think about priority setting in health care. We do this by 
linking a representative sample of the Belgian population’s (N=750) responses on the 
Revised Life Orientation Test to their responses to a discrete choice experiment 
(DCE) about priority setting. We find that more pessimistic individuals are on average 
in worse (self-reported) health, are younger, are more likely to smoke and are less 
likely to have a university degree than their more optimistic counterparts. Controlling 
for these respondent characteristics, we find that dispositional optimism indeed 
matters to priority setting. “Pessimists” are less willing to invest limited resources in 
prevention and are less in support of prioritizing younger generations over older 
ones.  
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1. Introduction 

One of the most intricate but inevitable challenges our societies are facing is how to 
set fair limits to health care [Daniels and Sabin, 2008]. With rising expenditure, 
pressurized budgets and an ever-increasing scope of medico-technological 
possibilities, policy makers increasingly need to make decisions about which health 
care we provide publicly and which health care can be referred to private resources. 
This implies answering many complex ethical questions [Bognar and Hirose, 2014]. 
For instance, how much should we invest in preventing bad outcomes and how much 
in treating them [Faust and Menzel, 2012]? How does mental health compare to 
physical health [Chisholm et al., 1997]? Does our rightful claim on available 
resources diminish when we reach a certain age or when we have lived an unhealthy 
lifestyle? How should we balance moral principles like the ‘rule of rescue’ [McKie and 
Richardson, 2003] with a utilitarian focus on achievable health gains and cost-
effectiveness?  
 
These are perennial questions and by lack of final answers, researchers and policy 
makers have increasingly turned to the general public for making so-called “social 
value judgements”. As a result, since two decades, a wide body of experimental 
studies has emerged that aims to elicit the general public’s view on the subject of 
resource allocation in health care (for reviews, see [Schwappach, 2002; Dolan et al., 
2005; Shah, 2009]). In the UK, the National Institute for Health and Clinical 
Excellence (NICE) regularly organizes “Citizens Councils” as a form of deliberative 
democracy to formulate opinions, useable for policy guidance [NICE, 2008]. In 
Belgium, the Federal Health Care Knowledge Centre recently recruited 20,000 
citizens in order to elicit their preferences for distributing health care [De Standaard, 
2014]. Similar examples can be found for other countries.  
 
These rationing preferences, however, are not formed in a vacuum and a myriad of 
factors may impact their shape. Much more needs to be known about the 
psychological background of these preferences, which can literally become a matter 
of life and death. First of all, as they are well documented in other contexts, 
systematic biases, framing effects and reasoning flaws may occur (for an overview, 
see [Kahneman, 2011] or [Oliver, 2013]). But second, differences in personality may 
also translate into different values and views on the subject. The role of personality 
traits in shaping how people think, feel, and behave has long been recognized in the 
field of psychology [Corr and Matthews, 2009]. It should come as no surprise then 
that personality traits have been linked to a substantial series of important life 
outcomes, including marital status, occupational attainment and even mortality (e.g. 
[Roberts, 2007]). In recent years, economists too have shown a growing interest in 
personality differences as a driver of people’s preferences and economic decision 
making [Ferguson et al, 2011; Borghans et al, 2008; Dohmen et al, 2010; Bowles et 
al, 2001; Almlund et al, 2011]. For example, research has shown that individual 
differences in self-control or extraversion have a strong impact on important 
economic phenomena like e.g. discounting for time preference [Daly et al, 2009] or 
public good contribution [Skatova and Ferguson, 2011]. 
 
One well-studied personality difference between individuals is whether one generally 
anticipates a good or a bad future. This character trait – termed ‘dispositional 
optimism’ – remains relatively stable over an individual’s life span. The large body of 
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research on this subject has shown that it pervasively reverberates into our daily 
lives, affecting our mental, physical and economic state [Carver et al, 2010; Hecht, 
2013]. For instance, in a cohort of 95,000 healthy women, more optimistic individuals 
were less likely to develop coronary heart disease (CHD), or die from CHD-related 
causes or any cause over an 8-year period [Tindle et al., 2009]. Furthermore, more 
optimistic students (measured before starting higher education) have lower dropout 
rates in their college years [Nes et al., 2009] and later earn more than their less 
optimistic counterparts [Segerstrom, 2007]. Also, optimists indicate greater 
satisfaction in their romantic relationships, and so do their partners [Srivastava et al, 
2006]. They invest in different stock portfolios [Puri and Robinson, 2007], make 
different financial and accounting decisions as managers [Heaton, 2002] and are 
more prone to problematic gambling behaviour [Gibson and Sanbonmatsu, 2004]. 
There is finally converging evidence that this individual difference has a 
neurobiological basis too, with pessimistic and optimistic views being primarily 
determined by higher activity in the right and the left cerebral hemisphere [Hecht, 
2013].  
 
