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CHAPTER 1 

INTRODUCTION 

 

1. Scope of the PhD dissertation 

The dissertation is based on a PhD project, situated at the intersection of financial 

accounting (capital markets research in particular) and management science. This dissertation 

aims at exploring determinants and economic consequences of corporate disclosure practices 

that (1) are characterised by means-ends uncertainty and (2) lack sufficient normative 

guidance to lead managers (external observers) in their decision making processes 

(assessment of firms’ disclosures and underlying activities). To explain firms’ disclosure 

practices under such circumstances, we rely on two theoretical perspectives from prior 

research on organisational behaviour, namely institutional theory and the behavioural theory 

of the firm (henceforth referred to as the BTOF). At the intersection of institutional theory and 

the BTOF, social comparison (i.e., comparison of performance against a socially-derived 

benchmark, such as performance of peer firms (Massini et al. 2005)) via peer-based 

benchmarking stands out as a potentially useful heuristic for both firm managers and external 

observers to reduce cognitive uncertainty surrounding a disclosure practice and to interpret 

and evaluate appropriateness of the disclosure practice.  

In this PhD dissertation, we try to meet two key research objectives: (1) to investigate 

whether and how social comparison and the related performance feedback (i.e., whether the 

firm’s disclosure behaviour pattern is better/worse than the benchmark) affect a firm’s 

disclosure behaviour; and (2) to examine implications of peer-based benchmarking for firms 

and for external observers, such as financial analysts and investors. 

In the following sections of this chapter, we elaborate on the theoretical foundation of 

this dissertation and briefly review the empirical studies developed as part of this research 

project. 
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2. Theories underlying the empirical studies 

2.1. The behavioural theory of the firm (BTOF) 

How do managers set aspiration levels
1
 and evaluate the firm’s performance? This 

question is central to the behavioural theory of the firm (Cyert and March 1963), which has 

been a prominent paradigm in organisational science and strategic management for more than 

50 years (Argote and Greve 2007). The BTOF relies on concepts, such as bounded rationality, 

satisficing and problemistic search (Cyert and March 1963). 

The bounded rationality assumption of the BTOF argues that the extent of information 

that managers have about an issue and also their cognitive limitations influence the degree of 

managerial rationality in decision making processes. The BTOF assumes that managers’ 

strategy in their decision making processes is not necessarily achieving the best-possible 

(optimum) solution, as (1) determination of the optimum solution may not be feasible or (2) 

aiming for the best-possible solution would be risky and call for costs and efforts. This entails 

searching among available meaningful solutions (problemistic search) until a satisfactory 

level is met (satisficing), especially when the optimal solution cannot be determined (Simon 

1956, Simon 1976). 

According to the BTOF, boundedly rational managers compare their performance, 

amongst others, with their own previous performance (referred to as (self) historical 

aspiration) and the performance of comparable firms (referred to as social 

benchmark/aspiration) (Bromiley and Harris 2014, Moliterno et al. 2014) in order (1) to arrive 

at a reasonable target performance level (aspiration level) and/or (2) to evaluate their 

performance and determine how they should adapt. 

Since the publication of Cyert and March’s (1963) seminal book (behavioural theory 

of the firm), a large body of empirical research has emerged that relies on performance 

comparison (i.e., comparison of a firm’s performance with its aspiration level) to explain firm 

actions such as strategic positioning, corporate transactions and new product introductions 

(Joseph and Gaba 2014). In that regard, several models have been developed, that employ a 

combination of several factors such as (amongst others) historical and social aspirations as 

input to determine aspiration levels (see e.g., Cyert and March 1963, Bromiley 1991, Lant 

1992, Mezias et al. 2002, Greve 2003). There are also other models that do not combine the 

                                                 
1
 The term ‘aspiration level’ in the behavioural theory of the firm literature is typically referred to as levels of outcomes that satisfy 

managers and terms aspirations, targets and goals are almost interchangeably used in the BTOF literature (Washburn and Bromiley 2012). 
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social and historical aspiration levels and use only one of them to construct the aspiration 

level (see e.g., Greve 1998, Harris and Bromiley 2007). 

The most influential model of aspirations is introduced by (Cyert and March 1963), 

where a firm’s aspiration level is explained by its previous aspiration, its previous 

performance and the performance of comparable firms (peer firms). Since then, several 

models of aspirations have been developed, using Cyert and March’s (1963) model as the 

base model. For instance, Mezias et al. (2002) developed a modified version of Cyert and 

March’s (1963) model by introducing attainment discrepancy with respect to the social 

benchmark (i.e., the difference between the firm’s past performance and past performance of 

comparable firms) as an antecedent of the firm’s aspiration level. The inclusion of attainment 

discrepancy into the aspiration model was indeed an important progress in development of 

aspiration models, as it (by construct) captures the effect of the comparison of the focal firm’s 

performance against the performance of peers (social comparison) on aspirations and future 

changes.  

A central tenet to the BTOF is that the comparison of performance against an 

aspiration level affects firms’ interpretation of their performance, with performance worse 

(better) than the aspiration level being considered failure (success) (Audia et al. 2015). 

Whether decision agents consider meeting (failing to meet) the aspiration level success 

(failure) would then affect their further decisions, such as whether or not to take actions to 

adjust the performance in question (Audia et al. 2015). This is consistent with Cyert and 

March (1963) who argue that the effect of social comparison on aspiration levels could vary, 

depending on whether the firm’s performance exceeds the social benchmark (but they did not 

propose a precise model for such variation). In a related vein, considering industry a proxy for 

the group of comparable firms, Bromiley (1991) relies on the varying weights idea and argues 

that, in generating their aspirations, firms with performance above the industry average assign 

no weight to industry’s performance. This argument suggests that firms with performance 

below the industry mean aspire to the industry mean, whereas firms with performance above 

industry mean usually tend to set aspiration slightly above their past performance (Washburn 

and Bromiley 2012). 

Obviously, comparison of the firm’s performance against performance of its peers and 

the related feedback (i.e., whether the firm performs better/worse than its peers) are situated at 

the core of many aspiration models in the BTOF literature, incentivising us for embedding the 
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performance comparison dynamic into our theoretical framework. Consistent with the idea 

proposed by Bromiley (1991), which is central to this dissertation and can also be interpreted 

as an extreme version of the varying weights idea, firm managers and external observers are 

likely to perceive performance worse (better) than the social benchmark as failure (success) 

and thus changes (are expected to) take place only when performance falls below the social 

aspiration (Shinkle 2012). However, for firms performing well (i.e., with performance above 

the social aspiration level), firm managers may decide to maintain the status quo (Bromiley et 

al. 2001) or aspire to a slightly better performance and avoid actions that might negatively 

affect their performance (Schimmer and Brauer 2012). 

2.2. Institutional theory 

Institutional theory is a theoretical posture which has roots in sociology and focuses 

on the process through which organisational structures, including norms and routines evolve 

and ultimately become established within an organisational field
2
 as guidelines for 

organisational behaviour (Scott 2004). Institutional theorists argue that the way in which 

organisational behaviour with regard to a practice develops, is affected by laws/regulations 

and norms/values which originate from the institutional environment of an organisation 

(Srinivasan et al. 2002, Judge et al. 2010). From an institutional perspective, firms are 

regarded as symbolic, social and cultural entities (entities beyond producers of goods and 

services), that do not only have to seek resources but also have to comply with 

institutionalised norms within their organisational field in order to survive (Judge et al. 2010). 

Institutional theory emphasises legitimacy as a driving factor in the development of 

organisational behaviour (Scott 2004). Suchman (1995) defines legitimacy as: ‘a generalized 

perception or assumption that the actions of an entity are desirable, proper, or appropriate 

within some socially constructed system of norms, values, beliefs, and definitions’ (p. 574). 

According to the organisational legitimacy literature, one could discern legitimacy in 

three types, namely pragmatic legitimacy, moral (normative) legitimacy and cognitive 

legitimacy. Pragmatic legitimacy is the outcome of ‘self-interested calculations of an 

organisation’s most immediate audiences’ (Suchman 1995, p. 578). Seeking pragmatic 

legitimacy underlies organisations’ efforts to satisfy their stakeholders upon which they are 

dependent. Moral (normative) legitimacy reflects a positive outcome of the normative 

                                                 
2
 According to DiMaggio and Powell (1983), an organisation field is referred to as ‘organisations that, in the aggregate, constitute a 

recognised area of institutional life: key suppliers, resource and product consumers, regulatory agencies and other organisations that produce 
similar services and products’ (p. 148). 
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assessment of an organisation’s behaviour by society (Aldrich and Fiol 1994). Unlike 

pragmatic legitimacy which reflects whether an organisation’s activity benefits the immediate 

evaluator, moral legitimacy rests on assessment that whether the organisation’s behaviour 

reflects ‘the right thing to do’ (i.e., whether it is in line with socially-constructed values) 

(Suchman 1995, p. 579). A desire to achieve social acceptance (moral legitimacy according to 

Suchman’s (1991) definition), may even incentivise organisations to symbolically make 

gestures that are consistent with social values to affect audiences’ perception of rightness of 

what they do. Cognitive legitimacy is created when an organisation pursues goals that are 

well understood and perceived as appropriate, proper, and desirable by the society 

(Brinkerhoff 2005). While pragmatic and moral legitimacy are driven by some form of 

assessment, cognitive legitimacy is produced because of that what an organisation does is so 

comprehensible and appropriate that no other opinion can be imaginable (i.e., taken-for-

grantedness) (Suchman 1995, Brinkerhoff 2005). Organisations seek legitimacy to (1) achieve 

resources and (2) be understood as more meaningful, more predictable and more trustworthy 

by their audiences (Suchman 1995). Lack of legitimacy endangers organisations’ existence, as 

illegitimate organisations are more likely to be considered negligent, irrational or unnecessary 

(Meyer and Rowan 1991). 

As organisations evolve, they may change their structures and develop new practices. 

Early adoptions of new practices are commonly driven by rational desires, such as a desire to 

improve performance and efficiency. As new practices (innovations) spread in organisational 

fields, a high degree of public acceptability is reached (Broadbent et al. 2001, Zimmerman 

and Zeitz 2002), bringing other organisations to adopt the practices (even ceremoniously) in 

order to gain or maintain legitimacy
3
 (Meyer and Rowan 1977). As a consequence, in the 

course of time, a range of homogenous decision patterns within an organisational field take 

place, which is referred to as isomorphism (DiMaggio and Powell 1983). Isomorphism 

represents a process through which an organisation becomes similar to other organisations in 

its organisational field, being a result of imitation or forces from similar constraints 

(DiMaggio and Powell 1983). 

Institutional isomorphic changes are argued to take place through three different 

mechanisms: coercive, normative and mimetic isomorphism. Coercive isomorphism, 

originating from political influences and legitimacy concerns, is characterised by pressures on 

                                                 
3
 Here, legitimacy corresponds to moral legitimacy, according to Suchman (1995). 
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an organisation from stakeholders upon which the organisation is dependent (e.g., resource 

providers)
4
 and the cultural expectations of the society in which it functions (DiMaggio and 

Powell 1983).
5
 If firms do not conform to such institutional pressures, they may lose their 

support (e.g., losing resources because of loss in legitimacy) or face questioning. 

Second, normative isomorphism results from professionalisation. Professionalisation 

is referred to as the collective attempts of members of an occupation to define ‘the conditions 

and methods of their work, […], and to establish a cognitive base and legitimation for their 

occupational autonomy’ (DiMaggio and Powell 1983, p. 152). Educational venues, such as 

universities, business schools and professional training institutions are important centers that 

develop norms among professional members. 

A third institutional mechanism underlying institutional isomorphism is referred to as 

mimetic isomorphism and is central to the theoretical foundation of this PhD dissertation. 

Mimetic isomorphism argues that uncertainty reinforces the importance of social processes in 

establishing organisational behaviour. More specifically, mimetic isomorphism acknowledges 

the relevance of social processes in decision making, when it argues that in the absence of 

normative guidelines, decision makers tend to resort to socially-accepted ways of doing 

business to reduce means-ends uncertainty (DiMaggio and Powell 1983, Deephouse 1996, 

Dacin 1997, Kondra and Hinings 1998). When organisational practices are poorly understood 

and the outcomes cannot be clearly determined (uncertainty), organisations are likely to 

model themselves on other organisations in their organisational field that are perceived as 

more legitimate (Haveman 1993, Benner and Tripsas 2012, Soule et al. 2014). As frequent 

adoption of a practice essentially lends legitimacy to such imitation (Westphal et al. 2001) 

and could also be an indicator for its technical value (Haunschild and Minner 1997), adoption 

of such practice could be interpreted by audiences as a signal of compliance with socially-

accepted norms for what an organisation does (bringing moral legitimacy). Imitation of others 

can also be interpreted based on cognition rather than on evaluation. That is, practice(s) that 

are widely adopted by others could also be unconsciously adopted by an organisation as the 

most comprehensible and appropriate choice (taken-for-granted), reducing cognitive 

uncertainty (bringing cognitive legitimacy). Another advantageous outcome of mimetic 

behaviour for organisations is that when managers face an uncertain circumstance, where 

                                                 
4
 According to Suchman’s (1995) definition of legitimacy, satisfying this group of stakeholders can create pragmatic legitimacy. 

5
 According to Suchman’s (1995) definition of legitimacy, meeting cultural expectations results in moral legitimacy. 



 

7 

 

solutions and outcomes are ambiguous,  imitation of other organisations in the field provides 

them with a feasible solution that meets a certain level of meaningfulness, appropriateness 

and social acceptance with little expense (DiMaggio and Powell 1983). 

The influence of institutional mimetism on firms’ practices has been investigated in 

various contexts in finance, accounting and other business-related literatures, such as entry 

into new markets (Haveman 1993), clients’ choice of auditors (Han 1994), the choice of 

advisors by investment banks (Haunschild and Minner 1997), organisational strategy 

development (Deephouse 1996), adoption of product strategies (Brouthers et al. 2005), 

development of socially-responsible behaviour (Campbell 2007), introducing new product 

(features) (Benner and Tripsas 2012), choice of ownership structure (Arslan 2012), supply 

chain management (Connelly et al. 2013) and firm exit decisions (Gaba and Terlaak 2013). 

2.3. Theoretical framework of this dissertation 

Decisions about content of some qualified corporate public disclosures, such as 

reporting on selling, general and administrative (SG&A) expenses and corporate social 

responsibility (CSR) disclosure, are subject to considerable uncertainty with regard to means 

and consequences.
6
 Multiple approaches to report on SG&A expenses (related to both 

spending and reporting aspects) and uncertainty with regard to potential outcomes collectively 

give rise to cognitive uncertainty surrounding reported SG&A, on the part of decision agents 

and difficulty in assessment of firms’ reported SG&A and underlying activities (increasing 

the assessment risk), on the part of external observers (e.g., analysts and investors). 

CSR disclosure decisions such as whether to publish a CSR report, whether to adopt 

specific reporting formats and benchmarks (e.g., Global Reporting Initiative (henceforth, 

GRI)) and determining the extent of CSR disclosure (henceforth, CSR transparency) are also 

characterised by challenges attributable to a high degree of uncertainty surrounding their 

value and consequences (Aerts et al. 2006, Cormier and Magnan 2007, Arora and 

Dharwadkar 2011). 

Given means-ends uncertainty surrounding reported SG&A and CSR disclosure, we 

argue that meaningful and appropriate patterns of behaviour with regard to these disclosure 

subjects would be distilled via social processes (mimetic isomorphism) and social comparison 

is therefore relevant for decisions with regard to these practices. 

                                                 
6
 We elaborate on the sources of means-ends uncertainty and our motivation to focus on these subjects in the empirical studies section of the 

introduction chapter. 
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Considering that frequency of adoption of a practice in a group may serve as a proxy 

indicator that the practice has legitimacy (Haunschild and Minner 1997) and even technical 

value (Abrahamson and Fairchild 1999), firms are likely to set their aspirations for SG&A 

relative to sales (also referred to as SG&A ratio or SG&A intensity)  and CSR transparency 

level, of which an optimal level cannot be determined upfront, by looking at the social 

benchmark (aspiration) (i.e., the SG&A ratio and CSR transparency of their peers). An 

aspiration level for the SG&A ratio could correspond to a level that signifies perceived 

effectiveness of managers’ controlling of overhead expenses and efficiency in resource 

allocation, at least relative to comparable firms (e.g., industry-specific peers). In a related 

vein, Baumgarten et al. (2010) interpret the SG&A ratio above the industry average as being 

indicative of inefficiency. 

We argue that an aspiration level for CSR transparency would correspond to the extent 

of information disclosed (1) that signals the firm’s accountability towards its stakeholders and 

(2) below which the firm’s accountability towards stakeholders would be perceived as being 

in doubt. Primary industry has been widely documented in both academic papers (e.g., 

Clarkson et al. 2011, Cormier and Magnan 2013, Kent and Zunker 2013, Cho et al. 2015) and 

practitioners’ anecdotes (KPMG 2011, KPMG 2011b) to influence firms’ CSR disclosures. 

Overall, we expect a firm’s aspiration level for both SG&A ratio and CSR disclosure 

(i.e., CSR transparency) to be determined in accordance with its industry peers’.
7
 The 

arguments, stated above, suggest that (1) firms, in structuring their disclosure behaviour, do 

not operate in isolation and disclosure decisions of their peers have impact on their disclosure 

decisions (Seo 2016) and (2) the BTOF and performance feedback arguments could underlie 

managerial decisions regarding SG&A and CSR transparency. 

By integrating institutional theory and the performance feedback concept of the 

BTOF, we propose a framework to explain firms’ decisions with regard to (1) adjusting their 

SG&A ratio and (2) whether to publish a CSR report, whether to adopt the GRI and 

determining the CSR transparency level. We also explore how mimetism and performance 

feedback arguments of the BTOF jointly affect external observers’ assessment of the 

disclosure subject in question. 

                                                 
7
 We will elaborate on this issue in the empirical studies. 
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We argue that the absence of normative guidelines for both reported SG&A and CSR 

disclosure incentivises decision agents to engage in social comparison. In doing so, firms are 

likely to scan the behaviour of their counterparts in their peer group and adopt practices that 

are prevalent among their peers (social benchmark) as proof of appropriate behaviour in order 

to reduce the cognitive uncertainty (DiMaggio and Powell 1983, Cialdini 1993, Deephouse 

1996, Dacin 1997, Kondra and Hinings 1998), and determine their target behaviour. 

Means-ends uncertainty surrounding a firm’s reported SG&A and CSR disclosure not 

only gives rise to cognitive uncertainty for insiders (e.g., managers), but it also makes external 

observers’ (stakeholders’) assessment of the firm’s disclosure and the underlying activities 

more difficult, increasing their assessment risk. If, and to the extent that, the social benchmark 

(in reported SG&A and CSR disclosure) is regarded by external observers as ‘the right thing 

to do’, imitation of peers is expected to lend legitimacy (moral legitimacy) to the firm’s 

practice (Suchman 1995, p. 579).   

We argue that the varying weights idea, especially its extreme variant proposed by 

Bromiley (1991), complements the social comparison scenario for SG&A and CSR 

transparency, stated above,
8
  suggesting that the degree that firms resort to social comparison 

with regard to SG&A and CSR transparency will depend on whether or not they previously 

met the social benchmark. Provided that a firm’s disclosure behaviour is worse than the social 

benchmark (SG&A ratio (CSR transparency) above (below) the social benchmark), managers 

are expected to intentionally take actions to improve their disclosure behaviour towards the 

social benchmark (Shinkle 2012), whereas firms that perform better than the social 

benchmark would be expected to avoid actions that might negatively affect their performance 

(Schimmer and Brauer 2012). 

A greater gap between disclosure behaviour and the social benchmark (attainment 

discrepancy) is more likely to incentivise managers to search for potential solutions and 

improve their disclosure performance until a satisfactory level results (i.e., changing towards 

the social benchmark) (Cyert and March 1963, Greve 1998). An increase in similarity 

between disclosure behaviour and the social benchmark (i.e., reducing the attainment 

                                                 
8
 The normative mode of social comparison is expected to be more pronounced under a regime of performance evaluation, when 

performance measures are readily available for continuous monitoring and incremental adaptation (Philippe and Durand 2011, Moliterno et 

al. 2014). We expect therefore normative effects in transparency decision-making, when firms have already decided to engage in CSR, but 

not in binary adoption decisions. Thus, we only apply the second part of our theoretical framework to the determination process of firms’ 
CSR transparency, but not CSR reporting engagement and the GRI adoption. 
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discrepancy) would signal improvement in disclosure behaviour, for firms that previously 

failed to meet the social benchmark. 

It should be noted that firms in the same peer group (e.g., the entire industry or a 

subgroup within an industry) operate in similar institutional environment and share similar 

characteristics and fundamentals (Leary and Roberts 2014, Seo 2016). This implies that any 

common shock to a peer group potentially induces largely similar characteristics to group 

members, which should be regarded beyond peer effect. As such, a potential challenge in a 

study focusing on the social comparison (or peer group effect) is to disentangle the impact of 

peers from common shocks pertinent to every group member. Nevertheless, this issue is not 

expected to materially affect our results and inferences as our measure of social comparison 

(i.e., SOCOMP in study 1 and SIMSCORE in studies 2 up to 4) are based on similarity of a 

firm’s practice to its peers. More specifically, to construct these social comparison variables 

for every focal firm we subtract the average practice of peers from the focal firm’s practice 

(the construction of the social comparison measures are explained in details in Section 3.2 of 

all the empirical studies). This subtraction is expected to cancel out the impact of common 

shocks to a peer group and remove potential concerns with regard to identification of the 

empirical evidence of social comparison. 

3. Empirical studies  

We have employed the theoretical framework discussed in the previous section, in all 

the four research papers of this PhD project. With regard to the first three papers, we 

specifically focus on a firm’s reporting of selling, general and administrative expenses 

(SG&A). In the following, we explain our motivation to focus on SG&A in three of our 

empirical studies and also sources of means-ends uncertainty for reported SG&A. 

SG&A is a prominent figure in the financial statements of US firms, which (1) is 

separately reported as a line item in their income statement and (2) consists of all general and 

administrative expenses and also non-production operating expenses which are directly or 

indirectly related to a firm’s business activities. Moreover, SG&A expenses account for a 

substantial portion of firms’ both net sales and total expenses (e.g., in the samples under 

study, used in studies 1, 2 and 3 of this dissertation, SG&A expenses account for more than 

24% of net sales and total expenses), reflecting salience of SG&A in analysis of firms’ cost 

behaviour. The SG&A ratio is typically a key metric, diagnostic of a firm’s cost behaviour 
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and of managers’ ability to control overhead expenses and efficiency in allocation resources 

(Messier 2000, Healy and Palepu 2001, Anderson et al. 2007). Altogether, SG&A is regarded 

such important by users of financial statements, in their analysis of firms’ cost behaviour and 

performance, that they are usually discussed in the MD&A section of the 10-K financial 

reports and also commented on in earnings press releases and related conference calls (see 

Appendix of this chapter for some examples of SG&A discussions in firms’ press releases and 

conference calls). 

Interpretation of a firm’s SG&A ratio and its implications for decision making is 

however subject to a significant degree of ambiguity for both internal users (such as 

managers) and external observers (such as financial analysts and investors), feeding its 

perceived importance on the part of both practitioners and academics. 

Optimal levels of reported SG&A cannot be identified upfront. On the one hand, 

SG&A is considered by external observers a key diagnostic when assessing a firm’s 

efficiency, with high(er) SG&A being associated with low(er) efficiency. On the other hand, 

SG&A include many expense items (e.g., R&D, marketing, employee training and IT 

expenses) that are documented to positively affect future income (see e.g., Banker et al. 2011, 

Eisfeldt and Papanikolaou 2013). Also, as decisions regarding SG&A spending are at 

management’s discretion (Roychowdhury 2006), managerial opportunistic decisions, such as 

increasing SG&A endowments in order to gain higher salaries, bonuses, promotion or 

commissions (Chen et al. 2012) may cause SG&A to deviate from the optimal level. 

Managers have substantial latitude when deciding about spending for the major 

components of SG&A. Deliberate retention of SG&A resources because of management’s 

expectation that revenues will restore in the future is argued to give rise to asymmetric 

behaviour of SG&A when sales revenues decrease compared to when they increase, which is 

referred to as cost stickiness (see e.g., Anderson et al. 2003). The stickiness phenomenon 

contradicts the traditional model of cost behaviour, arguing that costs move proportionately 

and symmetrically to revenues, and therefore feeds external observers’ cognitive uncertainty 

surrounding interpretation of the SG&A ratio.  

In addition, accounting rules provide managers with substantial leeway in allocating 

indirect expenses. There are indirect expense items which can be assigned to either of Cost of 

Sales (COS) and SG&A (White and Dieckman 2005). However, neither the Financial 
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Accounting Standards Board (FASB) nor the Securities and Exchange Commission (SEC) 

offers normative guidance on how to assign these expense items, leaving vast leeway for 

firms in allocating different types of expenses. The flexibility in reporting on indirect 

expenses feeds both managers’ and external observers’ cognitive uncertainty about reported 

SG&A. 

Inherent uncertainty surrounding (change in) the SG&A ratio and its economic 

implications is also reflected in prior research. While Abarbanell and Bushee (1997) do not 

find any association between an SG&A ratio and future change in earnings, Banker et al. 

(2011) and Eisfeldt and Papanikolaou (2013) document a positive relationship between 

reported SG&A and future earnings and stock returns. However, Anderson et al. (2007) and 

Johnson (2013) document that the existence and quality of the relationship between change in 

the SG&A ratio and change in future earnings and stock returns hinges upon some specific 

circumstances, such as revenue-decreasing periods. 

All in all, optimal levels of SG&A are hard to assess, and interpretation of SG&A and 

its potential effect on firm performance and capital market variables (such as the number of 

financial analysts following the firm, the properties of their earnings forecasts and stock 

returns) is still ambiguous. Although inherent uncertainty surrounding the SG&A ratio 

increases the likelihood of the underlying decisions and activities being influenced by 

institutional/behavioural factors, the effect of these factors on managerial decisions (cognitive 

outcome) and assessments of external observers (normative outcome) is yet to investigate. 

The preceding argument adds into the salience of SG&A, incentivising us to focus on social 

comparison and the related performance feedback in connection with reported SG&A in this 

dissertation. We, therefore, believe that SG&A can be a relevant subject and input for our 

theoretical framework discussed in the previous section. This PhD dissertation can advance 

the SG&A literature, by emphasising social comparison and the performance feedback 

concept of the BTOF as influential factors in SG&A behaviour and external observers’ 

assessments of the firm’s SG&A. 

Study 1: Social comparison and change in firms’ SG&A ratio 

In the first empirical study, we rely on the behavioural theory of the firm (BTOF) (and 

its interplay with both life cycle and institutional theory) to explain change in firms’ SG&A 

ratio.  
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As the need for social comparison to develop expectations (aspirations) is argued to be 

triggered by uncertainty (Greve 2008), we expect managers to use social comparison in 

setting aspiration levels with regard to SG&A. Social comparison with regard to reported 

SG&A is facilitated by the fact that information regarding peer firms is easily available. That 

is, information regarding peer firms’ SG&A ratio can be easily retrieved from their financial 

statements and/or databases containing financial statement information (e.g., COMPUSTAT). 

As a first research question, we therefore investigate whether and how social comparison 

affects change in firm’s SG&A ratio.  

The weights that firms assign to their aspirations (both self and social aspirations) are 

argued to vary through their life cycle (Blettner et al. 2015). Firms in the introduction stage, 

for instance, are argued to have only limited knowledge from past actions to draw on and they 

are therefore more likely to rely on others’ experiences by learning or imitating successful 

practices from established competitors (Haunschild 1993, Dodge et al. 1994). Firms in a 

mature stage of their life cycle are typically stable organisations with more consistent 

strategies and highly structured routines (Cyert and March 1963, Black 1998, Drake 2015), 

which are therefore expected to put less weight on social comparison. Firms in a shake-out or 

decline phase are likely to focus on recovery or survival (Drake, 2015), so that they are 

expected to follow some form of restructuring and change in strategy to revitalise the firm 

(Eiriz et al. 2013, Drake 2015). Haunschild and Minner (1997) argue that firms in the final 

stages of their life cycle are likely to de-emphasise own historical performance, but rather to 

shift their attention to other firms in an attempt to learn from their successful practices 

(Haunschild and Miner, 1997). Therefore, as a second research question, in this study we 

investigate whether and how the weight assigned to social comparison with regard to SG&A 

depends upon the firm’s life cycle stage.  

According to institutional theory, organisations search for legitimacy by adopting 

isomorphic practices that symbolically link them to commonly accepted values, norms and 

standards (Glynn and Abzug 2002, Glynn and Marquis 2004). Given the importance attached 

to SG&A by external financial statement users and the inherent uncertainty surrounding an 

optimal SG&A level, SG&A decisions and the weight assigned to the social benchmark are 

expected to be susceptible to institutional conformity pressures. Therefore, as a third research 

question, we investigate whether institutional mimetic pressures (conformity pressures) affect 

the weight assigned to social comparison with regard to SG&A. 
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Results of this paper show that social comparison affects change in the SG&A ratio, 

regardless of whether a firm’s previous SG&A ratio is above or below the social benchmark. 

The observation that, for firms with a previous SG&A ratio below the social benchmark, 

social comparison still affects change in the SG&A ratio may seem to be rather inconsistent 

with varying weights idea and Bromiley’s (1991) model of aspirations. However, it could 

appear logical, given that SG&A include many items that are likely to generate future 

operating income and increase firm value (see e.g., Lev et al. 2009, Banker et al. 2011, 

Eisfeldt and Papanikolaou 2013). That is, the value-constructive characteristic of major 

SG&A components may incentivise managers to increase SG&A. 

Results also show that the weight assigned to social comparison depends on the firm’s 

life cycle stage. The study documents that firms in the early or final life cycle stage, where 

they typically face more uncertainty with regard to SG&A decisions, will put more weight on 

social comparison, especially those with an SG&A ratio larger than the social benchmark (the 

average SG&A ratio of their peers). Finally, this study documents that firms assign more 

weight to social comparison when the SG&A ratios within social benchmark groups are more 

similar, with higher similarity of group members’ SG&A ratio indicating stronger institutional 

mimetic pressures.  

Study 2: Social comparison of cost behaviour and financial analysts 

In the second empirical study, we focus on implications of social comparison and the 

related performance feedback, in connection with the SG&A ratio, for financial analysts’ 

earnings forecasting work. 

Interpretational ambiguity of the SG&A signal for external observers is likely to 

incentivise search for information-relevant external cues to set expectations about and assess a 

firm’s SG&A ratio. Inspired by prior studies that focus on mimetic behaviour in 

circumstances of uncertainty (e.g., Cialdini 1993, Lieberman and Asaba 2006), the SG&A 

ratio which is prevalent among peer firms could be perceived as a cognitive heuristic, 

reducing inherent uncertainty and lending legitimacy to underlying activities. If, and to the 

extent that, financial analysts engage in social comparison via industry-specific peer-based 

benchmarking (social benchmarking) in their assessment of firms’ cost behaviour, higher 

similarity to the social benchmark would affect their SG&A risk assessment.  
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The extent of financial analysts’ coverage is argued to be determined by the supply of 

and the demand for analysts’ services (Bhushan 1989, Yu 2010, Lobo et al. 2012). In 

addition, analysts have been found to weigh costs and the personal benefits expected to be 

accrued to them by following a firm, in their decision making processes as to whether or not 

to follow a firm (Raghuram and Servaes 1997, Barth et al. 2001a). Information asymmetry 

between firm managers and external observers is likely to affect analysts’ tendency to follow 

a firm (Barth et al. 2001b, Ahn and Cai 2005, Lehavy et al. 2011, Lobo et al. 2012). Given the 

uncertainty-reducing effect of mimetic behaviour (adopting the social benchmark), similarity 

of a firm’s SG&A ratio to the social benchmark is likely to reduce information asymmetry 

between the firm and analysts with regard to reported SG&A, affecting analyst coverage. 

Therefore, as a first research objective in this study, we focus on the relationship between the 

extent of analyst coverage and the extent of similarity of a firm’s SG&A ratio to its industry 

peers. 

Given the uncertainty- (information asymmetry-) reducing effect of SG&A similarity, 

change in similarity would add incremental common interpretation about reported SG&A and 

would therefore be expected to affect analysts’ perception of firms’ cost behaviour, the 

distribution of their beliefs (forecast dispersion) and also accuracy of their forecast of future 

earnings. Therefore, as a second research objective, we focus on the relationship between 

change in SG&A similarity and properties of analysts’ forecast of one year-ahead earnings. 

If, and to the extent that, varying weights idea holds for financial analysts in their 

evaluation of firms’ reported SG&A, the effect of change in SG&A similarity on properties of 

analysts’ forecast of future earnings should be strengthened, for firms that previously failed to 

meet the social benchmark with regard to the SG&A ratio (i.e., firms with an SG&A ratio 

larger than the social benchmark). Therefore as a third research objective, we focus on the 

potential effect of social comparison feedback on the relationship between change in SG&A 

similarity and earnings forecast properties. 

As expected, consistent with higher SG&A similarity reducing information asymmetry 

and therefore the need for analysts’ services, we observe a negative relationship between 

SG&A similarity and analyst coverage. In line with a varying weights idea and its extreme 

version (proposed by Bromiley (1991)), our results show a negative (positive) association 

between change in SG&A similarity and dispersion (accuracy) of analyst forecasts of one-

year-ahead earnings, only for firms with a previous SG&A ratio above benchmark.  
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Study 3: Value-relevance of social comparison in cost behaviour 

In the third study, we focus on implications of SG&A similarity for future 

performance and also its value relevance. 

Interpretational ambiguity of the SG&A ratio and its change over time is likely to 

incentivise managers (in their target setting for SG&A) and investors (in their assessment of 

firms’ cost behaviour and development of reasonable expectations) to compare performance 

of firms with performance of their industry peers (the social benchmark). Higher similarity to 

an industry-specific peer-based benchmark could reflect incremental information regarding a 

firm’s cost behaviour, mitigating information asymmetry between managers and investors
9
 

(facilitating prediction of the firm’s future performance). Given that an SG&A ratio larger 

than the social benchmark could be interpreted as managerial failure in controlling overhead 

expenses (Baumgarten et al. 2010), consistent with the BTOF, SG&A similarity would be 

more likely to be informative about management’s intended actions to improve cost 

behaviour, for firms with a previous SG&A ratio larger than the social benchmark. Therefore, 

as a first research objective, in this study we focus on the relationship between SG&A 

similarity and future earnings.  

If, and to the extent that, SG&A similarity provides investors with information about 

the true value of reported SG&A (i.e., being associated with future performance), it is likely 

to affect investors’ perception of firm value and their decision as to whether to invest or divest 

their holdings in a firm (i.e., being value-relevant) (Dechow et al. 2010, Bergh and Gibbons 

2011). Given the value-relevance of SG&A similarity, change in similarity should be 

perceived as a signal about a firm’s cost behaviour. Therefore, as a second research objective, 

in this paper we focus on the relationship between (change in) SG&A similarity and annual 

stock returns. 

As expected, we observe a positive relationship between SG&A similarity and future 

performance (earnings and cash flow from operations) and stock returns, only for firms with a 

previous SG&A ratio larger than the social benchmark (consistent with SG&A signal 

conveying value-relevant information). We also note a significantly positive relationship 

between (change in) similarity and stock returns, only for firms with a prior SG&A ratio 

                                                 
9
 With regard to effectiveness of the firm’s controlling of overhead expenses and appropriateness of managerial decisions on SG&A resource 

allocation. 
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larger than the social benchmark, consistent with similarity being value relevant and change 

in similarity being considered a credible information signal by investors. 

Study 4: Social comparison in CSR disclosure 

In the fourth empirical study, we shift our attention to a subject related to the non-

financial disclosure domain, namely corporate social responsibility (CSR) disclosure. In this 

study we shed light on the processes underlying diffusion of firms’ CSR disclosure practices.  

Our motivation to focus on CSR disclosure in the fourth empirical study comes from 

the fact that univocal coercive pressures (including mandatory guidelines and regulatory 

monitoring) about the method, extent and quality of CSR disclosure are generally absent in 

many countries. CSR disclosure decisions such as whether to publish a CSR report (related to 

the method), whether to adopt the GRI and determining the CSR transparency level (related to 

the quality and quantity) are therefore characterised by challenges attributable to a high 

degree of uncertainty surrounding their value and consequences (Aerts et al. 2006, Cormier 

and Magnan 2007, Arora and Dharwadkar 2011). Such inherent uncertainty makes CSR 

disclosure decisions strongly susceptible to institutional influences. 

The literature on CSR disclosure mostly focuses on the relationship between attributes 

of CSR disclosure (means, scope and extent) and firm-specific determinants, such as firm 

size, financial performance, leverage, corporate social and environmental performance. 

Several studies (e.g., Legendre and Codderre 2013, Chen and Bouvain 2014, Del Mar Alonso-

Almeida et al. 2014) have also drawn on institutional theory arguments to explain aspects of 

firms’ CSR disclosure policies (Hahn and Kühnen 2013). However, these studies generally 

focus on industry membership and country of origin as the most prominent institutional 

factors, affecting firms’ CSR disclosure decisions (i.e., normative/coercive influences). 

It is however surprising that only few studies have addressed firm-specific models of 

mimetic influences in CSR disclosure decisions, although institutional mimetism is argued to 

be especially activated in situations of uncertainty (Broadbent et al. 2001). Only very few 

studies (Aerts et al. 2006, Husillos et al. 2011, Nikolaeva and Bicho 2011) have investigated 

whether and how firms imitate others’ CSR disclosure practices. Aerts et al. (2006), in 

particular, provide evidence that a firm’s tendency to imitate its industry peers in CSR 

reporting is affected by the extent of conformity among its industry peers (intra-industry 

imitation), with higher intra-industry imitation giving rise to higher conformity pressures on 
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firms to imitate their industry peers. Although Aerts et al. (2006) shed light on the process 

underlying the diffusion of CSR disclosure, they implicitly assume that conformity pressures 

affect the CSR disclosure decision of all the firms, regardless of the status of their CSR 

disclosure performance relative to the performance of other firms in their social 

benchmarking group (their industry peers). 

Although prior studies have advanced our knowledge about determinants of firms’ 

decisions with regard to aspects of CSR disclosure practices, our knowledge regarding how 

managers cope with means-ends uncertainty when deciding about aspects of CSR disclosure 

is still limited. We expect that means-ends uncertainty surrounding CSR disclosure and lack 

of optimal decisions in that regard bring firms to rely on ‘the best information they can get 

from the environment’ (Nikolaeva and Bicho 2011, p. 139) and engage in social comparison, 

in their decision making processes (Greve 2008). This expectation is consistent with both 

institutional theory and the BTOF. 

Drawing on the theoretical framework, discussed earlier, in this study we shed light on 

the process underlying diffusion of firms’ CSR disclosure and explain how managers cope 

with means-ends uncertainty with regard to CSR disclosure decisions. As a peer group is 

likely to provide group members with norms (benchmarks), inherent uncertainty surrounding 

CSR disclosure is likely to incentivise firms to adopt CSR disclosure practices that are 

prevalent among their peer firms (consistent with institutional theory and mimetic 

isomorphism mechanism in particular). The prevalence of a disclosure practice within a peer 

group would then represent the source of conformity pressures on group members, with 

higher extent of prevalence increasing pressures on other firms to adopt the practice. As a first 

research objective, in this study we focus on how managers cope with means-ends uncertainty 

with regard to the decision as to publish a CSR report (adopt the GRI standards). To 

investigate the existence of mimetic responses to conformity pressures, we examine the 

relationship between the likelihood that a firm publishes a CSR report (adopts the GRI) and 

the relative number of firms in the same industry that published a CSR report (adopted the 

GRI), in the previous period. 

In a similar vein, we argue that the degree of similarity among members of a peer 

group with regard to CSR transparency would give rise to conformity pressures on the focal 

firm to follow its industry peers, which would ultimately result in homogenous CSR 

transparency patterns among group members. Therefore, as a second research objective, in 
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this study we investigate whether firms respond to intra-industry conformity pressures with 

regard to CSR transparency via mimetic behaviour. 

As a CSR transparency level lower (higher) than the social benchmark is likely to be 

perceived as a negative (positive) signal about the firm’s accountability towards its 

stakeholders (based on the BTOF), we expect the extent of a firm’s mimetic response to 

conformity pressures (in terms of CSR transparency) to depend upon whether its transparency 

is worse/better than the social benchmark. Therefore, as a third research objective, in this 

study we focus on the effect of social comparison feedback with regard to CSR transparency 

on mimetic responses to conformity pressures. 

Finally, as a fourth research objective, in this study we focus on the effect of country-

level institutional factors on the firm’s mimetic response to conformity pressures with regard 

to CSR transparency. In that respect, this is the first academic paper that focuses on the 

interplay of institutional pressures from country-level stakeholder orientation (coercive 

pressures) and industry-based mimetic pressures in explaining CSR disclosure norms. 

Consistent with our expectations, results indicate that the likelihood that a firm 

publishes a CSR report (adopts the GRI) is positively affected by the relative number of peer 

firms within its industry that published a CSR report (adopted the GRI) in the previous period. 

Moreover, results of this study are consistent with varying weights idea (Cyert and March 

1963) and Bromiley’s (1991) version in particular, when they show that there is a positive 

relationship between similarity of a firm’s CSR transparency to the social benchmark and the 

degree of CSR transparency similarity among its peers, only for firms with a previous 

transparency level below the social benchmark. This study also documents that mimetic 

responses to conformity pressures in CSR transparency are larger for firms from countries 

with a lower level of stakeholder orientation and less stakeholder coercion, suggesting that 

firms’ mimetic response to conformity pressures with regard to CSR transparency substitutes 

for institutionalised forms of stakeholder orientation in such countries. 

4. Overall contribution of the dissertation 

Despite the fact that the subjects chosen for the empirical studies in this PhD (SG&A 

and CSR disclosure) are of different domains (financial and non-financial areas, respectively), 

they are similar in that they are both characterised by inherent uncertainty and an optimal 

behaviour pattern for them cannot be determined, upfront. 
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Supporting our theoretical framework, the empirical studies confirm that social 

comparison plays a key role in decision making processes of firm managers (with regard to 

setting the target behaviour) and external observers’ process of assessment of the firm’s 

disclosure behaviour. Our empirical studies also confirm the primary expectation that both 

managers and external observers assess the firm’s behaviour differently when its performance 

falls short of the social benchmark, compared to when it exceeds the social benchmark. 

Prior research in the BTOF generally verifies the influence of social benchmarking 

and performance feedback on managers’ cognition with regard to a desired level of the 

performance in question. This dissertation advances the BTOF, by showing that the 

combination of social benchmarking and performance feedback also affects external 

observers’ assessment outcomes. That is, combination of social benchmarking and 

performance feedback is confirmed to have evaluative influence, additional to cognitive 

effect.  

The next four chapters correspond to our empirical studies. In the last chapter, we 

provide an overview of the main findings and reflect on contributions, implications for theory 

and limitations of the empirical studies. 
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Appendix: Examples of SG&A discussion in companies’ press releases and conference 

calls 

 
A.  CONFERENCE CALL TRANSCRIPT OF CIMATRON FOR Q3/2013: 

‘[…] Anya Shelekhin [an analyst]: Hi. My first question is about the big drop in SG&A 

expense in this quarter. I was wondering, is that related to the exit of DBSI, the private equity 

firm, or are there other reasons for the decrease, such as a new cost management strategy? 

Ilan Erez [Cimatron’s CFO]: No. First of all, there is a very small impact of us stopping to 

pay the management fees to our previous major shareholder, as it happened towards the end 

of the quarter. So we will see a more, a greater impact of that starting Q4 of this year. Other 

than that, there was probably some shifting between quarters in expenses, but it's not that 

there is any change in the expense level as we see it from the beginning of the year. We have 

not, definitely, we have not reduced any kind of expense on our side.  

Anya Shelekhin: Okay, thanks. […]’ 

 

Available at: http://seekingalpha.com/article/1832542-cimatrons-ceo-discusses-q3-2013-

results-earnings-call-transcript?page=1 

 

B. CONFERENCE CALL SCRIPT OF A. SCHULMAN FOR Q4/2011: 

‘[…] Joseph J. Levanduski [CFO and Executive vice president of A. Schulman]: […] 

SG&A expenses for the year were $206.4 million, an increase of $26.6 million from the prior 

year but only 9.4% of net sales. Factoring out the $28.2 million increase in expenses as a 

result of having ICO’s SG&A included in fiscal 2011, and the $2.6 million increase as a result 

of foreign currency translation. SG&A expense decreased by $4.3 million for the year, as the 

Company increased its effort to reduce spending. SG&A expenses were also negatively 

impacted by the $3.0 million charge related to a dispute settlement that I referred to earlier. 

[…] Reported SG&A expense increased by $5.5 million to $52.3 million for the quarter, 

largely due to the $3.0 million dispute settlement we recorded during the quarter that I 

mentioned earlier.’ 

 

Available at: 

https://www.sec.gov/Archives/edgar/data/87565/000119312511283968/d248165dex992.htm 

http://seekingalpha.com/article/1832542-cimatrons-ceo-discusses-q3-2013-results-earnings-call-transcript?page=1
http://seekingalpha.com/article/1832542-cimatrons-ceo-discusses-q3-2013-results-earnings-call-transcript?page=1
https://www.sec.gov/Archives/edgar/data/87565/000119312511283968/d248165dex992.htm
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C. PRESS RELEASE OF TAILORED BRANDS Inc. FOR Q4 AND FULL YEAR 

RESULTS OF 2015 

 

‘[…] FOURTH QUARTER GAAP RESULTS: […] Selling, general and administrative 

expenses (‘SG&A’) decreased $65.1 million to $265.1 million, a 347 basis point decrease 

primarily due to lower acquisition and integration related costs. 

[…] FULL YEAR GAAP RESULTS: […] SG&A decreased $30.9 million to $1,085.9 

million, a 328 basis point decrease. 

[…] FOURTH QUARTER ADJUSTED RESULTS: […] SG&A expenses decreased $20.8 

million primarily due to lower payroll related costs and cost synergies. Due to the decrease in 

sales, SG&A deleveraged 122 basis points. 

[…] FULL YEAR ADJUSTED RESULTS: SG&A expenses decreased $15.9 million […].’ 

 

Available at: http://www.tailoredbrands.com/news-media/press-releases/detail/1777/tailored-

brands-inc-reports-fiscal-2015-fourth-quarter 

 

 

D. PRESS RELEASE OF ILLUMINA FOR Q1/2011 

 

‘[…] FIEST QUSRTER 2011 RESULTS: […]Selling, general and administrative (SG&A) 

expenses for the first quarter of 2011 were $65.9 million compared to $50.3 million for the 

first quarter of 2010. SG&A expenses included $12.6 million and $9.8 million of noncash 

stock compensation expense in the first quarters of 2011 and 2010, respectively. SG&A 

expenses also included contingent compensation expense and a change in the fair value of 

contingent consideration in the first quarter of 2011. Excluding these charges, SG&A 

expenses as a percentage of revenue were 18.5% compared to 21.1% in the prior year period. 

[…].’ 

 

Available at: http://www.illumina.com/company/news-center/press-releases/press-release-

details.html?newsid=1554821 

  

http://www.tailoredbrands.com/news-media/press-releases/detail/1777/tailored-brands-inc-reports-fiscal-2015-fourth-quarter
http://www.tailoredbrands.com/news-media/press-releases/detail/1777/tailored-brands-inc-reports-fiscal-2015-fourth-quarter
http://www.illumina.com/company/news-center/press-releases/press-release-details.html?newsid=1554821
http://www.illumina.com/company/news-center/press-releases/press-release-details.html?newsid=1554821
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CHAPTER 2 

Study 1 − Social Comparison and Change in Firms’ SG&A Ratio
10

 

 

 

ABSTRACT 

Relying on the behavioural theory of the firm (BTOF), we explain change in firms’ SG&A 

ratio (i.e., the ratio of selling, general and administrative expenses over sales), using a large 

sample of listed US firms. We investigate whether and how managers allocate attention to the 

comparison of their SG&A ratio against social aspiration levels (social comparison) in their 

target setting for future SG&A performance. Moreover, we investigate how the weight 

assigned to social comparison evolves over a firm’s life cycle stages. Consistent with BTOF, 

our results confirm that social comparison has significant effect on change in firms’ SG&A 

ratio. In addition and in line with expectations, the weight assigned the social comparison is 

found to be far larger for observations in the Introduction or the Decline life cycle stage 

compared to observations in the intermediate life cycle stages, especially for firms with an 

SG&A ratio larger than the social aspiration level. Last but not least, consistent with 

institutional theory, our results indicate that social comparison has a significantly stronger 

effect in social benchmark groups characterised by high(er) similarity in terms of SG&A 

ratios.      