In this study, we investigate whether differences in individuals’ dispositional optimism 
lead to different opinions about how the government should prioritize health care 
resources. Given that many, if not all decisions about the value of health 
interventions require at least some anticipation of future outcomes, dispositional 
optimism may constitute an important driver of these preferences. However, the 
direction in which these preferences can be affected by optimism is not immediately 
clear-cut. Are people who expect bad future outcomes more favourable towards 
prevention (to avoid the future from turning bad) or do they see this bad future as 
unavoidable and therefore prefer to assure the availability of cure? Who is more in 
favour of holding patients accountable for their health-related lifestyle? Will 
pessimists be stricter towards those who deliberately and unnecessarily burden the 
insurance risk pool? Or will these same pessimists, who may see bad outcomes as 
rather unavoidable, consider personal responsibility for health as futile or even 
unfair? Are optimists, who expect a good future, therefore more or less willing to 
prioritize younger generations over older ones when it comes to allocating scarce 
health care resources?  
 
To explore these questions, we summarize a general population survey that links an 
established instrument to measure dispositional optimism, the Revised Life 
Orientation Test (LOT-R) (see Section 2.2), to a discrete choice experiment (DCE) 
about priority setting (see Section 2.3). Section 3 presents the results and Section 4 
provides some points for further discussion. 
 
 

2. Methods 

2.1 Sample 

In June 2012, we recruited a sample from an online panel of 10,753 Belgians. A total 
of 3,160 individuals (30%) agreed to participate and from this group, we ultimately 
retained 750 respondents, depending on predetermined quota. We included only 
participants aged 18-75 years, such that they were representative of the Belgian 
adult population in terms of age, gender, province, level of educational attainment, 
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gender per province, gender per age group and smoking status. A detailed 
description of the sample characteristics relative to those of the Belgian population 
can be found elsewhere [Luyten et al, 2015].  
 

2.2 The Revised Life Orientation Test (LOT-R) 

We measured dispositional optimism with the LOT-R [Scheier et al., 1994], which is 
the most frequently used measure of dispositional optimism, and a revised version of 
the Life Orientation Test [Scheier and Carver, 1985]. The LOT-R, in contrast to its 
predecessor, the LOT, focuses more on the conceptual core of the trait (i.e., 
expectancies about one’s future). The scale consists of 10 items, 3 of which measure 
optimism, 3 measure pessimism and 4 items are fillers (see Figure 1). Respondents 
have to answer on a Likert scale (in our case a 5-point scale), ranging from ‘strongly 
agree’ to ‘strongly disagree’. Numerous studies have documented the reliability and 
the validity of the scale, reporting adequate measures of internal consistency, test-
retest reliability and construct and predictive validity (for a review, see [Carver et al., 
2010]). In empirical studies, test-retest correlations range from .58 to .79 over periods 
ranging from several weeks, years to more than a decade [Carver et al., 2010].  
 
Figure 1: The Revised Life Orientation Test (LOT-R).  

 
Strongly 
disagree  Disagree 

Neither 
agree, 

nor 
disagree Agree 

Strongly 
agree 

1. In uncertain times, I usually expect the best.       

[2. It's easy for me to relax.]       

3. If something can go wrong for me, it will.       

4. I'm always optimistic about my future.       

[5. I enjoy my friends a lot.]       

[6. It's important for me to keep busy.]       

7. I hardly ever expect things to go my way.       

[8. I don't get upset too easily.]       

9. I rarely count on good things happening to me.       

10. Overall, I expect more good things to happen to me 
than bad.      

Note: Items 2, 5, 6, and 8 are fillers. Responses to scored items have to be coded so that high values imply 
optimism. 

 
There is discussion in the psychology literature about the dimensionality of the LOT-
R. Some authors argue that optimism and pessimism are two polar opposites on a 
one-dimensional continuum [Segerstrom et al, 2011; Chiesi et al., 2013; Rauch et al, 
2007]. Hence, one cannot be both an optimist and a pessimist at the same time. 
Others have challenged this view on the basis of factor-analytic methods and 
suggest that the LOT-R measures two related but distinct factors [Glaesmer et al. 
2012]. This means that an individual can score highly on both optimism and 
pessimism at the same time. Others have argued, however, that this bi-
dimensionality is an artefact of item wording or valence [Mcpherson and Mohr, 2005; 
Kam and Meyer, 2012]. For research purposes, both one- and two-dimensional 
analyses of LOT-R data are common practice, and to accommodate for these 
different views, we used 3 different LOT-R outcomes in our analyses: a total LOT-R 
score (the one-dimensional construct, termed LO henceforth) based on the 3 
optimistic and the 3 pessimistic items, and two separate constructs: an optimism 
score (OPT) based only on the 3 optimistic items, and a pessimism score (PES), 
based on the 3 pessimistic items. To obtain the LO and OPT scores, we summed the 
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scores of the items under consideration. To obtain the PES score, we summed the 
scores of the pessimistic items and reversed the scaling so that a high PES score 
stands for a pessimistic attitude. For a more elaborate discussion on the 
dimensionality of the LOT-R, see [Carver and Scheier, 2014]. 
 

2.3 DCE on health care allocation 

We carried out a DCE in which all 750 respondents had to complete 14 choice sets 
consisting of two competing health care interventions of which they were told that 
only one could be subsidized by the government. We described the health programs 
in terms of 7 dimensions or ‘attributes’ that differed in their levels (see Table 1). The 
appendix shows one of the 42 choice sets that we constructed (14 per respondent, 3 
survey versions, in total 10,500 choice observations (14*750)). We summarized the 
DCE and its results elsewhere [Luyten et al, 2015]. 
 
Table 1: Attributes and levels. 

Attribute Level 

What type of intervention is it? 
1. preventive (aiming to prevent healthy persons from becoming ill) 
2. curative (aiming to cure people who are ill) 

How big is the probability of 
success of the intervention? 

1. 1 in 3 is successful (33%) 
2. 2 in 3 is successful (66%) 
3. always successful (100%) 

How often do adverse effects 
occur? 

1. often 
2. rarely 
3. never 

How severe is the illness for 
which the intervention is 
developed? 

1. not lethal, but everyone who gets the disease will experience a 
short period of illness without lasting effects (not severe) 

2. not lethal, but everyone who gets the disease will experience a 
severe and lasting reduction in quality of life (severe) 

3. lethal, everyone who gets the disease will die from it (lethal) 

Does the patient cause the 
disease through his or her 
own lifestyle? 

1. fully 
2. partly 
3. not at all 

How long does it take before 
the patient becomes ill/ shows 
signs/symptoms of illness? 

1. after 20 years 
2. after 5 years  
3. within a year 

At what age does the patient 
become ill? 

1. 80 – 90 years 
2. 60 – 70 years 
3. 40 – 50 years 
4. 20 – 30 years 
5. 0 – 10 years 

 

2.4 Other variables in the survey 

Background information collected from respondents included their age, sex, height, 
weight (to calculate the Body Mass Index), province, language, professional group, 
educational attainment, household size, age of youngest family member, experience 
as health care worker, smoking status, and experience with severe illness (personal 
or within the family). Respondents also provided self-assessments of their health 
through a standardised Health Related Quality of Life instrument, the EQ-5D-5L 
[Herdman et al., 2011]. 
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2.5 Statistical analysis 

We assessed the internal consistency of the LOT-R using Cronbach’s alphas and 
described the relationship between the LO, OPT and PES scores using Pearson’s 
correlation coefficients. We constructed multiple linear regression equations to 
identify significant associations between the three LOT-R scores and the other 
respondent characteristics surveyed.   
 
We analysed the relationship between the DCE data and the three LOT-R scores 
using a multinomial logit model (MNL), which is standard in DCE analysis [Ryan et al, 
2008; Bridges et al., 2011]. This model allows assessing the relative weight of each 
of the 7 attributes in predicting a choice, but also, by adding an interaction term – for 
instance with LO – it allows assessing whether respondents who differ in LO also 
differ in their valuation of the attributes. To control for the influence of other 
respondent variables associated with LO, OPT and PES, we also added interactions 
with these other variables in the model. 
 