 

 

 

 

Keywords: SG&A, social comparison feedbacks, life cycle, Peer-based comparative 

judgments, behavioural theory of the firm (BTOF) 
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1. INTRODUCTION 

Selling, general and administrative expenses (SG&A) is a prominent figure in the 

financial statements of US firms. External users consider a firm’s SG&A ratio
11

 (i.e., SG&A 

scaled by sales) as a key diagnostic when assessing the firm’s cost behaviour and resource 

allocation (Messier 2000, Healy and Palepu 2001, Anderson et al. 2007). Increases of relative 

SG&A are typically perceived as management’s inability to control costs and inefficient cost 

management (Lev and Thiagarajan 1993, Anderson et al. 2007, Baumgarten et al. 2010). 

However, as argued by Lev et al. (2009), Gunny (2010) and Banker et al. (2011), SG&A 

include many items that are likely to generate future benefits. Banker et al. (2011), for 

instance, document that current SG&A is positively related to future operating income. 

Optimal levels of (relative) SG&A are therefore hard to assess. A restrictive approach to 

SG&A (i.e., ‘less is better’; tendency to cut SG&A expenditures) may cause missed growth 

opportunities, because of under-resourcing of critical activities, whereas seeking growth at 

any cost might ultimately result in SG&A expenses rising to inappropriate levels (Deloitte 

2004). 

In the current paper, we rely on the behavioural theory of the firm (BTOF) (and the 

interplay with both life cycle and institutional theories) to explain change in firms’ SG&A 

ratio. According to BTOF (Cyert and March 1963), social comparison is an important input to 

firms’ decision processes. From management’s point of view, optimal levels of relative 

SG&A are hard to assess and social comparison
12

 is therefore likely to be a very important 

input in their SG&A decision processes. As argued by Greve (2008), uncertainty triggers a 

need for social comparison. In the case of SG&A, social comparison is facilitated by the fact 

that information regarding peer firms is easily available. That is, information regarding peer 

firms’ SG&A ratio can be easily retrieved from their financial statements and/or databases 

that contain financial statement information (e.g., COMPUSTAT).    

Consistent with the BTOF, results of the current study confirm that social comparison 

significantly affects change in firms’ SG&A ratio. Because the weight assigned to social 

benchmark is likely to evolve through a firm’s life cycle (Blettner et al. 2015), we test 

whether the impact of social comparison depends on a firm’s life cycle stage. In line with our 

                                                 
11

 Also referred to as relative SG&A and SG&A profile. 
12

 Social comparison corresponds to the comparison of performance against that of a meaningful referent group as a social benchmark (see 

e.g., Schimmer and Brauer 2012, Moliterno et al. 2014), such as peer firms. 
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expectations, the weight assigned to social comparison is found to depend on the firm’s life 

cycle stage. Specifically, the impact of social comparison is found to be largest for firms in 

the introduction and decline stages, especially for those with an SG&A ratio larger than the 

average SG&A ratio of peers (social benchmark/aspiration). Further, we contend that 

institutional conformity (with its roots in social comparison processes) will affect the weight 

assigned to social comparison. Consistent with institutional theory, our results indicate that 

social comparison has a significantly stronger effect in social groups characterised by high(er) 

similarity in terms of SG&A ratios.       

This study’s contributions can be summarised as follows. First, we make a 

contribution to the existing SG&A literature (e.g., Anderson et al. 2003) by further improving 

our understanding of SG&A decision processes. While prior studies focus on economic 

determinants of SG&A (e.g., change in revenues), our study demonstrates the importance of 

social benchmarks after controlling for the economic drivers. This is highly relevant given the 

importance attached to SG&A ratios by external financial statement users and the substantive 

uncertainty governing an optimal SG&A level. Second, to the best of our knowledge, this is 

the first study to apply the BTOF to a financial reporting context (SG&A in particular). The 

SG&A focus is particularly relevant because, unlike the bulk of the BTOF literature, it 

enables us to (i) study organisational behaviour following outcomes that are not distinctly 

classified as successes or failures (i.e., there is no optimal SG&A level);
13

 and (ii) to consider 

a very broad sample of firms from various industries.
14

 Third, while relying on the BTOF as 

the point of departure, we integrate different theories (i.e., BTOF, life cycle theory and 

institutional theory) and by doing so, we respond to calls for research aimed at the integration 

of the BTOF with other theoretical frameworks. For example, by considering the interplay 

between the BTOF and institutional theory, we respond to a recent call of Shinkle (2012) for 

research on how legitimacy theory may explain aspiration levels. By integrating different 

theories, findings of the current study further improve our understanding of how (and under 

which circumstances) social comparison influences organisational change. 

                                                 
13

 Prior studies applying the BTOF typically consider organisational behaviour following outcomes that can be distinctly classified as 

successe or failure.  As an illustration, Ketchen and Palmer (1999) focus on the addition (deletion) of both high technology and services in 
the hospital industry. 
14

 A traditional limitation of prior studies applying the social comparison concept of the BTOF is that they typically focus on one specific 

industry (e.g., because of the specific performance metric being considered), which limits the generalisability of reported results (see e.g., 
Ketchen and Palmer 1999, Labianca et al. 2009, Blettner et al. 2015). 
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The remainder of the paper is organised as follows. In Section 2, we briefly review 

prior literature and develop our hypotheses. Next, we discuss our research design (section 3). 

In Section 4, we document our empirical results. Finally, we conclude in Section 5.  

2. LITERATURE REVIEW AND DEVELOPMENT OF HYPOTHESES 

SG&A is a prominent figure in the financial statements of US firms. SG&A is 

typically reported as a separate line item in the income statement and generally represents a 

major portion of a firm’s sales and total expenses. Baumgarten et al. (2010) report that SG&A 

accounts for, on average, 32% of sales. It should therefore not come as a surprise that SG&A 

figures as a focal discussion topic in the MD&A section of the 10-K financial reports and that 

it is often specifically commented on in earnings press releases (see Appendix of the 

introduction chapter). 

External users consider a firm’s SG&A ratio as a key diagnostic when assessing a 

firm’s cost behaviour and resource allocation (Messier 2000, Healy and Palepu 2001, 

Anderson et al. 2007). In their vulgarising paper, Roberts et al. (2011) assess (change in) the 

SG&A ratio of more than 1,900 public and private US firms and the main theme throughout 

the paper is that managers should cut SG&A to increase efficiency. In a similar vein, Sun 

(2013) argues that the SG&A ratio is often considered a signal about a firm’s operating 

efficiency and management’s efforts to control costs. Increases of relative SG&A are typically 

perceived as management’s inability to control costs and inefficient cost management (Lev 

and Thiagarajan 1993, Anderson et al. 2007, Baumgarten et al. 2010). Conversely, decreases 

in the SG&A ratio are interpreted as an indication of tight managerial control over costs and 

increased efficiency. Consistent with this view, Lev and Thiagarajan (1993) find that SG&A 

is valued as an expense by investors (i.e., a decrease in SG&A improves investors’ perception 

of operating efficiency). However, as argued by several scholars (e.g., Gunny 2010, Banker et 

al. 2011, Nagar and Radhakrishnan 2015), SG&A include many items that are likely to 

generate future benefits. That is, GAAP does not recognise intangible assets such as brands, 

customer loyalty, human capital and commitment of employees – all of which are created by 

expenditures on SG&A – as an asset in the balance sheet (Gunny 2010). As such, SG&A also 

generate long-term value. In line with this claim, Banker et al. (2011) document that current 

SG&A is positively related to future operating income. From management’s point of view, 

optimal levels of relative SG&A are therefore hard to assess. A restrictive approach to SG&A 

(i.e., “less is better”) may cause under-resourcing of critical activities, resulting in missed 
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growth opportunities, whereas chasing growth at any cost might lead to SG&A expenses 

rising to inappropriate levels (Deloitte 2004). 

In the current paper, we rely on the BTOF (and the interplay with both life cycle and 

institutional theories) to explain change in firms’ SG&A ratio. The BTOF explores 

antecedents of organisational change decisions (Cyert and March 1963). Under the BTOF, 

performance feedback is generally considered to be an important antecedent of organisational 

change, where performance refers to the realised outcome on a goal variable (Greve 2008). 

Performance feedback is not evaluated in terms of absolute outcomes, but rather in reference 

to pre-set benchmarks (March and Simon 1958, Cyert and March 1963). A pre-set 

benchmark, or so-called aspiration level, refers to a goal set for a measurable organisational 

outcome (i.e., the goal variable) (Greve 2008). Organisational change is then argued to be 

driven by discrepancies between an organisation’s aspiration level and the feedback it 

receives in terms of its actual performance (Cyert and March 1963, Levitt and March 1988, 

Huber 1991). That is, failing to achieve an aspiration (level) is theorised to prompt so-called 

problemistic search that results in organisational change in an attempt to improve 

performance (Shinkle 2012). 

How decision-makers form their aspiration levels is a central component of 

performance feedback theory (Audia et al. 2015) and it is typically argued that organisations 

learn and adapt their aspiration levels based on both internal and external referents (Argote 

and Greve 2007, Labianca et al. 2009). Internally, decision-makers compare current 

performance against historical performance (i.e., historical benchmark), using observed 

discrepancies to determine how the organisation should adapt (Lant 1992). Externally, 

decision-makers compare current performance against the performance of a meaningful 

reference group of other organisations (i.e., social benchmark) (Greve 1998, Mezias et al. 

2002, Massini et al. 2005). In sum, organisations rely on two types of aspiration levels, being 

historical aspiration levels and social aspiration levels. Historical aspiration levels are formed 

using information about own past performance, while social aspiration levels are formed 

using information about comparable organisations (Audia et al. 2015). Firms are then 

expected to establish their aspiration (level) based on a weighted function of both historical 

and social benchmarks (Cyert and March 1963). 

As discussed in Washburn and Bromiley (2012), amongst others, a substantial 

literature has developed, demonstrating that both historical and social benchmarks strongly 
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influence firm behaviour. That is, a large body of empirical research relies on performance 

feedback to explain a wide variety of firm actions, including strategic positioning, corporate 

transactions and new product introductions (Joseph and Gaba 2014). From management’s 

point of view, optimal levels of relative SG&A are hard to assess and social benchmarks are 

therefore likely to be very important inputs in their SG&A decision processes. As argued by 

Greve (2008), uncertainty triggers a need for social comparison (comparison against the 

social benchmark). In the case of SG&A, social comparison is facilitated by the fact that 

information regarding peer firms is easily available. In the current paper, we therefore apply 

the BTOF to firms’ SG&A ratios (i.e., we employ a firm’s SG&A ratio as the goal variable) 

and test whether social benchmarks affect change in firms’ SG&A ratio.  

Based on prior literature, it is important to distinguish between firms with 

performance above the social benchmark, on the one hand, and firms with performance below 

the social benchmark, on the other hand (Shinkle 2012, Washburn and Bromiley 2012). When 

performance meets or exceeds (falls below) the aspiration level, it will be perceived as a 

success (failure) (Audia et al. 2015). Whether decision-makers classify performance as a 

success or failure then affects a broad range of organisational behaviours, including 

problemistic search, change and/or risky actions (Greve 1998, Audia et al. 2015). Change is 

found to occur more frequently when performance is below, rather than above, the social 

benchmark (see e.g., Bromiley 1991, Shinkle 2012). It is then argued that failure to meet the 

social benchmark incentivises decision-makers to take the risks attributable to initiating 

change (Bromiley 1991, Lant 1992, Greve 2003). When performance is above the social 

benchmark, firms are expected to continue the status quo (Bromiley et al. 2001), avoid actions 

that might endanger the favourable results (March and Shapira 1987), and strive for slightly 

higher performance (Cyert and March 1963). As argued by Washburn and Bromiley (2012), it 

is not probable that a firm with performance better than the social benchmark would lower its 

aspiration level just to be in line with the social benchmark. Based on these considerations, 

one would expect that social benchmarks only affect (change in) SG&A ratio of firms for 

which the SG&A ratio is larger than the social benchmark (i.e., an SG&A ratio exceeding the 

social benchmark implies low(er) efficiency and thus failure) and not change in the SG&A 

ratio of firms for which the SG&A ratio falls below the social benchmark (i.e., an SG&A ratio 

falling below the social benchmark implies high(er) efficiency and thus success). The latter 

firms are then argued to maintain the status quo. 
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However, as discussed earlier, optimal levels of SG&A are hard to assess. On the one 

hand, external users consider a firm’s SG&A ratio as a key diagnostic when assessing a firm’s 

efficiency (and high(er) SG&A are then associated with low(er) efficiency). On the other 

hand, SG&A include many items that are likely to generate future benefits and prior research 

does indeed show a positive relationship between current SG&A and future operating income 

(Banker et al. 2011). In that sense, a restrictive approach to SG&A may cause under-

resourcing of critical activities. Based on these considerations, we argue that social 

comparison may also affect the behaviour of firms for which the SG&A ratio falls below the 

social benchmark. That is, because SG&A include many items that are likely to generate 

future benefits, it is unlikely that firms merely aim at minimising SG&A and are satisfied with 

having an SG&A ratio (well) below the social benchmark. Instead, these firms are likely to 

increase SG&A spending towards the social benchmark in order to improve future 

profitability (and to align with their competitors). Chen and Miller (2007), for example, find 

that strong performers engaged in higher research and development intensity, which lends 

support to the preceding argument. In a related vein, Baumgarten et al. (2010) argue that it is 

necessary to distinguish by SG&A cost efficiency to appropriately assess the information 

content of the SG&A ratio. They consider an increase in the SG&A ratio as intended if a 

firm’s past SG&A ratio fell below the industry average, which is then argued to represent 

efficiency in SG&A cost management, and find that these intended increases significantly 

enhance future earnings. In addition, without providing a detailed motivation and/or referring 

to a theoretical framework, they argue that a firm deliberately adjusts its SG&A costs in the 

event of a past SG&A ratio falling below the industry average. Based on these considerations, 

we argue that social comparison affects (change in) the SG&A ratio of both firms for which 

the SG&A ratio exceeds the social benchmark and firms for which the SG&A ratio falls 

below the social benchmark. We therefore hypothesise:  

H1a: Social comparison affects change in the SG&A ratio for firms with an SG&A ratio 

larger than the benchmark. 

H1b: Social comparison affects change in the SG&A ratio for firms with an SG&A ratio 

smaller than the benchmark. 

As mentioned earlier, firms are expected to establish their aspirations based on a 

weighted function of historical and social benchmarks, depending on conditions that affect 

their informative value (Cyert and March 1963, Levinthal and March 1981). The weights 
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assigned to historical and social benchmarks are likely to evolve through a firm’s life cycle 

(see e.g., Blettner et al. 2015). As argued by Dickinson (2011), firms in the introduction stage 

suffer from knowledge deficits about potential revenues and costs. Moreover, firms in the 

introduction stage have only limited knowledge from past actions to draw on and they are 

therefore more likely to rely on others’ experiences by learning or imitating successful 

practices from established competitors (Dodge et al. 1994, Haunschild and Minner 1997). By 

capturing and applying outside knowledge, firms in the introduction stage are able to avoid 

the costs of learning-by-doing (Cantrell and Dickinson 2015). In addition, various studies 

emphasise the importance of young firms’ external legitimacy, mainly through aligning their 

practices and activities with their environment, for their future survival and success (Aldrich 

and Reuf 2006, Drori et al. 2009). As argued by Drori et al. (2009), external legitimacy (and 

acceptability by various social actors) facilitates access to both capital and markets, which is 

especially important for firms in the introduction stage. Based on these considerations, we 

expect that firms in the early life cycle stage(s) will put relatively more weight on the social 

benchmark. 

As firms mature, competition intensifies and the operational emphasis shifts to cost 

reduction and improved capacity utilisation to generate profits (returns) to providers of capital 

(Selling and Stickney 1989, Nagar and Radhakrishnan 2015). Having survived the early life 

cycle stages, cost control is invoked to promote stability in profitability (Dodge et al. 1994). 

Nagar and Radakrishnan (2015), for example, find that real-activity based earnings 

management (e.g., cutting SG&A) aimed at meeting earnings benchmarks is significantly 

more prevalent among firms in the growth or mature stage than among firms in the 

introduction stage. Ahmed and Jinan (2011), on the other hand, note that the market reaction 

to expensed R&D is more negatively pronounced for firms in the mature stage. These 

findings thus confirm (and/or explain) the shift to cost reduction and increased emphasis on 

profitability for firms in the mature stage. Moreover, mature firms are stable organisations 

with more consistent strategies and are typically characterised by highly structured routines 

(Cyert and March 1963, Black 1998, Drake 2015). As a recurrent problem becomes more 

routine and its resolution more predictable, the solution becomes institutionalised and is used 

as a guide in making decisions (Dodge et al. 1994). Based on these considerations, we expect 

that firms in the mature stage will put relatively less weight on the social benchmark. 
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For firms approaching the final life cycle stage, we have expectations similar to the 

ones derived for the early life cycle stages. Firms in a shake-out or decline phase focus on 

recovery or survival (Drake 2015). Accordingly, it may be expected that these firms follow 

some form of restructuring and change in strategy to revitalise the firm (Eiriz et al. 2013, 

Drake 2015). Dickinson (2011), for example, notes that decline firms increase their R&D, 

probably as part of their strategy to survive. As part of their revised strategy, managers of 

firms in a shake-out or decline phase are likely to de-emphasise own historical performance, 

but rather to shift their attention to other firms in an attempt to learn from their successful 

practices (Haunschild and Minner 1997). In other words, we expect that firms in the final life 

cycle stage(s) will put relatively more weight on social comparison. Based on the preceding 

discussions, we formulate the following hypothesis:   

H2: The effect of social comparison on change in the SG&A ratio is strengthened for firms 

in the early or final life cycle stages. 

External users consider a firm’s SG&A ratio as a key diagnostic when assessing a 

firm’s cost behaviour and resource allocation. However, from management’s point of view, 

optimal levels of (relative) SG&A are hard to assess. Given the importance attached to SG&A 

by external financial statement users and the substantive uncertainty governing an optimal 

SG&A level, we contend that institutional conformity (with its roots in social comparison 

processes) will affect the weight assigned to the social benchmark. Institutional theory 

arguments suggest that organisations tend to engage in practices that are adopted by a large 

number of others, with higher extent of adoption essentially legitimising and pressuring such 

imitation (Westphal et al. 2001). Under this view, widespread adoption serves as social proof 

of appropriate behaviour (i.e., we ‘view behaviour as correct in a given situation to the degree 

that we see others performing it’ (Cialdini 1993)), which functions both as a cognitive 

heuristic to reduce uncertainty and as a normative legitimation device in response to external 

evaluative pressures. That is, legitimacy may be obtained by endorsing widely held beliefs in 

the field (Zimmerman and Zeitz 2002). Thus, organisations look for legitimacy by engaging 

in isomorphic practices that symbolically link them to norms, standards and values that are 

commonly accepted (Glynn and Abzug 2002, Glynn and Marquis 2004). In this vein, earlier 

institutional research regarded prevalence as a signal of institutional isomorphism and argued 

that the observation of a higher number and density of firms adopting a certain behaviour 

giving rise to the higher likelihood that others do so reflects conformity through imitation (see 
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e.g., Knoke 1982, Tolbert and Zucker 1983, Fligstein 1985, Palmer et al. 1993). Accordingly, 

when reported SG&A ratios within the “social benchmark group” become more similar, the 

likelihood that firms will strive to conform to the social benchmark should increase. Thus, we 

expect that the weight assigned to social comparison will be higher when SG&A ratios within 

the social benchmark group are more similar. We therefore hypothesise: 

H3: The effect of social comparison on change in the SG&A ratio is strengthened when 

SG&A ratios within the social benchmark group are more similar.   

3. RESEARCH DESIGN  

3.1. Sample and data 

We rely on a sample of listed US firms and consider the time period from 2000 to 

2012. 2000 is selected as the first year because our research design requires lagged data and 

coverage for non-S&P firms for GICS (i.e., one of the industry classifications we consider in 

the current study) only started as from 1999 onwards (Bhojraj et al. 2003). Financial 

accounting data are collected from COMPUSTAT North-America database. Consistent with 

prior studies (Anderson et al. 2003, Anderson et al. 2007), we eliminate firm-year 

observations for which SG&A and/or sales are missing, negative or zero; and for which 

SG&A are greater than sales. We also delete the observations from our sample with the 

following characteristics: (1) banks, insurance firms and all other financial institutions (i.e., 

primary SIC industry codes between 6000 and 6799); and (2) public administrative 

institutions (i.e., primary SIC industry codes above 9000), because of the specific income 

statement structure of these firms. Also, because of our research design, we exclude firm-year 

observations for which required industry codes and/or market capitalisation are missing. We 

further eliminate observations from industries (on a yearly basis) that contain less than 20 

observations.
15

 Finally, we restrict our data sample to observations with available data 

required for calculation of relevant variables. Our final sample comprises 26,957 firm-year 

observations.  

                                                 
15

 In order to be consistent with other SG&A studies in this dissertation and check the robustness of our results, we also re-calculate our 

measures and re-test our models, using 44 as a cut off value for the number of observations in the industry in a year. Results of model 

estimations based on 44 as the cut off value are not materially different from the ones reported in the tables of this study (i.e., based on 20 as 

the cut off value). Note that 20 (44) is set arbitrarily to ensure the presence of at least 5 (11) observations with available primary data within 

each peer group. As will be discussed in Section 3.2 of this chapter, firms within each industry are assigned to size quartiles to define peer 
groups. 
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All continuous variables are winsorized at the top and bottom 1% of their 

distributions, whereby outlying values are restated to the largest non-outlying value to avoid 

the potential influence of outliers.
16

 

3.2. Measurement of variables 

As discussed earlier, we rely on the BTOF to explain change in firms’ SG&A ratio. 

The dependent variable in our models is therefore change in a firm’s SG&A ratio. Based on 

Anderson et al. (2003), we define change in the SG&A ratio as the SG&A ratio of year t+1 

scaled by the SG&A ratio of year t (see Table 1 Variable definitions).  

The motivation to change depends on how far the performance level is above or below 

the aspiration level (Labianca et al. 2009). The greater the attainment discrepancy (i.e., the 

difference between the firm’s actual performance and the aspiration level), the more the 

organisation will engage in search behaviour and organisational change to minimise the 

discrepancy or close the gap (Cyert and March 1963; Greve 1998). As this paper specifically 

focuses on social comparison, we therefore define our attainment discrepancy variable (i.e., 

SOCOMP, cf. infra) as a continuous variable.  

To capture the effect of social comparison, we select peer firms based on both industry 

and firm size. The social aspiration level has generally been specified empirically as the mean 

performance of an industry-wide reference group (see e.g., Greve 1998, Greve 2003, Miller 

and Chen 2004, Audia and Greve 2006, Baum and Dahlin 2007). That is, higher similarity 

between the focal organisation and comparison organisations in terms of products and 

resources used is thought to increase the quality of the inferences one can draw from the 

comparison (Audia et al. 2015). As argued by Baumgarten et al. (2010), by using industry 

averages as a benchmark, we also consider differences in the SG&A ratio that are due to 

industry-specific characteristics. 

Several authors argue that decision-makers construct reference groups that are smaller 

than the entire industry (see e.g., Fiegenbaum and Thomas 1995, Panagiotou 2007, Schimmer 

and Brauer 2012, Moliterno et al. 2014) and we therefore also consider firm size to identify 

peer firms. Within each industry, we assign observations to quartiles in terms of firm size 

(based on market capitalisation) and observations within the same industry and size quartile 

                                                 
16

 As the number of observations in our models is usually substantial, we are less concerned with outlier effects beyond the one removed via 

winsorization. Nevertheless, in order to detect and remove highly influential observations, we dropped the observations with Cook’s D larger 

than the common threshold (i.e. 4/number of observations), after fitting each OLS model. This elimination does not qualitatively alter our 
results. 
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(within a given year) are then considered as industry-specific peers (i.e., the social benchmark 

group). This approach is based on the recent body of research on relative performance 

evaluation in executive compensation (see e.g., Albuquerque 2009, Black et al. 2011, Gong et 

al. 2011), which demonstrates that firms in the same industry and of similar size are the ones 

most likely to be chosen as the peer compensation group (Faulkender and Yang 2010). 

Although we consider alternative industry classifications to test the robustness of our results 

(see Section 4.3. Sensitivity analyses for further details), main results are based on two-digit 

Standard Industrial Classification (SIC) industry codes. For each focal firm, the average 

practice among its industry-specific peers (i.e., the average SG&A ratio of firms within the 

same industry and size quartile) is then used as a proxy for the social aspiration level. To 

capture the effect of social comparison on our dependent variable, we rely on the following 

equation (see e.g., Finkelstein and Hambrick 1990, Deephouse 1996):    

𝐷𝑆𝑖𝑡 =
𝐴𝐵𝑆[(𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑖𝑡 − 𝑀((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡)]

𝑆𝐷((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡)
 

where (𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑖𝑡 denotes the SG&A ratio (i.e., SG&A over Sales) for focal firm 

i in year t. 𝑀((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡) and 𝑆𝐷((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡) denote the average and standard 

deviation of the SG&A ratios within the focal firm’s industry-specific peer group. The 

equation, mentioned above, then results in a dissimilarity (DS) score (i.e., dissimilarity 

relative to the social benchmark). We denote this variable by SOCOMP in our models (see 

Table 1 Variable definitions). 

Inspired by Washburn and Bromiley (2012), we control for historical performance 

comparison (HISTCOMP), being calculated as the SG&A ratio of year t scaled by the average 

SG&A ratio over the preceding three-year period (i.e., t-3 up to t-1). Deviations from the 

‘historical benchmark’ in year t are expected to give rise to change in year t+1 and we, 

therefore, predict a negative relationship between HISTCOMP and the dependent variable. 

We also control for variables that have been used in prior studies to model (relative) 

SG&A expenses (see e.g., Anderson et al. 2003; Gunny 2010). Because our dependent 

variable is a change variable, we also consider changes in these control variables. In addition, 

we control for variables that have been identified to affect aspiration levels in prior research 

(see e.g., Shinkle (2012) for a literature review). These control variables relate to the 

competitive context of the firm (captured by the Herfindahl index), slack (captured by firm 
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size) and financial health (captured by a dummy variable denoting losses, and the current 

ratio). We refer to Table 1 for an overview of these control variables.  

3.3. Empirical model 

In order to test our hypotheses, we estimate the following equation (equation 1), as our 

basic model (see Table 1, for definition of variables): 

∆𝑺𝑮&𝑨𝒊𝒕+𝟏 = 𝜶𝟎 + 𝜶𝟏𝑺𝑶𝑪𝑶𝑴𝑷𝒊𝒕 + 𝜶𝒌𝒄𝒐𝒏𝒕𝒓𝒐𝒍𝒔𝒊𝒕𝒌 + 𝝐𝒊𝒕 

 

TABLE 1: Variable definitions 

 
Variable name Variable definition  

   

∆SG&A Change in the SG&A ratio (SG&A/Sales), being the SG&A ratio in 

year t+1 scaled by the SG&A ratio in year t. 

Dependent variable 

SOCOMP Social comparison, being determined as follows: 

   

𝐷𝑆𝑖𝑡 =
𝐴𝐵𝑆[(𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑖𝑡 − 𝑀((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡)]

𝑆𝐷((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡)
 

 

where (𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑖𝑡 denotes the SG&A ratio for focal firm i in 

year t. 𝑀((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡) and 𝑆𝐷((𝑆𝐺&𝐴 𝑟𝑎𝑡𝑖𝑜)𝑡) denote the 

average and standard deviation of SG&A ratios in the focal firm’s 

industry-specific peer group. 

Independent 

variable for testing 

H1a and H1b 

 

HISTCOMP 

 

Historical comparison, being the SG&A ratio in year t scaled by 

average SG&A ratio over the preceding three-year period (i.e., t-3 

up to t-1). 

 

Control variable 

 (Washburn and 

Bromiley 2012) 

SIM Institutional conformity, being a dummy variable that is coded one 

if the firm belongs to an industry-size quartile in which the degree 

of similarity with regard to SG&A ratios is high (i.e., the top 

quartile); and zero otherwise. 

Independent 

variable for testing 

H3 

∆SLS Change in Sales, being Sales in year t+1 scaled by Sales in year t. Control variable  

(Anderson et al., 

2003; Gunny, 

2010) 

DD Dummy variable that is set equal to one when sales decrease 

between t-1 and t; zero otherwise.  

The interaction of this variable and ∆SLS is included as a control 

for ‘sticky’ cost behaviour.
17

 

Control variable  

(Anderson et al., 

2003; Gunny, 

2010) 

                                                 
17

 It should be noted that in order to be consistent with the original model of SG&A sticky behaviour proposed by Anderson et al. (2003) and 

also similar models developed by other scholars (e.g., Gunny 2010), we do not include the main effect (i.e., DD) in the final model. 

However, as a robustness check, we also included DD in the model and the max VIF exceeded 36, raising concerns about the 
multicollinearity issue. Therefore, results are reported based on the model, excluding DD. 
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SIZE The natural log of market capitalisation in year t. Control variable 

(Gunny, 2010; 

Shinkle, 2012) 

Q Tobin’s Q, being market capitalisation plus long-term debt plus debt 

in current liabilities scaled by total assets. 

Control variable 

(Gunny, 2010) 

∆Q Change in Tobin’s Q, being Tobin’s Q in year t+1 scaled by 

Tobin’s Q in year t. 

Control variable 

(Gunny, 2010) 

INT Internal funds, being income before extraordinary items plus 

depreciation and amortisation plus research and development scaled 

by total assets. 

Control variable 

(Gunny, 2010) 

∆INT Change in internal funds, being internal funds in year t+1 scaled by 

internal funds in year t. 

Control variable 

(Gunny, 2010) 

HERF Herfindahl index, being the sum of squared market shares within the 

industry. 

Control variable 

(Shinkle, 2012) 

LOSS Dummy variable that is set equal to one if ROA is negative; and 

zero otherwise. 

Control variable 

(Shinkle, 2012) 

CURRENT Current ratio in year t, being current assets scaled by current 

liabilities. 

Control variable 

(Shinkle, 2012) 

ABOVE Dummy variable that is set equal to one if a firm has an SG&A ratio 

larger than the average SG&A ratio of its peers; and zero otherwise. 

 

INTRODUCTION Dummy variable that is set equal to one if a firm (in a year) is in the 

introduction stage of life cycle. 

 

GROWTH Dummy variable that is set equal to one if a firm (in a year) is in the 

growth stage of life cycle. 

 

SHAKEOUT Dummy variable that is set equal to one if a firm (in a year) is in the 

shakeout stage of life cycle. 

 

DECLINE Dummy variable that is set equal to one if a firm (in a year) is in the 

decline stage of life cycle. 

 

 

In order to test our first hypotheses (i.e., H1a and H1b), we split our sample in two 

sub-samples: (i) a sub-sample composed of observations with an SG&A ratio above the 

average of their industry-specific peers; and (ii) a sub-sample composed of those observations 

with an SG&A ratio below the average of their industry-specific peers. Deviations from the 

social benchmark in year t are expected to give rise to change in the SG&A ratio of year t+1. 

For the sub-sample of firms with an SG&A ratio larger than the average of their industry-

specific peers, we predict a negative relationship between SOCOMP and the dependent 

variable. For the sub-sample of firms with an SG&A ratio smaller than the average of their 

industry-specific peers, we predict a positive relationship between SOCOMP and the 

dependent variable. As an alternative, we estimate equation 1 including a dummy variable 

that is coded one if the firm’s SG&A ratio is larger than the industry-specific peer-based 
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benchmark (and zero otherwise) (to be denoted by ABOVE) and its interaction with 

SOCOMP (to be denoted by (SOCOMP × ABOVE). Based on our expectations, we expect a 

positive coefficient on SOCOMP and a negative coefficient for ABOVE × SOCOMP and the 

joint coefficient of these two variables. 

To test the impact of life cycle stages on the weight assigned to social comparison (cf. 

H2), we rely on Dickinson (2011) to identify a firm’s life cycle stage. Dickinson (2011) 

identifies five life cycle stages, being (i) introduction; (ii) growth; (iii) mature; (iv) shake-out; 

and (v) decline. A firm is then assigned to one of these life cycle stages based on the signs of 

its net cash flows. The following types of net cash flows are discerned: (i) cash flow from 

operating activities; (ii) cash flow from investing activities; and (iii) cash flow from financing 

activities. Table 2 provides more detail regarding the way firms are assigned to life cycle 

stages based on the signs of their net cash flows.  

 

TABLE 2: Determination of firm life cycle stage (Dickinson, 2011)  

 
Life cycle stage Cash flow from 

operating activities 

Cash flow from 

investing activities 

Cash flow from 

financing activities 

1. Introduction - - + 

2. Growth + - + 

3. Mature + - - 

4. Shake out - - - 

5. Shake out + + + 

6. Shake out + + - 

7. Decline - + + 

8. Decline - + - 

This table describes the way we assigned firms to life cycle stages based on the signs of their net cash flows. This approach is based on Dickinson (2011). 

 

To test the effect of institutional conformity on the weight that is assigned to social 

comparison (cf. H3), we rely on the dissimilarity score, explained above (i.e., SOCOMP). 

Specifically, we average the dissimilarity scores of all observations that belong to the same 

industry-size quartile (in year t). Next, we create a dummy variable that is coded one for those 

industry-size quartiles that belong to the bottom quartile based on this average dissimilarity 

score; and zero otherwise. In other words, we create a dummy variable that is coded one if the 

firm belongs to an industry-size quartile in which the degree of similarity with regard to 

SG&A ratios is high (i.e., the top quartile); and zero otherwise. We denote this variable by 
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SIM in our models (see Table 1 Variable definitions). In order to test H3, we interact this 

variable with SOCOMP (to be denoted by SOCOMP × SIM). 

To estimate the models, mentioned above, we rely on ordinary least squares (OLS) 

regressions using time fixed effects. We implement adjustments for heteroscedasticity and 

autocorrelation (i.e., we cluster standard errors at firm level). 

4. EMPIRICAL RESULTS 

4.1. Descriptive Statistics and Correlation Matrix 

Table 3 presents descriptive statistics for the sample under study. Based on Panel A, 

we note that the average value for the dependent variable (i.e., change in the SG&A ratio) 

equals 1.0217 (or an average increase in the SG&A ratio of 2.17 percent) and the median 

value equals .9975 (i.e., a decrease in the SG&A ratio of 0.25 percent). While not tabulated, it 

might be interesting to add that 51.08 (48.92) percent of the observations in our sample 

exhibit a decrease (increase or status quo) in their SG&A ratio. Panel B presents an overview 

of the composition of our sample in terms of life cycle stages.
18

  

                                                 
18

 This distribution is in line with the distribution reported by Dickinson (2011). Specifically, Dickinson (2011) reports the following 

distribution: Introduction – 11.89%; Growth – 33.95%; Mature – 41.18%: Shake-out – 7.98%; and Decline – 4.99%. 
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TABLE 3: Descriptive statistics 

Panel A: Descriptive statistics 

 

Variable name Mean Median Std. 

dev. 

∆SG&A 1.0217 .9975 .2138 

SOCOMP .7223 .6406 .5122 

HISTCOMP 1.0128 .9943 .2264 

∆SLS 1.0909 1.0629 .2801 

DD .3406   

SIZE 5.6173 5.7295 2.4555 

Q 1.5295 1.1127 1.3876 

∆Q 1.0605 .9851 .5256 

INT .0915 .1024 .1559 

∆INT .8105 .9401 3.3273 

HERF .0765 .0527 .0554 

LOSS .3058   

CURRENT 2.5622 1.9603 2.0747 
This panel presents descriptive statistics for the variables used in the current study. 

We refer to Table 1 for variable definitions. 

 

Panel B: Sample composition in terms of life cycle stages 

 

 Full sample Introduction Growth Mature Shakeout Decline 

N 26,957 2,467 7,457 12,639 3,029 1,365 

% of total n 100.00% 9.15% 27.66% 46.89% 11.24% 5.06% 
This panel presents an overview of the composition of our sample in terms of life cycle stages. Observations are assigned to life cycle stages 

based on Dickinson (2011). We refer to Table 1 for additional detail.  

 

Table 4 presents a correlation matrix. The correlation coefficient between the 

dependent variable and SOCOMP is negative and statistically significant at the 1 percent 

level. Importantly, we should be very careful in interpreting this coefficient, as it is a 

dissimilarity score that is based on an absolute value (cf. Table 1 Variable definitions). In 

order to meaningfully assess the impact of SOCOMP on the dependent variable, we therefore 

need to differentiate between firms with a previous SG&A ratio larger than the social 

benchmark and those with an SG&A ratio smaller than the social benchmark (cf. Section 3.3. 

Empirical model). Also note the very strong correlation between the dependent variable, on 

the one hand, and both ∆SLS and DD, on the other hand. The significantly negative 

coefficient for ∆SLS is consistent with prior findings reported by Anderson et al. (2003). 
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Specifically, they find that SG&A expenses only partially adjust to change in sales levels.
19

 In 

addition, the significantly positive coefficient for DD is consistent with their finding that 

SG&A increase more when activity rises than they decrease when activity falls by an 

equivalent amount (see also footnote 3 of Anderson et al. (2003)), which they label ‘cost 

stickiness’. None of the correlation coefficients among the independent variables exceed .60 

and are therefore not immediately indicative of multicollinearity problems. Nonetheless, we 

also considered variance inflation factors (VIFs) and the largest VIF equals 4.63, implying 

that our results are not materially affected by multicollinearity. 

 

TABLE 4: Correlation matrix 

 Variable name 1 2 3 4 5 6 7 8 9 10 11 12 13 

1 ∆SG&A  1.000 

 

            

2 HISTCOMP -.148 

*** 

1.000            

3 SOCOMP -.031 

*** 

.058 

*** 

1.000           

4 ∆SLS -.457 

*** 

-.022 

*** 

.022 

*** 

1.000          

5 DD .350 

*** 

.043 

*** 

-.006 

 

-.611 

*** 

1.000         

6 SIZE -.021 

*** 

-.065 

*** 

.026 

*** 

.112 

*** 

-.188 

*** 

1.000        

7 Q .014 

*** 

-.085 

*** 

-.001 

 

.198 

*** 

-.168 

*** 

.277 

*** 

1.000       

8 ∆Q -.089 

*** 

.052 

*** 

.006 

 

.010 

* 

-.016 

** 

-.195 

*** 

-.240 

*** 

1.000      

9 INT .090 

*** 

-.251 

*** 

-.067 

*** 

.084 

*** 

-.143 

*** 

.311 

*** 

.253 

*** 

-.124 

*** 

1.000     

10 ∆INT -.058 

*** 

.001 

 

-.001 

 

.066 

*** 

-.066 

*** 

.022 

*** 

.012 

* 

.024 

*** 

.021 

*** 

1.000    

11 HERF .008 

 

.015 

** 

-.012 

** 

.012 

* 

-.004 

 

.045 

*** 

-.102 

*** 

-.008 

 

-.072 

*** 

.003 

*** 

1.000   

12 LOSS -.091 

*** 

.223 

*** 

.054 

*** 

-.082 

*** 

.170 

*** 

-.358 

*** 

-.147 

*** 

.144 

*** 

-.541 

*** 

.002 

 

-.053 

*** 

1.000  

13 CURRENT .068 

*** 

.046 

*** 

-.032 

*** 

.021 

*** 

-.004 

 

-.075 

*** 

.148 

*** 

-.040 

*** 

.152 

*** 

.003 

 

-.148 

*** 

-.089 

*** 

1.000 

We refer to Table 1 for variable definitions. 

Significance at .10 (*), .05 (**) and .01 (***) levels.   
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 Anderson et al. (2003) find that SG&A increase on average 0.55% per 1% increase in sales, but decrease only 0.35% per 1% sales 

decrease. 
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4.2. Multivariate Results 

Table 5 presents multivariate results to test H1a and H1b. Model I presents regression 

results based on the full sample, while Model II (Model III) presents regression results based 

on the sub-sample of firms having an SG&A ratio above (below) the average of their 

industry-specific peers (in period t). We note that the coefficient for SOCOMP does not attain 

statistical significance based on the full sample. However, the coefficient does attain 

statistical significance for both sub-samples. Consistent with our expectations, we observe a 

significantly negative (positive) coefficient for the sub-sample of firms with an SG&A ratio 

above (below) the average of their industry-specific peers. The observed negative (positive) 

coefficients are consistent with the idea of social comparison initiating change (i.e., firms with 

an SG&A ratio exceeding (falling below) the average social SG&A ratio are likely to cut 

(increase) SG&A spending), providing support to both H1a and H1b. Model IV presents 

results for the full sample, including a dummy variable that is coded one for firms with an 

SG&A ratio exceeding the benchmark (i.e., ABOVE) and its interaction with SOCOMP (i.e., 

SOCOMP × ABOVE). While the coefficient for SOCOMP receives a significantly positive 

coefficient (significant at the 1% level), the coefficient for SOCOMP × ABOVE is 

significantly negative (significant at the 1% level), with a magnitude two times as large as the 

coefficient on SOCOMP. Again, this finding lends support to both H1a and H1b. 
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TABLE 5: Regression results – Full sample and sample split (above vs. 

below social benchmark) 

 

 Model I – 

Full sample 

Model II – 

Above average 

Model III – 

Below average 

Model IV –  

Full sample 

Intercept 1.5313 *** 1.4364 *** 1.5306 *** 1.4907 *** 

SOCOMP -.0013  -.0213 *** .0273 *** .0271 *** 

SOCOMP × ABOVE       -.0475 *** 

HISTCOMP -.1211 *** -.1000 (*** -.1044 *** -.1037 *** 

∆SLS -.3454 *** -.2995 *** -.3776 *** -.3446 *** 

∆SLS*DD .0204 *** .0269 *** .0147 *** .0202 *** 

SIZE -.0024 *** -.0003  -.0030 *** -.0019 *** 

Q .0104 *** .0104 *** .0146 *** .0126 *** 

∆Q -.0208 *** -.0222 *** -.0175 *** -.0194 *** 

INT .0592 *** .0807 *** .0450 * .0683 *** 

∆INT -.0016 *** -.0007  -.0021 *** -.0015 *** 

HERF .1257 *** .1365 *** .1531 *** .1455 *** 

LOSS -.0307 *** -.0221 *** -.0259 *** -.0231 *** 

CURRENT .0065 *** .0069 *** .0076 *** .0073 *** 

ABOVE       .0013  

YEAR included  included  included  included  

         

R
2 

.2652  .3155  .2508  .2733  

N 26,957  10,751  16,206  26,957  

This table presents multivariate regression results based on the full sample (Model I); the sub-sample of observations having an SG&A 

ratio above the average of their industry-specific peers (Model II); and the sub-sample of observations having an SG&A ratio below the 

average of their industry-specific peers (Model III). We refer to Table 1 for variable definitions. 

Significance at .10 (*), .05 (**) and .01 (***) levels.   

 

Table 6 presents multivariate results to test H2. Panel A (Panel B) presents regression 

results for the sub-sample of observations having an SG&A ratio above (below) the average 

of their industry-specific peers (in period t). In both panels, observations are further split-up 

based on their life cycle stage. It should be noted that while the first 5 models of both panels 

present results of estimating equation 1 within each life cycle stage, the last model in both 

panels (model X and XVI) presents results of estimating equation 1 using a dummy variable 

for every life cycle stage (except for Mature) and also the interaction of dummies with 

SOCOMP. Table 6 reports the results that are consistent with our expectations (i.e., H2). 
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First, we focus on the sub-sample of observations with an SG&A ratio above the 

average of their industry-specific peers (Panel A of Table 6). Based on the magnitude of the 

coefficients for SOCOMP, we note that social comparison is far more important for 

observations in the introduction or the decline life cycle stage compared to observations in the 

intermediate life cycle stages. As an illustration, the coefficient for SOCOMP for observations 

in both the introduction and decline life cycle stage is about six times as large as the one for 

observations in the mature life cycle stage (i.e., -.0666 and -.0571 vs. -.0105, respectively). 

Model X presents results of testing the life cycle hypothesis, using a dummy variable for 

every life cycle stage (i.e., INTRODUCTION, GROWTH. SHAKEOUT and DECLINE) and 

their interaction with SOCOMP (denoted by SOCOMP × INTRODUCTION, SOCOMP × 

GROWTH, SOCOMP × SHAKEOUT and SOCOMP × DECLINE, respectively). We 

interacted the dummy variable related to every life cycle stage with SOCOMP, except for 

Mature. As such, the main effect (i.e., SOCOMP) is attributable to Mature, implying that the 

interaction variables compare the effect of life cycle stages against Mature. Similar to our 

observations based on splitting the sample, we note that while SOCOMP receives a 

significantly negative coefficient (significant at the 1% level) only SOCOMP × 

INTRODUCTION and SOCOMP × DECLINE receive significantly negative coefficients 

(both significant at the 1% level). Note that joint coefficients are significant at the 

conventional levels. Overall, our observations in the subsample of firms with an SG&A ration 

above the social benchmark lend support to H2. Interestingly, based on the magnitude of the 

coefficients for HISTCOMP, we note that historical comparison is far less important for 

observations in the decline life cycle stage compared to observations in the other life cycle 

stages. Specifically, the coefficient for HISTCOMP does not attain statistical significance for 

observations in the decline life cycle stage, whereas it is significantly negative for 

observations in all other life cycle stages. 

Next, we consider the sub-sample of observations with an SG&A ratio below the 

average of their industry-specific peers (Panel B of Table 6). Based on the magnitude of the 

coefficients for SOCOMP, we note that social performance comparison is far more important 

for observations in the early (i.e., both Introduction and Growth) life cycle stages compared to 

observations in the later life cycle stages. As an illustration, the coefficient for SOCOMP for 

observations in both the introduction and growth life cycle stage is more than 1.5 times as 

large as the coefficient for observations in the mature life cycle stage (i.e., .0437 and .0416 vs. 