Formally, the MNL model employs random utility theory which describes the utility 
that a respondent attaches to intervention j (j = 1, 2) in choice set s (s = 1, …, 14) as 
the sum of a systematic and a stochastic component:    
 

.js js jsU  x β  

In the systematic component ,js
x β jsx is a vector containing the attribute levels of 

intervention j in choice set s. Additionally, in our analysis, this vector includes the 
interactions between the attribute levels and the LOT-R score or any other 
respondent variable under investigation. The vector β  is the vector of parameter 

values indicating the importance respondents attach to the different attribute levels 

and interactions. The stochastic component  js  is the error term capturing the 

unobserved sources of utility. Under the assumption that the error terms are 
independently and identically Gumbel distributed, the MNL probability that a 
respondent chooses intervention j in choice set s is  
 

 
   




 1 2

exp
.

exp exp

js

js

s s

p
x β

x β x β
 

To estimate the parameter vector ,β  we used a maximum likelihood estimation 

approach which maximizes the probability of obtaining the responses from the 
selected data sample. A positive estimate has a positive effect on the total utility, 
whereas a negative estimate has a negative effect. We computed the overall 
significance of the attributes and interactions by means of likelihood ratio (LR) tests. 
Such tests evaluate the difference in goodness of fit between nested models. More 
specifically, they compare the goodness of fit of an unrestricted or full model to a 
restricted model in which one or more parameters have been set to zero. For all 
tests, we use a 5% significance level. We obtained the relevant statistics and models 
using JMP pro 11.  
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3. Results 

3.1 Psychometric properties of the LOT-R 

The internal consistency of the LOT-R, and its subscales OPT and PES was 

acceptable (Cronbach’s α  = 0.75, 0.78 and 0.72, respectively). The correlation 

between the OPT and PES scores was moderate at -0.34 (p<0.0001). Correlations 
between LO and the 6 items ranged from 0.59 to 0.72. The OPT score correlated 
strongly with the 3 optimistic items (between 0.81 and 0.85) and weakly with the 3 
pessimistic items (between 0.24 and 0.30). The PES score correlated strongly with 
the pessimistic items (between -0.81 and -0.80) and weakly with the optimistic items 
(between -0.36 and -0.17). An exploratory factor analysis showed that the two-factor 
model uncovering the OPT and PES scores describes the variation in the data well 
(about 67% of the variation). Therefore, we expand our analysis involving the LO 
score with a similar analysis involving the OPT and PES scores. Figure 2 
summarizes the three variables.   
 
Figure 2: Boxplots of LO, PES and OPT scores (N=750). 

 
 
3.2 Variables associated with dispositional optimism 

Results from multiple linear regression analysis (see Table 2) revealed that five 
variables are associated with LO. In general, more optimistic respondents have a 
higher EQ-5D score, are older in age, do not smoke, have a university degree, and 
have a relatively younger-aged youngest family member (e.g. a child). We repeated 
the analysis for the OPT and PES scores and found that higher OPT scores are 
associated with higher EQ-5D scores, older age, and having a younger-aged family 
member, but not with smoking status and level of education. Higher PES scores are 
associated with lower EQ-5D scores, younger age, smoking, and having no or only a 
lower secondary education degree. There was no statistically significant relationship 
between LO, PES or OPT and respondents’ sex, language, province, weight, length, 
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BMI score, family size, professional group, personal experience with severe illness, 
experience with severe illness in the family or experience as a health care worker. 
 
Table 2: Variables associated with an individual’s LOT-R scores. 
 LO OPT PES 

 Estimate P-value Estimate P-value Estimate P-value 

EQ-5D score 5.7778 <0.0001 3.3713 <0.0001 -2.5052 <0.0001 

Respondent age 0.0485 <0.0001 0.0286 <0.0001 -0.0138 0.0096 

Smoking status (Yes) -0.4975 0.0005 NS NS 0.4593 <0.0001 

Smoking status (No) 0.4975 0.0005 NS NS -0.4593 <0.0001 

Level of education 
(None or lower 
secondary education) 

-0.6833 0.0062 NS NS 0.5572 0.0005 

Level of education 
(Higher secondary 
education) 

-0.1865 0.3529 NS NS 0.1791 0.1623 

Level of education 
(Higher non-university 
degree) 

0.0752 0.6997 NS NS -0.1374 0.2685 

Level of education 
((Post-) university 
degree) 

0.7946 0.0022 NS NS -0.5989 0.0003 

Age youngest family 
member 

-0.0157 0.0276 -0.0095  0.0272  NS NS 

Note: NS means that the variable is non-significant at the 5% level. 

 

3.3 Preferences for priority setting in relationship to dispositional optimism 

To investigate whether preferences for priority setting differ because of differences in 
respondents’ dispositional optimism, we estimated three MNL models, which are 
shown in Table 3. Model I is the basic model of the DCE analysis quantifying the 
extent to which the utility of an intervention depends on the 7 attributes of the 
intervention. As can be inferred from the largest estimates (in magnitude) of the 
levels of each attribute, the average respondent makes choices mainly on the basis 
of the patient’s age and lifestyle, followed by concerns about effectiveness and 
severity of illness (for more in-depth discussion and analysis, see [Luyten et al, 
2015]). Models II and III focus on the link between respondents’ preferences for the 
attribute levels of an intervention and respondents’ LOT-R scores.  
 
Introducing the LO variable in model I in interaction with each of the 7 attributes in 
separate models, we found that it interacts significantly with 2 attributes: ‘type of 
intervention’ (p=0.0014) and ‘patient’s age’ (p=0.0118). This means that respondents 
differing in LO attribute a significant differential weight to the levels of the attributes 
‘type of intervention’ and ‘patient’s age’. The higher the respondents’ LO score, the 
more they value prevention and the more they prioritize younger generations over 
older ones. Figure 3 shows how the utility attributed to a health programme changes 
depending on the different levels of the recipient’s age (panel A) and the preventive 
or curative type of the intervention (panel B), as valued by respondents with either 
the highest or lowest LO score. Note that the trends in utility in the figure are the 
same, but less extreme for less extreme values of LO. Model II in Table 3 
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summarizes these results when both interactions are included in one model. The 
interaction ‘LO*type’ remains significant (p=0.0144), whereas ‘LO*age of patient’ 
becomes marginally significant (p=0.0702). To check the robustness of these 2 
interaction effects, we added all variables that are associated to LO (i.e. EQ-5D 
score, respondent age, smoking status, level of education and age of youngest family 
member; see Section 3.2) to Model II, once in interaction with ‘type of intervention’ 
and once in interaction with ‘patient’s age’. We found that the interactions, ‘LO*type’ 
and ‘LO*age of patient’, remained significant (‘LO*type’: p=0.0517; ‘LO*age of 
patient’: p=0.0733) when we controlled for these other respondent characteristics.  
 
Figure 3: Incremental utility values for the levels of the attributes ‘Age of Patient’ (A) 
and ‘Type of Intervention’ (B) for the respondents with highest vs. lowest LO scores. 

 
A.            B. 

 
 

Zooming in on the analysis and starting from model I, we used the OPT and PES 
subscales instead of the complete LO scale in interaction with each of the 7 attributes 
in separate models involving either the OPT or PES variable. We found that the OPT 
variable does not significantly interact with any of the attributes, i.e. the 3 optimistic 
items of the LOT-R score by themselves have no predictive value for the preferences 
we surveyed. However, the PES variable interacts significantly with ‘type of 
intervention’ (p<0.001, the more pessimistic, the more pro cure), ‘patient’s age’ 
(p<0.0001, the more pessimistic, the less relevant patient’s age), ‘effectiveness’ 
(p=0.01, the more pessimistic, the more important an intervention’s effectiveness) 
and ‘severity of illness’ (p<0.001, the more pessimistic, the less relevant severity of 
illness). Model III includes these 4 interactions together into one model. In this model, 
the interaction with ‘type of intervention’ has become marginally significant 
(p=0.0820) and the interaction with ‘effectiveness’ insignificant (p=0.3740). 
Considered separately, the 4 significant interactions each remained significant when 
we controlled for the effect of the respondent variables that are associated to PES 
(see Table 2): ‘PES*type’: p=0.0117; ‘PES*age of patient’: p=0.0014; 
‘PES*effectiveness’: p=0.0110 and ‘PES*severity of illness’: p=0.0032. 
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Table 3: Estimates of coefficients in the MNL models, and overall significances of the attributes using p-values obtained from 
likelihood ratio tests. Model I: basic model with attributes of the DCE only, Model II: Model I + significant interactions with total 
LOT-R score (LO), Model III: Model I + significant interactions with partial LOT-R score (PES).  
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Note: Coefficient estimates corresponding to the last level of an attribute, either as main effect or involved in an interaction, are excluded from the table and can be calculated 
as minus the sum of the estimates for the other levels of that attribute; 
NA means not applicable. 