.0255, respectively). Unlike the sub-sample of observations with an SG&A ratio larger than 
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industry-specific peers, social performance comparison is not found to be more important for 

observations in the Decline life cycle stage. While this observation does not support H2, it 

appears logical to assume that firms in their final life cycle stage are not likely to increase 

their SG&A spending simply because they observe that their industry-specific peers have 

higher SG&A ratios, on average. Results presented by Model XVI however do not support 

our observation based on the sample splitting method. That is, neither SOCOMP × 

INTRODUCTION nor SOCOMP × GROWTH receives a coefficient, significant at the 

conventional levels. Overall, based on the subsample of observations with an SG&A ratio 

smaller than industry-specific peers (the social benchmark), the observed patterns lend partial 

support to H2 (only based on sample splitting method). In line with results for the 

observations with an SG&A ratio above the average of their industry-specific peers, we note 

that historical comparison is far less important for observations in the decline life cycle stage 

compared to observations in the other life cycle stages. Again, the coefficient for HISTCOMP 

does not attain statistical significance for observations in the decline life cycle stage, while it 

is significantly negative for observations in all other life cycle stages. 
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TABLE 6: Regression results – Sample split based on life cycle stage 

Panel A: Observations with an SG&A ratio above the average of their industry-specific peers 

 Model V – 

Introduction 

Model VI – 

Growth 

Model VII – 

Mature 

Model VIII – 

Shakeout 

Model IX – 

Decline 

Model X –  

Full sub-sample 

Intercept 1.5063 *** 1.3582 *** 1.3895 *** 1.4368 *** 1.5828 *** 1.3828 *** 

SOCOMP -.0666 *** -.0196 *** -.0105 *** -.0198 *** -.0571 *** -.0107 *** 

SOCOMP × INTRODUCTION           -.0522 *** 

SOCOMP × GROWTH           -.0092  

SOCOMP × SHAKEOUT           -.0104  

SOCOMP × DECLINE           -.0399 *** 

HISTCOMP -.1005 *** -.1292 *** -.1115 *** -.1193 *** .0049  -.1027 *** 

∆SLS -.3359 *** -.2212 *** -.2798 *** -.3269 *** -.5291 *** -.2991 *** 

∆SLS × DD .0538 *** .0521 *** .0133 ** .0083  -.0243  .0229 *** 

SIZE .0004  .0042 ** .0026 *** .0027  .0019  .0026 *** 

Q .0198 *** .0054 *** -.0010  .0121 ** .0416 *** .0085 *** 

∆Q -.0131  -.0216 *** -.0288 *** -.0277 *** .0144  -.0207 *** 

INT .1140 *** .0868 *** .0988 *** .1238 *** .2321 *** .1069 *** 

∆INT .0029  -.0040 *** -.0001  -.0002  -.0001  -.0004  

HERF .2935 ** .1723 *** .1135 *** .0711  .5143 ** .1745 *** 

LOSS -.0358 ** -.0449 *** -.0255 *** -.0252 ** -.0634 *** -.0344 *** 

CURRENT .0149 *** .0042 *** .0055 *** .0090 *** .0126  .0070 *** 

INTRO           .1418 *** 

GROWTH           .0354 *** 

SHAKEOUT           .0252 *** 

DECLINE           .1228 *** 

YEAR Included  Included  Included  Included  Included  Included  

R
2 

.4294  .3370  .2951  .3956  .4111  .3452  

N 1,060  2,989  4,561  1,363  778  10,751  



 

56 

 

Panel B: Observations with an SG&A ratio below the average of their industry-specific peers 

 
 Model XI – 

Introduction 

Model XII – 

Growth 

Model XIII – 

Mature 

Model XIV – 

Shakeout 

Model XV – 

Decline 

Model XVI – 

Full sub-sample 

Intercept 1.5635 *** 1.3231 *** 1.4991 *** 1.6927 *** 1.9645 *** 1.4823 *** 

SOCOMP .0437 * .0416 *** .0255 *** .0258 * .0233  .0280 *** 

SOCOMP × INTRODUCTION           -.0031  

SOCOMP ×  GROWTH           .0143  

SOCOMP ×  SHAKEOUT           -.0029  

SOCOMP ×  DECLINE           -.0272  

HISTCOMP -.0910 * -.0854 *** -.1188 *** -.0751 ** -.0590  -.1007 *** 

∆SLS -.4517 *** -.2544 *** -.3715 *** -.5246 *** -.8007 *** -.3797 *** 

∆SLS*DD .0313  .0608 *** .0058  -.0338 ** -.1344 *** .0137 *** 

SIZE -.0040  .0020  .0001  -.0047 * -.0026  -.0004  

Q .0487 *** .0071 ** .0029  .0098 * .0354  .0129 *** 

∆Q -.0102  -.0235 *** -.0050  -.0269 ** -.0184  -.0156 *** 

INT .0646  .1076 ** .1185 *** .1147 ** .0864  .0758 *** 

∆INT -.0007  -.0051 *** -.0017 * -.0009  -.0001  -.0017 ** 

HERF .1394  .2389 *** .1573 *** .0830  .1229  .1676 *** 

LOSS -.0206  -.0326 *** -.0255 *** -.0471 *** -.0650 ** -.0332 *** 

CURRENT .0204 *** .0055 ** .0062 *** .0066 ** .0307 *** .0079 *** 

INTRO           .1004 *** 

GROWTH           .0265 *** 

SHAKEOUT           .0276 *** 

DECLINE           .1218 *** 

YEAR Included  Included  Included  Included  Included  Included  

R
2 

.3075  .2412  .2446  .3152  .4772  .2691  

N 1,407  4,468  8,078  1,666  587  16,206  

This table presents multivariate regression results based on the sub-sample of observations having an SG&A ratio above the average of their industry-specific peers (Panel A); and the sub-sample of observations having an SG&A ratio below the average of their industry-specific peers (Model B). Both 

sub-samples are further split based on life cycle stages (we refer to Table 1 for details regarding the determination of life cycle stages). Significance at .10 (*), .05 (**) and .01 (***) levels.   
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Table 7 presents multivariate results to test H3. The models reported in Table 7 are 

similar to Model II and Model III presented in Table 5, except for the fact that we now also 

include the interaction term between SOCOMP and a dummy variable (i.e., SIM) capturing 

the extent of similarity with regard to SG&A ratios within the social benchmark group. As 

discussed earlier, and displayed in Table 1, SIM is a dummy variable that is coded one if the 

firm belongs to an industry-size quartile in which the degree of similarity with regard to 

SG&A ratios is high (i.e., top quartile); and zero otherwise. Next to the interaction term, 

mentioned above, we also include SIM itself (i.e., the main effect). Results presented in Table 

7 provide strong support to H3. In line with our prior findings, we observe a significantly 

negative (positive) coefficient for SOCOMP based on the sub-sample of observations with an 

SG&A ratio above (below) the average of their industry-specific peers. In addition, we 

observe a significantly negative (positive) coefficient for SOCOMP × SIM based on the sub-

sample of observations with an SG&A ratio above (below) the average of their industry-

specific peers. Our results thus indicate that the effect of social comparison feedback is 

significantly stronger when there is higher similarity in reported SG&A ratios within the 

social benchmark group. 
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TABLE 7: Regressions results – Testing the effect of 

institutional conformity 

 Model XVII – 

Above average 

Model XVIII – 

Below average 

Intercept 1.4333 *** 1.5265 *** 

SOCOMP -.0177 *** .0274 *** 

SOCOMP × SIM -.0165 ** .0236 ** 

HISCOMP -.1011 *** -.1033 *** 

∆SLS -.3003 *** -.3782 *** 

∆SLS × DD .0268 *** .0147 *** 

SIZE -.0001  -.0027 *** 

Q .0104 *** .0148 *** 

∆Q -.0221 *** -.0173 *** 

INT .0818 *** .0443 * 

∆INT -.0006  -.0022 *** 

HERF .1108 *** .1141 *** 

LOSS -.0217 *** -.0256 *** 

CURRENT .0070 *** .0079 *** 

SIM .0251 *** .0095  

YEAR included  included  

     

R
2 

.3171  .2523  

N 10,751  16,206  

This table presents multivariate regression results based on the sub-sample of observations having an 

SG&A ratio above the average of their industry-specific peers (Model XVII); and the sub-sample of 

observations having an SG&A ratio below the average of their industry-specific peers (Model XVIII). 

We refer to Table 1  for variable definitions. 

Significance at .10 (*), .05 (**) and .01 (***) levels.   

 

 

4.3. Sensitivity Analyses 

We considered alternative industry classifications. Reported main results are based on 

two-digit SIC codes, but we also considered GICS, NAICS and Fama and French (1997) 

industry classifications (see Section 3.1. Sample and data). Analogous to Bhojraj et al. (2003), 

we used the first three digits of the NAICS code and the first six digits of the GICS code to 

ensure that the number of partitions using the different industry classification systems is 

comparable. In addition, we also considered the median (instead of the average) to determine 

our social comparison proxy (i.e., SOCOMP being a dissimilarity score). These specification 

checks did not qualitatively alter our results. 
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5. CONCLUSION 

External users consider the SG&A ratio as a key analytical metric when assessing a 

firm’s cost behaviour. Specifically, the SG&A ratio is considered a key analytical figure 

diagnostic of a firm’s cost behaviour (i.e., a firm’s operating efficiency and effectiveness of 

management’s controlling of overhead expenses). However, some of SG&A expense items 

(e.g., expenditures related to R&D, customer loyalty, human capital and commitment of 

employees) have the potential to create substantial future economic benefits and also long-

term value. Moreover, managerial decisions with regard to SG&A expenses are documented 

to depend upon specific circumstances (e.g., revenue-decreasing/increasing periods) and 

managerial intent (e.g., a desire to manage earnings via SG&A or deliberate retention of 

SG&A resources, when expecting that decreased sales will rebound in the future). As a result, 

firms’ relative SG&A is hard to assess. 

Relying on the behavioural theory of the firm (BTOF), we argue that social 

comparison is likely to be very important input to managers’ decision making processes with 

regard to SG&A, with the weight assigned to social comparison varying across time (i.e., 

depending on life-cycle stages). While prior studies demonstrate that social comparison only 

gives rise to change when performance falls below social benchmark/aspiration, our results 

confirm that social comparison has significant effect on change in the SG&A ratio, for 

observations from both the subsamples of firms with an SG&A ratio lager and smaller than 

their industry-specific peers. The finding that the social comparison also affects change in 

SG&A ratio for firms with an SG&A ratio below the social benchmark (the point of departure 

from prior BTOF studies) can be explained, given the content of SG&A. That is, because 

SG&A include many items that are likely to generate future benefits, it is unlikely that firms 

merely aim at minimising SG&A and become satisfied with having an SG&A ratio (well) 

below the social benchmark. Instead, these firms are likely to increase SG&A spending 

towards the social benchmark in order to improve future profitability (and to align with their 

competitors). 

In addition, consistent with our expectations, findings generally indicate that the 

impact of social comparison on change in the SG&A ratio differs depending on the firm’s life 

cycle stage. Specifically, the weight assigned to social comparison is found to be largest for 

firms in the introduction and decline life cycle stages, especially for firms with an SG&A 

ratio larger than the social benchmark. Finally, consistent with institutional theory (the 
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mimetic isomorphism in particular), our results indicate that social comparison has a 

significantly stronger effect on change in the SG&A ratio in social benchmark groups 

characterised by high(er) similarity in terms of SG&A ratios. 

Contributions of this study can be summarised as follows. First, to the best of our 

knowledge, this is the first study, applying the BTOF to a financial reporting context (and 

SG&A in particular). Second, while prior studies explain SG&A behaviour using economic 

determinants (e.g., change in revenues), our study documents that after controlling for the 

economic factors, social comparison still affects firms’ SG&A behaviour. Third, unlike prior 

studies applying the BTOF, we employ a performance metric (SG&A ratio) that is 

characterised by uncertainty (i.e., there is no optimal SG&A level) and outcomes of firms’ 

behaviour with regard to SG&A consequently cannot be distinctly classified as successes or 

failures. Fourth, contrary to the varying weights idea of aspirations (adopted in many prior 

BTOF studies), our results indicate that social comparison feedback may also give rise to 

changes toward the social aspiration when performance exceeds comparative social 

performance. This finding suggests that the varying weights idea of aspiration may hold only 

for performance metrics that could be distinctly classified as success or failure. Finally, given 

a recent call of Shinkle (2012) for research on how legitimacy theory may explain aspiration 

levels, this study contributes to the BTOF literature by documenting the influence of 

institutional mimetic pressures on the effect of social comparison on change in the SG&A 

ratio. 

 

 

 

 

 

 

 

 



 

61 

 

REFERENCES 

Ahmed, K. & Jinan, M., 2011. The association between research and development 

expenditure and firm performance: testing a life cycle hypothesis. International 

Journal of Accounting, Auditing and Performance Evaluation, 7, 267-286. 

Albuquerque, A., 2009. Peer firms in relative performance evaluation. Journal of Accounting 

and Economics, 48, 69-89. 

Aldrich, H.E. & Reuf, M., 2006. Organisations evolving: SAGE Publications Ltd. 

Anderson, M., Banker, R., Huang, R. & Janakiraman, S., 2007. Cost Behaviour and 

Fundamental Analysis of SG&A Costs. Journal of Accounting, Auditing & Finance, 

22, 1-28. 

Anderson, M.C., Banker, R.D. & Janakiraman, S.N., 2003. Are Selling, General, and 

Administrative Costs “Sticky”? Journal of Accounting Research, 41, 47-63. 

Argote, L. & Greve, H.R., 2007. A Behavioural Theory of the Firm—40 Years and Counting: 

Introduction and Impact. Organisation Science, 18, 337-349. 

Audia, P.G., Brion, S. & Greve, H.R., 2015. Self-Assessment, Self-Enhancement, and the 

Choice of Comparison Organisations for Evaluating Organisational Performance. In 

G. Gavetti & W. Ocasio (eds.) Advances in Strategic Management. Emerald Group 

Publishing Limited, 89-118. 

Audia, P.G. & Greve, H.R., 2006. Less Likely to Fail: Low Performance, Firm Size, and 

Factory Expansion in the Shipbuilding Industry. Management Science, 52, 83-94. 

Banker, R., Huang, R. & Natarajan, R., 2011. Equity incentives and long-term value created 

by SG&A expenditure. Contemporary accounting research, 71, 443-465. 

Baum, J.a.C. & Dahlin, K.B., 2007. Aspiration Performance and Railroads’ Patterns of 

Learning from Train Wrecks and Crashes. Organisation Science, 18, 368-385. 

Baumgarten, D., Bonenkamp, U. & Homburg, C., 2010. The information content of the 

SG&A ratio. Journal of Management Accounting Research, 22, 1-22. 



 

62 

 

Bhojraj, S., Lee, C.M.C. & Oler, D.K., 2003. What's My Line? A Comparison of Industry 

Classification Schemes for Capital Market Research. Journal of Accounting Research, 

41, 745-774. 

Black, D., Dikolli, S. & Hofmann, C., 2011. Peer group composition, peer performance 

aggregation, and detecting relative performance evaluation. Working Paper. Available 

at: http://papers.ssrn.com/sol3/papers.cfm?abstract_id=1910846. 

Black, E.L., 1998. Life-cycle impacts on the incremental value-relevance of earnings and cash 

flow measures. Journal of Financial Statement Analysis, 4, 40-57. 

Blettner, D.P., He, Z.-L., Hu, S. & Bettis, R.A., 2015. Adaptive aspirations and performance 

heterogeneity: Attention allocation among multiple reference points. Strategic 

Management Journal, 36, 987-1005. 

Bromiley, P., 1991. Testing a causal model of corporate risk taking and performance. 

Academy of Management Journal, 34, 37-59. 

Bromiley, P., Miller, K.D. & Rau, D., 2001. Risk in strategic management research. In M.A. 

Hitt, R.E. Freeman, and J.S. Harrison (eds.),. The Blackwell handbook of strategic 

management, 259-288. Malden, MA: Blackwell. 

Cantrell, B.W. & Dickinson, V., 2015. Leaders vs. laggards: operating and market 

performance using conditional life cycle. Working paper, available at: 

http://papers.ssrn.com/sol3/papers.cfm?abstract_id=2691138. 

Chen, W.-R. & Miller, K.D., 2007. Situational and institutional determinants of firms' R&D 

search intensity. Strategic Management Journal, 28, 369-381. 

Cialdini, R.B., 1993. Influence: The psychology of persuasion: Quill/William Morrow. 

Cyert, R.M. & March, J.G., 1963. A behavioural theory of the firm: Englewood Cliffs, NJ: 

Prentice Hall. 

Deephouse, D.L., 1996. Does isomorphism legitimate? Academy of Management Journal, 39, 

1024-1039. 

Deloitte, 2004. SG&A cost reduction. Six steps to sustainability. Sydney: Deloitte Touche 

Tohmatsu Ltd-Sydney: Deloitte Touche Tohmatsu Ltd. 



 

63 

 

Dickinson, V., 2011. Cash flow patterns as a proxy for firm life cycle. The Accounting 

Review, 86, 1969-1994. 

Dodge, H.R., Fullerton, S. & Robbins, J.E., 1994. Stage of the organisational life cycle and 

competition as mediators of problem perception for small businesses. Strategic 

Management Journal, 15, 121-134. 

Drake, K.D., 2015. Does firm life cycle inform the relation between book-tax differences and 

earnings persistence. Working paper, available at: 

http://papers.ssrn.com/sol3/papers.cfm?abstract_id=2547778. 

Drori, I., Honig, B. & Sheaffer, Z., 2009. The Life Cycle of an Internet Firm: Scripts, 

Legitimacy, and Identity. Entrepreneurship Theory and Practice, 33, 715-738. 

Eiriz, V., Faria, A. & Barbosa, N., 2013. Firm growth and innovation: Towards a typology of 

innovation strategy. Innovation, 15, 97-111. 

Fama, E.F. & French, K.R., 1997. Industry costs of equity. Journal of Financial Economics, 

43, 153-193. 

Faulkender, M. & Yang, J., 2010. Inside the black box:The role and composition of 

compensation peer groups. Journal of Financial Economics, 96, 257-270. 

Fiegenbaum, A. & Thomas, H., 1995. Strategic groups as reference groups: Theory, 

modelling and empirical examination of industry and competitive strategy. strategic 

Management Journal pp, 16, 461-476. 

Finkelstein, S. & Hambrick, D.C., 1990. Top-management-team tenure and organisational 

outcomes: The moderating role of managerial discretion. Administrative Science 

Quarterly, 35, 484-503. 

Fligstein, N., 1985. The spread of the multidivisional form among large firms, 1919–1979. 

Economics Meets Sociology in Strategic Management. 55-78. 

Glynn, M.A. & Abzug, R., 2002. Institutionalizing identity: Symbolic isomorphism and 

organisational names. Academy of Management Journal, 42, 267-280. 

Glynn, M.A. & Marquis, C., 2004. When good names go bad: Symbolic illegitimacy in 

organisations. Legitimacy Processes in Organisations. 147-170. 



 

64 

 

Gong, G., Li, L.Y. & Shin, J.Y., 2011. Relative performance evaluation and related peer 

groups in executive compensation contracts. The Accountngi Review, 86, 1007-1043. 

Greve, H.R., 1998. Performance, Aspirations, and Risky Organisational Change. 

Administrative Science Quarterly, 43, 58-86. 

Greve, H.R., 2003. A Behavioural Theory of R&D Expenditures and Innovations: Evidence 

from Shipbuilding. The Academy of Management Journal, 46, 685-702. 

Greve, H.R., 2008. A behavioural theory of firm growth: Sequential attention to size and 

performance goals. Academy of Management Journal, 51, 476-494. 

Gunny, K.A., 2010. The Relation Between Earnings Management Using Real Activities 

Manipulation and Future Performance: Evidence from Meeting Earnings Benchmarks. 

Contemporary Accounting Research, 27, 855-888. 

Haunschild, P.R. & Minner, A.S., 1997. Modes of Interorganisational Imitation: The Effects 

of Outcome Salience and Uncertainty. Administrative Science Quarterly, 42, 472-500. 

Healy, P.M. & Palepu, K.G., 2001. Information asymmetry, corporate disclosure, and the 

capital markets: A review of the empirical disclosure literature. Journal of Accounting 

and Economics, 31, 405-440. 

Huber, G.P., 1991. Organisational Learning: The Contributing Processes and the Literatures. 

Organisation Science, 2, 88-115. 

Joseph, J. & Gaba, V., 2014. The fog of feedback: Ambiguity and firm responses to multiple 

aspiration levels. Strategic Management Journal, n/a-n/a. 

Ketchen, D.J. & Palmer, T.B., 1999. Strategic responses to poor organisational performance: 

A test of competing perspectives. Journal of Management, 25, 683-706. 

Knoke, D., 1982. The Spread of Municipal Reform: Temporal, Spatial, and Social Dynamics. 

American Journal of Sociology, 87, 1314-1339. 

Labianca, G., Fairbank, J.F., Andrevski, G. & Parzen, M., 2009. Striving toward the future: 

aspiration—performance discrepancies and planned organisational change. Strategic 

Organisation, 7, 433-466. 



 

65 

 

Lant, T.K., 1992. Aspiration Level Adaptation: An Empirical Exploration. Management 

Science, 38, 623-644. 

Lev, B., Radhakrishnan, S. & Zhang, W., 2009. Organisation Capital. Abacus, 45, 275-298. 

Lev, B. & Thiagarajan, R., 1993. Fundamental Information Analysis. Journal of Accounting 

Research, 31, 190-215. 

Levinthal, D. & March, J.G., 1981. A model of adaptive organisational search. Journal of 

Economic Behaviour & Organisation, 2, 307-333. 

Levitt, B. & March, J.G., 1988. Organisational Learning. Annual Review of Sociology, 14, 

319-340. 

March, J.G. & Shapira, Z., 1987. Managerial Perspectives on Risk and Risk Taking. 

Management Science, 33, 1404-1418. 

March, J.G. & Simon, H.A., 1958. Organisations Oxford, England: Wiley organisations. 

Massini, S., Lewin, A.Y. & Greve, H.R., 2005. Innovators and imitators: Organisational 

reference groups and adoption of organisational routines. Research Policy, 34, 1550-

1569. 

Messier, W., 2000. Auditing and assurance services: A systematic approach: McGraw-Hill. 

Mezias, S.J., Chen, Y.-R. & Murphy, P.R., 2002. Aspiration-level adaptation in an American 

financial services organisation: A field study. Management Sicence, 48, 1285-1300. 

Miller, K.D. & Chen, W.-R., 2004. Variable Organisational Risk Preferences: Tests of the 

March-Shapira Model. Academy of Management Journal, 47, 105-115. 

Moliterno, T.P., Beck, N., Beckman, C.M. & Meyer, M., 2014. Knowing your place: Social 

performance feedback in good times and bad times. Organisation Science, 25, 1684-

1702. 

Nagar, N. & Radhakrishnan, S., 2015. Firm life cycle and real-activity based earnings 

management. Working paper available at: http://ssrn.com/abstract=2701680. 



 

66 

 

Palmer, D.A., Jennings, P.D. & Zhou, X., 1993. Late Adoption of the Multidivisional Form 

by Large US Corporations: Institutional, Political, and Economic Accounts. 

Administrative Science Quarterly, 38, 100-131. 

Panagiotou, G., 2007. Reference theory: strategic groups and competitive benchmarking. 

Management Decision, 45, 1595-1621. 

Roberts, K., Rich, V. & Krishnan, S., 2011. Are we yet there? Achieving optimal SG&A 

spend for US companies. Available at: 

http://www.alixpartners.com/en/LinkClick.aspx?fileticket=iuFgajYgKq8%3D&tabid=

635. 

Schimmer, M. & Brauer, M., 2012. Firm performance and aspiration levels as determinants of 

a firm's strategic reporsitiioning within strategic group structures. Strategic 

Organisation, 10, 406-435. 

Selling, T.I. & Stickney, C.P., 1989. The Effects of Business Environment and Strategy on a 

Firm's Rate of Return on Assets. Financial Analysts Journal, 45, 43-68. 

Shinkle, G.A., 2012. Organisational Aspirations, Reference Points, and Goals: Building on 

the Past and Aiming for the Future. Journal of Management, 38, 415-455. 

Sun, Y., 2013. The use of discretionary expenditures as an earnings management tool: 

Evidence from financial misstatement firms. PhD Dissertation available at 

http://escholarship.org/uc/item/01d6814q. 

Tolbert, P.S. & Zucker, L.G., 1983. Institutional Sources of Change in the Formal Structure of 

Organisations: The Diffusion of Civil Service Reform, 1880-1935. Administrative 

Science Quarterly, 28, 22-39. 

Washburn, M. & Bromiley, P., 2012. Comparing aspiration models: The role of selective 

attention. Journal of Management Studies, 49, 896-917. 

Westphal, J.D., Seidel, M.-D.L. & Stewart, K.J., 2001. Second-order imitation: Uncovering 

latent effects of board network ties. Administrative Science Quarterly, 46, 717-747. 

Zimmerman, M.A. & Zeitz, G.J., 2002. Beyond Survival: Achieving New Venture Growth by 

Building Legitimacy. Academy of Management Review, 27, 414-431. 



 

67 

 

CHAPTER 3 

Study 2 − Social Comparison of Cost Behaviour and Financial Analysts
20

 

 

 

 

ABSTRACT 

We investigate whether social comparison of a firm’s reported Selling, General and 

Administrative expenses (SG&A) affects financial analyst behaviour. More specifically, we 

examine whether similarity of a firm’s SG&A to an industry-specific peer-based benchmark 

is associated with the number of analysts following the firm and with properties of analyst 

earnings forecasts (analyst forecast dispersion and analyst forecast accuracy) in a sample of 

listed US firms over a ten-year period. A firm’s SG&A relative to sales is a key diagnostic of 

a firm’s cost behaviour for external observers, but interpretational ambiguity of the SG&A 

signal is likely to incentivise search for information-relevant external cues to set expectations 

about and assess a firm’s SG&A ratio. A tendency towards higher similarity to an industry-

specific peer-based benchmark is expected to have an impact on analysts’ SG&A risk 

assessment and decrease perceived information uncertainty, affecting analysts’ decision to 

follow a firm and their assessment uncertainty with regard to the firm’s ability to effectively 

control overhead. As expected, we observe a negative relationship between SG&A similarity 

and analyst coverage. In line with a varying weights model for social comparison, our results 

show a negative (positive) association between change in SG&A similarity and dispersion 

(accuracy) of analyst forecasts of one-year-ahead earnings for firms with a prior SG&A ratio 

above benchmark.  

 

 

Keywords: SG&A, Social comparison, Analyst forecast accuracy, Analyst forecast 

dispersion, Analyst following, Peer-based comparative judgments 
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1. INTRODUCTION 

Social comparison feedback plays a key role in decision processes (Cyert and March 

1963, Greve 2008) (an idea central to the behavioural theory of the firm (BTOF)). It rests on 

social comparison or the use of the performance of a meaningful referent group as a social 

benchmark (Schimmer and Brauer 2012, Moliterno et al. 2014).  Prior accounting research 

indicates that social comparison underlies intra-industry information transfers, whereby 

disclosures of peers in a given industry are seen as informative of conditions at other firms 

within the industry (Foster 1981, Gleason et al. 2008). Relatedly, Chalmers and Godfrey 

(2004) suggest that management may align decisions on prominent, but ambiguous reporting 

issues with industry-based templates in order to assess or signal appropriateness and adequacy 

of underlying behaviour. In this paper, we argue that the assessment of a firm’s Selling, 

General and Administrative expenses (SG&A) constitutes such an inherently ambiguous 

issue, bringing external constituents, and financial analysts in particular, to resort to industry-

based templates of appropriate behaviour in order to assess benefits of information 

intermediation, attenuate assessment uncertainty and improve earnings prediction.  

US firms disclose SG&A separately on the face of the income statement and typically 

discuss SG&A as a separate topic in the Management Discussion and Analysis (MD&A) 

section of their periodic financial reports, indicating a high level of exposure and prominence 

of the disclosure item. Capital market participants, including financial analysts and external 

auditors, tend to pick up reported SG&A as a primary analytic figure when analysing a firm’s 

financial performance and focus on SG&A as a proportion of sales (SG&A ratio or relative 

SG&A) as a key diagnostic of a firm’s cost behaviour and resource allocation (Messier 2000, 

Healy and Palepu 2001, Anderson et al. 2007). Change in a firm’s SG&A ratio is considered 

to be a fundamental signal, incrementally informative about change in future earnings (Ou 

and Penman 1989, Lev and Thiagarajan 1993, Johnson 2013). The largely discretionary 

nature of a firm’s overhead expense decisions, considerable leeway in accounting rules on 

allocating indirect expenses as well as SG&A stickiness may, however, feed external 

observers’ uncertainty with regard to the appropriateness and adequacy of a firm’s SG&A 

ratio (Mintz 1994, Lazere 1995).  Prior empirical research (e.g., Anderson et al. 2007, 

Baumgarten et al. 2010, Johnson 2013) shows that the interpretation of a firm’s change in the 

SG&A ratio is not straightforward and depends on underlying circumstances and perceived 
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managerial intent. The ambivalence of (change in) reported SG&A is likely to aggravate 

financial analysts’ ability to effectively map a firm’s SG&A ratio into their earnings 

prediction models. This may considerably affect their assessment uncertainty and prediction 

accuracy and provide a significant incentive to search for information-relevant external cues 

to assess a firm’s SG&A ratio.  

Institutional theory arguments (DiMaggio and Powell 1983, Deephouse 1996, Dacin 

1997, Kondra and Hinings 1998) reinforce the relevance of social comparison in performance 

feedback when they suggest that in the absence of normative guidelines, organisational agents 

have strong incentives to resort to social proof of appropriate behaviour
21

 as a cognitive 

heuristic to reduce uncertainty. Social proof would be most influential when decision makers 

are uncertain about the value and consequences of specific behaviour and when they are able 

to observe the decisions and behaviour of others (Cialdini 1993). In such a context, 

organisational agents are more open to external sources of information and to information 

implicit in the actions of others, in order to structure their own decisions. Imitation of the 

behaviour of relevant others would offer cues that enable other entities to view the behaviour 

in question as sensible, more appropriate and less risky and less costly (Sudharshan et al. 

2013). 

In a similar vein, we argue that financial analysts may resort to industry-based peer 

comparison of target firms as a cognitive heuristic to guide risk assessments, helping them to 

evaluate incentives to follow a firm, reduce assessment uncertainty and improve earnings 

prediction effectiveness. This would be especially so when they consider fundamental but 

ambivalent signals such as change in reported SG&A. Analysts are expected to complement 

historical performance comparison with socially-derived assessments and compare a firm’s 

reported SG&A ratio with social clues, such as SG&A ratios that are prevalent among other 

firms in the focal firm’s industry-specific peer group, in order to set reasonable expectations 

of SG&A aspiration levels and normatively infer a dividing line between satisfactory and 

unsatisfactory performance (Ketchen and Palmer 1999). To the extent that the use of such 

socially-derived performance benchmarks are effective in reducing information uncertainty, 

they are expected to affect analyst coverage and improve analyst earnings forecasting 

behaviour. 
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 Social proof is a cognitive heuristic by which we “view a behaviour as correct in a given situation to the degree to which we see others 

performing it.” (Cialdini, 1993: 95). 
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 In line with expectations, we document a negative relationship between similarity in 

reported SG&A to an industry-specific peer-based benchmark (henceforth referred to as 

SG&A similarity) and analyst following, suggesting that financial analysts use socially-

derived SG&A benchmarks to assess opportunities and benefits of following a particular firm. 

Moreover, our results show a negative relationship between change in SG&A similarity and 

analyst forecast dispersion on one-year-ahead earnings, especially for firms with an SG&A 

ratio above the industry-specific peer-based benchmark in the previous period. We also 

document a positive association between change in SG&A similarity and accuracy of analyst 

earnings forecasts for a sub-sample of firms with an SG&A ratio above the industry-specific 

peer-based benchmark in the previous period. These results suggest that an increase in SG&A 

similarity tends to effectively reduce uncertainty in analysts’ information environment, with 

the intra-industry benchmark in a pivotal normative role. Consistent with a varying weights 

model of social comparison, analysts are less likely to rely on social comparison when a firm 

performs better than the social benchmark and managerial intent is less expected. 

Our paper contributes to the literature in different ways. First, this study adds to both 

the literature on overhead reporting and on financial analysts’ processing of accounting 

information by documenting how SG&A is relevant for and feeds into analysts’ earnings 

forecasting work. Our empirical results suggest that financial analysts effectively use peer-

based comparisons as indicators of the meaningfulness and appropriateness of highly 

discretionary disclosure cues, allowing them to reduce assessment uncertainty and improve 

prediction effectiveness. Second, our findings offer substantive evidence for arguments that 

firms may reduce information asymmetry between management and financial analysts on 

more ambiguous items by adjusting similarity between their discretionary reporting-related 

decisions with those of similar firms. In this respect, our study also adds to the theoretical 

literature on corporate disclosure by elaborating on the economic relevance of an imitation-

driven (benchmarked) disclosure policy for disclosure issues that are characterised by 

prominent public exposure and relatively high intrinsic ambiguity. Third, our study 

contributes to the behavioural literature on social comparison feedback (BTOF) by examining 

the relationship between social comparison and information asymmetry as perceived by 

external constituents. Fourth, by focusing on the economic effects of overhead reporting in 

financial statements, this study adds to the scarce literature on the intersection of management 

accounting and financial reporting. As such, our study provides additional insights on 

interdependencies between these accounting disciplines.  
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 The remainder of the paper is organised as follows. In Section 2, we develop our 

theoretical framework on the relevance of peer-based benchmarking information of reported 

SG&A for properties of analyst behaviour, and formulate our hypotheses. In Section 3, we 

elaborate on the research design and introduce our empirical models. In Section 4 we present 

our results, while in Section 5 we discuss our results and conclude. 

2. THEORETICAL BACKGROUND AND HYPOTHESIS DEVELOPMENT  

2.1. SG&A ambivalence and social comparison incentives 

A firm’s SG&A is a prominent metric in the financial statements of US firms. SG&A 

is commonly reported as a separate line item in the income statement and figures as a focal 

discussion topic in the MD&A section of the quarterly and annual financial reports. It is often 

specifically commented on in earnings press releases. SG&A generally represents a 

considerable portion of a firm’s sales and total expenses. As an illustration, in our sample, 

SG&A accounts for, on average, 29% of net sales (with a median value of 25%) and 30% of 

total expenses (with a median value of 26%).
22

   

Reported SG&A is considered to be a key diagnostic for external users when assessing 

a firm’s cost behaviour and resource allocation (Messier 2000, Healy and Palepu 2001, 

Anderson et al. 2007). From a fundamental analysis
23

 perspective, change in relative SG&A is 

typically seen as part of a set of fundamental signals that are incrementally informative about 

change in future earnings and financial analysts seem to capture those signals and incorporate 

them in their forecasting work (Ou and Penman 1989, Lev and Thiagarajan 1993, Abarbanell 

and Bushee 1998). In fundamental analysis, increases of relative SG&A are commonly 

perceived as management’s inability to control costs and inefficient cost management and this 

is expected to negatively impact future performance (Lev and Thiagarajan 1993, Anderson et 

al. 2007, Baumgarten et al. 2010). Conversely, decreases in the SG&A ratio are interpreted as 

a sign of tight managerial control over costs and increased efficiency, leading to better future 

performance. However, empirical evidence does generally not lend support to this view. 

Abarbanell and Bushee (1997) investigate value-relevance of nine of the fundamental signals 

identified by Lev and Thiagarajan (1993), including change in relative SG&A. Interestingly, 

they show that seven of the nine fundamentals are significantly related to one-year-ahead 

                                                 
22

 These values are in line with those reported by Baumgarten et al. (2010). 
23

 Fundamental analysis focuses on examining specific financial statement items and ratios, in order to trace information that is useful for 

predicting future earnings and firm value. Changes in financial statement items and ratios are considered informative, if they provide 
information beyond that contained in current earnings. 
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change in earnings, but not SG&A. More recently, Baumgarten et al. (2010) also do not find a 

significant overall impact of change in the SG&A ratio on subsequent earnings changes. 

These findings suggest that change in relative SG&A provides a more ambiguous signal about 

a firm’s performance than the other fundamentals. Different sources of ambiguity underlie the 

ambivalence of the SG&A signal for external observers: substantive uncertainty, allocation 

discretion and the fixed nature of part of SG&A. 

From a substantive perspective, decision-making with regard to SG&A spending is 

generally not straightforward. On the one hand, SG&A are essential to produce long-term 

value for a firm by enhancing brand reputation and operating efficiency. In this regard, 

Banker et al. (2011) document that current SG&A are positively related to future operating 

income before SG&A. On the other hand, Lev and Thiagarajan (1993) show that an increase 

in SG&A relative to sales is easily interpreted by capital markets as a negative signal. Optimal 

levels of relative SG&A are probably hard to assess. A restrictive approach to overhead costs 

(“less is better”) may give rise to the issue with regard to under-resourcing of critical 

activities and consequently missing growth opportunities, whereas chasing growth at any cost 

might lead to SG&A expenses rising to inappropriate levels (Deloitte 2004). Moreover, 

managers have incentives to opportunistically affect SG&A spending (Gunny 2010). In this 

regard, agency theory suggests that managers may execute their discretion in SG&A decision 

making for self-interested resource commitments. They may grow firms larger than the 

optimal size through higher than necessary SG&A endowments, in order to attain higher 

salaries, bonuses, promotion or commissions (Chen et al. 2012), leading to suboptimal SG&A 

levels. Although determining whether a firm’s SG&A resource allocation adequately supports 

its strategy is probably an essential input for earnings prediction work, there is no generally 

accepted model to assess overhead cost effectiveness. Previous studies looking at cost drivers 

to explain the level of overhead expenses were generally not very successful in documenting 

strong causal factors, except for firm size and industry (Anderson et al. 2003, Deloitte 2004). 

Efficiency and effectiveness criteria are generally hard to apply to overhead costing, and more 

so for external observers. 

At a reporting level, allocation discretion adds to uncertainty with regard to the 

motives and effectiveness of overhead spending and further compounds perceived ambiguity 

of reported SG&A. SG&A include many indirect cost items that are allowed to be allocated 

either to SG&A or to Cost of Sales (COS) (Mintz 1994, Lazere 1995). The Financial 
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Accounting Standards Board (FASB) does not strictly delineate the cost items that firms can 

relegate to SG&A (Mintz 1994). Also the Securities and Exchange Commission (SEC) allows 

considerable flexibility to classify different types of expenses, so that some components of 

reported SG&A in one firm may be assigned to COS in another firm. This lack of clear rules 

allows for considerable SG&A allocation discretion. 

SG&A have also been shown to behave particularly asymmetric over time, which 

complicates ramifications of cost behaviour for earnings prediction (Anderson et al. 2003, 

Anderson et al. 2007, Weiss 2010, Chen et al. 2012). Anderson et al. (2003) document that 

SG&A decrease less when sales decrease than they increase when sales increase. The 

observation that SG&A do not tend to move proportionately with increases and decreases in 

sales is referred to as SG&A stickiness. Anderson et al. (2007) relate the lack of association 

between change in relative SG&A and future earnings changes to the stickiness of SG&A and 

partition their sample into firm-years with increasing sales and firms with decreasing sales. 

They find a positive association of change in the SG&A ratio and future earnings when sales 

are increasing, but a negative one when sales are decreasing. They argue that “SG&A 

stickiness” may be caused by both managerial intent and the fixed nature of some SG&A. In 

cases where managers, hoping that sales will rebound, maintain costs when sales are 

decreasing, an increase in the SG&A ratio would reveal positive information about future 

performance, in direct conflict with the general expectation of fundamental analysis. 

Anderson et al. (2007) investigate this hypothesis and show that increases in the SG&A ratio 

when sales decrease signal better future performance. 

These arguments and findings suggest that, without information on underlying 

circumstances and managerial intent, interpretation of a change in the SG&A ratio on its own 

is a difficult task for external observers. As professional intermediaries, financial analysts are 

likely to be aware of the inherent ambiguities of reported SG&A. Lacking clear normative 

guidelines and transparency of internal SG&A decision-making, analysts are expected to 

complement ‘historical’ performance comparison with ‘social’ performance comparison, 

whereby a firm’s performance is compared with performance of other firms within its peer 

group (Panagiotou 2007, Shinkle 2012, Washburn and Bromiley 2012). Consistent with 

institutional conformity theory (Deephouse 1996, Barreto and Baden-Fuller 2006, Rhee et al. 

2006, Combs et al. 2009) and BTOF arguments (Greve 2008, Schimmer and Brauer 2012), 
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such socially-constructed proof
24

 of appropriate SG&A behaviour would function as a 

cognitive heuristic to infer sensible expectations of aspired SG&A levels and differentiate 

satisfactory from unsatisfactory cost behaviour, enabling them to better assess information 

uncertainty with regard to reported SG&A and improve earnings prediction.  

2.2. Social comparison heuristics 

A socially-constructed benchmark to compare a firm’s performance would 

heuristically function to distill consensual target behaviour (Moliterno et al. 2014), with 

increasing similarity towards the benchmark signalling appropriate action and reducing 

perceived uncertainty with regard to underlying behaviour. A socially-derived benchmark 

may, however, not only be used to set expected aspiration levels, but could also hold a strong 

normative layer (Moliterno et al. 2014), when it is cognitively translated as a borderline 

between what actors perceive as success or failure, driving management’s actions to adjust 

performance (Schimmer and Brauer 2012).  

Prior research suggests that firms with performance above a socially-derived 

aspiration level would assess their performance differently than those below the social 

benchmark, with firms performing better being much less preoccupied with social targets and 

even tending to completely ignore social comparison in performance feedback (Bromiley 

1991, Schimmer and Brauer 2012, Washburn and Bromiley 2012). Weights assigned to social 

performance comparison and historical performance comparison in the formation of expected 

targets would then vary with relative performance. Social comparison would be particularly 

prevalent when a firm’s performance is evaluated as being worse than the socially-constructed 

target, as failing to achieve a target performance level is likely to prompt “problemistic 

search” (Cyert and March 1963) and intended managerial action (Shinkle 2012). Intended 

performance change would thus be more likely when prior performance is below rather than 

above socially-derived aspiration levels. When firms are performing better than the aspiration 

level, they are expected to prefer the status quo, strive for slightly better performance but not 

to endanger their performance relative to aspiration level (Schimmer and Brauer 2012, 

Shinkle 2012). In that vein, social performance clues could also be looked for to infer 

managerial intent behind a change in SG&A. Relatedly, Baumgarten et al. (2010) use industry 
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 Social proof of appropriate behaviour is likely to be used by decision agents when ramifications and value assessments of specific 

behaviour are highly ambiguous, but behaviour of comparable entities is publicly observable (Cialdini 1993, Lieberman and Asaba 2006). In 

such a context, decision makers are likely to be more susceptible to external information sources or to information implicit in the actions of 

others in order to structure their own assessments. Actions and decisions of peers would be considered primary cues that enable observers to 
assess observed discretionary behaviour as sensible, appropriate or risky. 
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averages to infer whether an increase in SG&A was intended, with a firm’s past SG&A ratio 

below its industry average representing efficient SG&A cost management.  

If the varying weights idea of social comparison, proposed by Cyert and March 

(1963), holds for financial analysts, this would imply that social comparison information 

would have stronger impact on their assessments for firms performing worse than the 

socially-derived benchmark, i.e. for firms with an SG&A ratio above the socially-derived 

aspiration level. Moreover, taking into account managerial intent, which grounds the varying 

weights idea, may improve assessments of the value-relevance of the SG&A signal 

(Baumgarten et al. 2010) and, thus, earnings prediction. This suggests that an analysis of the 

impact of change in similarity on  analysts’ earnings forecasting without considering the 

normative function of social comparison, would not necessarily lead to better earnings 

prediction. 

2.3. Industry-specific peer-based comparison   

Prior literature highlights the role of a firm’s industry as a primary trait to identify 

relevant referents (peer firms) to compare and judge the firm’s decisions and observed 

behaviour  (Dye and Sridhar 1995, Porac et al. 1995, Porac et al. 1999). As financial analysts 

tend to specialise in specific industries (Fogarty and Rogers 2005) and generally consider 

industry conditions and prospects as part of their information environment (Ramnath et al. 

2008), they may be particularly prone to use a firm’s primary industry as a first choice to look 

for social evidence of appropriate behaviour. Given their industry frame of analysis, they are 

probably highly familiar with and knowledgeable about the practices within the industries 

they specialise in. Relatedly, Bradshaw et al. (2010) and Washburn and Bromiley (2012) 

document that financial analysts identify within-industry comparable firms to evaluate a 

firm’s performance. Moreover, primary industry characteristics typically define the categories 

of product and market attributes that affect cost behaviour and are deemed to be diagnostic of 

many underlying aspects of a firm’s business and processes (Porac et al. 1995), including 

overhead cost behaviour and allocations. In this regard, prior research shows that the relative 

level of SG&A is largely industry-specific (Ely 1991, Lazere 1996, Roberts et al. 2011), 

reinforcing the relevance of an industry-based reference scheme. The use of industry 

categories as a basis for comparability judgments is also promoted by the prominence of 

formal industry-based classification systems (such as the Standard Industrial Classification 
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(SIC) code system), their availability in financial databases and their common use in business 

benchmarking practices (McNair and Leibfried 1992). 

 Prior studies (e.g., Porter 1979, Fiegenbaum and Thomas 1995, Moliterno et al. 2014) 

do however indicate that organisational decision makers usually construct meaningful peer 

groups that are smaller than the whole industry. As discussed in Ecker et al. (2011), several 

researchers argue that industry definitions do not do a good job of capturing heterogeneity 

that actually exists within an industry. In that respect, Roberts et al. (2011) does not only 

observe substantial variation in SG&A between industries, but also within industry groups. 

For example, across the majority of industries analysed, they observe a greater than two times 

difference between the 25th and 75th percentile. 

The literature on peer group determination argues that peer groups comprise firms that 

follow comparable strategies in terms of key strategic dimensions, including size (Panagiotou, 

2007). In line with these arguments, a large body of research on CEO compensation indicates 

that peer firms are typically selected based on similarity in terms of both industry and firm 

size to the focal firm (e.g., Bizjak et al. 2008, Albuquerque 2009, Black et al. 2011). In a 

related vein, De Franco et al. (2012) document that about 98% of analyst reports in their 

sample explicitly use a within-industry benchmarking approach and that industry and firm 

size are factors that analysts take into account to select peer firms. As argued by Ecker et al. 

(2011), firm size evidently subsumes many economic factors, such as growth, complexity and 

monitoring, that are likely to affect SG&A. As mentioned earlier, previous studies looking at 

cost drivers to explain the level of overhead expenses were generally not very successful in 

documenting strong causal factors, except for firm size and industry (e.g., Anderson et al. 

2003, Deloitte 2004). 

2.4. Hypotheses development  

2.4.1 Analyst coverage 

The literature on analyst following (Bhushan 1989, Yu 2010, Lobo et al. 2012) 

indicates that the extent of analyst following is determined by the supply of and the demand 

for analyst services. Moreover, prior studies, alike Barth et al. (2001), Bhushan (1989) and 

Raghuram and Servaes (1997) indicate that financial analysts do not randomly choose firms 

to follow, but weigh costs and benefits of following a firm. Analysts will follow a firm, if 

personal benefits of following a firm outweigh costs of covering the firm (information 
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acquisition, information processing and information interpretation costs). In that regard, prior 

literature documents that increased (decreased) information asymmetry between a firm and 

outsiders tends to increase (lessen) opportunities for profitable private information acquisition 

activities by financial analysts (Barth et al. 2001, Ahn and Cai 2005, Lehavy et al. 2011, Lobo 

et al. 2012). Such opportunities would result in more (less) profitable investment 

recommendations and increasing (decreasing) trading commissions, so that increased 

(decreased) information asymmetry results in higher (lower) analyst coverage (Clinton et al. 

2014).  

To the extent that financial analysts use an industry-specific peer-based benchmark as 

a socially-constructed target to set consensual expectations for effective SG&A behaviour, 

higher similarity of reported SG&A to the benchmark would lead to lower risk assessment 

and less perceived information uncertainty with regard to a firm’s SG&A, with less 

information uncertainty negatively affecting information asymmetry (Lambert et al. 2012). 

Since financial analysts rely on information already transmitted to the capital markets by a 

firm, their privately acquired information may substitute for firm-provided information 

(Byard et al. 2006). In that regard, lower information asymmetry between firms and outsiders 

via a higher SG&A similarity is likely to decrease the personal benefits that are expected to 

accrue to analysts, resulting in lower analyst coverage. Thus, our first hypothesis is 

formulated as follows: 

H1: There is a negative association between similarity to an industry-specific peer-based 

benchmark in reported SG&A and analyst coverage. 

2.4.2. Analysts’ earnings forecast dispersion and earnings forecast accuracy 

Prior research shows that analyst forecast dispersion reflects information asymmetry 

between firms and analysts and related analyst uncertainty (Barry and Jennings 1992, Barron 

et al. 1998, Clinton et al. 2014). Using the standard deviation of analysts’ forecasts, analyst 

forecast dispersion captures the distribution of possible beliefs about expected earnings 

among analysts with regard to a focal firm. As such, analyst forecast dispersion indicates 

disagreement over common information and the effect of differences in private information 

among them (Baginski et al. 2011). An uncertainty-reducing cognitive effect of a similarity 

signal (i.e., change in similarity) would imply that an increase in similarity to an industry-

specific peer-based SG&A benchmark adds incremental common interpretation of firm-

specific information. That is, an increase in similarity should tighten the distribution of 
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analysts’ beliefs. Moreover, if increase in similarity reduces analysts’ costs of processing and 

interpreting reported SG&A, it would enhance their ability to correctly impound all related 

pertinent information in their earnings assessments and lead to less equivocality and more 

agreement among them (Lehavy et al. 2011). 

Next to forecast dispersion, earnings forecast accuracy is commonly used to study the 

usefulness of company disclosures and other public information for analysts’ earnings 

prediction work (Gu and Wu 2003, Irani and Karamanou 2003, Ciccone 2005, Zhang 2006, 

Behn et al. 2008, Haw et al. 2010, Weiss 2010, Lehavy et al. 2011). Analyst forecast accuracy 

signals financial analysts’ effectiveness in predicting a firm’s future performance (Lehavy et 

al. 2011). Additional credible public information is expected to affect not only analyst 

forecast dispersion, but also analyst forecast accuracy (Barron et al. 1998), as the accuracy of 

analysts’ forecasts decreases in an environment of high uncertainty (Lim et al. 2013). To the 

extent that change in similarity between a firm’s SG&A ratio and an industry-specific peer-

based benchmark contributes to more than perception management and incorporates public 

information on the true value of SG&A behaviour (e.g., the extent of a firm’s effectiveness in 

controlling overhead costs and/or enhancing the quality of SG&A resource allocation 

decisions), it should also enhance the accuracy of analysts’ earnings predictions.
25

 Thus, we 

formulate our second and third hypothesis as follows: 

H2: There is a negative association between change in similarity to an industry-specific 

peer-based benchmark in reported SG&A and analyst forecast dispersion 

H3: There is a positive association between change in similarity to an industry-specific 

peer-based benchmark in reported SG&A and analyst forecast accuracy 

2.4.3. Analyst earnings forecast properties and the varying weights idea of social 

comparison 

If the varying weights idea of social comparison holds for financial analysts, the 

impact of social comparison information should be stronger when analysts forecast earnings 

for firms performing worse than the socially-derived benchmark, i.e. for firms with a prior 

SG&A ratio above benchmark. Moreover, if taking into account presumed managerial intent 

                                                 
25

 In this regard the forecast properties differ in the way they enable assessment of information usefulness. Forecast dispersion reflects 

analyst uncertainty about a firm’s future profitability (Barron, et al., 1998; Barry and Jennings, 1992) whereby every piece of information 

that is capable of altering analysts’ perception of a firm’s future performance is likely to influence the distribution of beliefs about the firm’s 

future earnings, regardless of whether or not the information is value-relevant. Forecast accuracy would, however, be conditioned by the 
value relevance of the information item. 
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behind SG&A behaviour is key to arriving at more accurate earnings prediction, negative 

social comparison feedback (i.e. performing worse than a socially-derived benchmark) would 

be more predictive for intended managerial action, as it necessitates problemistic search to 

correct historical performance. A firm with an SG&A ratio above benchmark would be 

perceived as being out of control (Baumgarten et al. 2010), raising doubt
26

  about the 

effectiveness of its SG&A behaviour and inducing need for corrective action. On the other 

hand, a below-benchmark SG&A ratio would be interpreted as indicative of a firm’s success 

in effectively controlling SG&A. Such firms will be less likely to be guided by other firms in 

their peer group, as they already outperformed their peers in terms of reported SG&A. In that 

regard, the predictive power of the change in similarity (similarity signal) for earnings 

prediction would be enhanced for firms with negative social comparison feedback. Consistent 

with the varying weights idea of social comparison, we hypothesise: 

H4: The association between change in similarity to an industry-specific peer-based 

benchmark in reported SG&A and analyst forecast dispersion will be strengthened  for 

firms with an SG&A ratio larger than the benchmark in the previous period. 

H5: The association between change in similarity to an industry-specific peer-based 

benchmark in reported SG&A and analyst forecast accuracy will be strengthened  for firms 

with an SG&A ratio larger than the benchmark in the previous period. 

3. RESEARCH DESIGN 

3.1. Sample and data 

In order to test our hypotheses, we rely on a sample of listed US firms and consider a 

ten-year period from 2002 to 2011. From COMPUSTAT North-America, we select all US 

firms with available data for SG&A, net sales and lagged total assets (i.e., all data required to 

define peer groups and measure our similarity proxy), over the period under study.
27

 

Analogous to prior research on SG&A (e.g., Anderson et al. 2003, Anderson et al. 2007), 

observations with the following characteristics are eliminated from our sample: (1) SG&A 

expenses larger than net sales; (2) banks, insurance firms and all other financial institutions 

(i.e., primary SIC industry codes between 6000 and 6799); and (3) public administrative 

                                                 
26

 Financial analysts are expected to have more dispersed beliefs about the cost behaviour and future earnings of a firm with an SG&A ratio 

above the benchmark. Predicting future performance and earnings of such a firm is also likely to be more difficult, due to difficulties in 

predicting the future earnings effect of overhead expense behaviour (including SG&A). 
27

 We eliminate observations with missing, negative or zero value on these data items. 
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institutions, (i.e., primary SIC industry codes above 9000), because of the specific income 

statement structure of these firms. In addition, we exclude industries (at two-digit SIC 

industry code level) that consist of less than 44 observations (on an annual basis).
28

 This 

results in an initial sample of 31,407 observations that is used to determine our proxy for 

similarity to the industry-specific peer-based benchmark. The yearly number of observations 

ranges from 3,605 in 2002 to 2,155 in 2011. 

Next, we merge the data obtained from COMPUSTAT (i.e., our similarity proxy and 

control variables) with data from I/B/E/S (i.e., analyst forecast data), CRSP (i.e., stock prices 

on forecast date) and Thomson Reuters (i.e., data on institutional holdings). By restricting the 

sample to observations with available data for all relevant variables, our final sample consists 

of 8,989 up to 11,153 firm-year observations, depending on the specific empirical model used 

for hypothesis testing. The reduction in sample size mainly results from matching 

COMPUSTAT data with I/B/E/S data. Besides, consistent with prior studies (e.g., Irani and 

Karamanou 2003, Ciccone 2005), we only retain firms that are followed by at least two 

financial analysts. 

All continuous variables are winsorized at the top and bottom 1% of their 

distributions, whereby outlying values are restated to the largest non-outlying value to avoid 

the potential influence of outliers.
29

 

3.2. Measurement of similarity to an industry-specific peer-based benchmark 

Following the literature discussed in Section 2.3, we select peer firms based on both 

industry and firm size. In line with prior research (e.g., Albuquerque 2009, Black et al. 2011, 

Gong et al. 2011), within each industry (based on 2-digit SIC industry codes), observations 

are assigned to quartiles in terms of firm size (based on total assets
30

 at the beginning of the 

accounting period). On an annual basis, firms within the same industry and size quartile are 

then considered industry-specific peers. For each focal firm, the average practice among its 

peers (i.e., the average SG&A ratio of the firms within the same industry and size quartile) is 

then used as the industry-specific peer-based benchmark of reported SG&A. In line with prior 

                                                 
28

 44 is set arbitrarily to ensure the presence of at least 11 observations with available primary data within each peer group. As will be 

discussed in Section 3.2, firms within each industry are assigned to size quartiles to define peer groups 
29

 As the number of observations in our models is usually substantial (i.e., overall more than 5,000) we are less concerned with outlier 

effects beyond the one removed via winsorization. Nevertheless, in order to detect and remove highly influential observations, we dropped 

the observations with Cook’s D larger than the common threshold (i.e. 4/number of observations), after fitting each OLS model. This 
elimination (1) results in the decrease in the number of observations by less than 6% (regardless of the model) and (2) does not qualitatively 

alter our results. 
30

 We also considered market capitalisation as a proxy for firm size. Reported results are not materially affected by using market value, 

instead of total assets, to select peer firms.   
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research (e.g., Finkelstein and Hambrick 1990, Deephouse 1996), we rely on the following 

equation to determine our similarity score: 

𝐷𝑆𝑖𝑡 =
𝐴𝐵𝑆 [(

𝑆𝐺&𝐴
𝑆𝑎𝑙𝑒𝑠

)𝑖𝑡 − 𝑀 ((
𝑆𝐺&𝐴
𝑆𝑎𝑙𝑒𝑠

)𝑡)]

𝑆𝐷 ((
𝑆𝐺&𝐴
𝑆𝑎𝑙𝑒𝑠

)𝑡)
 

Where (
𝑆𝐺&𝐴

𝑆𝑎𝑙𝑒𝑠
)𝑖𝑡 denotes the SG&A ratio for the focal firm i in year t. 𝑀 ((

𝑆𝐺&𝐴

𝑆𝑎𝑙𝑒𝑠
)𝑡) and 

𝑆𝐷 ((
𝑆𝐺&𝐴

𝑆𝑎𝑙𝑒𝑠
)𝑡) denote the average and standard deviation of SG&A ratios in the focal firm’s 

industry-specific peer group.  

In order to transform the obtained dissimilarity score
31

 (i.e., the preceding equation 

results in a dissimilarity score) into a score that captures similarity (or a similarity score, 

henceforth, SIMSCORE), we multiply all dissimilarity scores by minus one. After this 

transformation, higher values indicate greater similarity between a firm’s SG&A ratio and the 

industry-specific peer-based benchmark.  

3.3. Empirical models 

In line with prior studies on analyst following (e.g., Lang et al. 2003, Yu 2008, Yu 

2010, Lobo et al. 2012), we estimate the following model to test H1 (equation 1): 

𝑨𝑵𝑨𝑳𝑭𝑶𝑳𝒊𝒕 = 𝜶𝟎 + 𝜶𝟏𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬32
𝒊𝒕−𝟏

+ 𝜶𝟐𝑰𝑵𝑺𝑻𝑯𝑳𝑫𝒊𝒕 + 𝜶𝟑𝑺𝑰𝒁𝑬𝒊𝒕 + 𝜶𝟒𝑺𝑼𝑹𝑷𝑹𝑰𝑺𝑬𝒊𝒕

+ 𝜶𝟓𝑳𝑶𝑺𝑺𝒊𝒕 + 𝜶𝟔𝑳𝑬𝑽𝒊𝒕 + 𝜶𝟕𝑽𝑶𝑳𝑨𝑻𝑰𝑳𝑰𝑻𝒀𝒊𝒕 + 𝜶𝟖∆𝑺𝑨𝑳𝑬𝑺𝒊𝒕 + 𝛼9𝑴𝑻𝑩𝒊𝒕

+ 𝜶𝟏𝟎𝒀𝒆𝒂𝒓𝒊𝒕 + 𝜺𝒊𝒕     

Where, 

𝐴𝑁𝐴𝐿𝐹𝑂𝐿:  Analyst following, being the number of analysts following the firm at 

the end of month four after fiscal year-end date; 

𝑆𝐼𝑀𝑆𝐶𝑂𝑅𝐸:  SG&A similarity score; 

𝐼𝑁𝑆𝑇𝐻𝐿𝐷:  Institutional holdings, being the percentage of a firm’s shares held by 

institutional investors at fiscal year-end date; 

                                                 
31

 The dissimilarity score (DS) corresponds to SOCOMP in Study 1. 
32

 Consistent with some prior studies (e.g., O'Brien and Bhushan 1990, Lang and Lundholm 1996, Barth et al. 2001, Lehavy et al. 2011), we 

also estimate equation 1, using current SIMSCORE as the main independent variable.  
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𝑆𝐼𝑍𝐸:  Firm size, being the natural logarithm of total assets at fiscal year-end 

date;
33

 

𝑆𝑈𝑅𝑃𝑅𝐼𝑆𝐸:  Earnings surprise, being the absolute value of the change in earnings 

per share (EPS) at fiscal year-end date (i.e., EPSt – EPSt-1), scaled by 

EPSt-1;
34

 

𝐿𝑂𝑆𝑆:   Dummy variable that is coded one if the firm reports a loss in the 

current fiscal year; and zero otherwise; 

𝐿𝐸𝑉:    Leverage, being total debt scaled by total assets; 

𝑉𝑂𝐿𝐴𝑇𝐼𝐿𝐼𝑇𝑌:  Volatility of return on assets (ROA), being the standard deviation of 

ROA over the last five years; 

∆𝑆𝐴𝐿𝐸𝑆:  Change in net sales at fiscal year-end date, scaled by Salest-1 (i.e., 

(∆Salest/Salest-1); 

𝑀𝑇𝐵:  Market-to-book, being sum of market value of equity and book value of 

debts, scaled by total assets; 

𝑌𝑒𝑎𝑟:    Year dummies; 

i and t:   Denote firms and years. 

 

The main variable of interest is SIMSCORE. As posited in H1, we expect a 

significantly negative coefficient for this variable. Institutional holdings (INSTHLD) may 

affect both the supply of and demand for analysts’ services. However, the directional 

influence of INSTHLD on analyst following is not predictable, because institutional investors 

may rely on in-house analysts. SIZE is used as a proxy for the firm’s information 

environment. We also control for firm characteristics that make earnings more difficult to 

predict (i.e., SURPRISE, LOSS, LEV and VOLATILITY). Because Barth et al. (2001) 

document that sales growth is positively associated with analyst following, we therefore 

include ∆SALES as an additional control variable. Given the fact that firms with higher 

potential for growth in the future are argued to be closely followed by investors and likely to 

                                                 
33 Using natural logarithm of market value of a firm as a proxy for size does not materially change our results. 
34 Using lagged stock price at fiscal year-end date as a scalar yields qualitatively similar findings. 
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generate greater trading commissions (Lobo et al. 2012), we also control for MTB, while a 

positive coefficient for MTB is expected. 

Consistent with prior studies (e.g., Bae et al. 2008, Boubaker and Labegorre 2008, 

Johnston et al. 2009), we employ the negative binomial technique to estimate equation 1 and 

test H1 as the number of analysts following a firm is a positive integer (count data).
35

 

In line with prior studies on analyst earnings forecast properties (e.g., Bradshaw, et al., 

2010; Behn et al., 2008; Haw et al., 2010; Lehavy et al., 2011), we estimate the following 

model to test H2 and H3 (equation 2 (3)): 

𝑫𝑰𝑺𝑷𝒊𝒕 (𝑨𝑪𝑪𝑼𝑹𝒊𝒕+𝟏 )

= 𝜶𝟎 + 𝜶𝟏∆𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬𝒊𝒕 + 𝜶𝟐𝑵𝑼𝑴𝑨𝑵𝒊𝒕 + 𝜶𝟑𝑺𝑰𝒁𝑬𝒊𝒕 + 𝜶𝟒𝑺𝑼𝑹𝑷𝑹𝑰𝑺𝑬𝒊𝒕

+ 𝜶𝟓𝑳𝑶𝑺𝑺𝒊𝒕 + 𝜶𝟔𝑳𝑬𝑽𝒊𝒕 + 𝜶𝟕𝑽𝑶𝑳𝑨𝑻𝑰𝑳𝑰𝑻𝒀𝒊𝒕 + 𝜶𝟖𝒀𝒆𝒂𝒓𝒊𝒕 + 𝜺𝒊𝒕  

Where, 

𝐷𝐼𝑆𝑃:  Analyst forecast dispersion, being the standard deviation of analyst 

forecasts of one-year ahead EPS at the end of month four after fiscal 

year-end date, scaled by stock price at the same date; 

𝐴𝐶𝐶𝑈𝑅:  Analyst forecast accuracy, being the absolute value of the difference 

between the average analyst forecast of one-year ahead EPS, at the 

beginning of month 8 before fiscal year-end date and actual one-year 

ahead EPS, scaled by stock price on the day of the forecast, multiplied 

by minus one; 

∆𝑆𝐼𝑀𝑆𝐶𝑂𝑅𝐸: Change in similarity score, being SIMSCOREt minus SIMSCOREt-1 

𝑁𝑈𝑀𝐴𝑁:  Natural logarithm of the number of analysts following the firm at fiscal 

year-end date. 

                                                 
35

 Alternatively, a Poisson regression technique, with the underlying assumption that the mean and variance of the distribution of the 

dependent variable are equal (equidispersion) (Wooldridge 2002), could be used. The distribution of the number of analysts following the 
firm  is, however, overdispersed in our sample (variance equals 49.2568, while the mean equals 7.9583), violating a key underlying 

assumption of a Poisson distribution. The violation of the equidispersion assumption could be remedied by employing the pseudo maximum 

likelihood technique as suggested by Gourieroux et al. (1984). A negative binomial technique generalises the Poisson model, by allowing the 

mean and standard deviation of the dependent variable to differ (Long 1997, Rock et al. 2000). Although results of a Poisson regression 

using pseudo maximum likelihood technique and a negative binomial regression are usually argued not to be materially different, we, 

alternatively, estimate a Poisson regression, using a pseudo maximum likelihood technique. As expected, results (not reported, but available 
from the authors upon request) are qualitatively similar. 
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For the other variables, we refer to the variable definitions for model (1). The main 

variable of interest is ∆SIMSCORE. Based on H2 (H3), we predict a negative (positive) 

coefficient for ∆SIMSCORE, employing DISP (ACCUR) as the dependent variable. We 

control for other variables found to affect analyst earnings forecast properties in prior studies 

(e.g., Lang and Lundholm 1996, Brown 2001, Duru and Reeb 2002, Ciccone 2005, Behn et 

al. 2008, Weiss 2010, Lehavy et al. 2011). Specifically, we control for NUMAN and SIZE as 

proxies for the firm’s information environment and expect a negative (positive) coefficient in 

the forecast dispersion (accuracy) model. Earnings of firms experiencing a larger earnings 

surprise (SURPRISE) and/or reporting a loss (LOSS) are more difficult to predict and we 

therefore expect a positive (negative) coefficient for these variables in the forecast dispersion 

(accuracy) model. We also include LEV as a proxy for financial risk, which is likely to result 

in lower predictability of future earnings. Thus, we expect a positive (negative) coefficient for 

LEV in the forecast dispersion (accuracy) model. Earnings of firms with more volatile 

performance (VOLATILITY) are more difficult to predict and we therefore expect a positive 

(negative) coefficient for this variable in the forecast dispersion (accuracy) model. 

In order to test H4 and H5, we split our sample into two sub-samples, depending on 

whether the firm has an SG&A ratio that exceeds or falls below the industry-specific peer-

based benchmark in the previous period. Next, we estimate equations 2 and 3 separately for 

both sub-samples. As an alternative, we estimate equations 2 and 3 including a dummy 

variable that is coded one if the firm’s SG&A ratio exceeds the industry-specific peer-based 

benchmark in the previous period (and zero otherwise) (to be denoted by ABOVE) and its 

interaction with ∆SIMSCORE (to be denoted by ABOVE*∆SIMSCORE). 

 To estimate the models, stated above, we rely on ordinary least squares (OLS) 

regressions using time fixed effects. We implement adjustments for heteroscedasticity and 

autocorrelation (i.e., we cluster standard errors at firm level).   

4. EMPIRICAL RESULTS 

4.1. Descriptive statistics 

Table 1 presents descriptive statistics for the main variables used in this study before 

and after merging data from COMPUSTAT with data from I/B/E/S, Thomson Reuters and 

CRSP. As shown in Table 1, variables such as total assets and sales, which are typically used 

as proxies for firm size, are substantially larger for the sample under study than for the 
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original sample retrieved from COMPUSTAT. This observation is in line with prior studies 

on analyst earnings forecast properties and confirms that larger firms are more likely to be 

followed by financial analysts. The average absolute amount of SG&A expenses is also 

substantially larger for the sample under study than for the original sample, retrieved from 

COMPUSTAT. As discussed earlier, SG&A constitute a considerable portion of a firm’s sales 

and total expenses. As indicated in Table 1, SG&A expenses account, on average, for 29% of 

net sales (with a median value of 25%) and they also constitute, on average, 30% of total 

expenses (with a median value of 26%) for the sample under study. Further, Table 1 presents 

descriptive statistics for the dependent variables under study. On average, sample firms are 

followed by about 8 analysts (with a median value of 5 analysts). Analyst forecast dispersion 

(DISP) is on average 0.0091 (with a median value of 0.0029). Analyst forecast accuracy 

(ACCUR) is on average -0.0612 (with a median value of -0.0600).  
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TABLE 1: Descriptive statistics 

 COMPUSTAT FINAL SAMPLE 

 Median Mean Std Dev Median Mean Std Dev 

Net sales (million USD) 272.1365 2627.2660 12546.570 656.4050 3986.7150 12720.1000 

SG&A (million USD) 59.9310 538.4307 2176.8570 137.2735 811.2956 2686.8090 

SG&A/Sales .2545 .3007 .2057 .2469 .2878 .1926 

SG&A/Total expenses .2580 .2630 6.1550 .2589 .3007 .2527 

Total assets (million USD) 311.6665 3442.7350 14917.2200 751.5480 5075.1920 17972.7400 

SIMSCORE  -.6857 -.7905 .5904 -.6657 -.7700 .5714 

∆SIMSCORE .0001 .0000 .3956 .0001 -.0000 .3944 

ANALFOL    5.0000 7.9583 7.0183 

DISP    .0029 .0091 .0345 

ACCUR    -.0600 -.0612 1.1333 

INSTHLD    .6375 .5562 .3158 

SIZE    6.6221 6.7586 1.7803 

SURPRISE    .50000 1.9460 7.7056 

LOSS    .0000 .2292 .4203 

LEV    .1561 .1903 .1907 

VOLATILITY    .0410 .0902 .3976 

∆SALES    .0915 .1281 .3583 

MTB    1.5686 1.9521 1.2878 

SIMSCORE a focal firm’s SG&A ratio minus the average SG&A ratio within its industry-specific peer-based group, scaled by the standard deviation of SG&A ratios 

within the peer group; ∆SIMSCORE change in SIMSCORE (i.e., SIMSCOREt – SIMSCOREt-1); ANALFOL the number of analysts following the firm at the end of 

month four after fiscal year-end date; DISP standard deviation of analyst forecasts of one-year ahead EPS at the end of month four after fiscal year-end date, scaled 

by stock price at the same date; ACCUR absolute value of the difference between average analyst forecast of one-year ahead EPS, at the beginning of month 8 before 

fiscal year-end date and actual one-year ahead EPS, scaled by stock price on the day of forecast, multiplied by minus one; INSTHLD percentage of a firm’s shares 

held by institutional investors; SIZE natural logarithm of total assets at fiscal year-end date; SURPRISE absolute value of the change in EPS (i.e., EPSt – EPSt-1) at 

fiscal year-end date scaled by EPSt-1; LOSS dummy variable that is coded one if the firm reports a loss in the current fiscal year, and zero otherwise; LEV total debt 

scaled by total assets; VOLATILITY standard deviation of ROA over the last 5 years; ∆SALES change in net sales at fiscal year-end date (i.e., Salest – Salest-1), 

scaled by Salest-1; MTB the sum of market value of equity and book value of debts, scaled by total assets. 

 

Table 2 presents a correlation matrix. Consistent with H1, we note a negative 

correlation (significant at the 5% level) between SIMSCORE and ANALFOL. The correlation 

between ∆SIMSCORE and DISP is negative (significant at the 10% level), which is 

consistent with H2. In line with H3, we observe a positive correlation (significant at the 10% 
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level) between ∆SIMSCORE and ACCUR. As shown in Table 2, correlations among the 

control variables are modest (they fall all below 0.6) and are, therefore, not indicative of 

multicollinearity problems. Nevertheless, we also considered variance inflation factors (VIFs) 

and the largest VIF equals 2.45. We, therefore, conclude that our results are not materially 

affected by multicollinearity.  
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TABLE 2: Correlation matrix 

 1 2 3 4 5 6 7 8 9 10 11 12  13 

1    ANALFOL 1.0000                         

2    DISP -.1632 *** 1.0000                       

3    ACCUR (3) .2468 *** -.5936 *** 1.0000                     

4    SIMSCORE (4) -.0191 ** -.0539 *** .0631 *** 1.0000  

 

                 

5    ∆SIMSCORE -.0241 ** -.0174 * .0167 * .3039 *** 1.0000                 

6    INSTHLD (6) .3017 *** -.1673 *** .1541 *** .0139  -.0062  1.0000               

7     SIZE (7) .5605 *** -.1115 *** .1837 *** .0190 ** -.0195 ** .1134 *** 1.0000             

8     SURPRISE (8) -.0651 *** .1887 *** -.1418 *** -.0336 *** -.0218 ** -.0083  -.0672 *** 1.0000           

9     LOSS (9) -.1602 *** .4079 *** -.2946 *** -.1151 *** -.0385 *** -.0812 *** -.1996 *** .2084 *** 1.0000         

10   LEV (10) .0482 *** .1795 *** -.0703 *** .0279 *** .0108  .0147  .3288 *** .0453 *** .0979 *** 1.0000       

11   VOLATILITY  -.1138 *** .2012 *** -.2039 *** -.0474 *** .0383 *** -.0841 *** .0556 *** .0556 *** .1998 *** -.0832 *** 1.0000     

12   ∆SALES (12) .0750 *** -.0828 *** .2146 *** .0480 *** .0933 *** .0174 * -.0177 * .0023  -.2046 *** -.0269 *** .0663 *** 1.0000   

13   MTB (13) .1650 ***     -.0006  .0332 *** .0137  -.1616 *** -.0783 *** -.1665 *** -.2236 *** .1795 *** .2165 *** 1.0000 

ANALFOL the number of analysts following the firm at the end of month four after fiscal year-end date; DISP standard deviation of analyst forecasts of one-year ahead EPS at the end of month four after fiscal year-end date, scaled 

by stock price at the same date; ACCUR absolute value of the difference between average analyst forecast of one-year ahead EPS, at the beginning of month 8 before fiscal year-end date and actual one-year ahead EPS, scaled by 
stock price on the day of forecast, multiplied by minus one; SIMSCORE a focal firm’s SG&A ratio minus the average SG&A ratio within its industry-specific peer-based group, scaled by the standard deviation of SG&A ratios 

within the peer group; ∆SIMSCORE change in SIMSCORE (i.e., SIMSCOREt – SIMSCOREt-1); INSTHLD percentage of a firm’s shares held by institutional investors; SIZE natural logarithm of total assets at fiscal year-end date; 

SURPRISE absolute value of the change in EPS (i.e., EPSt – EPSt-1) at fiscal year-end date scaled by EPSt-1; LOSS dummy variable that is coded one if the firm reports a loss in the current fiscal year, and zero otherwise; LEV total 
debt scaled by total assets; VOLATILITY standard deviation of ROA over the last 5 years; ∆SALES change in net sales at fiscal year-end date (i.e., Salest – Salest-1), scaled by Salest-1; MTB the sum of market value of equity and 

book value of debts, scaled by total assets. 
Significance at .10 (*), .05 (**) and .01 (***) levels. 
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4.2. Multivariate results 

Model I (Model II) in Table 3 presents results for estimating equation 1 (i.e., the 

model with ANALFOL as the dependent variable), using lagged (current) SIMSCORE as the 

main independent variable. Consistent with H1, we observe a significantly negative 

relationship between both lagged and current SIMSCORE and ANALFOL. Coefficients for 

the control variables are in line with expectations (and results obtained in prior studies). 

Analysts tend to follow firms with more concentrated institutional ownership, larger firms, 

firms with larger growth in revenue and firms with higher potential for growth in the future 

(i.e., we observe a significantly positive coefficient for INSTHLD, SIZE, ∆SALES and 

MTB). Besides, we observe a significantly negative relationship between ANALFOL and 

firm characteristics that make earnings more difficult to predict (SURPRISE, LOSS, LEV and 

VOLATILITY). Additionally, the overdispersion parameter (α) in model I (model II) is larger 

than zero and the associated chi-squared value of the likelihood ratio test (LR test
36

) is 

7,067.10 (7,042.24) (significant at the 1% level). This suggests that α is non-zero and the 

negative binomial model is more appropriate than the Poisson model. 

 

 

 

 

 

 

 

 

 

 

                                                 
36

 The LR test compares the negative binomial model with the Poisson model, with α = 0 implying that the Poisson model is superior to the 

negative binomial. 
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TABLE 3: Regression results for testing the relationship between 

SG&A similarity and analyst following 

 Model I  Model II 

 Coefficient Sign. Coefficient Sign. 

-0.4458          *** 

-0.0303          *** 

-  

0.8126          *** 

0.2760          *** 

-0.0026          * 

-0.0617          *** 

-0.3788          *** 

-0.3641          *** 

0.1959          *** 

0.1595          *** 

Included  

 

11,153  

 

Sign. 

Intercept -.7401 *** -.7028 *** 

𝒍𝒂𝒈𝒈𝒆𝒅 𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬 -.0260 ***   

𝒄𝒖𝒓𝒓𝒆𝒏𝒕 𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬   -.0474 *** 

INSTHLD .7243 *** .7245 *** 

SIZE .2877 *** .2873 *** 

SURPRISE -.0024 * -.0025 * 

LOSS -.0719 *** -.0683 *** 

LEV -.3792 *** -.3744 *** 

VOLATILITY -.3513 *** -.3509 *** 

∆SALES .1948 *** .2002 *** 

MTB .1709 *** .1712 *** 

YEAR Included  Included  

     

𝛼 (overdispersion) .1875  0.1871  

𝜒2  (LR test) 7,067.1000 *** 7,042.2400 *** 

Pseudo R2 .1211  .1077  

N 11,153  11,153  

This table presents results from estimating equation 1. The dependent variable is ANALFOL, being the number of 

analysts following the firm at the end of month four after fiscal year-end date.   

SIMSCORE a focal firm’s SG&A ratio minus the average SG&A ratio within its industry-specific peer-based 

group, scaled by the standard deviation of SG&A ratios within the peer group; INSTHLD percentage of a firm’s 

shares held by institutional investors; SIZE natural logarithm of total assets at fiscal year-end date; SURPRISE 

absolute value of the change in EPS (i.e., EPSt – EPSt-1) at fiscal year-end date scaled by EPSt-1; LOSS dummy 

variable that is coded one if the firm reports a loss in the current fiscal year, and zero otherwise; LEV total debt 

scaled by total assets; VOLATILITY standard deviation of ROA over the last 5 years; ∆SALES change in net sales 

at fiscal year-end date (i.e., Salest – Salest-1), scaled by Salest-1; MTB the sum of market value of equity and 

book value of debts, scaled by total assets. 

Significance at .10 (*), .05 (**) and .01 (***) levels. 
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Table 4 presents results for estimating equation 2 (i.e., the model with DISP as the 

dependent variable). Model III presents results for the full sample. Consistent with H2, we 

note a significantly negative coefficient for ∆SIMSCORE (significant at the 5% level) based 

on the full sample. Model IV (Model V) presents results for the sub-sample of firms with an 

SG&A ratio larger (smaller) than the industry-specific peer-based benchmark in the previous 

period. Whereas we note a significantly negative coefficient for ∆SIMSCORE (significant at 

the 1% level) in Model IV (i.e., sub-sample of firms with a prior SG&A ratio exceeding the 

benchmark), the coefficient for ∆SIMSCORE does not attain statistical significance in Model 

V (i.e., sub-sample of firms with a prior SG&A ratio falling below the benchmark). This 

observation is consistent with H4. Model VI presents results for the full sample, including a 

dummy variable that is coded one for firms with an SG&A ratio exceeding the benchmark 

(i.e., ABOVE) and its interaction with ∆SIMSCORE (i.e., ∆SIMSCORE × ABOVE). While 

the coefficient for ∆SIMSCORE does not attain statistical significance in Model VI, the 

coefficient for ∆SIMSCORE × ABOVE is significantly negative (significant at the 5% level). 

Again, this finding lends support to H4. Interestingly, the coefficient for ABOVE is 

significantly positive (significant at the 1% level), which is consistent with financial analysts 

having more dispersed beliefs about the cost behaviour and future earnings of firms with an 

SG&A ratio above the benchmark (cf. footnote 26). In general, coefficients for the control 

variables are stable across the different models and are in line with expectations. Firm 

characteristics that make earnings more difficult to predict are significantly and positively 

related to DISP (see coefficients for SURPRISE, LOSS, LEV and VOLATILITY). NUMAN, 

as a proxy for the richness of the firm’s information environment, is negatively related to 

DISP.  
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TABLE 4: Regression results for testing the relationship between change in SG&A similarity 

and analyst forecast dispersion 

 Model III Model IV Model V Model VI 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept       .5716 ***         .5678 *** .5749 *** .5644 *** 

∆SIMSCORE      -.0636 **  -.1024 *** .0779  .0668  

∆SIMSCORE × 

ABOVE 

      -.1760 ** 

ABOVE       .1495 *** 

NUMAN -.0197 ***  -.0172 *** -.0187 *** -.0181 *** 

SIZE -.0063   -.0301  .0109  -.0086  

SURPRISE .0295 ***  .0232 *** .0355 *** .0297 *** 

LOSS 1.0190 ***     1.0171 *** 1.0440 *** 1.0325 *** 

LEV .9712 *** .8638 *** .9700 *** .9369 *** 

VOLATILITY 2.2873 ***     1.9964 *** 2.8763 *** 2.3730 *** 

YEAR Included  Included  Included  Included  

         

R
2 

.2900  .2998  .2922  .2934  

N 10,505  5,037  5,468  10,505  

This table presents results from estimating equation 2. The dependent variable is DISP, being the standard deviation of analyst forecasts of one-year ahead EPS at the end of month 

four after fiscal year-end date, scaled by stock price at the same date.   

∆SIMSCORE change in SIMSCORE (i.e., SIMSCOREt – SIMSCOREt-1); ABOVE dummy variable that is coded one if the firm’s SG&A ratio exceeds the industry-specific peerd-

based benchmark in the previous period, and zero otherwise; NUMAN number of analysts following the firm at fiscal year-end date; SIZE natural logarithm of total assets at fiscal 

year-end date; SURPRISE absolute value of the change in EPS (i.e., EPSt – EPSt-1) at fiscal year-end date scaled by EPSt-1; LOSS dummy variable that is coded one if the firm 

reports a loss in the current fiscal year, and zero otherwise; LEV total debt scaled by total assets; VOLATILITY standard deviation of ROA over the last 5 years. 

Significance at .10 (*), .05 (**) and .01 (***) levels.   
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Table 5 presents results for estimating equation 3 (i.e., the model with ACCUR as the 

dependent variable). Model VII presents results for the full sample. Inconsistent with H3, the 

coefficient for ∆SIMSCORE does not attain statistical significance based on the full sample. 

Model VIII (Model IX) presents results for the sub-sample of firms with an SG&A ratio 

larger (smaller) than the industry-specific peer-based benchmark in the previous period. 

Whereas we note a significantly positive coefficient for ∆SIMSCORE (significant at the 5% 

level) in Model VIII (i.e., sub-sample of firms with a prior SG&A ratio exceeding the 

benchmark), the coefficient for ∆SIMSCORE does not attain statistical significance in Model 

IX (i.e., sub-sample of firms with a prior SG&A ratio falling below the benchmark). This 

observation provides support to H5. Model X presents results for the full sample, including a 

dummy variable that is coded one for firms with an SG&A ratio exceeding the benchmark 

(i.e., ABOVE) and its interaction with ∆SIMSCORE. While the coefficient for ∆SIMSCORE 

does not attain statistical significance in Model X, the coefficient for ∆SIMSCORE × 

ABOVE is significantly positive (significant at the 5% level). Again, this finding lends 

support to H5. Similar to results reported for equation 2, the coefficient for ABOVE is 

significantly negative (significant at the 1% level), which is consistent with predicting 

performance and earnings of firms with an SG&A ratio above the benchmark being more 

difficult (cf. footnote 26). Again, coefficients for the control variables are stable across the 

different models and are in line with expectations. Proxies for the richness of the firm’s 

information environment (i.e., NUMAN and SIZE) are significantly and positively related to 

ACCUR. Firm characteristics that make earnings more difficult to predict are significantly 

and negatively related to ACCUR (see coefficients for SURPRISE, LOSS, LEV and 

VOLATILITY).   
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TABLE 5: Regression results for testing the relationship between change in SG&A similarity and 

analyst forecast accuracy 

 Model VII Model VIII Model IX Model X 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept -.4618 *** -.4405 *** -.4838 *** -.4551 *** 

∆SIMSCORE .0491  .1157 ** -.1699  -.1322  

∆SIMSCORE × 

ABOVE 

      .2571 ** 

ABOVE       -.1571 *** 

NUMAN .0253 *** .0176 *** .0298 *** .0238 *** 

SIZE .0756 *** .1281 *** .0306  .0776 *** 

SURPRISE -.0256 *** -.0256 *** -.0244 *** -.0257 *** 

LOSS -1.0569 *** -1.0345 *** -1.0830 *** -1.0663 *** 

LEV -.6473 *** -.5112 *** -.6549 *** -.6083 *** 

VOLATILITY -3.5473 *** -3.3727 *** -3.8663 *** -3.6506 *** 

YEAR Included  Included  Included  Included  

         

R
2 

.2264  .2499  .2135  .2288  

N 8,989  4,106  4,883  8,989  

This table presents results from estimating equation 3. The dependent variable is ACCUR, being absolute value of the difference between average analyst forecast of one-year ahead EPS, at the 

beginning of month 8 before fiscal year-end date and actual one-year ahead EPS, scaled by stock price on the day of forecast, multiplied by minus one.   

∆SIMSCORE change in SIMSCORE (i.e., SIMSCOREt – SIMSCOREt-1); ABOVE dummy variable that is coded one if the firm’s SG&A ratio exceeds the industry-specific peerd-based benchmark in 

the previous period, and zero otherwise; NUMAN number of analysts following the firm at fiscal year-end date; SIZE natural logarithm of total assets at fiscal year-end date; SURPRISE absolute 

value of the change in EPS (i.e., EPSt – EPSt-1) at fiscal year-end date scaled by EPSt-1; LOSS dummy variable that is coded one if the firm reports a loss in the current fiscal year, and zero 

otherwise; LEV total debt scaled by total assets; VOLATILITY standard deviation of ROA over the last 5 years. 

Significance at .10 (*), .05 (**) and .01 (***) levels. 

 

4.3. Sensitivity analyses 

In order to assess the robustness of our findings, we perform several sensitivity 

analyses. In what follows, we discuss the main additional analyses performed. 

 We estimated equation 1 using change in similarity instead of level of similarity as the 

key independent variable. We used alternatively current and lagged change in similarity (i.e., 

∆SIMSCORE) as the independent variable of interest. Model XI (XII) in Table 6 reports 

results for testing H1, using lagged (current) ∆SIMSCORE. Results are qualitatively similar 

to those discussed earlier and are consistent with H1.  
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TABLE 6: Regression results for testing the relationship between 

change in SG&A similarity and analyst following 

 
 Model XI  Model XII 

 Coefficient Sign. Coefficient  

-0.4458          *** 

-0.0303          *** 

-  

0.8126          *** 

0.2760          *** 

-0.0026          * 

-0.0617          *** 

-0.3788          *** 

-0.3641          *** 

0.1959          *** 

0.1595          *** 

Included  

 

11,153  

 

Sign. 

Intercept -.7516 *** -.6771 *** 

𝒍𝒂𝒈𝒈𝒆𝒅 ∆𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬 -.0307 *   

𝒄𝒖𝒓𝒓𝒆𝒏𝒕 ∆𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬  

 

 -.0662 *** 

INSTHLD .7093 *** .7268 *** 

SIZE .2909 *** .2884 *** 

SURPRISE -.0018  -.0025 * 

LOSS -.0828 *** -.0751 *** 

LEV -.3888 *** -.3708 *** 

VOLATILITY -.3958 *** -.3712 *** 

∆SALES .2046 *** .2050 *** 

MTB .1733 *** .1710 *** 

YEAR Included  Included  

     

α (overdispersion) .1873  .1851  

𝜒2  (LR test) 6,672.4500 *** 6,848.3500 *** 

Pseudo R2 .1211  .1218  

N 10,435  11,005  

This table presents results from estimating equation 1. The dependent variable is ANALFOL, being the natural logarithm of the 

number of analysts following the firm at the end of month four after fiscal year-end date.   

∆SIMSCORE change in SIMSCORE (i.e., SIMSCOREt – SIMSCOREt-1); INSTHLD percentage of a firm’s shares held by 

institutional investors; SIZE natural logarithm of total assets at fiscal year-end date; SURPRISE absolute value of the change in 

EPS (i.e., EPSt – EPSt-1) at fiscal year-end date scaled by EPSt-1; LOSS dummy variable that is coded one if the firm reports a 

loss in the current fiscal year, and zero otherwise;
 

LEV total debt scaled by total assets; VOLATILITY standard deviation of 

ROA over the last 5 years; ∆SALES change in net sales at fiscal year-end date (i.e., Salest – Salest-1), scaled by Salest-1; MTB 

the sum of market value of equity and book value of debts, scaled by total assets. 

Significance at .10 (*), .05 (**) and .01 (***) levels.   
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It should be noted that if and to the extent that managerial intent to engage in earnings 

management (in any type), affecting financial analysts’ earnings forecasts (Louis et al. 2013), 

drives SG&A ratios converging to/diverging from the benchmark, it poses the problem of 

omitted correlated variable. To avoid this problem, we added two new control variables into 

our models to proxy for earnings management (i.e., real earnings management and accruals 

management). First, consistent with prior studies (e.g., Roychowdhury 2006, Gunny 2010), 

we estimated the following equation (equation 4) for every industry with at least 15 

observations, on a yearly basis: 

𝑺𝑮&𝑨𝒊𝒕

𝑨𝒊𝒕−𝟏
= 𝜶𝟎 + 𝜶𝟏

𝟏

𝑨𝒊𝒕−𝟏
+ 𝜶𝟐𝑴𝑽𝒊𝒕 + 𝜶𝟑𝑸𝒊𝒕 + 𝜶𝟒

𝑰𝑵𝑻𝒊𝒕

𝑨𝒊𝒕−𝟏
+ 𝜶𝟓

∆𝑺𝒊𝒕

𝑨𝒊𝒕−𝟏
+ 𝜶𝟔

∆𝑺𝒊𝒕

𝑨𝒊𝒕−𝟏
× 𝑫𝒊𝒕 + 𝑫𝒊𝒕 + 𝜺𝒊𝒕 

 

Where, 

𝐴:  Total assets; 

𝑀𝑉:  Market value of equity, being the natural logarithm of the product of 

common shares outstanding and the closing price on the last trading 

day in a year; 

𝑄:  Tobin’s Q, being the sum of market value of equity, preferred stock, 

current portion of long-term debts and long-term debt, scaled by lagged 

total assets; 

𝐼𝑁𝑇:  Internal funds, being the sum of depreciation and amortisation, income 

before extraordinary items and research and development (R&D) 

expenses;
37

 

∆𝑆:  Change in total sales; 

𝐷:  Dummy variable equal to 1 when total sales decrease between t-1 and t, 

zero otherwise. 

Note that equation 4 estimates the normal level of reported SG&A using a number of 

variables, documented in prior studies (e.g., Roychowdhury 2006, Gunny 2010) as 

                                                 
37

 It should be noted that due to the data availability issue with regard to R&D expenses, inclusion of INT in equation 4 reduces the number 

of observations with available data (cf. the difference between the number of observations reported in tables 7, 8 and 9 compared to 3, 4 and 

5, respectively). Results of extra analyses based on replacing missing values of R&D with zero or dropping INT from equation 4, in order to 
avoid the sharp decrease in the number of observations, are not qualitatively different from the current ones.  
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determinants of a firm’s real activities such as reported SG&A. Residuals of the estimated 

model therefore represent deviations from an expected level of SG&A (discretionary SG&A), 

with firm-year observations with lower residuals being more likely to engage in real earnings 

management (i.e., managerial intent to prop earnings up) (Gunny 2010). We, thus, used the 

residuals of equation 4 (SGA_RESID) as a proxy for real earnings management. 

To calculate our proxy for accruals management, in line with prior studies (Francis et 

al. 2004, Francis et al. 2005), we estimated the normal level of total working capital accruals, 

using the model suggested by  Dechow and Dichev (2002), i.e., equation 5
38

 (all variables are 

scaled by average of beginning and end-of-period  total assets): 

𝑻𝑪𝑨𝒊𝒕 = 𝜷𝟎 + 𝜷𝟏𝑪𝑭𝑶𝒊𝒕−𝟏 + 𝜷𝟐𝑪𝑭𝑶𝒊𝒕 + 𝜷𝟑𝑪𝑭𝑶𝒊𝒕+𝟏 + 𝜷𝟒∆𝑹𝑬𝑽𝒊𝒕 + 𝜷𝟓𝑷𝑷𝑬𝒊𝒕 + 𝜸𝒊𝒕 

Where, 

𝑇𝐶𝐴:  Total current accruals, being ∆current assets-∆current liabilities-

∆cash+∆debt in current liabilities; 

𝐶𝐹𝑂:  Cash flow from operations; 

∆𝑅𝐸𝑉:  Change in revenues, being change in total net sales; 

𝑃𝑃𝐸:  Property, plant and equipment. 

 

Again, residuals of this model represent deviations from the normal level of current 

working capital accruals, providing a metric capturing accruals management (the larger 

residual, the more likely that the firm engages in accruals management). We, therefore, used 

the residuals of equation 5 (ACCR_RESID) in the final model to proxy for accruals 

management. 

Also, to ensure that our results are not driven by managerial intent reflected in 

financial disclosure quality, affecting both (change in) SG&A similarity and financial 

analysts’ forecasts (posing the problem of omitted correlated variable), we controlled for a 

measure of a firm’s financial information quality. Consistent with prior studies (e.g., Francis 

et al. 2004, Francis et al. 2005), for every firm-year observation, we introduced accruals 

                                                 
38

 Inspired by McNichols (2002), we added change in revenues (∆REV) and gross property, plant and equipment (PPE) as additional 

explanatory variables into Dechow and Dichev’s (2002) model. 
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quality (being the standard deviation of residuals (discretionary accruals) from equation 5 

over year t-2 to year t,
39

 INFOQUAL) into our models as a measure of information quality.
40

 

In addition, in order to ensure that deviations of reported SG&A from industry-

specific peer-based benchmark (dissimilarity measures) are not driven by managerial motives 

from prior period to manage earnings upward in the subsequent period (i.e., cutting down on 

SG&A expenditures), we added a dummy (LOWEARN) that is coded one if a firm’s previous 

net income is lower than the average net income among its industry peers; and zero 

otherwise.
41

 

Prior studies (e.g., Burgstahler and Dichev 1997, Gunny 2010) argue that firms engage 

in earnings management to avoid small losses or decreases in net income. To control for 

potential engagement in earnings management to avoid small losses or decreases in net 

income, we introduced a dummy variable (BENCH) into our models that is coded one if 

either a firm’s relative net income (being net income scaled by total assets) or its relative 

change in net income (being change in net income divided by total assets) is larger than zero 

and smaller than .01; and zero otherwise.
42

 

Furthermore, to capture the effect of variations in firms’ business models on reported 

SG&A and their departures from industry-specific peer-based norms (dissimilarity scores), 

we control for lagged operating expenses, being the sum of COS and SG&A, scaled by sales, 

in our models
43

 (lagged OPCOST). To sum up, once again we estimated our original models, 

including the measures of real earnings management (SGA_RESID), accruals management 

(ACCR_RESID), motivation to engage in earnings management (LOWEARN), the likelihood 

of avoiding small losses and decreases in net income (BENCH), financial information quality 

(INFOQUAL) and variations in business models (OPCOST). Results of re-testing our 

hypotheses (reported in tables 7, 8 and 9) are not materially different from the prior ones and 

still support our hypotheses. 

                                                 
39

 Using the standard deviation of residuals over year t-4 to year t does not materially change our results. 
40

 We do focus on a measure based on accruals for one important reason. It is expected that firms’ stakeholders, such as financial analysts 

value a firm based on their assessment of its financial performance such as cash flow in the future. Besides, prior studies (e.g., Dechow 1994) 

document current earnings (consisting of the accrual and cash flow component) to effectively subsume information about future cash flow. 
However, the accrual component of current earnings is argued to be characterised by greater uncertainty than the cash component, because of 

being at managerial discretion (accruals are product of judgements, estimates and allocations), while the cash component of earnings is 

realised (Francis et al. 2004). 
41

We also replaced LOWEARN with a dummy variable equal to 1 if the firm’s current net income is lower than its own net income in  the 

previous period, and zero otherwise. Results are not materially different.  
42

 .01 is selected as a cut-off value, consistent with Gunny (2010). Results of further analyses using .005 (consistent with Burgstahler and 

Dichev (1997)) and .02 (arbitrarily chosen) as cut-off values are not materially different. 
43

 Lagged OPCOST may also capture the effect of events such as restructuring on increases/decreases in SG&A. 
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TABLE 7: Regression results for testing the relationship between SG&A similarity and analyst following, 

controlling for new variables 

 Model XIII  Model XIV 

 Coefficient Sign. Coefficient Sign. 

-0.4458          *** 

-0.0303          *** 

-  

0.8126          *** 

0.2760          *** 

-0.0026          * 

-0.0617          *** 

-0.3788          *** 

-0.3641          *** 

0.1959          *** 

0.1595          *** 

Included  

 

11,153  

 

Sign. 

𝒍𝒂𝒈𝒈𝒆𝒅 𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬 -.0525 ***   

𝒄𝒖𝒓𝒓𝒆𝒏𝒕 𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬   -.0761 *** 

Lagged OPCOST -.7136 *** -.7013 *** 

LOWEARN .1005 *** .1021 *** 

SGA_RESID -.0190  .0075  

ACCR_RESID -.0415  -.0412  

INFOQUAL -.2353 *** -.2342 *** 

BENCH -.0031  -.0035  

INSTHLD .7003 *** .6987 *** 

SIZE .2633 *** .2630 *** 

SURPRISE -.0016  -.0018  

LOSS -.1147 *** -.1074 *** 

LEV -.5294 *** -.5236 *** 

VOLATILITY -.4569 *** -.4575 *** 

∆SALES .2012 *** .2149 *** 

MTB .1652 *** .1659 *** 

YEAR Included  Included  

     

𝛼 (overdispersion) .1842  .1834  

𝜒2  (LR test) 5029.98 *** 5049.43 *** 

Pseudo R2 .1210  .1215  

N 6,742  6,742  

This table presents results from estimating equation 1. The dependent variable is ANALFOL, being the number of analysts following the firm at the end of month four after fiscal year-end date.   