 

 MODEL I MODEL II MODEL III 

Term Estimate P-value Estimate P-value Estimate P-value 

Lifestyle of Patient (fully) -0.3730 
<0.0001 

-0.3737 
<0.0001 

-0.3737 
<0.0001 

Lifestyle of Patient (partly) 0.0574 0.0582 0.0603 

Age of Patient (80-90 years) -0.6200 

<0.0001 

-0.3545 

0.0928 

-1.1151 

<0.0001 
Age of Patient (60-70 years) -0.0185 0.4075 -0.3818 

Age of Patient (40-50 years) 0.1210 0.0493 0.1192 

Age of Patient (20-30 years) 0.2363 0.1307 0.4033 

Effectiveness (33%) -0.2440 
<0.0001 

-0.2437 
<0.0001 

-0.0146 
0.3608 

Effectiveness (66%) 0.0117 0.0119 0.0029 

Severity of Illness (not severe) -0.2351 
<0.0001 

-0.2343 
<0.0001 

0.0366 
<0.0001 

Severity of Illness (severe) 0.0758 0.0758 -0.0064 

Adverse Effects (often) -0.1383 
<0.0001 

-0.1374 
<0.0001 

-0.1377 
<0.0001 

Adverse Effects (rarely) 0.0776 0.0774 0.0776 

Timespan (after 20 years) -0.0617 
0.0920 

-0.0609 
0.0904 

-0.0589 
0.0895 

Timespan (after 5 years) 0.0039 0.0026 -0.0001 

Type (preventive) 0.0127 0.5552 -0.1736 0.0285 0.1243 0.0630 

LO*Type (preventive) NA NA 0.0095 0.0144 NA NA 

LO*Age of Patient (80-90 years) NA NA -0.0135 

0.0702 

NA 

NA 
LO*Age of Patient (60-70 years) NA NA -0.0216 NA 

LO*Age of Patient (40-50 years) NA NA 0.0036 NA 

LO*Age of Patient (20-30 years) NA NA 0.0053 NA 

PES*Type (preventive) NA NA NA NA -0.0125 0.0820 

PES*Age of Patient (80-90 years) NA NA NA NA 0.0561 

0.0001 
PES*Age of Patient (60-70 years) NA NA NA NA 0.0413 

PES*Age of Patient (40-50 years) NA NA NA NA 0.0004 

PES*Age of Patient (20-30 years) NA NA NA NA -0.0192 

PES*Effectiveness (33%) NA NA NA NA -0.0146 
0.3740 

PES*Effectiveness (66%) NA NA NA NA 0.0029 

PES*Severity of Illness (not severe) NA NA NA NA 0.0366 
0.0070 

PES*Severity of Illness (severe) NA NA NA NA -0.0064 



 

11 

 

4. Discussion 

This study investigated the link between the character trait of dispositional optimism 
and the basis on which individuals would like to see their government prioritize 
between equally expensive health care interventions. We found that generalized 
anticipations of the future indeed matter. However, the responses to the pessimistic 
items of the scale really made the difference. We summarize our findings as follows. 
More pessimistic individuals (whether considered as an independent construct or as 
the complement of optimism) are more likely to support cure over prevention and are 
less likely to prioritize in favour of younger generations. On average, these 
“pessimists” have worse (self-reported) health, are relatively younger, more likely to 
smoke and less likely to have a university degree in comparison to the other 
participants. However, we found that these pessimism-related preferences persisted 
independently of the latter 4 associated respondent characteristics. 
 