Lagged OPCOST  the sum of COS and SG&A, scaled by sales; LOWEARN dummy variable that is coded one if the firm’s net income is lower than the average net income among its industry peers 

(zero otherwise);  SGA_RESID residuals from estimating equation 4; ACCR_RESID residuals from estimating equation 5; INFOQUAL the standard deviation of residuals (discretionary accruals) from 

equation 5 over year t-2 to year t; BENCH a dummy variable that is code one if either a firm’s relative net income (being net income scaled by total assets) or its relative change in net income (being 

change in net income divided by total assets) is larger than zero and smaller than .01 (zero otherwise). 

See Table 3 for definitions of other variables.  

Significance at .10 (*), .05 (**) and .01 (***) levels.  
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TABLE 8: Regression results for testing the relationship between change in SG&A similarity and 

analyst forecast dispersion, controlling for new variables 

 Model XV Model XVI Model XVII Model XVIII 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

∆SIMSCORE -.1361 *** -.2591 *** .2330 ** .2246 ** 

∆SIMSCORE × ABOVE       -.4477 *** 

ABOVE       .0328  

Lagged OPCOST 1.4231 *** 2.2610 *** .6933 * 1.4593 *** 

LOWEARN .0664 * .0106  .1560 *** .0796 ** 

SGA_RESID -.4364 *** -.6616 *** .1052  -.4085 ** 

ACCR_RESID .1881 *** .2055 ** .2566 *** .1797 *** 

INFOQUAL .2080 ** .5872 *** -.0537  .2047 ** 

BENCH -.0548  -.0079  -.1122 ** -.0590  

NUMAN -.0185 *** -.0104 ** -.0259 *** -.0182 *** 

SIZE .0087  -.0080  .0298  .0086  

SURPRISE .0267 *** .0180 *** .0347 *** .0268 *** 

LOSS .9092 *** .7224 *** 1.0862 *** .8992 *** 

LEV .3978 *** .3860 ** .3339  .3880 ** 

VOLATILITY 2.1607 *** 1.5487 *** 3.3430 *** 2.1962 *** 

YEAR Included  Included  Included  Included  

R
2 

.3165  .3353  .3294  .3185  

N 6,707  3,576  3,131  6,707  

This table presents results from estimating equation 2. The dependent variable is DISP, being the standard deviation of analyst forecasts of one-year ahead EPS at the end of month 

four after fiscal year-end date, scaled by stock price at the same date.   

Lagged OPCOST  the sum of COS and SG&A, scaled by sales; LOWEARN dummy variable that is coded one if the firm’s net income is lower than the  average net income 

among its industry peers (zero otherwise);  SGA_RESID residuals from estimating equation 4; ACCR_RESID residuals from estimating equation 5; INFOQUAL the standard 

deviation of residuals (discretionary accruals) from equation 5 over year t-2 to year t; BENCH a dummy variable that is code one if either a firm’s relative net income (being net 

income scaled by total assets) or its relative change in net income (being change in net income divided by total assets) is larger than zero and smaller than .01 (zero otherwise). 

See Table 4 for definitions of other variables.  

Significance at .10 (*), .05 (**) and .01 (***) levels.   
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TABLE 9: Regression results for testing the relationship between change in SG&A similarity and 

analyst forecast accuracy, controlling for new variables 

 Model XIX Model XX Model XXI Model XXII 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

∆SIMSCORE .1664 ** .2951 *** -.2656 * -.2584 * 

∆SIMSCORE × ABOVE       .5430 *** 

ABOVE       -.0432  

Lagged OPCOST -1.5615 *** -2.1528 *** -1.31804 ** -1.6057 *** 

LOWEARN -.0339  .0320  -.1166  -.0512  

SGA_RESID .0222  .4809 * -.6997 * -.0240  

ACCR_RESID -.4163 *** -.5617 *** -.3605 ** -.4122 *** 

INFOQUAL -.3000 * -.7079 ** -.0957  -.2897  

BENCH -.7089 *** -.5756 *** -.7375 *** -.6921  

NUMAN .0234 *** .0102  .0376 *** .0230 *** 

SIZE .0457 * .1051 *** -.0106  .0457 * 

SURPRISE -.0245 *** -.0185 ** -.0268 *** -.0246 *** 

LOSS -1.0157 *** -.8276 *** -1.1879 *** -.9988 *** 

LEV -.3079  -.3684  -.1482  -.2924 * 

VOLATILITY -3.3697 *** -2.7447 *** -4.0924 *** -3.4400 *** 

YEAR Included  Included  Included  Included  

R
2 

.2745  .2910  .2757  .2762  

N 4,975  2,524  2,451  4,975  

This table presents results from estimating equation 2. The dependent variable is DISP, being the standard deviation of analyst forecasts of one-year ahead EPS at the end of month four after fiscal 

year-end date, scaled by stock price at the same date.  Lagged OPCOST  the sum of COS and SG&A, scaled by sales; LOWEARN dummy variable that is coded one if the firm’s net income is lower 

than the average net income among its industry peers (zero otherwise);  SGA_RESID residuals from estimating equation 4; ACCR_RESID residuals from estimating equation 5; INFOQUAL the 

standard deviation of residuals (discretionary accruals) from equation 5 over year t-2 to year t; BENCH a dummy variable that is code one if either a firm’s relative net income (being net income 

scaled by total assets) or its relative change in net income (being change in net income divided by total assets) is larger than zero and smaller than .01 (zero otherwise); See Table 5 for definitions of 

other variables. 

Significance at .10 (*), .05 (**) and .01 (***) levels.    

 

As White and Dieckman (2005) document that SG&A spending is heavily dependent 

on the gross profit margin, suggesting that “companies appear to spend more if they have 

more to spend” (p. 23), suggesting that managers are prone to overspend on SG&A, we also 

controlled for operating margin in our models. Controlling for operating margin does not 

qualitatively affect our findings. 
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5. CONCLUSION 

SG&A is highly visible in the income statement of US firms, represent a focal topic in 

the MD&A section of their 10-K filings and are often specifically commented on in their 

earnings press releases. In addition, financial analysts tend to pick up reported SG&A as a key 

diagnostic ratio when assessing a firm’s cost behaviour and resource allocation. One of the 

reasons underlying its perceived importance is that SG&A constitute a significant portion of a 

firm’s sales and total expenses. Prior research indicates that change in SG&A provides an 

ambiguous signal about a firm’s performance. Different sources of ambiguity underlie the 

perceived ambivalence of the SG&A signal for external observers: substantive uncertainty, 

allocation discretion and the fixed-nature part of SG&A. Interpretational ambiguity of the 

SG&A signal is likely to incentivise search for information-relevant external cues to develop 

reasonable expectations and socially compare and evaluate a firm’s SG&A ratio. Based on 

these considerations and relying on institutional conformity theory and BTOF arguments, we 

expect that financial analysts are likely to resort to social comparison and incorporate 

socially-constructed aspiration benchmarks in their assessment of a firm’s reported SG&A. 

Similarity of reported SG&A to an industry-specific peer-based benchmark is argued to be a 

straightforward cognitive heuristic for financial analysts to set an aspiration point for SG&A 

behaviour, allowing them to assess benefits of following the firm and to cognitively frame 

SG&A change as a fundamental signal when predicting earnings. Moreover, to the extent that 

the social benchmarks are also used in a normative mode, they would entail a potentially 

disparate effect on decision making, with social comparison being given less weight in 

evaluating effective action when firms perform better that the social benchmark. 

 Our empirical results are generally consistent with financial analysts using intra-

industry peer-based benchmarks as socially-derived cues to develop expectations and 

compare and evaluate a firm’s SG&A ratio. More specifically, our results document a 

negative relationship between SG&A similarity and analyst following. This observation is 

consistent with higher similarity to the industry-specific peer-based benchmark leading to 

lower perceived information asymmetry. Lower perceived information asymmetry would 

decrease the personal benefits that are expected to accrue to analysts from following the firm. 

Also consistent with expectations, our results indicate that change in SG&A similarity affects 

properties of analyst earnings forecasts. Specifically, our results document a negative 

relationship between change in similarity and analyst forecast dispersion. Besides, for the sub-
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sample of firms with a prior SG&A ratio above the industry-specific peer-based benchmark, 

our results reveal a negative (positive) relationship between change in SG&A similarity and 

dispersion (accuracy) of analyst earnings forecasts. These results suggest that an increase in 

SG&A similarity tends to effectively reduce uncertainty in analysts’ information and provides 

value relevant information when a firm performs worse than the social benchmark. The 

findings, however, do not hold for the sub-sample of firms with an SG&A ratio below the 

industry-specific peer-based benchmark in the previous period. For the latter sub-sample, we 

observe no significant relationship between change in SG&A similarity and properties of 

analyst earnings forecasts. These contingent findings therefore suggest that social comparison 

is not relevant for financial analysts when predicting earnings for firms performing better than 

the social benchmark. This is consistent with the argument that for such firms managerial 

intent behind SG&A change is less likely, thus discounting the information content of the 

SG&A signal. Overall, these findings lend strong support to the varying weights idea of social 

comparison when applied to financial analyst behaviour.  They support the argument that 

social comparison feedback is not only important to set expectations in a cognitive sense, but 

that information on comparative performance is also normatively simplified into a dichotomy 

of successful or failed performance relative to average group performance, with failure 

expected to drive intended remedial action.  

Our study has limitations, offering avenues for fruitful further research. Firstly, we 

focus on reported SG&A to research the relevance of social comparison for financial 

reporting, but other areas of cost behaviour and corporate disclosure in general may also be 

relevant in this regard. The key point is that the reporting issues involved are subject to 

significant public exposure and are inherently ambiguous. We picked SG&A not merely 

because it definitively matches these features, but also because of its salience in mandatory 

reporting and, consequently, because it is its generally available in financial databases 

allowing a large-scale empirical investigation. Our findings on the influence of social 

feedback about comparative performance and on the process of normative simplification may, 

however, be generalisable to other field settings as well. Second, we focus on information 

processing by financial analysts. Other types of firm stakeholders (e.g., investors) also have to 

deal with the ambiguities in interpreting SG&A. As such, it might be interesting to explore 

the effect of (change in) SG&A similarity on stock price performance. Third, while the way 

we select peer firms (based on industry and firm size) is based on prior academic literature, 
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other ways of selecting peer firms may be used in practice. Testing our hypotheses using 

alternative peer determination approaches may also be relevant for future research. 
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CHAPTER 4 

Study 3 − Value-Relevance of Social Comparison in Cost Behaviour
 44

 

 

 

ABSTRACT 

We investigate implications of similarity of selling, general and administrative expenses 

(SG&A) relative to sales (SG&A ratio) to industry-specific peer-based benchmark for future 

performance and perceived firm value by investors (i.e., value-relevance). More specifically, 

we examine whether and how SG&A similarity is associated with future earnings and current 

stock returns in a sample of listed US firms over a ten-year period. Both institutional theory 

and the behavioural theory of the firm (BTOF) reinforce the relevance of social comparison 

for performance assessment and suggest the performance of comparable firms as a 

meaningful, socially-accepted benchmark in development of reasonable expectations (targets) 

and performance assessment. Drawing on the performance feedback concept of the BTOF, we 

expect higher similarity to an industry-specific peer-based benchmark to reflect incremental 

information about a firm’s cost behaviour, for firms that previously failed to meet the 

benchmark (i.e., firms with a prior SG&A ratio larger than the benchmark), explaining the 

firm’s future performance and affecting investors’ perception of its value. We observe a 

positive relationship between SG&A similarity and future earnings and stock returns, only for 

firms with a prior SG&A ratio larger than benchmark, consistent with SG&A similarity 

conveying value-relevant information. We also note a significantly positive relationship 

between change in similarity (similarity signal) and stock returns, only for firms with a prior 

SG&A ratio above the social benchmark, consistent with change in similarity being 

considered a credible information signal by investors. 

 

  

 

Keywords: SG&A, Social comparison, industry-specific peer-based benchmarking, value 

relevance 
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1. INTRODUCTION 

Prediction of future financial performance (e.g., earnings and cash flow) is argued to 

be relevant for valuation, on the part of investors, in their decision making processes as to 

whether to invest or divest their holdings in a firm (Dechow et al. 2010, Bergh and Gibbons 

2011). Central to the prediction of future performance is the analysis of cost behaviour. 

Selling, general and administrative expenses (SG&A) include several overhead expense items 

such as brand development, R&D, information technology, employee training costs and 

managerial salaries that could affect (directly or indirectly) future profitability and firm value. 

SG&A account for a substantial portion of a firm’s both total expenses
45

 and net sales,
46

 

lending a significant level of importance to SG&A in analysis of cost behaviour. Investors, 

practitioners and academics are argued to pick up SG&A as a proportion of sales (SG&A 

ratio
47

) as an important analytic figure, when analysing a firm’s financial performance, cost 

behaviour and resource allocation (Messier 2000, Healy and Palepu 2001, Anderson et al. 

2007, Banker et al. 2011).  

However, interpretation of SG&A ratio and its change over time (as a fundamental 

signal) and their relevance for future financial performance and firm value is not 

straightforward, which is also reflected in prior research. On the one hand, consistent with the 

traditional view about SG&A, Lev and Thiagarajan (1993) document a negative relationship 

between change in the SG&A ratio and contemporaneous excess returns and interpret rises in 

SG&A ratio as a signal of faliure to effectively control overhead expenses or “an unusual 

sales effort” (p. 196). Also, Abarbanell and Bushee (1997) document a negative association 

between change in the SG&A ratio and both stock returns and change in one year-ahead 

earnings,
48

 consistent with an increase in SG&A ratio being detrimental to operating cost 

efficiency. On the other hand, contrary to the traditionl view, some of the prior studies (e.g., 

Lev and Sougiannis 1996, Huang 2006, Lev et al. 2009, Banker et al. 2011) document that 

several components of current SG&A create intangible assets and have a positive relationship 

with the future operating income, which would suggest that SG&A is beneficial to 

performance prediction and is value-relevant (Zhang 2014). Drawing on Anderson et al. 

(2003), who document that SG&A behaviour differs when revenues increase compared to 

                                                 
45

 In the sample under study, on average, 26% with a median value of 24%. 
46

 In the sample under study, on average, 30% with a median value of 25%. 
47

 Also referred to as relative SG&A or SG&A intensity. 
48

 Note that Abarbanell and Bushee (1997) find no (a significantly negative) relationship between change in the SG&A ratio and change in 

one year-ahead earnings, present (absent) of analyst forecast revision as a control. 
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when revenues decrease (referred to as sticky behaviour), Anderson et al. (2007) split their 

sample into revenue-increasing and revenue-decreasing subsamples and document that change 

in the SG&A ratio is positively associated with change in future earnings, only in revenue-

decreasing periods. Collectively, prior findings about (change in) SG&A and its relationship 

with firm performance and firm value suggest that specific circumstances and perceived 

managerial intent would affect managerial decisions, feeding interpretational ambiguity of 

SG&A ratio and its change over time (Anderson et al. 2007, Baumgarten et al. 2010, Gunny 

2010, Johnson 2013). 

Although prior studies have advanced our knowledge about potential effect of (change 

in) SG&A on firm performance and value, implications of (change in) SG&A ratio for 

accounting performance and also its value-relevance are still ambiguous and therefore yet to 

be more investigated.  

Both institutional theory and the behavioural theory of the firm (BTOF) endorse the 

relevance of social comparison in target performance determination processes, especially 

under circumstances of uncertainty. Specifically, institutional theory suggests that in the 

absence of normative guidelines when organisational decision makers are uncertain about 

value and consequences of performance, they are likely to rely on the socially-constructed 

norm of appropriate behaviour to reduce uncertainty and gain legitimacy for their 

performance (see e.g.,DiMaggio and Powell 1983, Deephouse 1996, Dacin 1997, Kondra and 

Hinings 1998). That is, under such uncertain circumstances, in their decision making 

processes, organisational agents are likely to resort to “the best information they can get from 

the environment” (Nikolaeva and Bicho 2011, p. 139), such as information implicit in the 

actions of peer firms. As such, the resulting performance would possibly be viewed as more 

appropriate in the eyes of investors and also less risky (Sudharshan et al. 2013). This line of 

reasoning is also supported by BTOF arguments (Cyert and March 1963, Greve 2008), when 

they suggest that firms, in their efforts to set their aspiration levels, compare their 

performance (e.g., reported SG&A ratio) with that of a group of meaningful referents (e.g., 

peer firms). Social comparison could also normatively provide a threshold for performance 

assessment (Philippe and Durand 2011, Moliterno et al. 2014) by delineating a borderline 

between perceived success and failure, with performance worse (better) than the benchmark 

being considered a negative (positive) feedback. Firms are different in their performance 

assessment and making related decisions, depending upon the social comparison feedback. 
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Failing to meet social benchmark (i.e., negative feedback) reinforces the relevance of social 

comparison in target setting processes (Bromiley 1991, Schimmer and Brauer 2012, 

Washburn and Bromiley 2012) and gives rise to intended managerial actions to adjust the 

performance (Shinkle 2012). 

In a similar vein, we argue that social comparison (via industry-specific peer-based 

benchmarking) may assist both managers and investors in grounding their expectations with 

regard to an appropriate SG&A ratio. We conjecture that firms may emulate SG&A decisions 

that are prevalent among their industry peers to decrease information asymmetry with regard 

to their cost behaviour (e.g., the effectiveness of their overhead controlling), which would 

reduce investors’ performance assessment uncertainty and contribute to their forecasting of 

future performance. Given that an SG&A ratio larger than industry-specific peer-based 

benchmark could be perceived as a negative feedback with regard to effectiveness of 

management’s controlling of SG&A expenses (Baumgarten et al. 2010), inspired by the 

BTOF, we expect the negative feedback to affect firms’ SG&A decisions. Specifically, 

consistent with Bromiley (1991), we expect only firms with an SG&A ratio larger than the 

social benchmark to adjust their SG&A ratios towards the social benchmark
49

 (see e.g., 

Bromiley 1991, Schimmer and Brauer 2012, Washburn and Bromiley 2012). Imitation of peer 

firms, as such, is likely to lend sensibility and appropriateness to reported SG&A of the firms 

that fail to meet the social benchmark (Sudharshan et al. 2013). This suggests that the degree 

of similarity between a firm’s SG&A ratio and that of its industry peers is likely to be 

associated with future profitability, for firms with a previous SG&A ratio larger than the 

social benchmark. 

The relevance of SG&A similarity for future performance suggest that (1) similarity 

would contribute to investors’ valuation of firms (Dechow et al. 2010, Bergh and Gibbons 

2011) (i.e., SG&A similarity being positively associated with stock returns) and (2) provided 

that change in similarity is perceived as a credible signal about cost behaviour of a firm by 

investors, it is likely to affect their perception about firm value (i.e., change in SG&A 

similarity being positively associated with stock returns).  

In line with expectations, we document that higher similarity between a firm’s SG&A 

ratio and an industry-specific peer-based benchmark is positively associated with future 

earnings and cash flows from operations, only for firms with a previous SG&A ratio larger 
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 An extreme variant of the varying weights idea. 
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than benchmark. We also find that both the SG&A similarity and similarity signal are 

positively associated with stock returns, only for firms with an SG&A ratio larger than 

benchmark in the previous period.  

Inspired by institutional theory and the BTOF, we argue that concentrating merely on 

economic factors, without taking into account the effect of social comparison and the related 

performance feedback, may result in false interpretations with regard to (change in) the 

SG&A ratio and its relationship with future performance and value. 

Our paper contributes to the literature in two ways. First, this study improves our 

understanding of how investors assess a firm’s reported accounting information, when the 

underlying activity is subject to means-ends uncertainty. Second, while prior studies usually 

benchmark a firm’s reported SG&A against its historical performance (lagged SG&A) and 

investigate implications of the deviation from the benchmark (i.e., change in SG&A) for 

future performance and firm value, to the best of our knowledge, this is the first study that 

compares the SG&A ratio with the social benchmark and applies the performance feedback 

concept of the BTOF to the literature on the value-relevance of SG&A.  

The remainder of the paper is organised as follows. In Section 2, we discuss the 

theoretical background and formulate our hypotheses. In Section 3, we elaborate on the 

research design and introduce our empirical models. In Section 4 we report our results, while 

Section 5 concludes. 

2. LITERATURE REVIEW AND HYPOTHESIS DEVELOPMENT  

2.1. SG&A ambivalence  

SG&A is an important figure in the US firms’ financial statements for several reasons. 

First, as mentioned earlier, SG&A account for a substantial portion of both total expenses and 

net sales. Second, SG&A include several items, such as brand development, R&D, 

information technology, employee training costs and managerial salaries which are all likely 

to affect future profitability and firm value. Third, SG&A components are often discussed in 

the Management Discussion and Analysis (MD&A) section of the annual report and are also 

frequently commented on in press releases (see Appendix in Chapter 1 (Introduction)). 

Finally, SG&A is argued to be an important analytic figure for external stakeholders (e.g., 

investors) in their assessment of firms’ cost behaviour and resource allocation (Messier 2000, 

Healy and Palepu 2001, Anderson et al. 2007, Banker et al. 2011). Increases of the SG&A 
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ratio are often interpreted as diagnostic of inefficiency and managerial inability in controlling 

overhead expenses (Lev and Thiagarajan 1993), being likely to negatively affect future 

financial performance (Abarbanell and Bushee 1997). Decreases in the SG&A ratio, on the 

other hand, are typically perceived to signal improved efficiency and effective managerial 

control over expenses, being likely to translate in more favourable future performance and 

firm value. Altogether, SG&A is likely to be served as a prominent and relevant metric in 

profit analysis and valuation processes.  

However, the available empirical evidence does not provide straightforward 

interpretation with regard to (change in) the SG&A ratio. While Abarbanell and Bushee 

(1997), for instance, find support for the value-relevance of several fundamental signals 

suggested by Lev and Thiagarajan (1993), they do not manage to establish a relationship 

between change in the SG&A ratio and future change in earnings.
50

 However, Banker et al. 

(2011) show that current SG&A is positively related to future operating income before 

SG&A, while Anderson et al. (2007) document a positive relationship between current change 

in the SG&A ratio and future earnings, albeit only in revenue-decreasing periods. Other 

studies (e.g., Lev et al. 2009, Eisfeldt and Papanikolaou 2013) document a positive 

relationship between capitalised SG&A (referred to as organisation capital) and both future 

earnings and stock returns, which is consistent with the view that SG&A include asset-like 

components, improving future performance and firm value (see e.g., Eisfeldt and 

Papanikolaou (2013) for detailed information about capitalised SG&A). These inconsistent 

findings suggest perceived ambivalence of (change in) the SG&A ratio, which is likely to be 

sourced by (i) managerial discretion in spending and allocation decisions (Roychowdhury 

2006); (ii) fixity of part of SG&A (also labelled cost stickiness, cf. infra) (Anderson et al. 

2007); and/or (iii) the asset-like nature of some SG&A components (cf. supra) (Zhang 2014). 

Managers execute discretion when deciding about SG&A endowments (Anderson et 

al. 2003, Subramaniam and Weidenmier 2003, Anderson et al. 2007, Weiss 2010, Chen et al. 

2012). As such, managerial decisions on SG&A may reflect conflicts of interest between 

managers and shareholders (i.e., an agency problem) (Chen et al. 2012). Managers may, for 

instance, have incentives (e.g., bonus plans) to cut down SG&A to inflate current earnings, 

while it may negatively affect future performance and firm value because of missing growth 
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opportunities (Graham et al. 2005).
51

 However, in an attempt to chase growth, firm managers 

may take an aggressive approach in SG&A spending. An aggressive approach may result in 

SG&A exceeding the optimal level, posing a problem of inappropriate usage of resources 

(i.e., inefficiency), which is detrimental to future performance and firm value. 

The traditional model of cost behaviour assumes that expenses change proportionately 

and symmetrically with activity levels (i.e., sales). However, recent research does not support 

this view and documents so-called sticky behaviour of costs, i.e., costs move differently in 

case of a downward change in activity compared to an upward change in activity 

(Subramaniam and Weidenmier 2003). SG&A have also been documented to behave 

asymmetrically (see e.g., Anderson et al. 2003). Specifically, the relative increase in SG&A in 

case of increasing sales is found to be larger than the relative decrease in SG&A in case of 

decreasing sales. Cost stickiness complicates the analysis of (change in) the SG&A ratio and 

its relevance for future financial performance (Anderson et al. 2003, Anderson et al. 2007, 

Weiss 2010, Chen et al. 2012). The sticky behaviour of SG&A is argued to be related to 

maintaining resources when sales decrease because of management’s hope that decreased 

sales will rebound in the future and/or self-interest managerial considerations (Anderson et al. 

2003).  

The prior discussions suggest that an analysis of SG&A behaviour and its relevance 

for future financial performance and firm value without considering underlying circumstances 

and managerial intent would not necessarily lead to valid interpretations.  

2.2. Social comparison incentives 

Institutional theory (mimetic isomorphism, in particular) endorses the relevance of 

social comparison (i.e., comparison against a group of similar or peer firms (Massini et al. 

2005)) in decision making processes, especially in situations of uncertainty (Broadbent et al. 

2001). When the value and consequences of organisational practices are uncertain and there 

are no (sufficient) normative guidelines, decision makers tend to emulate their peers’ 

decisions to attenuate means-ends uncertainty (DiMaggio and Powell 1983, Deephouse 1996, 

Dacin 1997, Kondra and Hinings 1998). Given that prevalence of a practice among others 

essentially lends legitimacy to the practice (Haunschild and Minner 1997) and may even 

reflect its technical value (Abrahamson and Rosenkopf 1993), higher similarity to peers likely 
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 Under some circumstances such as periods prior to management buyout and during periods of awarding stock options, managers may have 

incentives to increase reported SG&A, in an attempt to lower reported earnings (Gunny 2010). 
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reduces information asymmetry between firms and external observers about the 

appropriateness of their practices and their potential outcomes.  

In a similar vein, the behavioural theory of the firm argues that firms engage in social 

comparison to set their target performance level (aspiration) (Cyert and March 1963, Greve 

2008)). Social comparison is argued to provide both managers and external observers with a 

behavioural standard (norm) for performance evaluation (Philippe and Durand 2011, 

Moliterno et al. 2014), when it cognitively considers a boundary line between perceived 

success and failure, leading managers to take actions to adjust their performance (Schimmer 

and Brauer 2012). The degree to which firms rely on social comparison in their decision 

making processes hinges upon whether their performance level is above or below the social 

benchmark, with firms performing worse than the social benchmark being more likely to 

adjust their performance towards the social benchmark (Bromiley 1991, Schimmer and 

Brauer 2012, Washburn and Bromiley 2012). That is, the effect of social comparison in 

decision making processes would be more pronounced when a firm’s performance falls short 

of the social benchmark, as failing to meet the benchmark is likely to give rise to legitimacy 

issues, incentivising managers to adjust (change) performance (Shinkle 2012). However, 

managers of firms performing better than the social benchmark are less likely to take actions 

to change performance, as they are expected to maintain the status quo in their decision 

making processes
52

 (Schimmer and Brauer 2012, Shinkle 2012). 

If the varying weights idea of social comparison holds for investors in their 

assessment of firms’ SG&A behaviour, social comparison feedback (i.e., whether a firm’s 

SG&A ratio is above/below the SG&A ratio of its peers) would be expected to affect their 

assessment and inference of managerial intent behind SG&A decisions, with negative 

feedback (i.e., an SG&A ratio above the social benchmark) having a stronger impact on their 

assessments).   

2.3. Industry-specific peer-based benchmarking 

Central to social comparison is identification of the peer group. Prior research argues 

that a firm’s industry represents a primary basis to identify relevant referents (peer groups) 

whose decisions and behaviour are used for social comparison (Porter 1979, Dye and Sridhar 

1995, Porac et al. 1999). Product categories and market attributes that underlie cost behaviour 

and many fundamental aspects of a firm’s business and processes (Porac et al. 1995) and 
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 Consistent with the varying weights idea proposed by Cyert and March (1963). 
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expenses (including SG&A) (Subramanyam, 1996) are industry-specific. As an illustration, 

Ely (1991) and Lazere (1996) show that a firm’s SG&A ratio is highly industry-specific, 

supporting the relevance of the primary industry as a basis for social comparison. 

Given uncertainty about value and consequences of SG&A-related decisions and the 

lack of a generally accepted model to assess the reported SG&A, investors may tend to use a 

firm’s primary industry as a basis to anchor judgment and look for social benchmark for the 

reported SG&A. In addition, the extensive use of formal industry-based classification systems 

(such as the Standard Industrial Classification (SIC) code system) for comparison and 

business benchmarking practices (McNair and Leibfried 1992) and their availability in 

financial databases add to the relevance of  industry categories for identifying SG&A social 

benchmark. 

It is argued that peer groups essentially consist of firms with similar strategies along 

key strategic dimensions such as firm size (Panagiotou 2007). Prior studies such as Porter 

(1979), Fiegenbaum and Thomas (1995) and Moliterno et al. (2014) document that 

organisational decision makers tend to identify peer groups that are smaller than the whole 

industry. Moreover, other studies (e.g., Ecker et al. 2011) argue that peer group selection 

based on both industry and other factors (e.g., firm size) performs better in capturing actual 

intra-industry heterogeneity compared to peer groups selected solely based on industry. 

Similarly, in many studies in the CEO compensation literature
53

 (e.g., Bizjak et al. 2008, 

Albuquerque 2009, Black et al. 2011), peer firms are selected typically based on industry 

membership and size of firms. In addition, firm size is argued to subsume many economic 

factors that are likely to affect SG&A, such as growth, complexity and monitoring (Ecker et 

al. 2011). 

2.4. Hypothesis development 

2.4.1. Relationship with future financial performance 

Consistent with institutional theory, we argue that managers may engage in social 

comparison and emulate their industry peers’ SG&A decisions in order to reduce cognitive 

uncertainty. As the prevalence of an SG&A ratio in a peer group
54

 is argued to reflect its 

appropriateness (Scott 1995, Royston and Hinings 1996) and technical efficiency 

(Abrahamson and Rosenkopf 1993), (higher) similarity of a firm’s SG&A ratio to its industry 
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 Managerial compensation is a salient asset-like component of reported SG&A (human resource intangibles) (Lev et al. 2009). 
54

 It is also referred to as organisational field members, in the institutional theory literature. 
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peers is therefore likely to reduce information asymmetry between firms and external 

observers (e.g., investors) with regard to their cost behaviour and resource allocation.  

Given that an SG&A ratio larger than industry-specific peer-based benchmark (social 

benchmark) could be considered a negative signal (feedback) about management’s ability to 

control overhead expenses (Baumgarten et al. 2010), inspired by the BTOF, firms with an 

SG&A ratio larger than the social benchmark would be more likely to adjust their SG&A 

ratios towards the social benchmark (see e.g., Bromiley 1991, Schimmer and Brauer 2012, 

Washburn and Bromiley 2012, Audia et al. 2015). For firms that previously failed to meet the 

social benhmark, imitation of peer firms, as such, is likely to lend sensibility and 

appropriateness (Sudharshan et al. 2013) and technical value (Abrahamson and Rosenkopf 

1993, Haunschild and Minner 1997) to reported SG&A. Firms with an SG&A ratio smaller 

than the social benchmark are however less likely to adjust their SG&A ratio simply to be in 

line with the social benchmark (Washburn and Bromiley 2012). 

If, and to the extent that, SG&A similarity reflects incremental information about the 

true value of reported SG&A,
55

 it is likely to facilitate analysis of a firm’s cost behaviour and 

prediction of its future financial performance, particularly for firms that previously failed to 

meet the social benchmark (i.e., firms with a previous SG&A ratio larger than the social 

benchmark (industry peers)). Inspired by Bromiley (1991),
56

 we expect SG&A similarity to 

be informative about future financial performance for firms with a previous SG&A ratio 

larger than the social benchmark, whereas we do not have such an expectation for firms with a 

previous SG&A ratio smaller than the social benchmark. The existance of a positive 

relationship between future performance and SG&A similarity suggests that similarity 

functions beyond managing investors’ impression of the firm’s cost behaviour and has 

technical value. We therefore formulate our first hypothesis as: 

H1: There is a positive association between similarity of a firm’s SG&A ratio to an 

industry-specific peer-based benchmark and the firm’s future financial performance, for 

firms with an SG&A ratio larger than the benchmark in the previous period. 
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 For instance, reflecting the extent of management’s success in controlling overhead expenses and/or the quality of resource allocation 

decisions. 
56

 An extreme variant of varying weights idea of social comparison (Washburn and Bromiley 2012)), who assumes that firms with 

performance worse than the social benchmark will adjust their performance towards the benchmark, whereas firms performing better than the 
social benchmark may ignore the social benchmark and just strive for a slightly better performance. 
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2.4.2. Value relevance of SG&A similarity 

In the accounting literature, value relevance is referred to as the ability of financial 

statement information in reflecting and summarising firm value, i.e., the usefulness of 

accounting information to investors in estimating firm value (Lo and Lys 2000). Stock returns 

are argued to be a function of change in investors’ information sets (Baxter et al. 2013), 

affecting their perception about value of a firm. If SG&A similarity communicates 

information about the future financial performance of a firm with a previous SG&A ratio 

larger than its industry peers (as predicted in hypothesis 1), higher SG&A similarity would 

lower information asymmetry between these firms and investors, facilitating valuation of 

these firms (i.e., it is expected to be positively associated with stock returns). We therefore 

formulate our second hypothesis as: 

H2: There is a positive association between similarity of a firm’s SG&A ratio to an 

industry-specific peer-based benchmark and stock returns, for firms with an SG&A ratio 

larger than the benchmark in the previous period. 

2.4.3. Investors’ reaction to similarity signal 

Firm managers are argued to have incentives to maximise firm value perceived by 

investors (Beyer et al. 2010). Consistent with change in the SG&A ratio being considered a 

fundamental signal (see e.g., Lev and Thiagarajan 1993, Abarbanell and Bushee 1997) and 

value-relevant in certain circumstances (see e.g., Anderson et al. 2007, Johnson 2013), change 

in SG&A similarity (i.e., an increase in similarity) may convey information relevant for 

valuation purposes. 

As falling short of the SG&A social benchmark could feed doubts about 

appropriateness of a firm’s SG&A behaviour (giving rise to legitimacy issues), consistent 

with the BTOF, change in similarity could reflect managerial intended actions to improve 

controlling of overhead expenses, for firms that previously failed to meet the social 

benchmark. SG&A similarity signal is then likely to attenuate information asymmetry 

between such firms and investors with regard to the true value of underlying activities. As 

such, change in SG&A similarity may affect investors’ perception of the value of such firms. 

This argument is consistent with Subramanyam (1996) and Louis and Robinson (2005) who 

argue that managers execute their discretion on financial reporting to decrease information 

asymmetry and communicate information with regard to firms’ operations to investors. 
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If, and to the extent that, SG&A similarity affects investors’ perceived value of a firm 

(as predicted in hypothesis 2), investors are likely to consider change in SG&A similarity a 

credible information signal, affecting their perception of the firm’s value. If this signal is 

perceived as credible by investors, they are expected to positively react to it. In other words, 

change in SG&A similarity is expected to be positively associated with stock returns. We 

therefore, formulate hypothesis 3 as: 

H3: There is a positive association between change in similarity of a firm’s SG&A ratio to 

an industry-specific peer-based benchmark and stock returns, for firms with an SG&A 

ratio larger than the benchmark in the previous period. 

3. RESEARCH DESIGN 

3.1. Sample and data 

To test our hypotheses, we rely on a sample of listed US firms over a ten-year period 

from 2002 to 2011. From COMPUSTAT North-America, we select all listed US firms with 

available data for SG&A, net sales and lagged total assets (i.e., all data required to define peer 

groups and measure our similarity proxy) over the period under study.
57

 Following prior 

SG&A studies, such as Anderson et al. (2003) and Anderson et al. (2007), we eliminate 

observations with the following characteristics from our sample: (1) SG&A expenses larger 

than net sales; (2) banks, insurance firms and all other financial institutions (i.e., primary SIC 

industry codes between 6000 and 6799); and (3) public administrative institutions, (i.e., 

primary SIC industry codes above 9000), because of the specific income statement structure 

of these firms. In addition, we exclude industries (at two-digit SIC industry code level) 

containing less than 44 observations (on an annual basis).
58

 To test hypotheses H2 and H3, we 

merge data obtained from COMPUSTAT with data from CRSP (i.e., stock returns).  

Our final sample consists of 17,078 up to 18,365 firm-year observations, depending on the 

specific empirical model used for hypothesis testing. All continuous variables are winsorized 

at the top and bottom 1% of their distributions, whereby outlying values are restated to the 

largest non-outlying value to avoid the potential influence of outliers.
59
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 We eliminate observations with missing, negative or zero value on these data items. 
58

 44 is an arbitrary cut off measure, which guarantees the presence of at least 11 observations with available primary data within each peer 

group. As will be discussed in Section 3.2, firms within each industry are assigned to size quartiles to define peer groups. 
59

 As the number of observations in our models is usually substantial (i.e., overall more than 17,000) we are not concerned with outlier 

effects beyond the one removed via winsorization. Nevertheless, in order to detect and remove highly influential observations, we dropped 

the observations with Cook’s D larger than the common threshold (i.e. 4/number of observations), after fitting each OLS model. This 
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3.2. Measurement of similarity to an industry-specific peer-based benchmark 

Following the discussion in Section 2.3, we select peer firms based on (1) industry 

membership; and (2) and firm size. In line with prior research (e.g., Albuquerque 2009, Black 

et al. 2011, Gong et al. 2011), within each industry (based on 2-digit SIC industry codes), 

every firm-year observation is assigned to a quartile in terms of firm size (based on total 

assets
60

 at the beginning of the accounting period). On an annual basis, firms within the same 

industry and size quartile are then considered industry-specific peers. For each focal firm, the 

average practice among its peers (i.e., the average SG&A ratio of other firms within the same 

industry and size quartile) is then used as the industry-specific peer-based benchmark of 

reported SG&A. In line with prior research (e.g., Finkelstein and Hambrick 1990, Deephouse 

1996), we rely on the following equation to determine our similarity score:     

𝐷𝑆𝑖𝑡 =
𝐴𝐵𝑆 [(

𝑆𝐺&𝐴
𝑆𝑎𝑙𝑒𝑠

)𝑖𝑡 − 𝑀 ((
𝑆𝐺&𝐴
𝑆𝑎𝑙𝑒𝑠

)𝑡)]

𝑆𝐷 ((
𝑆𝐺&𝐴
𝑆𝑎𝑙𝑒𝑠

)𝑡)
 

Where (
𝑆𝐺&𝐴

𝑆𝑎𝑙𝑒𝑠
)𝑖𝑡 denotes the SG&A ratio for the focal firm i in year t. 𝑀 ((

𝑆𝐺&𝐴

𝑆𝑎𝑙𝑒𝑠
)𝑡) and 

𝑆𝐷 ((
𝑆𝐺&𝐴

𝑆𝑎𝑙𝑒𝑠
)𝑡) denote the average and standard deviation of SG&A ratios in the focal firm’s 

industry-specific peer group.  

To transform the obtained dissimilarity score
61

 (i.e., the preceding equation results in a 

dissimilarity score) into a score that captures similarity (or a similarity score, SIMSCORE), 

we multiply the obtained dissimilarity scores by minus one, with higher values indicating 

greater similarity between a firm’s SG&A ratio and the industry-specific peer-based 

benchmark.  

3.3. Empirical models 

In line with prior studies (e.g., Li 2008, Atwood et al. 2010, Skinner and Soltes 2011, 

Baxter et al. 2013, Chen et al. 2014, Huang et al. 2014), we estimate the following model to 

test H1 (equation 1): 

                                                                                                                                                         
elimination (1) results in the decrease in the number of observations by less than 6% (regardless of the model) and (2) does not qualitatively 

alter our results. 

60
 We also considered market capitalisation a proxy for firm size. Reported results are not materially affected by using market value, instead 

of total assets, to select peer firms. 
61

 The dissimilarity score (DS) corresponds to SOCOMP in study 1. 
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𝑹𝑶𝑨𝒊𝒕+𝟏 = 𝜶𝟎 + 𝜶𝟏𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬𝒊𝒕 + 𝜶𝟐𝑹𝑶𝑨𝒊𝒕 + 𝜶𝟑𝑺𝑰𝒁𝑬𝒊𝒕 + 𝜶𝟒𝑴𝑻𝑩𝒊𝒕 + 𝜶𝟓𝑽𝑶𝑳𝑨𝑻𝑰𝑳𝑰𝑻𝒀𝒊𝒕

+ 𝜶𝟔𝑳𝑶𝑺𝑺𝒊𝒕 + 𝜶𝟕𝑺𝑰𝒊𝒕 + 𝜶𝟖∆𝑺𝑨𝑳𝑬𝑺𝒊𝒕 + 𝜶𝟗𝑫𝑫𝑽𝒊𝒕 + 𝜶𝟏𝟎𝑳𝑶𝑾𝑬𝑨𝑹𝑵𝒊𝒕−𝟏

+ 𝜶𝟏𝟏𝑶𝑷𝑪𝑶𝑺𝑻𝒊𝒕−𝟏 + 𝜶𝟏𝟐𝑪𝑨𝑷𝑬𝑿𝒊𝒕 + 𝜶𝟏𝟑𝒀𝑬𝑨𝑹𝒊𝒕 + 𝜺𝒊𝒕 

Where, 

𝑅𝑂𝐴:  Earnings, being net income
62

 scaled by total assets; 

𝑆𝐼𝑀𝑆𝐶𝑂𝑅𝐸:  SG&A similarity score (cf. Section 3.2); 

𝑆𝐼𝑍𝐸:  Firm size, being the natural logarithm of total assets;
63

 

𝑀𝑇𝐵:  Market-to-book, being sum of market value of equity and book value of 

debts, scaled by total assets; 

𝑉𝑂𝐿𝐴𝑇𝐼𝐿𝐼𝑇𝑌:  Volatility of return on assets (ROA), being the standard deviation of 

ROA over the last five years; 

𝐿𝑂𝑆𝑆:   Dummy variable that is coded one if the firm reports a loss, and zero 

otherwise; 

𝑆𝐼:  Dummy variable that is coded one if the firm reports a special item, and 

zero otherwise; 

∆𝑆𝐴𝐿𝐸𝑆:  Change in net sales at fiscal year-end date, scaled by Salest-1 (i.e., 

∆Salest/Salest-1); 

𝐷𝐼𝑉:  Dividend payout ratio, being dividend scaled by net income; 

𝐿𝑂𝑊𝐸𝐴𝑅𝑁:  Dummy variable that is coded one if the firm’s net income is lower 

than the average net income among its industry peers; and zero 

otherwise;
64

 

𝑂𝑃𝐶𝑂𝑆𝑇:  Operating costs, being the sum of SG&A and COS, scaled by net sales; 

𝐶𝐴𝑃𝐸𝑋:  Capital expenditures, scaled by sales; 

                                                 
62

 In order to be consistent with prior studies, alternatively, we also used income before extraordinary items and earnings before interests and 

tax (EBIT), instead of net income, and results of model estimations are qualitatively similar. 
63

 Using natural logarithm of market capitalisation of a firm as a proxy for size does not materially change our results. 
64

 We also replaced LOWEARN with a dummy variable equal to 1 if the firm’s current net income is lower than its own net income in the 

previous period, and zero otherwise. Results are not materially different. 
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𝑌𝐸𝐴𝑅:   Year dummies; 

i and t:   Denote firms and years. 

 

We measure financial performance, using return on total assets (ROA).
65

 The 

independent variable of primary interest is SIMSCORE. As posited in H1, we expect a 

significantly positive coefficient for this variable. 

We control for variables introduced in prior studies as influential on a firm’s 

(expected) future earnings. For instance, following prior studies (e.g., Khan and Watts 2009, 

Huang et al. 2014), we include SIZE to control for the firm’s operational and business 

environment information. Because firms with a higher market-to-book (MTB) have more 

investment opportunities (Khan and Watts 2009) and potential for growth in the future (Li 

2008), we include MTB as a control variable and expect a positive coefficient for this 

variable. In addition, as growth firms (i.e., firms with higher MTB) are argued to have more 

complex and uncertain business models (Li 2008), MTB could be considered a control for 

firms’ business models. We also control for firm characteristics, making prediction of 

earnings more difficult (i.e., VOLATILITY, LOSS and SI), and we expect a negative 

coefficient for these variables (Li 2008). Moreover, we control for growth in sales (∆SALES), 

suggested in prior research (e.g., Barth et al. 2008) to be associated with voluntary accounting 

decisions (e.g., emulating industry peers’ SG&A decisions). As growth in sales could be 

indicative of better future performance, we control for ∆SALES and expect a positive 

coefficient for this variable. Because prior literature (e.g., Skinner and Soltes 2011) argues 

that firms’ dividend decisions reflect management’s assessment of future earnings, we include 

DIV as a control variable and expect a positive coefficient for this variable. As departures of 

SG&A ratios from the industry-specific peer-based benchmark (dissimilarity measures) could 

be affected by managerial intent arising from earnings comparison against industry peers 

(e.g., cutting SG&A expenditures because of having prior earnings lower than industry peers), 

we include LOWEARN into the model to control for its potential effect on our results. As a 

firm’s economic model (encompassing expenses incurred such as operating expenses) is a 

core element of its business model (Morris et al. 2005),  we include lagged operating 

                                                 
65

 Using firms’ market capitalisation instead of total assets to deflate net income does not materially affect our results. 
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expenses (OPCOST
66

)  to capture the effect of variation in firms’ business models on reported 

SG&A. Finally, in order to be consistent with prior studies (e.g., Baxter et al. 2013), we also 

include capital expenditures (CAPEX) into the model. 

In line with a host of scholars (e.g., Easton and Harris 1991, Fama and French 1993, 

Kousenidis et al. 2009, Balachandran and Mohanram 2011, Baxter et al. 2013, Jiang and 

Stark 2013), we estimate the following model to test H2 and H3 (equation 2): 

𝑩𝑨𝑯𝑹𝒊𝒕 = 𝜶𝟎 + 𝜶𝟏(∆)𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬𝒊𝒕 + 𝜶𝟐𝑴𝑨𝑹𝑲𝑬𝑻 𝑹𝑬𝑻𝑼𝑹𝑵𝒊𝒕 + 𝜶𝟑𝑬𝑨𝑹𝑵𝑰𝑵𝑮𝑺𝒊𝒕

+ 𝜶𝟒∆𝑬𝑨𝑹𝑵𝑰𝑵𝑮𝑺𝒊𝒕 + 𝜶𝟓𝑺𝑰𝒁𝑬𝒊𝒕 + 𝜶𝟔𝑴𝑻𝑩𝒊𝒕 + 𝜶𝟕𝑳𝑬𝑽𝒊𝒕 + 𝜶𝟖∆𝑺𝑨𝑳𝑬𝑺𝒊𝒕

+ 𝜶𝟗𝑫𝑰𝑽𝒊𝒕 + 𝜶𝟏𝟎𝑳𝑶𝑾𝑬𝑨𝑹𝑵𝒊𝒕−𝟏 + 𝜶𝟏𝟏𝑶𝑷𝑪𝑶𝑺𝑻𝒊𝒕−𝟏 + 𝜶𝟏𝟐𝑪𝑨𝑷𝑬𝑿𝒊𝒕

+ 𝜶𝟏𝟑𝑺𝑬𝑮𝑴𝑬𝑵𝑻𝒊𝒕 + 𝜽𝒊𝒕 

Where, 

𝐵𝐴𝐻𝑅: Raw buy-and-hold stock returns including dividend payment, 

for the period starting from the beginning of the 8
th

 month 

before fiscal year-end date and ending at the end of month 4 

after fiscal year-end date; 

(∆)𝑆𝐼𝑀𝑆𝐶𝑂𝑅𝐸:   (Change in) SG&A similarity score; 

𝑀𝐴𝑅𝐾𝐸𝑇 𝑅𝐸𝑇𝑈𝑅𝑁: Market return in the same period that BAHR is calculated, being 

sum of CRSP monthly value-weighted
67

stock market returns; 

𝐸𝐴𝑅𝑁𝐼𝑁𝐺𝑆: Net income at the end of fiscal year, scaled by lagged market 

value;
68

 

∆𝐸𝐴𝑅𝑁𝐼𝑁𝐺𝑆: Change in EARNINGS, being change in net income, scaled by 

lagged market value;
69

 

𝐿𝐸𝑉:     Leverage, being total debt scaled by total assets; 

𝑆𝐸𝐺𝑀𝐸𝑁𝑇:  Number of segments, being natural logarithm of the sum of 

reported business and geographic segments; 

                                                 
66

 OPCOST (being the sum of COS and SG&A, scaled by sales) may also capture the effect of events such as restructuring on 

increases/decreases in SG&A. 
67

 Results of model estimation using CRSP equal-weighted stock returns are qualitatively similar. 
68

 Using lagged/current total assets as a deflator does not materially affect our results. 
69

 Results of model estimation using lagged earnings and current earnings together to proxy unexpected earnings instead of using current 

earnings and change in earnings are qualitatively similar. 
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We refer to the variable definitions for model (1), for the other variables. The 

independent variable of primary interest to test H2 (H3) is SIMSCORE (∆SIMSCORE). As 

posited in H2 (H3), we expect a significantly positive coefficient for SIMSCORE 

(∆SIMSCORE). 

We also control for variables that have previously been found to explain stock returns. 

Consistent with prior studies in the asset pricing literature (e.g., Fama and French 1993), we 

include MARKET RETURN in the model to capture the effect of the macro economy on 

firm-level stock returns. We also include size (SIZE) and market-to-book ratio (MTB), into 

the model, as they are identified as important variables explaining the cross section of stock 

returns (see e.g., Fama and French 1992, Fama and French 1993). As SIZE proxies for a 

firm’s operational and business environment information, investors have generally more 

information available about a larger firm and therefore take less investment risks because of 

less information asymmetry (Gu and Li 2007), i.e., we expect a negative coefficient for SIZE. 

As MTB reflects a firm’s potential growth in future (prospects), a firm with a lower MTB 

would be judged by the market to have poor prospects, so that it is likely to be penalised with 

a higher costs of capital (Fama and French 1992), i.e., MTB is expected to be negatively 

associated with returns. In line with prior scholars (e.g., Bhandari 1988) who find a positive 

relationship between stock returns and leverage, we control for LEV, as a proxy for financial 

risks. Because change in sales is documented to be positively related to accounting 

performance (i.e., signalling improved performance) (Baxter et al. 2013), we control for 

∆SALES and expect a positive coefficient for this variable. Given that dividend decisions 

reflect management’s assessment of future earnings (Skinner and Soltes 2011), in line with 

prior studies (e.g., Jiang and Stark 2013), we control for DIV and expect a positive coefficient 

for this variable. Similar to model (1), to ensure that managerial motives to manage earnings 

and variations in firms’ business models do not affect simultaneously both (∆)SIMSCORE 

and stock returns, posing the problem of omitted correlated variable, we control for lagged 

LOWEARN and lagged OPCOST, respectively. Because Baxter et al. (2013) show that a 

firm’s capital expenditures and number of segments are value-relevant, we control for 

CAPEX and SEGMENT in the model. 

To test our hypotheses, we split our sample into two subsamples, depending on 

whether the firm has an SG&A ratio that exceeds or falls below the industry-specific peer-
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based benchmark in the previous period. Next, we estimate equation 1 (2) separately for both 

subsamples. As an alternative approach, we estimate our models including a dummy variable 

(to be denoted by ABOVE) that is coded one if the firm’s SG&A ratio is larger than the 

industry-specific peer-based benchmark in the previous period (and zero otherwise) and its 

interaction with (∆)SIMSCORE (to be denoted by ABOVE × (∆)SIMSCORE). Based on H1, 

H2 and H3, we expect a positive coefficient for ABOVE × (∆)SIMSCORE, in respective 

models. 

To estimate our models, we rely on ordinary least squares (OLS) regressions using 

time fixed effects (to control for the potential cross dependence of residuals (Petersen 2009)). 

We also implement adjustments for heteroscedasticity and autocorrelation (i.e., we cluster 

standard errors at firm level).
70

 

4. EMPIRICAL RESULTS 

4.1. Descriptive statistics and correlations 

Table 1 presents descriptive statistics for the variables used in this study. As discussed 

earlier, SG&A account for a considerable portion of a firm’s sales and total expenses. As 

indicated in Table 1, SG&A expenses account, on average, for 30% of net sales (with a 

median value of 25%) and they also constitute, on average, 26% of total expenses (with a 

median value of 24%) in the sample under study. Moreover, in the sample under study, firms 

report a profit equal, on average, to 142.43 million USD (with a median value of 9.36 million 

USD). Besides, annual buy-and-hold stock returns on a firm’s share in the sample under study 

mount, on average, to 15.09% (with a median value of 12.33%) while returns on a market 

portfolio’s share over the same period of time mount, on average, to 7.08% (with a median 

value of 13.15%).  Besides, Table 1 indicates, on average, 26 million USD increase in net 

income (with a median value of 1.7 million USD) for firms in the sample under study.  

  

                                                 
70

 Double clustering (i.e., clustering standard errors at both firm and year levels) does not materially affect our results. 
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Table 1. Descriptive statistics  

   Median Mean Std Dev 

Net sales (million USD) 322.0035 2373.2740 8945.9560 

SG&A (million USD) 71.7035 456.9598 1815.5560 

SG&A/Sales .2516 .2960 .1997 

SG&A/Total expenses .2442 .2589 5.3940 

Total assets (million USD) 367.9080 2914.8300 12156.4000 

Net income (million USD) 9.3635 142.4330 1210.6340 

∆Net income (million USD) 1.6670 25.9988 717.3437 

SIMSCORE  -.6638 -.7680 .5619 

∆SIMSCORE .0002 -.0000 .3376 

ROA .0379 .0074 .1607 

BAHR .1233 .1509 .5155 

MARKET RETURN .1315 .0708 .1987 

SIZE 5.9078 5.9662 1.9591 

MTB 1.9601 2.6765 3.3881 

LEV .1402 .1889 .2085 

VOLATILITY .0467 .0844 .1085 

∆SALES .0855 .1285 .2959 

DIV .0000 .1254 .2845 

OPCOST .8852 .8701 .1997 

CAPEX 

 

.0303 .0818 .1827 

SEGMENT 2.5649 2.5241 .6847 

SIMSCORE similarity of a firm’s SG&A ratio to the average SG&A ratio within its industry-specific peer-based 

group; ∆SIMSCORE change in SIMSCORE (i.e., SIMSCOREt – SIMSCOREt-1); ROA net income, scaled by total 

assets; BAHR raw buy-and-hold stock returns, including dividend payment, for the period starting from the beginning 

of the 8th month before fiscal year-end date and ending at the end of month 4 after fiscal year-end date; MARKET 

RETURN sum of CRSP monthly value-weighted stock market returns, in the same period that BAHR is calculated; 

SIZE natural logarithm of total assets at fiscal year-end date; MTB sum of market value of equity and book value of 

debts, scaled by total assets; LEV total debt scaled by total assets; VOLATILITY the standard deviation of ROA over 

the last five years; ∆SALES change in net sales at fiscal year-end date, scaled by Salest-1 (i.e., ∆Salest/Salest-1); DIV 

dividend scaled by net sales; OPCOST sum of SG&A and COS, scaled by net sales; CAPEX capital expenditures, 

scaled by sales; SEGMENT natural logarithm of the sum of reported business and geographic segments.
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Table 2 reports pairwise correlations between variables which are used to test the 

research hypotheses. We note a positive correlation between similarity of reported SG&A to 

industry-specific peer-based benchmark and earnings (significant at the 1% level). Results of 

further analyses (Untabulated but ready to report upon request) show that, consistent with H1, 

the pairwise correlation between SIMSCORE and earnings, based on the subsample of firms 

with an SG&A ratio above (below) benchmark in the previous period is .0788 (-.0306), both 

significant at the 1% level. We also observe a positive correlation, significant at the 10% (1%) 

level, between BAHR and SIMSCORE (∆SIMSCORE). In addition, further analyses
71

 reveal 

that, in line with H2 and H3, there is a positive correlation between BAHR and both 

SIMSCORE and ∆SIMSCORE, for the subsample of firms with an SG&A ratio above 

benchmark, in the previous period, whereas for the firms with an SG&A ratio below 

benchmark there is a negative correlation between BAHR and both SIMSCORE and 

∆SIMSCORE.  

Furthermore, as indicated in Table 2, correlations among the control variables are 

modest (they fall all below 0.6) and are, therefore, not indicative of multicollinearity 

problems. Nevertheless, we also considered variance inflation factors (VIFs) and the largest 

VIF equals 4.12. We, therefore, conclude that our results are not materially affected by 

multicollinearity.  
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 Results are not tabulated but are ready to be reported from authors, upon request. 
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Table 2. Correlation matrix  

  1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 

1 BAHR 1.0000                  

2 SIMSCORE .0115 

* 

1.0000                 

3 ∆SIMSCORE .0273 

*** 

.3371 

*** 

1.0000                

4 MARKET 

RETURN 

.4593 

*** 

-.0040 .0095 1.0000               

5 EARNINGS .0742 

*** 

.1338 

*** 

.0708 

*** 

.0440 

*** 

1.0000              

6 ∆EARNINGS .1754 

*** 

.0197 

*** 

.0487 

*** 

.1037 

*** 

.1541 

*** 

1.0000             

7 SIZE -.0394 

*** 

.0336 

*** 

.0004 -.0074 .2757 

*** 

-.0488 

*** 

1.0000            

8 MTB -.1136 

*** 

-.0459 

*** 

-.0004 -.1038 

*** 

.0404 

*** 

-.0191 

*** 

-.1325 

*** 

1.0000           

9 LEV -.0142 

** 

.0035 .0080 -.0312 

*** 

-.2547 

*** 

.0669 

*** 

.0454 

*** 

-.0316 

*** 

1.0000          

10 VOLATILITY -.0124 -.0177 

** 

.0017 -.0086 -.2112 

*** 

.0549 

*** 

-.3493 

*** 

.1341 

*** 

.0448 

*** 

 

1.0000         

11 LOSS -.0075 

* 

-.1158 

*** 

-.0352 

*** 

-.0136 

*** 

-.6091 

*** 

-.0727 

*** 

-.2746 

*** 

-.0863 

*** 

.1938 

*** 

.1921 

*** 

1.0000        

12 SI .0090 .0609 .0052 .0246 

*** 

.0510 

*** 

-.0018 .0521 

*** 

-.0905 

*** 

-.0774 

*** 

.0080 -.0254 

*** 

1.0000       

13 ∆SALES .0026 .0174 

*** 

.0848 

*** 

-.0641 

*** 

.1831 

*** 

-.0112 

** 

.0035 .2240 

*** 

-.0547 

*** 

.0084 -.1650 

*** 

-.1847 

*** 

1.0000      

14 DIV -.0209 

 

.0215 

*** 

.0083 -.0137 .1148 

*** 

-.0605 

*** 

.1883 

*** 

-.0012 

 

.0760 

*** 

-.1679 

*** 

-.1409 

*** 

-.0327 

*** 

.0131 

* 

1.0000     

15 LOWEARN .0548 

*** 

-.0606 

*** 

.0474 

*** 

-.0011 -.2248 

*** 

.1419 

*** 

.0684 

*** 

-.1058 

*** 

.1382 

*** 

.0637 

*** 

.3988 -.1742 

*** 

.0266 

*** 

-.0807 

*** 

1.0000    

16 OPCOST -.0330 -.2002 

*** 

-.0919 

*** 

-.0043 -.5264 

*** 

-.0153 

*** 

-.4087 

*** 

-.0509 

*** 

-.0231 

*** 

.2051 

*** 

.4798 

*** 

-.0204 

*** 

-.2152 

*** 

-.1339 

*** 

.0977 

*** 

1.0000   

17 CAPEX -.0222 

*** 

.0192 

*** 

-.0069 -.0323 

*** 

.0338 

*** 

-.0375 

*** 

.1084 

*** 

-.0160 

** 

.0864 

*** 

-.0416 

*** 

-.0052 -.0270 

*** 

.1497 

*** 

.0209 

*** 

-.0034 -.2978 

*** 

1.0000  

18 SEGMENT .0667 

*** 

.0351 

*** 

.0071 .0073 

* 

.1168 

*** 

-.0213 

*** 

.3358 

*** 

-.0569 

*** 

-.1336 

*** 

-.1273 

*** 

.3775 

*** 

.1738 

*** 

-.0339 

*** 

.0302 

*** 

.5596 

*** 

-.0765 

*** 

-.0889 

*** 

1.0000 

Significance at .10 (*), .05 (**) and .01 (***) 
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4.2. Multivariate results 

Table 3 presents results for estimating equation 1 (i.e., the model with future earnings 

(ROA) as dependent variable and SIMSCORE as independent variable of primary interest). 

As presented by Model I of Table 1, although there is a positive association between 

SIMSCORE and ROA based on the full sample, the relationship is not significant at the 

conventional levels. Model II (Model III) presents results for the subsample of firms with an 

SG&A ratio larger (smaller) than the industry-specific peer-based benchmark. While we 

observe a positive coefficient (significant at the 5% level) for SIMSCORE in Model II (i.e., 

the subsample of firms with a previous SG&A ratio larger than benchmark), in Model III 

SIMSCORE attains a negative coefficient (insignificant at the conventional levels). This 

observation is consistent with H1. Model IV reports results of estimating equation 1, 

including a dummy variable that is coded one for firms with a previous SG&A ratio larger 

than the benchmark (i.e., ABOVE) and its interaction with SIMSCORE (i.e., SIMSCORE × 

ABOVE). Whereas SIMSCORE receives a negative coefficient (marginally significant), the 

interaction between SIMSCORE and ABOVE yields a significantly positive coefficient 

(significant at the 1% level), with a magnitude which is much larger than SIMSCORE.
72

 This 

finding supports the results presented by Model II and Model III and is again consistent with 

H1. An interesting observation is that ABOVE attains a significantly negative coefficient, 

which is consistent with an SG&A ratio larger than benchmark signalling lack of control over 

overhead expenses (Baumgarten et al. 2010) and thus being detrimental to future earnings. 

Overall, consistent with the behavioural theory of the firm, results of Table 3 suggest that 

SG&A similarity does not always signal information about future earnings (i.e., not for every 

firm in general), while it is informative about future earnings, only for the firms with a prior 

SG&A ratio larger than the industry-specific peer-based benchmark. 

In general, coefficients for the control variables are stable across models and are in 

line with expectations. Larger firms, firms with more potential for growth in the future, firms 

with increases in sales and those that pay larger dividend per one dollar of earnings have 

higher earnings in the future (i.e.,  we note a positive coefficient for SIZE, MTB, ∆SALES 

and DIV). Firm characteristics that could be perceived as negative signals about profitability, 

such as higher volatility in earnings, reporting a loss, reporting earnings lower than industry 

peers and reporting higher operational expenses are negatively associated with future earnings 

(i.e., we observe a negative coefficient for VOLATILITY, LOSS, LOWEARN and 
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OPCOST). Consistent with Baxter et al. (2013), we also note a negative coefficient for 

CAPEX. 

TABLE 3: Regression results for testing the relationship between SG&A similarity and future earnings 

 Model I Model II Model III Model IV 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept .1159 *** .1263 *** .0748 *** .1088 *** 

SIMSCORE .0012  .0070 ** -.0053  -.0061 * 

SIMSCORE × ABOVE       .0118 *** 

ABOVE       -.0062 ** 

ROA .3188 *** .3028 *** .3304 *** .3161 *** 

SIZE .0036 *** .0051 *** .0027 *** .0038 *** 

MTB .0139 *** .0124 *** .0166 *** .0144 *** 

VOLATILITY -.1576 *** -.1342 *** -.1768 *** -.1573 *** 

LOSS -.0305 *** -.0259 *** -.0313 *** -.0301 *** 

SI -.0082  -.0176  .0011  -.0077  

∆SALES .0261 *** .0170 * .0324 *** .0249 *** 

DIV .0074 ** .0041 *** .0089 ** .0070 ** 

LOWEARN -.0153 *** -.0121  -.0165 *** -.0150 *** 

OPCOST -.1009 *** -.1326 *** -.0640 *** -.0992 *** 

CAPEX -.0632 *** -.0803 *** -.0398 *** -.0617 *** 

YEAR Included  Included  Included  Included  

R
2 

.2748  .2898  .2614  .2754  

N 17,078  7,246  9,832  17,078  

SIMSCORE similarity of a firm’s SG&A ratio to the average SG&A ratio within its industry-specific peer-based group; ABOVE dummy variable that is coded one if the firm’s SG&A 

ratio is larger than the industry-specific peer-based benchmark in the previous period (and zero otherwise); ROA net income, scaled by total assets; SIZE natural logarithm of total 

assets at fiscal year-end date; MTB sum of market value of equity and book value of debts, scaled by total assets; VOLATILITY the standard deviation of ROA over the last five years; 

LOSS dummy variable that is coded one if the firm reports a loss, and zero otherwise; SI dummy variable that is coded one if the firm reports a special item, and zero otherwise  

∆SALES change in net sales at fiscal year-end date, scaled by Salest-1 (i.e., ∆Salest/Salest-1); DIV dividend scaled by net income; LOWEARN dummy variable that is coded one if the 

firm’s net income is lower than the average net income among its industry peers, and zero otherwise; OPCOST sum of SG&A and COS, scaled by net sales; CAPEX capital 

expenditures, scaled by sales. 

Significance at .10 (*), .05 (**) and .01 (***). 
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Table 4 reports results of estimating equation 2, including SIMSCORE as the primary 

independent variable (i.e., the model which includes BAHR as the dependent variable and 

aims at testing H2). Model V presents results of estimating equation 2, based on the full 

sample. We note that SIMSCORE receives a positive coefficient (significant at the 10% 

level), based on the full sample. Model VI (Model VII) presents results for the subsample of 

firms with a previous SG&A ratio larger (smaller) than the industry-specific peer-based 

benchmark. While SIMSCORE receives a positive coefficient (significant at the 1% level) in 

Model VI (i.e., the subsample of firms with a prior SG&A ratio exceeding the benchmark), it 

does not attain significance in Model VII (i.e., the subsample of firms with a prior SG&A 

ratio below the benchmark). This observation is consistent with H2. Model VIII presents 

results for the full sample, including ABOVE and its interaction with SIMSCORE (i.e., 

SIMSCORE × ABOVE). As indicated in Model VIII, while we observe no significant 

coefficient for SIMSCORE, SIMSCORE × ABOVE receives a significantly positive 

coefficient (significant at the 5% level) and the magnitude of this coefficient is much larger 

than the coefficient for SIMSCORE.
73

 This finding implies that our results are not driven by 

the choice of model and it lends support to H2. 

In general, coefficients for the control variables are in line with expectations. 

Consistent with the literature on determinants of stock returns, SIZE and MTB receive a 

significantly negative coefficient (significant at the 1% level). Moreover, in line with the 

literature on earnings-returns relationship, the measure of unexpected earnings 

(∆EARNINGS) receives a positive coefficient (significant at the 1% level). Firms that 

increase their operational level have a higher stock return (i.e., we note a positive coefficient 

for ∆SALES). A rather debatable observation in Model VIII is that LOWEARN receives a 

significantly positive coefficient, while the expected sign for the coefficient for this variable is 

negative. The positive coefficient for LOWEARN could suggest that failing to meet the level 

of earnings equal to industry peers may motivate managers to take improving actions and 

increase earnings in the future. To test this conjecture, we estimated Model VIII based on two 

sub samples: the subsample of firms with an increase in EARNINGS (i.e., ∆EARNINGS≥0) 

and the subsample of firms with a decrease in EARNINGS (i.e., ∆EARNINGS<0). Results 

(untabulated) indicate that consistent with our conjecture, LOWEARN receives a positive 

coefficient, for the subsample of firms with an increase in EARNINGS, whereas its 
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coefficient does not attain significance, for the subsample of firms with a decrease in 

EARNINGS. 

TABLE 4: Regression results for testing the relationship between SG&A similarity and stock returns 

 Model V Model VI Model VII Model VIII 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept -.1201 *** -.0047  -.1453 *** -.1347 *** 

SIMSCORE .0115 * .0218 *** -.0058  -.0077  

SIMSCORE × ABOVE       .0295 ** 

ABOVE       -.0105  

MARKET RETURN 1.2833 *** 1.2596 *** 1.3019 *** 1.2831 *** 

EARNINGS .0094  .0103  -.0008  .0075  

∆EARNINGS .1257 *** .1091 *** .1355 *** .1249 *** 

SIZE -.0065 *** -.0072 ** -.0064 *** -.0063 *** 

MTB -.0042 *** -.0039 *** -.0041 *** -.0040 *** 

LEV .0081  -.0327  .0359  .0043  

∆SALES .1061 *** .0946 *** .1164 *** .1030 *** 

DIV -.0101  -.0103  .-.0110  -.0112  

LOWEARN .0258 *** .0280 *** .0256 *** .0273 *** 

OPCOST .0299  -.0123  .0964 ** .0336  

CAPEX .0223  -.0094  .0702 ** .0264  

SEGMENT .0176 *** .0034  .0276 *** .0176 *** 

YEAR Included  Included  Included  Included  

R
2 

.2710  .2652  .2807  .2713  

N 18,365  8,107  10,258  18,365  

BAHR raw buy-and-hold stock returns, including dividend payment, for the period starting from the beginning of the 8th month before fiscal year-end date and ending at the end of month 4 after 

fiscal year-end date; SIMSCORE similarity of a firm’s SG&A ratio to the average SG&A ratio within its industry-specific peer-based group; MARKET RETURN sum of CRSP monthly value-

weighted stock market returns, in the same period that BAHR is calculated; ABOVE dummy variable that is coded one if the firm’s SG&A ratio is larger than the industry-specific peer-based 

benchmark in the previous period (and zero otherwise); EARNINGS net income at the end of fiscal year, scaled by lagged market value; ∆EARNINGS change in net income, scaled by lagged 

market value; SIZE natural logarithm of total assets at fiscal year-end date; MTB sum of market value of equity and book value of debts, scaled by total assets; LEV total debt scaled by total assets; 

∆SALES change in net sales at fiscal year-end date, scaled by Salest-1 (i.e., ∆Salest/Salest-1); DIV dividend scaled by net sales; LOWEARN dummy variable that is coded one if the firm’s net 

income is lower than the average net income among its industry peers, and zero otherwise; OPCOST sum of SG&A and COS, scaled by net sales; CAPEX capital expenditures, scaled by sales; 

SEGMENT natural logarithm of the sum of reported business and geographic segments. 

Significance at .10 (*), .05 (**) and .01 (***). 
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Table 5 presents results of estimating equation 2, including ∆SIMSCORE as the 

primary independent variable (i.e., the model which includes BAHR as the dependent variable 

and aims at testing H3). Model IX presents results of estimating equation 2 based on the full 

sample. We note that  ∆SIMSCORE receives a positive coefficient (significant at the 10% 

level). Model X (Model XI) presents results for the subsample of firms with a prior SG&A 

ratio larger (smaller) than the industry-specific peer-based benchmark. While there is a 

significantly positive association between BAHR and ∆SIMSCORE for the subsample of 

firms with a prior SG&A ratio above benchmark (consistent with H3), ∆SIMSCORE receives 

a significantly negative coefficient in the subsample of firms with a prior SG&A ratio below 

benchmark. In addition, Model XII presents results for the full sample, including ABOVE and 

its interaction with ∆SIMSCORE. Consistent with results presented by Model X and Model 

XI, ∆SIMSCORE receives a significantly negative coefficient (significant at the 1% level), 

while SIMSCORE × ABOVE receives a significantly positive coefficient (significant at the 

1% level), with a magnitude that is much larger than the coefficient for ∆SIMSCORE.
74

 

Again, this finding lends support to H3. Moreover, similar to Model VIII, ABOVE receives a 

negative coefficient (not significant at the conventional levels). In general, coefficients for the 

control variables are in line with expectations.
75
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 The joint coefficient is significant at the 1% level. 
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 To avoid repetition, we refer to Table 4, for discussions of coefficients for control variables. 
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TABLE 5: Regression results for testing the relationship between change in SG&A similarity and 

stock returns 

 Model IX Model X Model XI Model XII 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept -.1179 *** .0309  -.1344 *** -.1031 *** 

∆SIMSCORE .0211 * .0655 *** -.0566 ** -.0654 *** 

∆SIMSCORE × ABOVE       .1200 *** 

ABOVE       -.0093  

MARKET RETURN 1.2832 *** 1.2570 *** 1.3019 *** 1.2822 *** 

EARNINGS .0099  .0098  -.0012  .0078  

∆EARNINGS .1255 *** .1041 *** .1337 *** .1221 *** 

SIZE -.0069 *** -.0091 *** -.0062 *** -.0068 *** 

MTB -.0042 *** -.0040 *** -.0041 *** -.0041 *** 

LEV .0086  -.0297  .0371  .0064  

∆SALES .1050 *** .0774 *** .1078 *** .0914 *** 

DIV -.0103  -.0110  -.0110  -.0114  

LOWEARN .0254 *** .0217 ** .0232 ** .0233 *** 

OPCOST .0185  -.0587  .0906 ** .0090  

CAPEX .0201  -.0124  .0677 ** .0201  

SEGMENT .0180 *** .0048  .0275 *** .0180 *** 

YEAR Included  Included  Included  Included  

R
2 

.2710  .2671  .2813  .2723  

N 18,365  8,107  10,258  18,365  

∆SIMSCORE change in similarity of a firm’s SG&A ratio to the average SG&A ratio within its industry-specific peer-based group. 

See Table 4 for definitions of other variables. 

Significance at .10 (*), .05 (**) and .01 (***). 
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4.3. Additional analyses 

In order to assess the robustness of our findings, we performed several additional 

analyses to ensure that alternative scenarios are not driving our results. In what follows, we 

discuss the main additional analyses performed. 

To ensure that managerial intent to engage in earnings management (in any form), 

which is expected to affect firm performance and be reflected in stock returns, does not drive 

SG&A ratios’ convergence towards/divergence from the benchmark (posing the problem of 

omitted correlated variable), we added two new control variables into our models, capturing 

engagement in real earnings management and accruals management. First, in line with prior 

studies (e.g., Roychowdhury 2006, Gunny 2010), we estimate the following equation 

(equation 3) for every industry with at least 15 observations, on a yearly basis: 

𝑺𝑮&𝑨𝒊𝒕

𝑨𝒊𝒕−𝟏
= 𝜶𝟎 + 𝜶𝟏

𝟏

𝑨𝒊𝒕−𝟏
+ 𝜶𝟐𝑴𝑽𝒊𝒕 + 𝜶𝟑𝑸𝒊𝒕 + 𝜶𝟒

𝑰𝑵𝑻𝒊𝒕

𝑨𝒊𝒕−𝟏
+ 𝜶𝟓

∆𝑺𝒊𝒕

𝑨𝒊𝒕−𝟏
+ 𝜶𝟔

∆𝑺𝒊𝒕

𝑨𝒊𝒕−𝟏
× 𝑫𝒊𝒕 + 𝑫𝒊𝒕 + 𝜺𝒊𝒕 

 

Where, 

𝐴:  Total assets; 

𝑀𝑉:  Market value of equity, being the natural logarithm of the product of 

common shares outstanding and the closing price on the last trading 

day in a year; 

𝑄:  Tobin’s Q, being the sum of market value of equity, preferred stock, 

current portion of long-term debts and long-term debt, scaled by lagged 

total assets; 

𝐼𝑁𝑇:  Internal funds, being the sum of depreciation and amortisation, income 

before extraordinary items and extraordinary items and discontinued 

operations;
76

 

∆𝑆:  Change in total sales; 
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 It should be noted that due to the data availability issue with regard to R&D expenses, inclusion of INT in equation 4 reduces the number 

of observations with available data (cf. the difference between the number of observations reported in tables 7, 8 and 9 compared to 3, 4 and 

5, respectively). Results of extra analyses based on replacing missing values of R&D with zero or dropping INT from equation 4, in order to 
avoid the sharp decrease in the number of observations, are not qualitatively different from the current ones. 
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𝐷:  Dummy variable equal to 1 when total sales decrease between t-1 and t, 

zero otherwise. 

As equation 3 estimates the normal level of reported SG&A using a number of firm 

characteristics (documented to determine reported SG&A), residuals represent deviations 

from an expected level of SG&A (discretionary SG&A), with lower residuals representing 

higher likelihood of engaging in real earnings management (i.e., managerial intent to prop 

earnings up) (Gunny 2010). We, thus, used residuals of equation 3 (SGA_RESID) as a proxy 

for real earnings management. 

Moreover, to calculate our proxy for accruals management, consistent with prior 

studies (e.g., Francis et al. 2004, Francis et al. 2005), we estimated the normal level of total 

working capital accruals, using the model suggested by  Dechow and Dichev (2002), i.e., 

equation 4
77

 (all variables are scaled by average of initial and final total assets): 

𝑻𝑪𝑨𝒊𝒕 = 𝜷𝟎 + 𝜷𝟏𝑪𝑭𝑶𝒊𝒕−𝟏 + 𝜷𝟐𝑪𝑭𝑶𝒊𝒕 + 𝜷𝟑𝑪𝑭𝑶𝒊𝒕+𝟏 + 𝜷𝟒∆𝑹𝑬𝑽𝒊𝒕 + 𝜷𝟓𝑷𝑷𝑬𝒊𝒕 + 𝜸𝒊𝒕 

Where, 

𝑇𝐶𝐴:  Total current accruals, being ∆current assets-∆current liabilities-

∆cash+∆debt in current liabilities; 

𝐶𝐹𝑂:  Cash flow from operations; 

∆𝑅𝐸𝑉:  Change in revenues, being change in total net sales; 

𝑃𝑃𝐸:  Property, plant and equipment. 

Residuals of this model (i.e., deviations from the normal level of current working 

capital accruals), provide a metric capturing accruals management. As such, the larger the 

residual term assigned to a firm-year observation, the more likely that the firm engages in 

accruals management. We, therefore, used the residuals of equation 4 (ACCR_RESID) in the 

final model to proxy for accruals management.  

Furthermore, to ensure that our results are not materially affected by impact of 

managerial intent (reflected in financial disclosure quality) on both (change in) SG&A 

similarity and investors’ perception of firm value (reflected in stock returns), i.e., to avoid the 
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 Inspired by McNichols (2002), we added change in revenues (∆REV) and gross property, plant and equipment (PPE) as additional 

explanatory variables into Dechow and Dichev’s (2002) model. 
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problem of omitted correlated variable, we controlled for a metric that captures a firm’s 

financial information quality. To be consistent with prior studies (e.g., Francis et al. 2004, 

Francis et al. 2005), for every firm-year observation, we calculated accruals quality (being the 

standard deviation of residuals (discretionary accruals) from equation 4 over year t-2 to year 

t,
78

 INFOQUAL) as a measure of information quality. 

Prior research argues that firms engage in earnings management to avoid small losses 

or decreases in net income (see e.g., Burgstahler and Dichev 1997, Gunny 2010). To ensure 

that potential engagement in earnings management to avoid small losses or decreases in net 

income is not driving departures from the SG&A benchmarks ((dis)similarities), we added a 

dummy variable (BENCH) into all our models that is coded one if either a firm’s relative net 

income (being net income scaled by total assets) or its relative change in net income (being 

change in net income divided by total assets) is between zero and .01; and zero otherwise.
79

 

Next, we estimated our models, including the measures of real earnings management 

(SGA_RESID), accruals management (ACCR_RESID), earnings management to avoid small 

losses or decreases in net income (BENCH) and financial information quality (INFOQUAL) 

to test the research hypotheses. Results of re-testing our hypotheses (reported in tables 6, 7 

and 8) are not qualitatively different from the prior ones and still support our hypotheses. 
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 Using the standard deviation of residuals over year t-4 to year t does not materially change our results. 
79

 .01 is selected as a cut-off value, consistent with Gunny (2010). Results of further analyses using .005 (consistent with Burgstahler and 

Dichev (1997)) and .02 (arbitrarily chosen) as cut-off values are not materially different. 
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TABLE 6: Regression results for testing the relationship between SG&A similarity and future earnings, 

after controlling for measures of earnings management and accruals quality  

 Model XIII Model XIV Model XV Model XVI 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept .1231 *** .1547 *** .1618 *** .1220 *** 

SIMSCORE .0008  .0087 ** -.0089  -.0099 ** 

SIMSCORE × ABOVE       .0148 ** 

ABOVE       -.0079 ** 

SGA_RESID -.0246 ** .0043  -.0167  -.0104  

ACCR_RESID -.1085 *** -.1360 *** -.0887 *** -.1099 *** 

BENCH -.0183 *** -.0160 *** -.0190 *** -.0172 *** 

INFOQUAL -.0064  -.0132  -.0092  -.0100  

 ROA .2725 *** .2607 *** .2862 *** .2666 *** 

SIZE .0026 *** .0043 *** .0012  .0016 ** 

MTB .0156 *** .0158 *** .0160 *** .0159 *** 

VOLATILITY -.1193 *** -.0862 ** -.1583 *** -.1096 *** 

LOSS -.0383 *** -.0310 *** -.0412 *** -.0381 *** 

SI -.0077  -.0121  .0002  -.0055  

∆SALES .0258 *** .0163  .0337 *** .0264 *** 

DIV .0121 *** .0092  .0110 ** .0155 *** 

LOWEARN -.0128 *** -.0140 *** -.0095 ** -.0114 *** 

OPCOST -.1220 *** -.1298 *** -.1291 *** -.1262 *** 

CAPEX -.1303 *** -.1130 *** -.1426 *** -.1208 *** 

YEAR Included  Included  Included  Included  

         

R
2 

.2893  .2925  .2886  .2915  

N 10,169  4,786  5,383  10,169  

SGA_RESID measure of real earnings management, being residuals obtained from estimation of equation 3; ACCR_RESID measure of accruals management, being residuals 

obtained from estimation of equation 4; BENCH a dummy variable that is coded one if either a firm’s relative net income (being net income scaled by total assets) or its relative 

change in net income (being change in net income divided by total assets) is between zero and.01; and zero otherwise: See Table 3 for definitions of other variables; INFOQUAL 

three-year standard deviation of residuals obtained from estimation of equation 4.  

Significance at .10 (*), .05 (**) and .01 (***). 
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TABLE 7: Regression results for testing the relationship between SG&A similarity and stock returns, 

after controlling for measures of earnings management and accruals quality 

 Model XVII Model XVIII Model XIV Model XX 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept -.0520  .0576  -.1136  -.0607  

SIMSCORE .0088  .0219 ** -.0028  -.0203  

SIMSCORE × ABOVE       .0403 ** 

ABOVE       -.0140  

SGA_RESID -.0119  .0549  -.0942  .0190  

ACCR_RESID -.0790 *** -.0726 * -.0830 ** -.0828 *** 

BENCH -.0043  -.0006  -.0053  -.0040  

INFOQUAL -.0140  -.0253  -.0121  -.0172  

MARKET RETURN 1.2478 *** 1.2238 *** 1.2750 *** 1.2481 *** 

EARNINGS .0020  .0026  -.0057  -.0005  

∆EARNINGS .1085 *** .0869 *** .1315 *** .1081 *** 

SIZE -.0062 *** -.0070 ** -.0043  -.0062 *** 

MTB -.0048 *** -.0047 *** -.0049 ** -.0047 *** 

LEV -.0048  -.0620 * .0483  -.0087  

∆SALES .1154 *** .1187 *** .1071 *** .1121 *** 

DIV .0022  -.0016  .0012  .0008  

LOWEARN .0245 *** .0254 ** .0213 * .0261 *** 

OPCOST .0346  .0076  .1239 * .0302  

CAPEX -.1593 *** -.1917 *** -.0492  -.1456 ** 

SEGMENT .0034  -.0073  .0126  .0030  

YEAR Included  Included  Included  Included  

R
2 

.2771  .2727  .2910  .2775  

N 11,554  5,794  5,760  11,554  

SGA_RESID measure of real earnings management, being residuals obtained from estimation of equation 3; ACCR_RESID measure of accruals management, being residuals obtained 

from estimation of equation 4; BENCH a dummy variable that is coded one if either a firm’s relative net income (being net income scaled by total assets) or its relative change in net 

income (being change in net income divided by total assets) is between zero and.01; and zero otherwise: See Table 3 for definitions of other variables; INFOQUAL three-year standard 

deviation of residuals obtained from estimation of equation 4; see Table 4 for definitions of other variables.Significance at .10 (*), .05 (**) and .01 (***). 
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TABLE 8: Regression results for testing the relationship between change in SG&A similarity and stock 

returns, after controlling for measures of earnings management and accruals quality 

 Model XXI Model XXII Model XXIII Model XXIV 

 
Full sample 

SG&A ratio above 

benchmark 

SG&A ratio below 

benchmark 
Full sample 

 Coefficient Sign. Coefficient Sign. Coefficient Sign. Coefficient Sign. 

Intercept -.0459  .1060 * -.0794  -.0137  

∆SIMSCORE .0135  .0612 *** -.1044 *** -.1142 *** 

∆SIMSCORE × ABOVE       .1676 *** 

ABOVE       -.0090  

SGA_RESID -.0127  .0402  -.0893 * .0036  

ACCR_RESID -.0783 *** -.0661  -.0847 ** -.0805 *** 

BENCH -.0043  -.0017  -.0044  -.0040  

INFOQUAL -.0148  -.0207  -.0103  -.0141  

MARKET RETURN 1.2478 *** 1.2211 *** 1.2762 *** 1.2471 *** 

EARNINGS .0018  -.0026  -.0061  -.0019  

∆EARNINGS .1084 *** .0812 *** .1259 *** .1027 *** 

SIZE -.0066 *** -.0094 *** -.0041  -.0068 *** 

MTB -.0048 *** -.0048 *** -.0050 ** -.0048 *** 

LEV -.0039  -.0605  .0514  -.0060  

∆SALES .1145 *** .0980 *** .0865 *** .0926 *** 

DIV .0023  -.0019  .0005  .0005  

LOWEARN .0241 *** .0208 * .0179  .0219 ** 

OPCOST .0225  -.0516  .0917  -.0051  

CAPEX -.1619 *** -.1832 ** -.0625  -.1525 *** 

SEGMENT .0037  -.0055  .0123  .0038  

YEAR Included  Included  Included  Included  

R
2 

.2771  .2742  .2930  .2791  

N 11,554  5,794  5,760  11,554  

See Table 4 and Table 7 for definitions of other variables. 

Significance at .10 (*), .05 (**) and .01 (***). 
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In addition, we estimated equation 1 using change in similarity instead of level of 

similarity as the key independent variable. Results (untabulated but ready to report upon 

request) are qualitatively similar to those discussed earlier and are consistent with H1.  

We also estimated equation 2, using market-adjusted buy-and-hold stock returns (i.e., 

stock returns subtracted by the market return) as the dependent variable. Untabulated results 

are qualitatively similar and are consistent with H2 and H3. 

It is argued that the use and relevance of norms are reinforced and the appropriateness 

of the decisions are approved, once they are endorsed by high quality auditors (Aerts and Van 

Caneghem 2011). In order to capture the effect of audit quality on managerial decisions and 

avoid the omitted correlated variable problem, we added a dummy variable into all the models 

(BigN) equal to 1, if a firm hires a BigN auditor
80

  (and 0 otherwise). Untabulated results (but 

ready to report from authors upon request) are not materially different. 

Inspired by White and Dieckman (2005) who document that SG&A spending is 

heavily dependent on the gross profit margin, suggesting that “companies appear to spend 

more if they have more to spend” (p. 23), we also controlled in our models for gross profit 

margin (being the difference between sales and COS, scaled by sales). Untabulated results are 

qualitatively similar.  

5. CONCLUSION 

Implications of the SG&A ratio and its change over time for future performance and 

firm value has been a popular research topic in the fundamental analysis literature (see e.g., 

Abarbanell and Bushee 1997, Abarbanell and Bushee 1998, Anderson et al. 2003, Anderson 

et al. 2007, Baumgarten et al. 2010, Banker et al. 2011, Chen et al. 2012, Johnson 2013). 

Prior research, however, does not provide a straightforward interpretation with regard 

to (change in) SG&A ratio. Interpretational ambiguity surrounding the SG&A ratio and its 

change over time is because of the fact that optimal levels of reported SG&A cannot be 

identified and the SG&A ratio and its change over time are therefore hard to assess. While the 

SG&A ratio is typically an important metric diagnostic of firms’ efficiency (i.e., a higher 

SG&A ratio being associated with lower efficiency), SG&A consist of asset-like components 
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 The BigN are: PricewaterhouseCoopers (PwC); Klynveld Peat Marwick Goerdeler (KPMG); Deloitte; Ernst & Young; and Arthur 

Andersen (AA, for the observations of 2002). As it may be perceived illogical to assume that Arthur Anderson actually provided higher audit 
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that are found to be positively associated with future earnings. Decisions about SG&A at both 

the resource allocation and reporting levels are at managerial discretion. Conflict of interests 

between managers and other stakeholders (agency theory) and managerial private information 

regarding cost behaviour (and future operations and revenues) feed external observers’ 

interpretational ambiguity. These arguments suggest that managerial intent and certain 

circumstances drive firms’ SG&A behaviour, and investigations about implications of 

(change in) SG&A for firm performance and value without considering information on these 

circumstances and managerial intent may result in false unrealistic interpretations.   

Inspired by institutional theory and the behavioural theory of the firm, we expect firms 

to set reasonable target performance (in terms of SG&A), using the performance of other 

firms within their industry-specific peer group (social benchmark).  

To the extent that social comparison holds a normative layer for evaluation of SG&A 

performance (i.e., an SG&A ratio larger (smaller) than the social benchmark being interpreted 

as failure (success) in controlling of expenses), we expect firms with a previous SG&A ratio 

larger than their industry peers to engage in social comparison, affecting investors’ opinion 

about future performance and firm value. If, and to the extent that, similarity of such firms’ 

SG&A ratio to industry peers reflects effectiveness of their controlling of overhead expenses 

and appropriateness of managerial decisions on SG&A resource allocation, SG&A similarity 

is expected to be informative about future earnings (positive association). 

If investors engage in social comparison, similarity of an SG&A ratio to an industry-

specific peer-based benchmark could assist them in grounding expectations with regard to the 

appropriate SG&A ratio, only for firms that previously failed to meet the social benchmark 

with regard to the SG&A ratio.  This expectation may not hold for firms with a previous 

SG&A ratio smaller than the social benchmark, as these firms are unlikely to lower their 

aspiration level simply to be in line with the social benchmark (Washburn and Bromiley 

2012). Social comparison feedback is, therefore, expected to affect investors’ performance 

prediction and perception of firm value, only for firms with a previous SG&A ratio larger 

than the social benchmark (i.e., SG&A similarity being value-relevant). Besides, given that 

SG&A similarity could communicate information regarding future performance and firm 

value, we consider change in SG&A similarity to be an information-relevant signal, 

potentially able to affect investors’ perception of such firms’ value (i.e. change in similarity 
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being positively associated with stock returns, only for firms with a previous SG&A ratio 

larger than the social benchmark). 

Our empirical results are generally consistent with SG&A similarity being informative 

about future performance and value-relevant, only when the prior SG&A performance falls 

short of the social benchmark. Specifically, our results document a significantly positive 

association between SG&A similarity and both future earnings and stock returns, only for 

firms with a previous SG&A ratio larger than the industry-specific peer-based benchmark. 

The positive relationship between SG&A similarity and future earnings is consistent with 

SG&A similarity reflecting incremental information with regard to cost behaviour and future 

profitability (i.e., SG&A similarity being able to reduce information asymmetry between firm 

managers and investors). The observed positive relationship between SG&A similarity and 

stock returns lends support to social comparison contributing to investors’ development of 

reasonable expectations with regard to SG&A and also evaluation of a firm’s reported SG&A. 

Furthermore, in line with expectations, our results document that change in SG&A similarity 

(similarity signal) communicates value-constructive information to the capital market, only 

when the previous SG&A performance is worse than the social benchmark. Specifically, we 

note a significantly positive relationship between change in SG&A similarity and stock 

returns, only for firms with a previous SG&A ratio larger than the average SG&A ratio 

among their industry peers. Given the informativeness of SG&A similarity about future 

earnings, this observation supports the idea that change in similarity is considered by 

investors a credible information signal, positively affecting their perception of firm value. 

Our study has limitations, offering avenues for fruitful further research. Firstly, we 

focus on whether investors engage in social comparison in their information processing and 

how similarity to the social benchmark affects their perceptions of firm value (i.e., 

implications for stock returns). Exploring whether other types of capital providers (e.g., 

debtholders and banks) engage in social comparison, when dealing with ambiguity in 

evaluating and interpreting SG&A, might be relevant for future research. Second, while the 

main purpose of this paper is to investigate implications of industry-specific peer-based 

benchmarking (social comparison) in reported SG&A for the capital markets, investigating 

whether and how social comparison affects other capital market variables such as implied cost 

of equity capital offers an interesting topic for further research. Third, our hypotheses using 

alternative peer determination approaches as other approaches to select peer firms than the 
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way that we select peer firms (based on industry and firm size) may be used in practice, it 

might be interesting to test our hypotheses using alternative peer determination approaches. 
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CHAPTER 5 

Study 4 − Social Comparison in CSR Disclosure
81

 

 

 

ABSTRACT 

In this study we shed light on the process underlying diffusion of firms’ CSR disclosure 

practices. We propose a framework combining institutional theory and the performance 

feedback concept of BTOF to explain firms’ CSR disclosure decisions. We expect uncertainty 

about means, value and consequences of CSR disclosure to bring firms to engage in social 

comparison and align their CSR disclosure decisions with industry peers. Using a multi-

country sample of firms over a time period between 2003 and 2013, we document that the 

likelihood that a firm publishes a CSR report (or adopts the Global Reporting Initiative (GRI) 

reporting guidelines) is positively associated with the relative number of peer firms within its 

industry that published a CSR report (adopted the GRI) in the previous period. With regard to 

the extent of CSR disclosure (CSR transparency), we document that only firms with a 

previous CSR transparency level below the social benchmark (industry-specific peer-based 

benchmark) engage in mimetic behaviour as a response to industry-based conformity 

pressures. This suggests that failure to meet a socially-derived target transparency level gives 

rise to legitimacy pressures on firms, incentivising them to imitate their industry-peers. 

Finally, our results document that the mimetic response to conformity pressures in CSR 

transparency is larger for firms from countries with a lower level of stakeholder orientation 

and less strict CSR laws (lower coercive pressures), suggesting that firms’ mimetic response 

in CSR transparency substitutes for institutionalised forms of stakeholder orientation in such 

countries.  

 

Keywords: CSR disclosure, Social comparison, Peer-based benchmarks, Institutional theory 
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1. INTRODUCTION 

The increasing public sensitivity to the societal/environmental impact of firms’ 

business activities has raised the importance of communication with a diverse set of 

stakeholders in financial, product and labour markets beyond the traditional mandatory 

financial reports. Firms not only have to inform stakeholders about their financial status and 

long-term value creation, but they also have to convince them that they are resilient to CSR 

needs (KPMG 2013) and that their long-term value creation and sustainability will not be 

affected by CSR challenges. Voluntary disclosure of CSR information (i.e., the 

environmental, social and corporate governance (henceforth, ESG
82

) information) could be 

seen as a strategic response to pressures, emanating from information demands from a diverse 

set of stakeholders (Ioannou and Serafeim 2012, Schimmer and Brauer 2012, Thorne et al. 

2014). 

CSR disclosure decisions such as whether to publish a CSR report, whether to adopt 

specific reporting formats and benchmarks (e.g., GRI
83

) and determining the extent of CSR 

disclosure (CSR transparency) are largely at management’s discretion, but they are also 

challenging due to a high degree of means-ends uncertainty surrounding CSR disclosure 

(Aerts et al. 2006, Cormier and Magnan 2007, Arora and Dharwadkar 2011). Such inherent 

uncertainty makes CSR disclosure decisions strongly susceptible to institutional influences. 

Drawing on institutional theory arguments, prior studies (e.g., Da Silva Monteiro and 

Aibar-Guzmán 2010, Jackson and Apostolakou 2010, Kolk 2010, Young and Marais 2012, 

Legendre and Codderre 2013, Chen and Bouvain 2014) have sought to explain firms’ CSR 

disclosure, by emphasising institutional factors such as industry membership and country of 

origin as proxies for coercive and normative pressures emanating from the firm’s institutional 

environment. It is however surprising that only few studies have addressed firm-specific 

models of mimetic influences in CSR disclosure decisions, although institutional mimetism is 

argued to be especially activated in situations of uncertainty (Broadbent et al. 2001). Only a 

few studies (Aerts et al. 2006, Husillos et al. 2011, Nikolaeva and Bicho 2011) have 

investigated whether and how firms imitate others’ CSR disclosure practices. Aerts et al. 