What could be an explanation for our findings? Research so far has shown that a 
major difference between optimists and pessimists is their problem-solving attitude 
[Carver et al., 2010; Hecht, 2013]. Optimism is associated with taking a pro-active 
approach in confronting possible problems and coping with adversity. Pessimism is 
associated with using escape and avoidance strategies when dealing with distress, 
as well as with hesitations and a passive attitude when faced with an opportunity. 
This can readily explain optimists’ and pessimists’ different attitude towards 
prevention. What could explain their differential view on age-based priority setting? A 
potential explanation could be that pessimists expect themselves to become ill in the 
future and are therefore more empathic with the interests of older generations than 
optimists, who may be more detached from the problems of older age. Another –
more speculative and broader – explanation could be that optimists’ hope for the 
future and their pro-active attitude inherently implies favouring more investments in 
future generations, i.e. they may adopt a more intergenerational and less 
individualistic perspective and are perhaps therefore more favourable towards the 
young. Qualitative research could give us more insight on this matter.  
 
Why are these findings relevant? A first reason is that such preferences for priority 
setting (either from the general public or experts) are playing an increasingly 
important role in health policy. It is therefore quintessential to understand how people 
form these preferences and which differences between individuals are masked by 
aggregating them. To our knowledge, this study is the first to analyse the personality 
background of such preferences. Arguably, other inter-individual differences (e.g. the 
big five personality traits [Corr and Matthews, 2009]) also matter and investigating 
their effect is a suggestion for further research. Second, our findings open up new 
questions for discussion. Are preferences of optimists and pessimists equally 
valuable with regard to informing public policy? It is generally considered that 
optimists are better problem-solvers (or less prone to certain harmful biases and 
inertness) than pessimists, and they are generally also in better health [Carver et al., 
2010]. Does this perhaps give more value to the optimists’ view on priority setting? 
Or, to the opposite, is there something intrinsically valuable about having a 
pessimistic, less hopeful (and perhaps less naïve) view on inherently tragic subjects 
like death, disease and suffering? Third, our findings could provide pragmatic insights 
to people in support of bigger investments in prevention. Although dispositional 
optimism has proven to be a relatively stable trait, situational forces such as the 
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economic climate, may sometimes steer people (temporarily) towards more 
pessimism or optimism [Lench and Bench, 2014]. Interestingly, it is often observed 
that in times of crisis (e.g. economic recession), prevention is the first victim of 
austerity measures [Faust and Menzel, 2012]. Our study indicates that when the 
future looks rather bleak, public support for prevention may indeed be lower. But vice 
versa, it also suggests that the general willingness to invest in prevention is bigger 
when things are going well.  
 
Finally, besides the more general criticisms against using DCEs to elicit social 
preferences [Bryan and Dolan, 2004], the following limitations apply to our study. 
Although our sample was broadly representative of the Belgian population, we 
recruited respondents from an online panel, excluding those who are younger than 
18 and older than 75 years. Membership to the panel may be associated with 
unobservable characteristics. Also, we surveyed our respondents on a complex topic, 
in a single recording. Future studies could try other preference elicitation methods, 
include other indicators of optimism, organize a follow-up study to compare the 
consistency of the results, use qualitative methods or focus more specifically on the 
link between optimism, prevention and/or patients’ ages.  
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Appendix: Example of a choice set. 
 
Medical interventions A and B are exactly equally expensive and they apply to a similar 
number of patients. If you were forced to make a choice, which of both interventions should 
be reimbursed by the government? To make it easier for you, we have highlighted in yellow 
the characteristics that differ between both interventions. There are no right or wrong 
answers; we are interested in your opinion.  

 A B 

What type of intervention is it? 
Curative 

(meant to cure patients who are ill) 

Preventive 
(meant to prevent healthy persons 

from becoming ill) 

How big is the probability of success 
of the intervention? 

2 in 3 is successful Always successful 

How often do adverse effects occur? Often Often 

How severe is the illness for which 
the intervention is developed? 

Not lethal, but everyone who gets the 
disease will experience a severe and 

lasting reduction in quality of life 

Lethal, everyone who gets the 
disease will die from it 

Does the patient cause the disease 
through his or her own lifestyle? 

Not at all Not at all 

How long does it take before the 
patient becomes ill/ shows 
signs/symptoms of illness? 

Within a year Within a year 

At what age does the patient become 
ill? 

0 to 10 years 40 to 50 years 

YOUR PREFERENCE: ◘ ◘ 
 

 