(2006) provide evidence that a firm’s tendency to imitate its industry peers with regard to the 
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extent of CSR reporting is affected by the degree of conformity among its industry peers 

(intra-industry imitation), with higher intra-industry imitation giving rise to higher conformity 

pressures on firms to imitate their industry peers. Social comparison is assumed to play a key 

role in such mimetic processes. We will further elaborate these issues by modelling social 

comparison for different aspects of a firm’s CSR disclosure strategy (whether to issue a CSR 

report, whether to adhere to the GRI guidelines and the extent of CSR transparency), by 

investigating how social comparison is affected by firm-specific performance incentives (in 

terms of CSR disclosure) and by examining whether the strength of mimetic tendencies in 

CSR reporting is affected by country-level institutions. 

The literature on the behavioural theory of the firm (BTOF) (see e.g., Bromiley 1991, 

Schimmer and Brauer 2012, Washburn and Bromiley 2012) argues that the relevance of social 

comparison,
84

 in decision making processes is reinforced when a firm’s performance fails to 

meet its aspiration level
85

 (negative performance feedback) (Shinkle 2012, Joseph and Gaba 

2014). Drawing on this literature (e.g., Cyert and March 1963, Schimmer and Brauer 2012, 

Moliterno et al. 2014), we contend that firms are likely to utilise social comparison feedback 

as a key input in their decision making processes with regard to CSR disclosure when their 

prior CSR disclosure performance falls short of their peers, but not when their historical 

performance transcends peer performance. 

Using a firm’s industry as a primary trait to identify peers and as a basis for 

comparative judgments, we measure the pervasiveness of publishing a CSR report and 

adopting the GRI within an industry as a first proxy for mimetic pressures bringing firms to 

imitate their industry peers. That is, the more pervasive a practice among industry peers, the 

higher the pressure on a firm to follow them, which finally results in diffusion of the practice 

within the industry (Guler et al. 2002). Moreover, we investigate whether the extent of 

conformity in CSR transparency among industry peers, i.e., intra-industry imitation (a proxy 

for pressures on a focal firm to imitate its industry peers in CSR transparency), affects the 

extent of a focal firm’s mimetic behaviour. A positive relationship between measures of a 

firm’s mimetic behaviour and intra-industry imitation in CSR transparency suggests that firms 

respond to conformity pressures by engaging in mimetic behaviour. We further expect the 

influence of intra-industry imitation on a firm’s mimetic behaviour to be more pronounced 
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(i.e., firms being more responsive to mimetic pressures), where a firm’s previous CSR 

transparency falls short of its industry peers. We also investigate whether and how 

stakeholder orientation at the country-level (i.e., the extent to which that stakeholders’ 

interests are taken into account in decision making processes and embedded in firms’ day-to-

day business activities (Matten and Moon 2008)) affects firms’ mimetic responses to 

conformity pressures in CSR transparency, as firms’ CSR policies could possibly mirror or 

substitute national institutional factors (Jackson and Apostolakou 2010). 

Overall, our results provide significant evidence that mimetic mechanisms 

significantly affect the diffusion of CSR disclosure practices. We document that the 

likelihood that a firm publishes a CSR report (adopts the GRI), in a current year, is positively 

related to the proportion of industry peers that engaged in CSR reporting (adopted the GRI), 

in the previous year. Moreover, our results document that the extent of intra-industry 

imitation in CSR transparency influences a firm’s tendency to imitate its industry peers, but 

only when the firm’s prior CSR transparency level falls below its peers (social benchmark). 

As such, our results confirm that social comparison feedback affects firms’ responsiveness to 

industry-specific mimetic pressures in CSR transparency. We also document that national 

institutional factors affect a firm’s responsiveness to industry-specific mimetic pressures. 

Specifically, our results report that the positive association between similarity of a firm’s CSR 

transparency to its peers and the extent of intra-industry imitation is weaker, for firms from 

countries with a higher degree of stakeholder orientation (where coercive elements can be 

expected to prevail). As such, our results support the view that voluntary mimetic responses 

substitute for patterns of stakeholder orientation. 

Our paper contributes to the literature in different ways. First, although prior CSR 

disclosure literature has investigated the influence of coercive and normative pressures from a 

firm’s institutional environment (industry membership and country of origin) on CSR 

disclosure attributes, a large-scale firm-level analysis of how CSR disclosure practices 

become diffused has been lacking. In that respect, our paper adds to the literature by focusing 

on the joint impact of social comparison feedback and institutional conformity pressures on 

how firms cope with CSR disclosure uncertainty and how socially-derived CSR disclosure 

norms become diffused. Second, this study deepens the literature on the influence of country-

level institutions on CSR disclosure patterns. To the best of our knowledge, this is the first 

academic paper that focuses on the interplay of institutional pressures from country-level 

stakeholder orientation (coercive pressures) and industry-based mimetic pressures in 
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explaining CSR disclosure norms. Finally, while the literature on CSR transparency often 

focuses on CSR reports, our study does not merely consider CSR reports. We also use CSR 

information disclosed to the public via all known communication channels and our results, 

therefore, are likely to mirror a company’s overall CSR disclosure strategy. 

The remainder of the paper is organised as follows. In Section 2, we develop our 

theoretical framework and hypotheses with regard to the effect of social comparison on a 

firm’s CSR disclosure policy. In Section 3, we elaborate on the research design and introduce 

our empirical models. While in Section 4 we present and discuss our results, in Section 5, we 

conclude. 

2. THEORETICAL FRAMEWORK AND HYPOTHESES DEVELOPMENT 

2.1. Conformity tendencies in CSR disclosure behaviour 

2.1.1. Means-ends uncertainty in CSR disclosure policy choices 

Given that CSR disclosure is largely voluntary and that there is no generally accepted 

framework to structure CSR disclosure in an efficient and effective way, a high degree of 

means-ends uncertainty is likely when it comes to deciding on a CSR disclosure policy, 

including whether or not to disclose, which disclosure channel to use (e.g., a stand-alone CSR 

report or a separate section in the annual report), whether or not to adhere to an existing CSR 

reporting model (such as the GRI) and determining the appropriate level of CSR transparency. 

CSR disclosure entails instant and latent expenses, while the potential benefits of disclosure 

(both the economic and the social reputational benefits) cannot be clearly determined and 

would only be realised in the future. Besides, firms may not fully realise these benefits, in the 

short run, nor are all firms likely to realise them to the same degree (Clarkson et al. 2011b, 

Nikolaeva and Bicho 2011). Determining potential benefits and trading off benefits against 

expected costs may thus be a difficult task, giving rise to considerable ambiguity in 

determining value and consequences of the CSR disclosure decisions. 

2.1.2. CSR disclosure and social comparison processes 

Institutional theory (in particular with regard to the phenomenon of mimetic 

isomorphism) acknowledges the relevance of social comparison (i.e., comparison against 

other organisations (Massini et al. 2005)) in decision making processes, when it argues that in 

the absence of normative guidelines, decision makers tend to resort to socially-accepted ways 

of doing business to reduce means-ends uncertainty (DiMaggio and Powell 1983, Deephouse 
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1996, Dacin 1997, Kondra and Hinings 1998). These socially-accepted ways of appropriate 

behaviour would be cognitively constructed by observing, interpreting and mimicking the 

behaviour of comparable organisations, ultimately resulting in the institutionalisation of 

practices within a group of comparable organisations (organisational field) (DiMaggio and 

Powell 1983, Scott 1995). A firm’s decision to imitate its peer firms’ practices would not only 

enable it to reduce cognitive uncertainty surrounding the use of those practices (or at least 

justify its decision), but it also mitigates the risk of damage to its competitive advantage and 

broader social legitimacy from not engaging in such practices (Lieberman and Asaba 2006).  

This line of reasoning also resonates with BTOF arguments, suggesting that firms 

compare their performance, (e.g., in terms of CSR disclosure) with a socially-constructed 

benchmark (e.g., performance of other firms within its peer group) to set target performance 

(Cyert and March 1963, Greve 2008). Moreover, behavioural theory would argue that social 

benchmark (aspiration) also provides a powerful behavioural standard for performance 

evaluation (Philippe and Durand 2011, Moliterno et al. 2014), when it cognitively delimits the 

boundary between success and failure, prompting incremental adaptation decisions. In that 

regard, a socially-derived benchmark would be used not only as a cognitive heuristic to 

attenuate uncertainty and related risk, but also as a strong normative legitimation component 

in decision making processes.  

In line with these arguments, we expect that the lack of generally accepted guidance 

on CSR disclosure and its unclear cost-benefit analysis is likely to incentivise firms to engage 

in social comparison in their decision makings with regard to CSR disclosure (in both a 

cognitive and a normative fashion). Firms may have cognitive incentives to emulate CSR 

decisions that are prevalent among comparable others, because (1) widespread adoption of a 

practice essentially legitimises the practice (Westphal et al. 2001); (2) by imitating they can 

avoid costs attributed to trial-and-error processes to identify appropriate CSR disclosure 

decisions, and (3) given the increasing engagement of other firms in CSR disclosure, a firm’s 

avoidance to disclose information may be interpreted as irresponsible behaviour and endanger 

its status in the marketplace (Guler et al. 2002).  The normative mode of social comparison is 

expected to be more pronounced under a regime of performance evaluation, when 

performance measures are readily available for continuous monitoring and incremental 

adaptation (Philippe and Durand 2011, Moliterno et al. 2014). We expect therefore normative 

effects in transparency decision-making, when firms have already decided to engage in CSR, 

but not in binary adoption decisions (e.g., decision to publish a CSR report (adopt the GRI)). 
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2.2. Decision to engage in CSR reporting and adopt the GRI 

The most important channel through which firms try to respond to stakeholders’ 

demands for information beyond the traditional financial information provided in financial 

reports is CSR reporting. In addition, the GRI framework is argued to help companies to 

produce more credible and rigorous CSR reports of higher quality (Clarkson et al. 2008). As 

the GRI is the most widely-endorsed CSR reporting standards, it could be interpreted as a 

socially-derived norm of appropriateness in structuring a CSR report (Nikolaeva and Bicho 

2011). Thus, publishing a CSR report and adopting the GRI guidelines are key CSR 

disclosure practices (gestures) affecting stakeholders’ perception of a firm’s social 

accountability (Nikolaeva and Bicho 2011).  

Because of the absence of normative and, in many countries, coercive signals about 

CSR reporting and GRI adoption, firms are likely to rely on “the best information they can get 

from the environment” in their decision making processes about whether or not to publish a 

CSR report and/or adopt the GRI guidelines (Nikolaeva and Bicho 2011, p. 139). In doing so, 

firms are likely to look at the extent that the practice is adopted by peer firms (i.e., imitating 

their peers). Firms’ tendencies to engage in those practices would be driven by the number of 

firms that previously engaged in those practices. Haunschild (1993) points out three 

conditions that need to be satisfied in order to validate the claim that a firm engages in an 

imitation process: (1) the presence of practices that are perceived to be legitimate in a given 

year, (2) the exposure of a focal firm to the model practices, and (3) adopting the exhibited 

practices with a time lag. Relatedly, we propose that as firms’ decision to engage in CSR 

reporting (adopt the GRI) is visible to both their peers and stakeholders, a higher rate of CSR 

reporting (and of the GRI adoption) among peer firms is likely to increase legitimacy 

pressures on a focal firm to engage in CSR reporting (adopt the GRI). Therefore, we state our 

first and second hypothesis as follows: 

H1: There is a positive association between the proportion of peer firms that issued a CSR 

report
86

 in the previous period and the likelihood that a focal firm issues a CSR report in 

the current period. 

H2: There is a positive association between the proportion of peer firms that issued a CSR 

report in accordance with the GRI in the previous period and the likelihood that a focal 

firm issues a CSR report in accordance with the GRI in the current period. 
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 Either a stand-alone CSR report or a separate section in their annual reports. 
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2.3. CSR transparency 

Central to a firm’s CSR disclosure policy is how transparent the firm intends to be 

(i.e., the extent of information that the firm publicly discloses). Again, given the voluntary 

and uncertain nature of CSR transparency decisions, firms are expected to rely on social 

processes in making decisions about an appropriate level of CSR transparency (Haunschild 

and Minner 1997) and reflexively imitate their peers (Aerts et al. 2006), with a higher 

similarity between a firm’s CSR transparency and its peers conferring appropriateness to the 

firm’s CSR transparency level and reducing cognitive uncertainty about the underlying 

policy. As a peer group is likely to provide the group members with a primary benchmark, a 

higher extent of imitation within a peer group is likely to increase legitimacy pressures on a 

firm to imitate its peers (conformity pressures). Therefore, we hypothesise: 

H3: The higher the extent of imitation in CSR transparency within a peer group the more a 

firm tends to imitate its peers. 

According to prior research in the BTOF literature (e.g., Bromiley 1991, Schimmer 

and Brauer 2012, Washburn and Bromiley 2012), how firms assess their performance and 

make related decisions depends upon whether their performance in question is better/worse 

than a socially-derived aspiration level (benchmark
87

), with performance below social 

performance leading firms to rely more on social comparison. Social comparison effects are 

therefore expected to be more pervasive where performance is below benchmark, as failure to 

meet socially-accepted performance is likely to give rise to intended improvements (Shinkle 

2012, Joseph and Gaba 2014). Normatively, firms performing worse than a socially-derived 

aspiration would be more subject to legitimacy pressures to conform to the benchmark and 

thus more likely to imitate their peers. However, firms, performing better than benchmark, 

would be more likely to maintain the status quo and consequently would be less likely to 

imitate their peers. 

Social comparison feedback is likely to be mapped into managers’ decision making 

processes about a CSR transparency level as well.  Firms with a CSR transparency level lower 

than the social benchmark (CSR transparency of its peers) would be more subject to 

legitimacy pressures, than those with a higher CSR transparency level than the social 

benchmark. Therefore, a firm’s mimetic response to conformity pressures is expected to be 

stronger for firms with a previous CSR transparency level below its peers (i.e., a stronger 
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 Also called as social performance in the literature. 
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association between a firm’s tendency to imitate its peers and the extent of imitation among 

its peers). However, firms with a CSR transparency level above their peers would probably be 

more motivated to follow their prior CSR disclosure policy and maintain the status quo 

(Schimmer and Brauer 2012, Shinkle 2012, Joseph and Gaba 2014), and consequently would 

be less responsive to conformity pressures. We thus hypothesise: 

H4: The positive association between the extent of imitation in CSR transparency within a 

peer group and a firm’s tendency to imitate its peers is stronger for firms with a previous 

CSR transparency level below its peers. 

2.4. Country-level stakeholder orientation and CSR transparency 

Countries are different in the level of stakeholder-orientation. Differences are 

attributable to dissimilarities in coercive pressures from the state and the influence of state on 

social developments (Jackson and Apostolakou 2010) and also to informal institutions, such 

as cultural elements (Boliari and Topyan 2007). These differences give rise to variation across 

countries, in terms of social/environmental awareness, and stakeholders’ involvement in 

firms’ decision making processes. How these differences are related to the effects of social 

comparison on CSR transparency decisions, have not been investigated in prior research. Two 

competing lines of argument could be invoked in theorising the interdependencies. 

According to resource dependence theory, firms’ survival depends upon resources that 

are critical to their business activities (Dhaliwal et al. 2012) and their decisions are, thus, 

affected by interests of resource suppliers. Relatedly, to the extent that interests of non-

stockholding groups such as employees, consumers, the government, and communities are 

included in “management’s vision of its roles and responsibilities” (Dhaliwal et al. 2014: 

331), managerial decisions are more likely to be oriented to these non-stockholding 

stakeholder groups, reflecting a higher level of stakeholder orientation.  

Since firms from more stakeholder-oriented countries have more institutionalised 

dialogue with diverse groups of stakeholders (Morsing and Schultz 2006, Jackson and 

Apostolakou 2010, Young and Marais 2012), they are expected to face a stronger demand for 

ESG information from their stakeholders. As firms from such countries are more likely to be 

subject to legitimacy issues about their CSR transparency, they are expected to respond to 

conformity pressures in CSR transparency by imitating their industry peers more than their 

counterparts from less stakeholder-oriented countries. Thus, the association between a firm’s 

tendency to imitate its peers and the extent of imitation among its peers is expected to be 
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stronger in countries with a higher stakeholder orientation level (i.e., a larger mimetic 

response to conformity pressures is likely to mirror a stronger pattern of stakeholder 

orientation). We, therefore, formulate our fifth hypothesis as: 

H5: The positive association between the extent of imitation in CSR transparency within a 

peer group and a firm’s tendency to imitate its peers is stronger for firms from countries 

with a higher degree of stakeholder orientation.  

The effect of country-level stakeholder orientation on the extent of a firm’s mimetic 

response to conformity pressures in CSR transparency could also be theorised from an 

alternative perspective. Matten and Moon (2008) focus on the role of national institutions in 

shaping firms’ CSR decisions drawing on assumptions with regard to implicit versus explicit 

CSR. As an explicit CSR dimension, firms’ CSR decisions manifest themselves in voluntary 

CSR policies and activities, as a response to stakeholders’ expectations, while implicit CSR is 

the result of norms and values that are institutionalised in a society (coerced by rules or 

cultural elements) and embedded in firms’ day-to-day business activities (Matten and Moon 

2008). 

In countries where stakeholders’ involvement in decision making processes is less 

institutionalised and stakeholder interests are less taken into account in corporate governance 

decisions (i.e., less stakeholder-orientated countries), firms are left with a larger scope to 

promote CSR (Jackson and Apostolakou 2010), as there are no/less strict CSR regulations in 

such countries. Besides, because of the lack of institutionalised forms of stakeholder 

orientation in such countries, firms are likely to face a higher demand to be accountable for 

their business practices (Matten and Moon 2008, Young and Marais 2012). In the absence of 

stronger country-level coercive/normative pressures, they would be more susceptible to 

mimetic pressures in order to establish their social responsiveness. Relatedly, we could argue 

that the lack of strong country-level stakeholder orientation will be compensated by stronger 

mimetic responses, with the extent of imitation among their peers reflecting perceived 

stakeholders’ expectations. That is, firms from less stakeholder-oriented countries would be 

more likely to imitate their peers in CSR transparency as a response to conformity pressures, 

compensating the lack of a robust institutionalised stakeholder orientation. Thus, in less 

stakeholder-oriented countries, the larger mimetic response to conformity pressures is likely 

to substitute institutionalised patterns of stakeholder orientation (Jackson and Apostolakou 

2010). Therefore, we hypothesise: 
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H6: The positive association between the extent of imitation in CSR transparency within a 

peer group and a firm’s tendency to imitate its peers is stronger for firms from countries 

with a lower degree of stakeholder orientation.  

3. RESEARCH DESIGN 

3.1. Data and sample 

We rely on a multinational sample comprising firms from European countries,
88

 the 

US, Canada, Australia, New Zealand and South Africa and consider the period from 2003 to 

2013. We obtain CSR data from the Thomson Reuters ASSET4 ESG database, specialised in 

providing professional investors with objective, relevant, auditable and systematic CSR 

information and investment analysis tools (Ioannou and Serafeim 2012). We combine data 

obtained from ASSET4 with accounting data from Worldscope and country-level data, 

obtained from several other  sources, including The World Bank, Transparency International 

(TI),
89

 Botero et al. (2004) and La Porta et al. (2004) (see Table 2 for additional detail). Our 

sample includes from 6,785 up to 16,698 firm-year observations, depending on the specific 

model being estimated (see Panels A and B of Table 1 for details regarding the distribution of 

observations across countries and years). 

To avoid the potential influence of outliers, all continuous variables are winsorized at 

the top and bottom 1% of their distributions.
90
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 Belgium, Denmark, Finland, France, Germany, Hungary, Italy, Luxembourg, the Netherlands, Norway, Poland, Portugal, Spain, Sweden 

and the United Kingdom. 
89

 Transparency International (TI) is an NGO that monitors and publishes corporate and political corruption in international development. 
90

 As the number of observations in our models is usually substantial (i.e., overall more than 6,000) we are not concerned with outlier effects 

beyond the one removed via winsorization. Nevertheless, in order to detect and remove highly influential observations, we dropped the 

observations with Cook’s D larger than the common threshold (i.e. 4/number of observations), after fitting each OLS model. This elimination 

(1) results in the decrease in the number of observations by less than 6% (regardless of the model) and (2) does not qualitatively alter our 

results. 
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Table 1 

Panel A. Distribution of firm-year 

observations over countries 

Country Frequency Percentage (%) 

Australia 1,213 7.26 

Belgium 192 1.15 

Canada 1,319 7.90 

Denmark 201 1.20 

Finland 236 1.41 

France 822 4.92 

Germany 637 3.81 

Hungary 17 0.10 

Italy 391 2.34 

Luxembourg 28 0.17 

Netherlands 274 1.64 

New Zealand 60 0.36 

Norway 196 1.17 

Poland 62 0.37 

Portugal 95 0.57 

South Africa 157 0.94 

Spain 383 2.29 

Sweden 428 2.56 

United Kingdom 2,502 14.98 

United States 7,485 44.83 

TOTAL 16,698 100.00 

 

Panel B. Distribution of observations over years 

Year Frequency Percentage (%) 

2003 661 3.96 

2004 673 4.03 

2005 1,100 6.59 

2006 1,308 7.83 

2007 1,348 8.07 

2008 1,487 8.91 

2009 1,818 10.89 

2010 2,107 12.62 

2011 2,162 12.95 

2012 2,109 12.63 

2013 1,925 11.53 

TOTAL 16,698 100.00 
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3.2. Empirical models and control variables 

3.2.1. Empirical models 

To construct our empirical models, we first need to identify peer firms. A firm’s 

primary industry has been widely documented in both academic papers (e.g., Clarkson et al. 

2011b, Cormier and Magnan 2013, Kent and Zunker 2013, Cho et al. 2015) and practitioners’ 

anecdotes (KPMG 2011a, KPMG 2011b) to influence firms’ CSR disclosures. The disclosure 

of CSR-related information, for instance, has been the norm in some industries for more than 

a decade (e.g., certain sectors of the energy and natural resources industry) (KPMG 2011a). A 

number of CSR initiatives also specifically aim at the industry level to create reporting 

templates and benchmarks. Examples include GRI and the International Integrated Reporting 

Committee’s (IIRC) work in this area (KPMG 2011b). The Sustainability Accounting 

Standards Board (SASB) also develops industry-based sustainability standards for the 

recognition and disclosure of the environmental, social and governance impact of firms listed 

on a US stock exchange (Eccles et al. 2012, Scott 2012, Serafeim 2014). These arguments 

suggest that a firm’s industry serves as the primary trait to identify peer firms and look for 

social proof of appropriate behaviour (Dye and Sridhar 1995, Porac et al. 1995, Porac et al. 

1999). 

We therefore use industry as a proxy for a firm’s peer group and consider all firms 

within the same industry as industry peers. In order to assign firms to industries, we rely on 

the industry classification system provided by ASSET4 (see panel C of Table 1 for an 

overview of the different industries and the composition of the sample in terms of industries). 

It should be noted that the industry classification method used by ASSET 4 ESG database is 

based on the Thomson Reuters Business Classification (TRBC) schema. TRBC is a market-

oriented industry classification system which tracks companies’ core business and sort those 

with similar products/services end markets into similar industry groupings. Although there is 

very subtle differences between TRBC and other market-oriented industry classification 

schemas such as GICS and Dow Jones/FTSE’s Industry Classification Benchmark (ICB), 

results of a comparison between TRBC and GICS and ICB, conducted by ETF Analytics, 

show that ‘[TRBC] provides the best fit for the purpose of providing neutralized benchmarks’ 

(ETF.com 2015). 
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Table 1 

Panel C. Distribution of observations over industries 

Industry Frequency Percentage (%) 

Aerospace/Defense 303 1.81 

Air freight/Courier services 54 0.32 

Airline services 152 0.91 

Automobiles/Auto parts 259 1.55 

Banking services 1,008 6.04 

Beverages 186 1.11 

Biotechnology/Medical research 155 0.93 

Biotechnology/Pharmaceuticals 363 2.17 

Chemicals 447 2.68 

Coal 79 0.47 

Commercial services/Supplies 658 3.94 

Communications equipment 170 1.02 

Computers/Office equipments 156 0.93 

Construction/Engineering/Materials 351 2.10 

Construction materials 96 0.57 

Containers/Packaging 140 0.84 

Diversified trading/Distributing 11 0.07 

Electric utilities 460 2.75 

Energy related equipments/services 497 2.98 

Financial services-diversified 24 0.14 

Food/Drug retailing 299 1.79 

Food/Tobacco 398 2.38 

Gas utilities 61 0.37 

Healthcare equipment/Supplies 382 2.29 

Healthcare providers/Services 213 1.28 

Homebuilding/Construction supplies 251 1.50 

Hotels/Entertainment services 475 2.84 

Household goods 151 0.90 

Industrial conglomerates 188 1.13 

Insurance 805 4.82 

Investment services 526 3.15 

Investment trusts 24 0.14 

Leisure products 80 0.48 

Machinery/Equipments/Components 776 4.65 

Marine services 58 0.35 

Media/Publishing 613 3.67 

Metal/Mining 891 5.34 

Oil/Gas 838 5.02 

Paper/Forest products 186 1.11 

Personal/Household products/Services 256 1.53 

REIT-residential/Commercial 531 3.18 

Rails/Roads transportation 260 1.56 

Real estate operations 249 1.49 

Renewable energy 73 0.44 

Retailers-diversified 207 1.24 

Retailers-specialty 544 3.26 

Semiconductors/Semiconductor equipment 383 2.29 

Software/IT services 608 3.64 

Telecommunications services 404 2.42 

Textiles/Apparel 151 0.90 

Utilities-multiline 199 1.19 

Utilities-water/Others 49 0.29 

TOTAL 16,698 100.00 
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Next, to test H1 (H2), we estimate the following equation (equation 1) employing a 

logistic regression: 

𝑪𝑺𝑹(𝑮𝑹𝑰)𝒊𝒕 = 𝜶𝟎 + 𝜶𝟏𝑪𝑺𝑹(𝑮𝑹𝑰)𝑫𝑬𝑵𝑺𝑰𝑻𝒀𝒊𝒕−𝟏 + 𝜶𝟐𝑪𝑺𝑹(𝑮𝑹𝑰)𝒊𝒕−𝟏

+ 𝜶𝟑𝑪𝑺𝑹 𝑷𝑬𝑹𝑭𝑶𝑹𝑴𝑨𝑵𝑪𝑬𝒊𝒕 + 𝜶𝟒𝑺𝑰𝒁𝑬𝒊𝒕 + 𝜶𝟓𝑹𝑶𝑨𝒊𝒕 + 𝜶𝟔𝑳𝑬𝑽𝒊𝒕 + 𝜶𝟕𝑴𝑻𝑩𝒊𝒕

+ 𝜶𝟖𝑭𝑶𝑹𝑺𝑨𝑳𝑬𝑺𝒊𝒕 + 𝜶𝟗𝑰𝑵𝑫𝑪𝑶𝑵𝑪𝒊𝒕 + 𝜶𝟏𝟎𝑮𝑶𝑽𝑬𝑹𝑵𝑴𝑬𝑵𝑻𝒊𝒕 + 𝜶𝟏𝟏𝑾𝑮𝑰𝒊𝒕

+ 𝜶𝟏𝟐𝑬𝑫𝑼𝑪𝑨𝑻𝑰𝑶𝑵𝒊𝒕+𝜶𝟏𝟑𝑮𝑳𝑶𝑩𝑶𝑷𝑬𝑵𝒊𝒕 + 𝜶𝟏𝟒𝑪𝑶𝑼𝑵𝑻𝑹𝒀𝒊𝒕 + 𝜶𝟏𝟓𝒀𝑬𝑨𝑹𝒊𝒕 + 𝜺𝒊𝒕 

The dependent variable to test H1 is CSR, which is an indicator variable that is coded 

one if the firm publishes a CSR report (either as a stand-alone CSR report or as a separate 

section in its annual report), and zero otherwise. The dependent variable to test H2 is GRI, 

which is an indicator variable that is coded one if the firm adopts the GRI guidelines,
91

 and 

zero otherwise. To capture the degree to which CSR reporting and GRI adoption is already 

prevalent among a focal firm’s industry peers, we rely on a density measure. The density 

measure is calculated as the relative number of firms within an industry (and year) that engage 

in CSR reporting (CSR DENSITY) or adopt the GRI guidelines (GRI DENSITY). This 

approach is consistent with prior research (e.g., Nikolaeva and Bicho 2011, Van Caneghem 

and Aerts 2011, Li and Ng 2013). Based on H1 (H2), we expect a positive relationship 

between CSR (GRI) and CSR DENSITY (GRI DENSITY). 

As can be seen from the model, we introduce a time lag between the dependent 

variable and the density measures. As argued by Haunschild (1993), if firms are influenced by 

practices of their peer firms, they will exhibit the practice with a time lag. That is, they first 

have to observe the practice at time t-1, before they are able to ‘imitate’ it (in year t).   

To test our other hypotheses (H3 up to H6), we estimate the following equation (equation 2) 

employing an OLS regression: 

𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬𝒊𝒕 = 𝜶𝟎 + 𝜶𝟏𝑰𝑵𝑫𝑺𝑰𝑴𝒊𝒕−𝟏 + 𝜶𝟐𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬𝒊𝒕−𝟏 + 𝜶𝟑𝑪𝑺𝑹 𝑷𝑬𝑹𝑭𝑶𝑹𝑴𝑨𝑵𝑪𝑬𝒊𝒕

+ 𝜶𝟒𝑺𝑰𝒁𝑬𝒊𝒕 + 𝜶𝟓𝑹𝑶𝑨𝒊𝒕 + 𝜶𝟔𝑳𝑬𝑽𝒊𝒕 + 𝜶𝟕𝑴𝑻𝑩𝒊𝒕 + 𝜶𝟖𝑭𝑶𝑹𝑺𝑨𝑳𝑬𝑺𝒊𝒕

+ 𝜶𝟗𝑰𝑵𝑫𝑪𝑶𝑵𝑪𝒊𝒕 + 𝜶𝟏𝟎𝑮𝑶𝑽𝑬𝑹𝑵𝑴𝑬𝑵𝑻𝒊𝒕 + 𝜶𝟏𝟏𝑾𝑮𝑰𝒊𝒕

+ 𝜶𝟏𝟐𝑬𝑫𝑼𝑪𝑨𝑻𝑰𝑶𝑵𝒊𝒕+𝜶𝟏𝟑𝑮𝑳𝑶𝑩𝑶𝑷𝑬𝑵𝒊𝒕 + 𝜶𝟏𝟒𝑪𝑶𝑼𝑵𝑻𝑹𝒀𝒊𝒕 + 𝜶𝟏𝟓𝒀𝑬𝑨𝑹𝒊𝒕 + 𝜺𝒊𝒕 

The dependent variable (SIMSCORE) is defined as follows. First, for each firm-year 

observation we determine a transparency score (TR), which is calculated as the percentage of 
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 Regardless of the GRI level. 
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CSR metrics disclosed by the firm out of a maximum of 118
92

 (see Appendix for a detailed 

overview).
93

 It should be noted that CSR metrics in ASSET4 are tailored to be industry-

specific (i.e., firms are evaluated based on metrics that are relevant for their industry). Second, 

for each firm-year observation we determine a dissimilarity score, calculated as: 

𝐷𝑆𝑖𝑡 =
𝐴𝐵𝑆[𝑇𝑅𝑖𝑡 − 𝑀(𝑇𝑅𝑡)]

𝑆𝐷(𝑇𝑅𝑡)
 

Where, (𝑇𝑅)𝑖𝑡 denotes the transparency score for the focal firm i in year t. 𝑀(𝑇𝑅𝑡) 

and 𝑆𝐷(𝑇𝑅𝑡) denote the average and standard deviation of the transparency score in the focal 

firm’s industry. Third, in order to transform the obtained dissimilarity scores into similarity 

scores (SIMSCORE), we multiply all dissimilarity scores by (-1), with higher values 

indicating greater similarity between a firm’s transparency score and the transparency scores 

of its industry peers. To test our hypotheses, we proxy for the extent of similarity in CSR 

transparency within the peer group by determining the average SIMSCORE for all other firms 

within the same industry (and year) and we label this variable INDSIM. This approach is 

consistent with Aerts et al. (2006).  Based on H3, we expect a positive relationship between 

SIMSCORE and INDSIM. Analogous to equation 1 (and for exactly the same reason), we 

introduce a time lag between SIMSCORE and INDSIM.   

While equation 2 presents the base model, we need to add interaction terms to test H4, 

H5 and H6. Specifically, to test H4, we interact INDSIM with a dummy variable (BELOW) 

that is coded one if a firm’s previous CSR transparency score falls below the average 

transparency score within its industry (i.e., the social benchmark); and zero otherwise. Based 

on H4, we expect a positive relationship between SIMSCORE and the aforementioned 

interaction term (i.e., INDSIM ×BELOW). To test H5 and H6, we interact INDSIM with a 

variable capturing the country-specific level of stakeholder orientation (STK). Consistent with 

prior studies (e.g., Dhaliwal et al. 2012, Dhaliwal et al. 2014), we use the principal factor 

(obtained via factor analysis) of the following four proxies to determine the extent of 

stakeholder orientation: (1) country’s legal environment: this proxy specifically assesses 

labour rights and labour benefits protection within a country;
94

 (2) mandatory CSR disclosure 

                                                 
92

 The number of metrics related to environmental, social and corporate governance dimensions are 46, 39 and 33, respectively. 
93

 ASSET4 collects data about these metrics via multiple sources including annual reports, stand-alone CSR reports, websites, press releases 

and social media. 
94

 Specifically, a country’s legal environment is calculated as the average of rank scores of four indices. We obtain the first three indices 

from Botero et al. (2004), while we obtain the fourth index from La Porta et al. (2004). The four indices are: (i) employment laws, which are 

a measure of the protection of labour and employment based on (a) alternative employment contracts, (b) the cost of increasing working 

hours, (c) the cost of firing workers, and (d) dismissal procedures; (ii) social security laws, a measure of social security benefits based on (a) 

old age, disability, and death benefits, (b) sickness and health benefits, and (c) unemployment benefits; (iii) collective relations laws, a 
measure of the protection of collective relations based on (a) labour union power and (b) collective disputes; and (iv) human rights laws, an 
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law: this proxy captures the degree of mandatory CSR disclosure requirements at the country-

level;
95

 (3) public awareness of CSR-related issues: this proxy captures the level of public 

awareness of CSR-related issues within a country;
96

 and (4) corporate executives’ CSR 

attitude: this proxy captures the extent of corporate executives’ attitude towards CSR 

activities within a country.
97

 Based on H5 (H6), we expect a positive (negative) relationship 

between SIMSCORE and the interaction term, mentioned above (i.e., INDSIM ×STK). 

3.2.2. Control variables 

As CSR disclosure practices are likely to be largely ritualistic, we include the lagged 

dependent variable in all our models. Adding the lagged dependent variable also implies 

control for omitted firm characteristics that are relatively stable over time.    

To control for a firm’s CSR performance, we include a composite CSR performance 

score (CSR PERFORMANCE), which is based on the performance scores that Thomson 

Reuters ASSET4 provides for each firm (on an annual basis) on each of the three CSR 

dimensions (i.e., environmental,
98

 social
99

 and corporate governance
100

 performance). For 

each of these dimensions, ASSET4 calculates performance scores (z-scores benchmarking the 

firm’s performance with all other firms in the database). Consistent with prior studies (e.g., 

Hillman and Keim 2001, Waldman et al. 2006, Ioannou and Serafeim 2012), we calculate the 

CSR performance score as the equally weighted average of the environmental, social and 

corporate governance performance scores.   

Prior studies (e.g., Cormier et al. 2005) document that firm size significantly affects 

the extent of CSR disclosure. Larger firms have a better access to resources and are thus better 

able to afford the costs attributable to CSR disclosure. In addition, larger firms are more 

                                                                                                                                                         
index for human rights protection. A country’s legal environment assesses the degree of importance attached to stakeholders in managerial 
decision making processes, within a country. 
95

 We code this proxy two if the country has mandatory CSR disclosure requirements for both pension funds and industrial firms; one if the 

country has mandatory CSR disclosure requirements for either pension funds or industrial firms, but not both; and zero otherwise. This proxy 

captures the extent of stakeholder power in influencing legislation. 
96

 This proxy is calculated as the average rank score of the following ratios: (i) number of NGOs (non-government organisations) per million 

people; and (ii) number of CSR reports issued by both commercial and non-commercial organisations per million people. 
97

 This proxy is based on opinion surveys taken from global corporate executives and contains seven categories of social issues. We use the 

average rank scores of the following categories: (i) sustainable development priority; (ii) ethical practice implementation; (iii) social 
responsibility of business leaders; and (iv) corporate responsibility competitiveness. 
98

 Environmental performance captures a firm’s impact on living and non-living natural systems, including the air, land and water, as well as 

complete ecosystems. It reflects how well a company uses best management practices to avoid environmental risks and capitalise on 
environmental opportunities in order to generate long term shareholder value. 
99

 Social performance captures a firm’s capacity to generate trust and loyalty with its workforce, customers and society, through its use of 

best management practices. It is a reflection of the company's reputation and the health of its license to operate, which are key factors in 

determining its ability to generate long term shareholder value. 
100

 Corporate governance performance captures a firm’s systems and processes, which ensure that its board members and executives act in 

the best interests of its long-term shareholders. It reflects a firm’s capacity, through its use of best management practices, to direct and 

control its rights and responsibilities through the creation of incentives, as well as checks and balances in order to generate long term 
shareholder value. 
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closely monitored by stakeholders (Hahn and Kühnen 2013) and are therefore more likely to 

be subject to legitimacy pressures than smaller firms. We therefore control for firm size 

(SIZE), measured as the natural logarithm of total assets,
101

 in our models.  

Profitability is argued to affect a firm’s ability and flexibility to bear the costs 

attributable to CSR reporting, as well as the consequences of disclosing potentially damaging 

information (Cormier and Magnan 2003, Haniffa and Cooke 2005). Moreover, highly 

profitable firms are likely to be subject to increased stakeholder scrutiny aimed at verifying 

whether financial performance is realised at the expense of the environment and/or society. 

We thus control for firm profitability by including return on assets (ROA), defined as net 

income scaled by total assets, in our models.
102

  

Firm leverage as a proxy for financial risk and capital structure is documented in prior 

studies to affect firm’s CSR disclosure (e.g., Cormier and Magnan 2003, Kent and Zunker 

2013). We therefore introduce leverage (LEV), defined as total debt scaled by total assets, in 

our models. According to Cormier and Magnan (2003), a firm that is better able to incur costs 

attributable to CSR disclosure (i.e., a firm with lower leverage) is more likely to engage in 

CSR disclosure. However, higher leverage increases agency conflicts within a firm, as a 

proportionally higher level of leverage increases potential wealth transfers from creditors to 

shareholders and management (Kent and Zunker 2013). This implies that firms with higher 

leverage might engage in CSR disclosure to reduce information asymmetry and consequently 

decrease the cost of debt.  

Consistent with prior studies (e.g., Cormier and Magnan 2003, Clarkson et al. 2008, 

Clarkson et al. 2011a, Clarkson et al. 2011b), we control for market-to-book ratio (MTB), 

measured as market value of common equity scaled by book value of equity. As a higher 

market-to-book ratio typically represents more investments in intangible assets, a higher 

market-to-book ratio entails more upfront financing via external financial resources (Aerts et 

al. 2006), which may decrease a firm’s flexibility to bear the costs attributable to CSR 

disclosure. However, as the market-to-book ratio represents future growth prospects, a higher 

market-to-book ratio may feed investors’ demand for disclosure. As a response to 

stakeholders’ information demands, firms with a higher market-to-book ratio may disclose 

more information, thereby reducing information asymmetry (Hahn and Kühnen 2013).  

                                                 
101

 Using market capitalisation instead of total assets does not materially alter our results. 
102

 Using other variables, such as net operating cash flow scaled by total assets or the natural logarithm of net operating cash flow, instead of 

ROA produces qualitatively similar results. 



 

179 

 

Commercial relationships between countries are argued to be a channel for knowledge 

and experience transfers (Guler et al. 2002). Firms with (more) foreign sales are subject to 

higher scrutiny because of a larger (and more diverse set) of stakeholders (i.e., they have to 

deal with both domestic and international stakeholders). They also exhibit a higher need to 

boost their legitimacy by endorsing international CSR guidelines (Jamali 2010). We therefore 

include sales revenue to foreign customers scaled by total sales revenue (FORSALES) in our 

models.   

Prior studies (e.g., Westphal et al. 2001, Aerts et al. 2006) suggest that industry 

concentration is associated with imitation tendencies. As industry concentration is argued to 

be a primary determinant of competition within an industry (Westphal et al. 2001), firms in 

more concentrated industries are more likely to imitate their industry peers. We therefore add 

the Herfindahl index
103

 in our models to control for industry concentration.
104

  

Next to the firm-level control variables, mentioned above, we also control for country-

level characteristics. Variation in national-level institutions (e.g., the difference in country-

level governance systems and performance) is argued to be influential in shaping CSR 

behaviour (Matten and Moon 2008, Chen and Bouvain 2009, Kolk and Pinkse 2010, Chen 

and Bouvain 2014). Recent studies on CSR disclosures (e.g., Dhaliwal et al. 2012, Dhaliwal 

et al. 2014, de Villiers and Marques 2015) document a significant impact of institutional 

factors at the country level on firms’ CSR disclosure practices. It is worth noting that, country 

proxies, such as country dummy variables and proxies for country characteristics, can also be 

considered as proxies for coercive pressures (Judge et al. 2010). Government is perceived as 

the strongest and the most important institutional constituent in a country, influencing firms to 

engage in CSR practices (Delmas and Toffel 2011). Following Guler et al. (2002), we 

therefore introduce a variable that is defined as the total amount of purchases made by 

government from commercial entities in the economy scaled by GDP (GOVERNMENT). As 

a larger value for this variable represents higher resource dependence on government and 

more active presence of a government in the economy, it can be considered as a proxy for 

coercive institutional pressures.  

                                                 
103

 The Herfindahl index is calculated as the sum of the squared market shares of firms within an industry-year, where market shares are 

defined as firms’ total sales divided by total sales within the industry. 
104

 Since the sample under study essentially consists of large and international firms, we calculate the Herfindahl index over the entire 

sample. 
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To control for country-level governance strength, we use the Worldwide Governance 

Indicators (WGI), provided by The World Bank.
105

 WGI consist of aggregate and individual 

governance indicators for 215 economies over the period 1996–2013. We consider the 

following six governance dimensions: (1) voice and accountability,
106

 (2) political stability 

and absence of violence,
107

 (3) government effectiveness,
108

 (4) regulatory quality,
109

 (5) rule 

of law,
110

 and (6) control of corruption.
111

 The estimate for each of the preceding dimensions 

ranges from approximately -2.5 (weak governance performance) to 2.5 (strong governance 

performance). As these dimensions are highly correlated and somehow explain the strength of 

governance within the country, we rely on the principal factor of these dimensions, using 

factor analysis. It should be noted that, on the one hand, firms in countries with stronger 

governance are more likely to be accountable towards stakeholders. On the other hand, firms 

in countries with lower governance strength might engage in CSR disclosure to compensate 

for the poor perceptions of accountability in their country.  

Institutional theorists argue that educational attainment drives development of 

professions (Turner 1993). The extent of educational attainment within a society is argued to 

give rise to professionalisation and consequently generate normative pressures to adopt 

practices (Judge et al. 2010). In a similar spirit, prior studies (e.g., Hassan (2008), House and 

McGrath (2004), Guler et al. (2002) document the influence of educational factors on firms’ 

decision to adopt internationally-endorsed practices and standards. Similar to Judge et al. 

(2010), we therefore use a measure of educational attainment (EDUCATION), being total 

enrolment in secondary education, regardless of age, expressed as a percentage of the 

population having the official secondary education age. As citizens of countries with a higher 

level of educational attainment are likely to be more aware of CSR issues, they are likely to 

                                                 
105

 Alternatively, following prior studies (e.g., Gleason et al. 2005, Nikolaeva and Bicho 2011), we considered how corrupt the public sector 

of a country is perceived to be. We use the corruption perception index (CPI), which is a composite index published by Transparency 

International (TI). CPI is measured based on corruption-related data from expert and business surveys carried out by a variety of independent 

and reputable institutions, ranging between 0 (highly corrupt) and 10 (very clean). Employing CPI instead of WGI does not qualitatively 
affect our findings. 
106

 Reflects perceptions of the extent to which a country’s citizens are able to participate in selecting their government, as well as freedom of 

association and free media. 
107

 Reflects perceptions of the likelihood that government will be destabilized or overthrown by unconstitutional or violent means, including 

politically-motivated violence and terrorism. 
108

 Reflects perceptions of the quality of public services, the quality of the civil service and the degree of its independence from political 

pressures, the quality of policy formulation and implementation, and the credibility of the government’s commitment to such policies. 
109

 Reflects perceptions of the ability of government to formulate and implement sound policies and regulations that permit and promote 

private sector development. 
110

 Reflects perceptions of the extent to which agents have confidence in and abide by the rules of society, and in particular the quality of 

contract enforcement, property rights, the police, and courts, as well as the likelihood of crime and violence. 
111

 Reflects perceptions of the extent to which public power is exercised for private gain, including both petty and grand forms of corruption, 

as well as “capture” of the state by elites and private interests. 
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have higher demands for CSR information. Therefore, firms from such countries are expected 

to be subject to stronger legitimacy pressures.  

Prior literature argues that a firm’s likelihood of adopting norms and practices of 

foreign firms is a function of its exposure to the global marketplace (Judge et al. 2010). In a 

similar vein, the probability that a firm adopts CSR disclosure practices may increase with the 

openness of the country of origin to the global marketplace. Consistent with prior studies 

(e.g., Judge et al. 2010), we rely on two variables obtained from the World Bank’s World 

Development Indicators,
112

 being foreign direct investment (FDI)
113

 scaled by GDP, and 

import penetration (total value of imports deflated by GDP). Next, to create a variable that 

captures openness to the global marketplace (GLOBOPEN), we rely on factor analysis and 

use the principal factor of the aforementioned variables.
114

  

 

 

 

 

 

 

 

 

 

 

 

                                                 
112

 Available on the official website of The World Bank (http://data.worldbank.org/indicator). 
113

 The net inflows of investment to acquire a lasting management interest (10 percent or more of voting stock) in an enterprise operating in 

an economy other than that of the investor. It is the sum of equity capital, reinvestment of earnings, other long-term capital, and short-term 

capital as shown in the balance of payments. This series shows net inflows (new investment inflows less disinvestment) in the reporting 

economy from foreign investors. 
114

 Replacing GLOBOPEN with scaled FDI and import penetration in separate models does not materially change our results. 
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Table 2: Variable definitions 

Variable Description Source 

𝑪𝑺𝑹  An indicator variable that is coded 1 if the firm publishes a CSR report (either as a stand-alone CSR report or as a separate section in its annual 

report); and 0 otherwise. 

Thomson Reuters 

ASSET4 

𝑮𝑹𝑰 An indicator variable that is coded 1 if the firm adopts the GRI guidelines; and 0 otherwise. Thomson Reuters 

ASSET4 

𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬 This variable captures similarity of a firm’s CSR transparency score to the average CSR transparency score within its industry. We refer to 

Section 3.2 of this study for additional details. 

Thomson Reuters 

ASSET4 

𝑩𝑬𝑳𝑶𝑾 An indicator variable that is coded 1 if a firm’s CSR transparency score falls below the average CSR transparency score within its industry; and 0 

otherwise. 

 

𝑪𝑺𝑹 𝑫𝑬𝑵𝑺𝑰𝑻𝒀 Number of other firms within an industry-year that engage in CSR reporting, scaled by the total number of other firms within the industry-year.  Thomson Reuters 

ASSET4 

𝑮𝑹𝑰 𝑫𝑬𝑵𝑺𝑰𝑻𝒀 Number of other firms within an industry-year that adopt the GRI guidelines, scaled by the total number of other firms within the industry-year.  Thomson Reuters 

ASSET4 

𝑰𝑵𝑫𝑺𝑰𝑴 The average  SIMSCORE for all other firms within the same industry (and year).  Thomson Reuters 

ASSET4 

𝑪𝑺𝑹 𝑷𝑬𝑹𝑭𝑶𝑹𝑴𝑨𝑵𝑪𝑬 A composite, equally weighted, CSR performance index that is based on the performance scores that Thomson Reuters ASSET4 provides for 

each firm (on an annual basis) on each of the three CSR dimensions (i.e., environmental, social and corporate governance performance). We refer 

to footnote 98 up to 100, for additional detail. 

Thomson Reuters 

ASSET4 

𝑺𝑰𝒁𝑬 Firm size, measured as the natural logarithm of total assets. Worldscope 

𝑹𝑶𝑨 Return on assets, measured as net income scaled by total assets. Worldscope 

𝑳𝑬𝑽 Leverage, measured as total debt scaled by total assets. Worldscope 

𝑴𝑻𝑩 Market-to-book ratio, measured as market value of common equity scaled by its book value. Worldscope 

𝑭𝑶𝑹𝑺𝑨𝑳𝑬𝑺 Foreign sales, measured as sales revenue to foreign customers scaled by total sales revenue. Worldscope 

𝑰𝑵𝑫𝑪𝑶𝑵𝑪 Industry concentration proxied by the Herfindahl index (i.e., the sum of the squares of market shares of the firms within an industry-year, with 

market shares as firms’ total sales divided by the total sales within the industry-year). 

Worldscope 

𝑮𝑶𝑽𝑬𝑹𝑵𝑴𝑬𝑵𝑻 Total amount of purchases made by government from commercial entities in the economy scaled by GDP. The World Bank 
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𝑾𝑮𝑰 Worldwide Governance Indicators, which consist of aggregate and individual governance indicators for 215 economies over the period 1996–

2013. We consider the following six governance dimensions: (1) voice and accountability; (2) political stability and absence of violence; (3) 

government effectiveness; (4) regulatory quality; (5) rule of law; and (6) control of corruption. We refer to footnote 106 up to 111, for additional 

detail. 

The World Bank 

𝑺𝑻𝑲 Variable capturing the country-specific level of stakeholder orientation. We use the principal factor of the following four proxies (obtained via 

factor analysis) to determine stakeholder orientation: (1) Country’s legal environment: This variable specifically assesses labour rights and labour 

benefits protection within a country. (2) Mandatory CSR disclosure law: This proxy captures the degree of mandatory CSR disclosure 

requirements at the country-level. (3) Public awareness of CSR-related issues: This proxy captures the level of public awareness of CSR-related 

issues within a country. (4) Corporate executives’ CSR attitude: This proxy captures the extent of corporate executives’ attitude towards CSR 

activities within a country. We refer to footnote 94 up to 97, for additional detail. 

Botero et al. 

(2004 

 

La Porta et al. 

(2004) 

 

𝑬𝑫𝑼𝑪𝑨𝑻𝑰𝑶𝑵 Country-specific educational attainment, being total enrolment in secondary education, regardless of age, expressed as a percentage of the 

population having the official secondary education age. 

The World Bank 

𝑮𝑳𝑶𝑩𝑶𝑷𝑬𝑵 Country-specific degree of openness to the global marketplace, being the principal factor of the following two variables: (1) Foreign direct 

investment (FDI) scaled by GDP; and (2) Value of imports deflated by GDP. We refer to footnotes 112 and 113, for additional detail. 

The World Bank 
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4. EMPIRICAL RESULTS 

4.1. Descriptive statistics and correlation matrix 

Table 3 presents descriptive statistics for the variables used in our empirical models. 

Panel A shows descriptive statistics for the continuous variables, while Panel B provides 

descriptive statistics for the dummy variables. Based on Panel B, we note that 43.69% of the 

observations in our sample publish a CSR report (either as a separate CSR report or as a 

separate section in their annual report) (cf. the values reported for CSR). Based on Panel B, 

we further note that 58.75% of the observations that do publish a CSR report, adopt the GRI 

guidelines (cf. the values reported for GRI). Based on Panel A, we note that firm-year 

observations in our sample disclose, on average, 66.75% of the 118 CSR metrics included in 

ASSET4 (with a median value of 63.55%) (cf. the values reported for ‘transparency score 

(TR)’). Similarity of a firm’s CSR transparency to industry-specific peer-based benchmark is, 

on average, -.8049 (with a median of -.7215). Furthermore, firms in our data-sample are 

profit-makers, with an average (median) return on assets of 2.21% (4.17%). Market-to-book 

ratio in our sample, on average, mounts to 3.3675 (with a median of 2.0600), suggesting that 

firms in this data-sample are likely to have considerable amount of intangible assets. 

Moreover, percentage of foreign sales in our data-sample, on average, mounts to 35.78% 

(with a median of 28.82%). 
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Table 3. Descriptive statistics 

Panel A. Continuous variables 

  

VARIABLE  MEAN  MEDIAN STD. DEV. 

CSR DENSITY 0.4037  0.4444 0.2274 

GRI DENSITY (if CSR = 1) 0.5759  0.6037 0.1915 

SIMSCORE 

based on: 

-.8049  -.7215 0.5537 

- transparency score (TR) (% of CSR metrics reported) 66.7500  63.5500 8.1900 

INDSIM -.8062  -.8194 0.0679 

STK 

based on: 

-0.7115  -0.9085 0.9574 

- country’s legal environment 7.2894  5.6250 4.5671 

- mandatory CSR disclosure law 0.8460  1.0000 0.8875 

- public awareness of CSR issues 6.1057  5.0000 5.1946 

- corporate executives’ CSR attitude 8.8135  7.0000 3.1633 

CSR PERFORMANCE (%) 55.7568  54.6483 23.5902 

SIZE 15.1956  15.1500 2.0671 

ROA 0.0221  0.0417 1.7283 

LEV (%) 136.1360  58.9850 2268.9100 

MTB 3.3675  2.0600 43.8429 

FORSALES (%) 35.7848  28.8200 58.2089 

INDCONC 0.1175  0.0892 0.1094 

GOVERNMENT (%) 18.4026  17.6388 3.2045 

WGI 

based on: 

1.4917  1.4555 0.2788 

- voice and accountability 1.2938  1.3118 0.1966 

- political stability and absence of violence 0.6047  0.5971 0.4058 

- government effectiveness 1.6278  1.6469 0.3077 

- regulatory quality 1.5247  1.5809 0.2541 

- rule of law 1.5657  1.6123 0.3107 

- control of corruption 1.6378  1.6814 0.4519 

EDUCATION (%) 104.3364  98.4275 16.0062 

GLOBOPEN 

based on: 

-0.5408  -0.6089 0.0.3712 

- foreign direct investment scaled by GDP (%) 0.0287  0.0212 0.0650 

- value of imports scaled by GDP (%) 0.2465  0.2146 0.1220 
See Table 2 for variable definitions. 

 

 

Panel B. Dummy variables 

 

 0 (%) 1 (%) 

CSR 56.31 43.69 

GRI (if CSR = 1) 41.25 58.75 

BELOW 44.35 55.65 
See Table 2 for variable definitions. 
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Table 4 presents pairwise correlations for the variables used in our models. Table 4 

indicates that CSR is positively correlated with CSR DENSITY (significant at the 1% level), 

which is consistent with H1. Moreover, consistent with H2, we note that GRI is positively 

correlated with GRI DENSITY (significant at the 1% level). Inconsistent with H3, there is a 

significantly negative correlation (significant at the 1% level) between SIMSCORE and 

lagged similarity among the focal firm’s peers (INDSIM). However, results of additional 

analyses (untabulated, but available from the authors upon request) show that the correlation 

is positive (significant at the 1% level), for the sub-sample of observations with a CSR 

transparency level below the industry average (i.e., the socially-derived benchmark) in the 

previous period. The latter finding provides support for H4. For the sub-sample of 

observations with a CSR transparency level above the benchmark (i.e., industry average), the 

correlation between SIMSCORE and INDSIM remains negative. Interestingly, we note that 

BELOW is positively correlated with SIMSCORE (significant at the 1% level), suggesting 

that firms that previously failed to meet the socially-derived CSR transparency benchmark 

increase their similarity level in the next period. With an exception for STK being strongly 

correlated with the other country-level control variables (i.e., GOVERNMENT, WGI, 

EDUCATION and GLOBOPEN), correlations among the control variables are modest and 

are not indicative of multicollinearity problems. We also considered variance inflation factors 

(VIFs) and the largest VIF equals 7.98. We therefore conclude that our results are not 

materially affected by multicollinearity. 

 

 

 

 

 

 

 

 

 



 

187 

 

Table 4. Correlation matrix 

 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 

1        CSR  1.0000                   

2        GRI  0.6715 

*** 

1.0000                  

3        SICMSCORE -0.1411 

*** 

-0.2815 

*** 

1.0000 

*** 

                

4        CSR DENSITY 0.4018 

*** 

0.3587 

*** 

-0.0704 

*** 

1.0000                

5        GRI DENSITY 0.3710 

*** 

0.3682 

*** 

-0.0659 

*** 

0.8891 

*** 

1.0000               

6        BELOW -0.4043 

*** 

-0.4270 

*** 

0.2014 

*** 

-0.0177 

** 

-0.0171 

** 

1.0000              

7        STK 0.1492 

*** 

0.1091 

*** 

-0.1183 

*** 

0.0453 

*** 

0.0550 

*** 

-0.1188 

*** 

1.0000             

8        INDSIM -0.3020 

*** 

-0.2576 

*** 

-0.0779 

*** 

-0.6683 

*** 

-0.6904 

*** 

-0.0086 -0.0370 

*** 

1.0000            

9        CSR PERFORMANCE 0.6321 

*** 

0.5653 

*** 

-0.1500 

*** 

0.1586 

*** 

0.1642 

*** 

-0.5084 

*** 

0.0493 

*** 

-0.1373 

*** 

1.0000           

10       SIZE 0.2566 

*** 

0.3284 

*** 

-0.1443 

*** 

-0.0063 0.0395 

*** 

-0.0019 -0.1613 

*** 

-0.0736 

*** 

0.3827 

*** 

1.0000          

11      ROA 0.0115 

* 

0.0062 0.0050 

 

-0.0939 

*** 

-0.0987 

*** 

-0.0132 -0.0619 

*** 

0.0823 

*** 

0.0598 

*** 

0.0507 

*** 

1.0000         

12      LEV 0.0400 0.0549 

*** 

-0.0457 

**** 

-0.0305 -0.0042 -0.0108 

* 

-0.0028 0.0010 0.0530 

*** 

0.2947 

*** 

-0.1085 

*** 

1.0000        

13     MTB 0.0043 

 

0.0068 0.0185 

*** 

0.0042 0.0027 0.0066 -0.0069 -0.0081 0.0047 -0.0059 0.0192 

 

0.0831 

*** 

1.0000       

14     INDCONC  0.0687 

*** 

0.1001 

*** 

-0.0160 

** 

0.1408 

*** 

0.2531 

*** 

-0.0216 

*** 

0.0818 

*** 

-0.1376 

*** 

0.0389 

*** 

-0.0803 

*** 

-0.0739 

*** 

-0.0311 

*** 

0.0023 1.0000      

15     FORSALES 0.1560 

*** 

0.1635 

*** 

-0.0948 

*** 

0.0212 

*** 

0.0597 

*** 

-0.0600 

*** 

0.2731 

*** 

-0.0243 

* 

0.2104 

*** 

-0.0119 

* 

0.0539 

 

-0.1141 

*** 

-0.0049 0.0419 

*** 

1.0000     

16     GOVERNMENT 0.2489 

*** 

0.1823 

*** 

-0.1105 

*** 

0.1237 

*** 

0.1020 

*** 

-0.0742 

*** 

0.6092 

*** 

-0.0675 

*** 

0.1688 

*** 

0.0389 

*** 

-0.0198 

*** 

0.0428 0.0018 0.0560 

*** 

0.2267 

*** 

1.0000    

17     WGI -0.0760 

*** 

-0.1051 

*** 

0.0873 

*** 

-0.0573 

*** 

-0.0556 

*** 

0.0236 

*** 

0.6473 

*** 

0.0575 

*** 

-0.0333 

*** 

-0.2565 

*** 

-0.0421 

*** 

-0.0774 

 

-0.0171 

*** 

0.0318 

*** 

0.1725 

*** 

0.1574 

*** 

1.0000   

18     EDUCATION 0.0676*** 0.0754 

*** 

-0.0734 

*** 

0.0604 

*** 

0.0759 

*** 

-0.0992 

*** 

0.6498 

*** 

-0.0135 

* 

-0.0127 -0.2561 

*** 

-0.0931 

*** 

-0.0081 

 

-0.0036 0.0931 

*** 

0.0853 

*** 

0.2644 

*** 

0.3569 

*** 

1.0000  

19     GLOBOPEN 0.1027 

*** 

0.0666 

*** 

-0.0731 

*** 

0.0120 

* 

0.0257 

*** 

-0.0248 

*** 

0.6539 

*** 

0.0150 

** 

0.0362 

*** 

0.0045 0.0200 

*** 

0.0327 

*** 

-0.0009 0.0152 

** 

0.2072 

*** 

0.3093 

*** 

0.2035 

*** 

0.1242 

*** 

1.0000 

See Table 2 for variable definitions 

Significance at .10 (*), .05 (**) and .01 (***) levels. 
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4.2. Multivariate results 

In this section we report multivariate results. To avoid multicollinearity (cf. supra) we 

present three models in tables 5 up to 8 (Panel A): (1) a model in which country-specific 

influences are controlled for by country dummy variables (models I, IV, VII and X); (2) a 

model in which country-specific influences are controlled for by GOVERNMENT, WGI, 

EDUCATION and GLOBOPEN (models II, V, VIII and XI); and (3) a model in which 

country-specific influences are controlled for by STK (III, VI, IX and XII).  

Table 5 presents results for estimating equation 1, using CSR as the dependent 

variable. This model is aimed at testing H1. Consistent with H1, the coefficient for lagged 

CSR DENSITY is significantly positive (significant at the 5% level) in all three models.
115

 

Results therefore indicate a positive relationship between the proportion of peer firms that 

issued a CSR report in the previous period and the likelihood that a focal firm issues a CSR 

report in the current period. 

All three models have high explanatory power (i.e., pseudo R2 around 0.67) and 

coefficients for the control variables are relatively stable across models. In addition, signs for 

the coefficients that attain statistical significance are in line with expectations. The coefficient 

for lagged CSR is significantly positive (significant at the 1% level) in all three models. This 

finding is consistent with CSR reporting practices being largely ritualistic. In line with the 

voluntary disclosure perspective, the coefficient for CSR PERFORMANCE is significantly 

positive (significant at the 1% level) in all models. We observe a significantly positive 

coefficient (significant at the 1% level) for SIZE, indicating that large(r) firms are (more) 

likely to engage in CSR reporting. As mentioned earlier, large(r) firms are likely to have more 

resources (and thus better able to bear the costs related to CSR disclosure) and are subject to 

higher public scrutiny (creating a stronger incentive to engage in CSR disclosure). 

In addition, results document significant country-level effects on firms’ decision to 

engage in CSR reporting. Results indicate that firms from countries with higher resource 

dependence upon government (giving rise to coercive institutional pressures) are more likely 

to engage in CSR reporting (i.e., we observe a significantly positive coefficient for 

GOVERNMENT). We also find that firms from countries with weaker governance 

performance are more likely to publish a CSR report (i.e., we observe a significantly negative 

                                                 
115

 Untabulated results (ready to report from authors, upon request) for testing this relationship, for firms that publish a CSR report for the 

first time, are qualitatively similar. 
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coefficient for WGI). These firms might engage in CSR disclosure to compensate for the poor 

perceptions of accountability in their country. Our results further indicate that firms from 

countries with a higher level of educational attainment are more likely to engage in CSR 

reporting (i.e., we observe a significantly positive coefficient for EDUCATION). This finding 

suggests that greater normative pressures that result from education are associated with a 

higher likelihood of engaging in CSR reporting (this finding is consistent with Judge et al. 

(2010)). Finally, our results show that firms from countries that are more stakeholder-oriented 

are more likely to publish a CSR report (i.e., we note a significantly positive coefficient for 

STK).  
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Table 5. Logistic regression results for estimating the likelihood that a firm 

publishes a CSR report  

 

 Model I  Model II  Model III  

 Coefficient Sign. Coefficient Sign. Coefficient Sign. 

       

Intercept -11.0336 *** -14.7575 *** -9.3867 *** 

Lagged CSR DENSITY ♣ 0.6067 ** 0.5773 ** 0.4957 ** 

Lagged CSR  3.3101 *** 3.3817 *** 3.4868 *** 

CSR PERFORMANCE 0.0728 *** 0.0733 *** 0.0735 *** 

SIZE 0.1344 *** 0.0784 *** 0.0637 *** 

ROA 0.5850  0.5990  0.4615  

LEV -0.0002  -0.0001  0.0000  

MTB -0.0005  -0.0005  -0.0002  

FORSALES -0.0024 ** -0.0013  -0.0009  

INDCONC -0.2058  -0.2117  -0.4515  

GOVERNMENT   0.1521 ***   

WGI   -0.7202 ***   

STK     0.4598 *** 

EDUCATION   0.0243 ***   

GLOBOPEN   0.1157 *   

COUNTRY DUMMIES Included  Excluded  Excluded  

YEAR Included  Included  Included  

       

Model 𝝌𝟐 3750.3400  3597.2700  3664.1600  

Pseudo 𝑹𝟐 0.6774  0.6743  0.6688  

N 16,698  16,490  16,591  

This table presents results for estimating equation 1, using CSR as the dependent. 

See Table 2 for variable definitions. 

* p < 0.10; ** p < 0.05; *** p < 0.01. 

♣ One-tailed p-value, as we have a directional prediction about the coefficient. 
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Table 6 presents results for estimating equation 1, using GRI as the dependent 

variable. This model is aimed at testing H2. Consistent with H2, the coefficient for lagged 

GRI DENSITY is significantly positive (significant at the 5% level) in all three models. 

Results therefore indicate a positive relationship between the proportion of peer firms that 

adopted GRI in the previous period and the likelihood that a focal firm adopts GRI in the 

current period. Again, all three models have high explanatory power (i.e., pseudo R2 around 

0.53) and coefficients for the control variables are stable across models. In addition, signs for 

the coefficients that attain statistical significance are in line with expectations. In line with 

results reported in Table 5, coefficients for lagged GRI and CSR PERFORMANCE are 

significantly positive (significant at the 1% level). We further note significantly positive 

coefficients for SIZE, FORSALES and INDCONC (significant at the 1% level). In line with 

results presented in Table 5, we observe significant country-level effects on firms’ decision to 

adopt GRI (although fewer country-level variables attain statistical significance). Firms from 

countries with weaker governance performance and a higher level of educational attainment 

are more likely to adopt GRI (i.e., we observe a significantly negative (positive) coefficient 

for WGI (EDUCATION)).  
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Table 6. Logistic regression results for estimating the likelihood that a firm 

adopts the GRI 

 

 Model IV  Model V  Model VI  

 Coefficient Sign. Coefficient Sign. Coefficient Sign. 

       

Intercept -8.7653 *** -9.2284 *** -8.3659 *** 

Lagged GRI DENSITY ♣ 0.6654 ** 0.6399 ** 0.7328 ** 

Lagged GRI  4.3809 *** 4.3207 *** 4.3709 *** 

CSR PERFORMANCE 0.0239 *** 0.0240 *** 0.0240 *** 

SIZE 0.1927 *** 0.2102 *** 0.2090 *** 

ROA 0.1660  0.4735  0.2346  

LEV 0.0001  0.0000  0.0001  

MTB -0.0003  -0.0000  -0.0000  

FORSALES 0.0054 *** 0.0051 *** 0.0048 *** 

INDCONC 2.0579 *** 2.0419 *** 2.2101 *** 

GOVERNMENT   -0.0222    

WGI   -0.2211 **   

STK     0.0227  

EDUCATION   0.0134 ***   

GLOBOPEN   0.0153    

COUNTRY DUMMIES Included  Excluded  Excluded  

YEAR Included  Included  Included  

       

Model 𝝌𝟐 1915.2400  1903.5100  1896.5000  

Pseudo 𝑹𝟐 0.5351  0.5313  0.5327  

N 7,036  6,938  6,980  

This table presents results for estimating equation, using GRI as the dependent. 

See Table 2 for variable definitions. 

* p < 0.10; ** p < 0.05; *** p < 0.01. 

♣ One-tailed p-value, as we have a directional prediction about the coefficient. 
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Panel A of Table 7 presents results for estimating equation 2, employing SIMSCORE 

as the dependent variable. This model is aimed at testing H3. Inconsistent with H3, the 

coefficient for INDSIM does not attain statistical significance in any of the three models. 

Panel B of Table 7 presents results of estimating equation 2, employing SIMSCORE based on 

environmental, social and corporate governance components of the overall transparency 

score. Similar to results reported in Panel A, the coefficient for INDSIM based on the social 

and corporate governance pillars of CSR does not attain statistical significance, while the 

coefficient for INDSIM based on the environmental pillar is significantly negative (significant 

at the 1% level). The results reported in Panel B are consistent with those reported in Pane A, 

lending no support to H3. 

However, if we turn our attention to Panel A of Table 8, we note a significantly 

negative coefficient (significant at the 1% level) for INDSIM and a significantly positive 

coefficient (significant at the 1% level) for INDSIM × BELOW. Results presented in Table 8 

are also based on estimating equation 2, but include the interaction term between INDSIM 

and BELOW. This interaction term is introduced to test H4. Similar to results in Panel A, we 

note a significantly negative coefficient (significant at the 1% level) for INDSIM based on the 

environmental and social components of CSR (the coefficient for INDSIM based on the 

corporate governance pillar is insignificant). Moreover, INDSIM × BELOW (only based on 

the environmental and social components of CSR) receives a significantly positive coefficient 

(significant at the5% and 1% level, respectively), with a magnitude larger than the main 

effect.
116

 However, the coefficient for INDSIM × BELOW, based on the corporate 

governance pillar, does not attain statistical significance. 

If we combine the findings, discussed above, we note that INDSIM does not have the 

same effect, as formulated in H3, for all observations under study (yielding either a 

significantly negative coefficient or a coefficient that does not significantly differ from zero in 

the panels of Table 7). The effect is found to depend on whether the focal firm’s transparency 

level was above or below the average transparency score of its industry peers in the previous 

period. The coefficient for INDSIM is significantly negative for all three models in Panel A of 

Table 8 and the first two models (models X-I and XI-I) in Panel B of Table 8 (this coefficient 

denotes the effect for firms with a CSR transparency level above the socially-derived 

benchmark in the previous period). The interaction term between INDSIM and BELOW 

                                                 
116

 The joint coefficient is significant at the 5% level. 
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yields a significantly positive coefficient and the magnitude of this coefficient is much larger 

than the coefficient for INDSIM.
117

 This implies that the coefficient for INDSIM is positive 

for observations with a CSR transparency level below the socially-derived benchmark in the 

previous period (for the overall CSR and only its environmental and social components), 

supporting H4. Consistent with our observation in Table 4 (i.e., the correlation matrix), 

BELOW attains a significantly positive coefficient (significant at the 1% level) in all three 

models in Panel A of Table 8 and only for the environmental and social components of CSR 

in Panel B, suggesting that failing to meet the socially-derived aspiration level gives rise to 

intended actions for improvement
118

 (Shinkle 2012, Joseph and Gaba 2014). 

Again, similar to results reported in previous tables, all the models in panels A and B 

of Tables 7 and 8 have high explanatory power and coefficients for the control variables are 

relatively stable across models. Relatedly, we note a negative coefficient on SIZE, ROA and 

FORSALES. This observation suggests that as large(r) and more profitable firms and the 

firms with higher foreign sales are (more) closely monitored by and subject to scrutiny from 

diverse groups of stakeholders, they are more likely to disclose than other firms, i.e., they 

disclose more than the average within their industry and their transparency level is, therefore, 

less similar to industry average. Moreover, we observe a positive coefficient on MTB. 

Furthermore, similar to results presented in tables aiming at H1 and H2, we observe 

significant country-specific institutional impact on firms’ CSR policies in panels of Table 7 

(8). Relatedly, we observe that firms from countries with stronger governance performance 

and higher stakeholder orientation level have CSR transparency levels more similar to the 

socially-derived benchmark (i.e., generally we note significantly positive coefficients for WGI 

and STK). Besides, we observe a negative coefficient for EDUCATION (significant at the 1% 

level), suggesting that citizens of such countries are more likely to be aware of CSR issues 

and would probably demand more CSR information from entities (even more than the 

industry average). 

  

                                                 
117

 The joint coefficient are significant at least at the 5% level. 
118

 We provide further evidence, supporting this view, in the robustness check section. 
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Table 7 

Panel A. Regression results for estimating a firm’s tendency to imitate its 

industry peers with regard to CSR transparency 

 

 Model VII  Model VIII Model IX  

 Coefficient Sign. Coefficient Sign. Coefficient Sign. 

       

Intercept 1.3516 *** 1.2894 *** 1.2467 *** 

INDSIM ♣ -0.0228  -0.0245  -0.0209  

Lagged SIMSCORE 0.7649 *** 0.7620 *** 0.7687 *** 

CSR PERFORMANCE -0.0007 *** -0.0008 *** -0.0008 *** 

SIZE -0.009 *** -0.0082 *** -0.0087 *** 

ROA -0.0512 * -0.0565 * -0.0544 * 

LEV -0.0000  -0.0000  -0.0000  

MTB 0.0000 ** 0.0001 *** 0.0000 ** 

FORSALES -0.0000  -0.0001 ** -0.0001 ** 

INDCONC -0.006  0.0069  -0.0065  

GOVERNMENT   -0.0019 *   

WGI   0.0828 ***   

STK     0.0041  

EDUCATION   -0.0009 ***   

GLOBOPEN   0.0026    

COUNTRY DUMMIES Included  Excluded  Excluded  

YEAR Included  Included  Included  

       

Model F-stat 783.8500  826.0600  927.6700  

𝑹𝟐 0.6291  0.6322  0.6290  

N 16,034  15,828  15,939  
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Panel B. Regression results for estimating a firm’s tendency to imitate its industry peers with regard to 

environmental, social and corporate governance transparency Regression  

 Model VII-I  Model VIII-I Model IX-I  

 Coefficient Sign. Coefficient Sign. Coefficient Sign. 

 ENVIRONMENTAL  SOCIAL  CORPORATE GOVERNANCE  

Intercept 1.9708 *** 1.1018 *** 2.0460 *** 

INDSIM ♣ -.1062 *** -.0304  .0583  

Lagged SIMSCORE .7724 *** .7491 *** .604 *** 

CSR 

PERFORMANCE 

-.0008 *** -.0009 *** .0022 *** 

SIZE -.0062 *** -.0051 ** -.0115 *** 

ROA -.0216  .0277  -.1083 ** 

LEV -.0000 ** .0000  .0000  

MTB .0001 *** .0000  .0000  

FORSALES -.0000  -.0001  -.0004 *** 

INDCONC .0118  -.0112  -.0547  

STK .0004  .0090 *** -.0133 *** 

YEAR Included  Included  Included  

       

Model F-stat 661.64  724.17  177.71  

𝑹𝟐 .6402  .5848  .4297  

N 15,774  15,811  15,802  

This table presents results for estimating equation 2, using SIMSCORE as the dependent. 

See Table 2 for variable definitions. 

* p < 0.10; ** p < 0.05; *** p < 0.01. 

♣ One-tailed p-value, as we have a directional prediction about the coefficient. 
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Table 8 

Panel A. Regression results for estimating a firm’s tendency to imitate its industry 

peers with regard to CSR transparency- including INDSIM × BELOW 

 

 Model X  Model XI  Model XII  

 Coefficient Sign. Coefficient Sign. Coefficient Sign. 

       

Intercept 2.8055 *** 2.7787 *** 2.6631 *** 

INDSIM  -0.3720 *** -0.3836 *** -0.3621 *** 

INDSIM × BELOW ♣ 0.6961 *** 0.7100 *** 0.6899 *** 

BELOW  0.0373 *** 0.0332 *** 0.0424 *** 

Lagged SIMSCORE 0.7559 *** 0.7527 *** 0.7585 *** 

CSR PERFORMANCE -0.0002  -0.0003 ** -0.0002  

SIZE -0.0100  -0.0092 *** -0.0094 *** 

ROA -0.0555  -0.0615 ** -0.0586 ** 

LEV -0.0000  0.0000  -0.0000  

MTB 0.0000  0.0001 *** 0.0000 *** 

FORSALES -0.0001  -0.0002 *** -0.0002 *** 

INDCONC -0.0032  0.0105  -0.0040  

GOVERNMENT   -0.0014    

WGI   0.0818 ***   

STK     0.0062 ** 

EDUCATION   -0.0009 ***   

GLOBOPEN   0.0034    

COUNTRY DUMMIES Included  Excluded  Excluded  

YEAR Included  Included  Included  

       

Model F-stat 735.0200  773.3400  859.0700  

𝑹𝟐 0.6315  0.6346  0.6317  

N 16,034  15,828  15,939  
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Panel B. Regression results for estimating a firm’s tendency to imitate its industry peers with regard to 

environmental, social and corporate governance transparency- including INDSIM × BELOW 

 Model X-I  Model XI-I Model XII-I  

 Coefficient Sign. Coefficient Sign. Coefficient Sign. 

 ENVIRONMENTAL  SOCIAL  CORPORATE GOVERNANCE  

Intercept 2.8709 *** 1.7486 *** 2.0425 *** 

INDSIM -.2633 *** -.2179 ** .0579  

INDSIM × BELOW ♣ .3717 ** .3808 *** .0239  

BELOW  .0411 *** .0238 *** .0035  

Lagged SIMSCORE .7572 *** .7443 *** .6084 *** 

CSR 

PERFORMANCE 

-.0005 *** -.0007 *** .0023 *** 

SIZE -.0055 *** -.0056 *** -.0114 *** 

ROA -.0183  .0272  -.1085 ** 

LEV -.0000 ** .0000  .0000  

MTB .0001 *** .0000  .0000  

FORSALES -.0000  -.0001  -.0004 *** 

INDCONC .0129  -.0090  -.0540  

STK .0018  .0124 *** -.0133 *** 

YEAR Included  Included  Included  

       

Model F-stat 598.98  670.36  169.3  

𝑹𝟐 .6410  .5833  .4297  

N 15,774  15,811  15,802  

This table presents results for estimating equation 2, using SIMSCORE as the dependent. 

See Table 2 for variable definitions. 

CSR PERFORMANCE is an umbrella term in this table, representing environmental performance, social performance and corporate governance performance in models X-I, 

XI-I and XII-I, respectively. 

* p < 0.10; ** p < 0.05; *** p < 0.01. 

♣ One-tailed p-value, as we have a directional prediction about the coefficient. 
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Panel A of Table 9 presents results for estimating equation 2, employing SIMSCORE 

as the dependent variable, including the interaction term between INDSIM and STK. The 

interaction term is introduced to test H5 (panels B, C and D present results of estimating 

equation 2, based on environmental, social and corporate governance components of CSR, 

respectively). We estimate the model based on the full sample (Model XIII), the sub-sample 

of observations with a CSR transparency level below the socially-derived benchmark (Model 

XIV), and the sub-sample of observations with a CSR transparency level above the socially-

derived benchmark (Model XV). In order to test H5, we split our sample because we found 

earlier that the effect of INDSIM on SIMSCORE depends on whether the focal firm’s 

transparency level was above or below the average transparency score of its industry peers in 

the previous period. Based on Table Panel A of 9, we note that INDSIM × STK has a 

significantly negative coefficient based on the full sample and the sub-sample of observations 

with a CSR transparency level below the social benchmark in the previous period. The 

coefficient does not attain statistical significance based on the sub-sample of observations 

with a CSR transparency level above the socially-derived benchmark in the previous period. 

Results based on panels B, C and D of Table 9 are qualitatively similar to Panel A. That is, 

the interaction term (INDSIM × STK) receives a negative coefficient (for environmental and 

corporate governance components, significant at the 1% level, while it is insignificant for the 

social component), especially for firms with a previous CSR transparency level lower than the 

social benchmark. Altogether, our results indicate that firms from less stakeholder-oriented 

countries, especially those with a CSR transparency level below the socially-derived 

benchmark in the previous period, show stronger mimetic responses to conformity pressures. 

As such, our results support the view that firm’s mimetic response to conformity pressures 

(partially) substitutes for an institutionalised stakeholder-oriented business environment.  

We further note that the coefficients on control variables (in all the three panels) are 

stable across the models, except for CSR PERFORMANCE. Relatedly, CSR 

PERFORMANCE receives a significantly positive (negative) coefficient, based on the 

subsample of firms with a previous CSR transparency level below (above) benchmark. This 

observation supports the idea that in response to higher coercive/normative institutional 

pressures, firms tend to more disclose CSR information, which finally results in a more 

similar (less similar) CSR transparency to benchmark for firms with a previous CSR 

transparency level below (above) benchmark. This is consistent with voluntary disclosure 

theory, as it suggests that the better CSR performance is associated with a higher CSR 
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transparency level, which results in more (less) similarity to benchmark for firms with a 

previous CSR transparency level below (above) benchmark. We also note a negative 

coefficient for SIZE and FORSALES (significant at least at the 5% level), suggesting that 

large(r) firms and those with higher foreign sales are (more) subject to scrutiny from diverse 

groups of stakeholders (i.e., legitimacy pressures) and are consequently more likely to 

disclose than other firms, so that their transparency level is less similar to the rest of their 

industry (less similar to industry average). We also observe a positive coefficient for MTB. 

 

Table 9 

Panel A. Regression results for estimating a firm’s tendency to imitate its industry peers with 

regard to CSR transparency- including INDSIM × STK 

 
  Model XIII  Model XIV  Model XV  

  Coefficient Sign. Coefficient Sign. Coefficient Sign. 

  Full sample BELOW = 1 BELOW = 0 

Intercept  1.2965 *** -0.3504  3.8037 *** 

INDSIM   -0.0312  0.4631 *** -0.5565 *** 

INDSIM × STK  -0.1281 *** -0.3127 *** 0.0166  

STK   0.0040  0.0268 *** -0.0200 *** 

Lagged SIMSCORE  0.7670 *** 0.6198 *** 0.7441 *** 

CSR PERFORMANCE  -0.0008 *** 0.0030 *** -0.0049 *** 

SIZE  -0.0087 *** -0.0025  -0.0066 ** 

ROA  -0.0523 * -0.0228  -0.0578  

LEV  -0.0000  -0.0000  -0.0000  

MTB  0.0000 *** 0.0001 *** 0.0000  

FORSALES  -0.0001 ** -0.0003 *** -0.0001  

INDCONC  -0.0073  0.0100  0.0087  

YEAR  Included  Included  Included  

        

Model F-stat  886.0800  235.0600  817.7500  

𝑹𝟐  0.6293  0.5054  0.6943  

N  15,939  8,868  7,071  
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Panel B. Regression results for estimating a firm’s tendency to imitate its industry peers with 

regard to environmental transparency- including INDSIM × STK 

 

  Model 

XIII-I 

 Model 

XIV-I 

 Model 

XI-I 

 

  Coefficient Sign. Coefficient Sign. Coefficient Sign. 

  Full sample BELOW = 1 BELOW = 0 

Intercept  2.0231 *** 1.3460 *** 4.2968 *** 

INDSIM   -.1148 *** .0611  -.4656 *** 

INDSIM × STK  -.0505  -.1230 *** .0525  

STK   .0001  .0062 ** -.0013  

Lagged SIMSCORE  .7717 *** .6993 *** .7390 *** 

ENVIRONMENTAL PERFORMANCE  -.0008 *** .0001  -.0026 *** 

SIZE  -.0063 *** -.0002  -.0078 ** 

ROA  -.0216  -.0017  -.0597  

LEV  -.0000 ** -.0000 *** -.0000  

MTB  .0001 *** .0001 *** .0001 *** 

FORSALES  -.0000  .0001  -.0003 * 

INDCONC  .0099  .0153  .0364  

YEAR  Included  Included  Included  

        

Model F-stat  641.42  189.17  413.62  

𝑹𝟐  .6403  .3867  .6680  

N  15,774  9,763  6,011  
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Panel C. Regression results for estimating a firm’s tendency to imitate its industry peers with 

regard to social transparency- including INDSIM × STK 

 
  Model 

XIII-II 

 Model 

XIV-II 

 Model 

XV-II 

 

  Coefficient Sign. Coefficient Sign. Coefficient Sign. 

  Full sample BELOW = 1 BELOW = 0 

Intercept  1.1118 *** .4167 * 2.0686 *** 

INDSIM   -.0342  .2181 *** -.2724 ** 

INDSIM × STK  -.0041  -.0706  -.0886  

STK   .0097 *** .0272 *** .0081  

Lagged SIMSCORE  .7508 *** .6806 *** .7384 *** 

SOCIAL PERFORMANCE  -.0008 *** .0005 *** -.0023 *** 

SIZE  -.0058 *** -.0017  -.0066 ** 

ROA  .0139  .0148  .0170  

LEV  .0000  -.0000  .0000  

MTB  .0000  .0000 *** .0000  

FORSALES  -.0001  -.0002 ** -.0000  

INDCONC  .0029  -.0265  .0396  

YEAR  Included  Included  Included  

        

Model F-stat  684.56  267.2  522.09  

𝑹𝟐  .5844  .4870  .6185  

N  15,811  8,807  7,004  
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Panel D. Regression results for estimating a firm’s tendency to imitate its industry peers 

with regard to corporate governance transparency- including INDSIM × STK 

 
  Model 

XIII-III 

 Model 

XIV-III 

 Model 

XV-III 

 

  Coefficient Sign. Coefficient Sign. Coefficient Sign. 

  Full sample BELOW = 1 BELOW = 0 

Intercept  2.1359 *** 1.9704 *** 3.9411 *** 

INDSIM   .0475  .0154  -.0376  

INDSIM × STK  -.1966 *** -.3663 *** -.0796  

STK   -.0139 *** .0076  -.0295 *** 

Lagged SIMSCORE  .6048 *** .5768 *** .4532 *** 

CORPORATE GOVERNANCE 

PERFORMANCE 

 .0022 *** .0065 *** -.0037 *** 

SIZE  -.0118 *** .0028  -.0188 *** 

ROA  -.1077 ** -.0383  -.1506 *** 

LEV  .0000  .0000  -.0000  

MTB  .0000  .0000  .0000 * 

FORSALES  -.0004 *** -.0001  -.0008 *** 

INDCONC  -.0561  .0963  -.0609  

YEAR  Included  Included  Included  

        

Model F-stat  172.09  121.48  147.96  

𝑹𝟐  .4302  .5384  .2882  

N  15,802  6,260  9,542  

This table presents results for estimating equation 2, using SIMSCORE as the dependent. 

See Table 2 for variable definitions. 

* p < 0.10; ** p < 0.05; *** p < 0.01. 

 

4.3. Robustness checks 

To assess the robustness of our findings, we performed several sensitivity analyses. In 

what follows, we briefly discuss results of the main additional analyses we performed. 

To substantiate our results about the influence of negative social comparison feedback 

on firms’ decisions, we estimate the following equation (equation 3) only for the sub-sample 

of observations with a previous CSR transparency level below the socially-derived 

benchmark (i.e., below the average CSR transparency score of its industry peers), because we 

previously found that only these firms imitate their industry peers in response for conformity 

pressures (cf. Panel A of Table 8): 
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∆𝑻𝑹𝒊𝒕 = 𝜶𝟎 + 𝜶𝟏𝑰𝑵𝑫𝑺𝑰𝑴𝒊𝒕−𝟏 + 𝜶𝟒𝑺𝑰𝑴𝑺𝑪𝑶𝑹𝑬𝒊𝒕−𝟏 + 𝜶𝟓𝑪𝑺𝑹 𝑷𝑬𝑹𝑭𝑶𝑹𝑴𝑨𝑵𝑪𝑬𝒊𝒕 + 𝜶𝟔𝑺𝑰𝒁𝑬𝒊𝒕

+ 𝜶𝟕𝑹𝑶𝑨𝒊𝒕 + 𝜶𝟖𝑳𝑬𝑽𝒊𝒕 + 𝜶𝟗𝑴𝑻𝑩𝒊𝒕 + 𝜶𝟏𝟎𝑭𝑶𝑹𝑺𝑨𝑳𝑬𝑺𝒊𝒕 + 𝜶𝟏𝟏𝑰𝑵𝑫𝑪𝑶𝑵𝑪𝒊𝒕

+ 𝜶𝟏𝟐𝑮𝑶𝑽𝑬𝑹𝑵𝑴𝑬𝑵𝑻𝒊𝒕 + 𝜶𝟏𝟑𝑾𝑮𝑰𝒊𝒕 + 𝜶𝟏𝟒𝑺𝑻𝑲𝒊𝒕 + 𝜶𝟏𝟓𝒀𝑬𝑨𝑹𝒊𝒕 + 𝜺𝒊𝒕 

Where ∆TR denotes change in the focal firm’s transparency score between t and t-1. 

Results of estimating this equation are provided in Table 10. As reported in Table 10, the 

coefficient for INDSIM is significantly positive (significant at the 1% level), indicating that as 

a response to industry-based conformity pressures, firms with a previous CSR transparency 

level below the socially-derived benchmark increase their CSR transparency (to become more 

similar to the industry benchmark). This finding is in line with the results we reported earlier. 

 

Table 10. Regression results for testing the relationship between change in CSR level and 

the extent of similarity in CSR transparency within the industry 

 
 Model XVI  

 BELOW = 1  

            Coefficient Sign. 

Intercept -0.0313  

INDSIM♣  0.0139 *** 

Lagged SIMSCORE -0.0135 *** 

CSR PERFORMANCE 0.0004 *** 

SIZE 0.0001  

ROA 0.0013  

LEV -0.0000  

MTB 0.0000  

FORSALES -0.0000 *** 

INDCONC 0.0042  

GOVERNMENT 0.0006 *** 

WGI 0.0052 *** 

STK 0.0054 *** 

YEAR Included  

   

Model F-stat 82.9700  

𝑹𝟐 0.2252  

N 8,934  

See Table 2 for variable definitions. 

* p < 0.10; ** p < 0.05; *** p < 0.01, 

♣ One-tailed p-value, as we have a directional prediction about the coefficient. 
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Instead of the original specification of STK, we also considered two alternative 

specifications. Prior studies (e.g., Matten and Moon 2008, Young and Marais 2012) argue that 

because of both formal institutions related to stricter rules and informal institutions related to 

cultural and historical factors, firms from European countries have more established relations 

with a wide range of non-stockholding stakeholders. It is also argued in the literature that 

firms from the US and countries with a similar economic/legal environment (e.g., the UK, 

Canada and Australia) put more emphasis on the responsibility towards stockholders than 

non-stockholding stakeholders (the latter countries are thus less stakeholder-oriented) (de 

Villiers and Marques 2015). Dhaliwal et al. (2014) also document that the US ranks relatively 

low with respect to the degree of stakeholder orientation, while European countries (except 

for the UK) are relatively more stakeholder-oriented. Drawing on these arguments, as our first 

alternative specification for STK, we defined country-level stakeholder orientation as a 

dummy variable that is coded one if the focal firm is from a European country (except for the 

UK); and zero otherwise (i.e., firms from the US, the UK, Canada, Australia, New Zealand 

and South Africa). This alternative specification of STK does not materially affect our results 

(results are not reported, but are available from the authors upon request). As national-level 

institutions (also stakeholder orientation) are often argued to be linked to coercive pressures 

emanated from country-level laws, as the second alternative specification for STK, we also 

used the two factors out of the four, mirroring the extent that a country’s CSR laws are 

oriented towards non-stockholding stakeholders (i.e., country’s legal environment and 

mandatory CSR disclosure law) to define our second measure of country-level stakeholder 

orientation (LAW). To do so, we used the principal factor of these two variables (calculated 

via factor analysis). This alternative specification of STK does not materially affect our 

results (results are not reported, but are available from the authors upon request). 

As reported in Panel A of Table 1, US observations constitute approximately 45% of 

observations in the data sample, raising concerns with regard to results being driven by a 

specific country. In order to ensure that our results are not merely reflecting a specific country 

effects, we re-estimated our models, excluding US observations. Untabulated results are 

qualitatively similar to the previous ones. 

We controlled for some additional variables in our models. First, firm age is argued to 

be related to a firm’s reputation (Deephouse 1996) and to affect CSR disclosure (e.g., Roberts 

1992, Aerts et al. 2006). We therefore included a proxy for firm age, being the ratio of 

accumulated depreciation on property, plant and equipment divided by the annual 
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depreciation expense, in our models. Second, following prior studies, such as Aerts et al. 

(2006) and Clarkson et al. (2011a), we also controlled for capital intensity. Specifically, we 

relied on gross property, plant and equipment scaled by lagged total assets as a proxy for 

capital intensity. Third, as membership in sustainability indices, such as DJSI or FTSE4Good, 

is argued to represent a firm’s CSR reputation (Robinson et al. 2011, Cho et al. 2012), being 

rated by these indices could give rise to coercive/normative pressures to meet and/or maintain  

the highest level of CSR performance and/or disclosure. We therefore included a dummy 

variable capturing inclusion in DJSI and/or FTSE4Good in our models. This dummy variable 

is then coded one if the focal firm is included in DJSI or FTSE4Good; and zero otherwise. 

The inclusion of the variables, mentioned above, does not materially affect our results (results 

for these additional analyses are not reported, but are available from the authors upon 

request).   

5. CONCLUSION 

In this paper, we shed light on the process underlying the diffusion of CSR disclosure 

practices, by proposing a framework, combining institutional theory literature and BTOF 

arguments. Overall, this study suggests that firms rely on social comparison processes in 

structuring their CSR disclosure behaviour, in an attempt to mitigate uncertainty regarding 

means and consequences of CSR disclosure and to arrive at a decision with an adequate level 

of appropriateness (legitimacy).  

Our results show that the likelihood that firms publish a CSR report and adopt the GRI 

increases with the degree that their industry peers engaged in these practices, in the previous 

period. This observation is consistent with the idea that a widely-endorsed organisational 

practice essentially becomes legitimate (Westphal et al. 2001) and would be perceived as 

template of appropriate behaviour for members of an organisational field (Scott 1995, 

Royston and Hinings 1996). Moreover, this paper provides evidence that firm managers not 

only monitor CSR disclosure policies of their industry peers and align their decisions 

regarding an appropriate level for CSR transparency
119

 with their peers, but the assessment of 

their behaviour and the related decisions also vary according to the feedback from social 

comparison (comparison of their historical performance with that of their peers). Specifically, 

our results document that firms respond to industry-based mimetic pressures in CSR 

transparency (proxied by the extent of imitation among its industry peers) by imitating their 

                                                 
119

 Which is central to a firm’s CSR disclosure policy. 
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peers, only when their previous transparency level falls short of the performance of peers 

(negative social comparison feedback). However, firms whose historical CSR transparency 

level transcends peer performance (positive feedback) adopt a CSR policy, diametrically 

different from their peers. As such, this study supports prior research (e.g., Bromiley 1991, 

Schimmer and Brauer 2012, Washburn and Bromiley 2012), suggesting that performance 

worse than socially-derived benchmark would make social comparison more influential on 

firms’ decisions, while performance better than benchmark would support the view that firm 

managers have made right decisions and consequently would motivate them to become less 

preoccupied with social comparison in their decision making processes.  

Furthermore, our study extends the literature on the influence of national-level 

institutions on firms’ CSR disclosure policies. Relatedly, our results document that firms from 

less stakeholder-oriented countries are more likely to engage in mimetic behaviour in CSR 

transparency as a response to conformity pressures, than their counterparts from more 

stakeholder countries. This observation supports Jackson and Apostolakou’s (2010) view that 

explicit forms of CSR (voluntary adoption of CSR practices as a response to perceived 

stakeholders’ expectation and mimetic pressures) are more relevant, where coercive elements 

are lacking/less pronounced. 

Overall, by documenting that firms follow socially-derived CSR disclosure norms 

(after controlling for economic and business-related variables), this paper suggests that CSR 

disclosure goes beyond cost-benefit and resource dependency perspectives and does not 

necessarily follow business rationales (consistent with Hahn and Kühnen (2013)). Relatedly, 

the fact that variables measuring resource dependence on the government, overall country-

specific governance performance, educational attainment and industry-based mimetic 

pressures have incremental impacts on firms’ CSR disclosure suggests that coercive, 

normative and mimetic mechanisms of institutional theory simultaneously explain firms’ CSR 

disclosure policies.  

Our study has limitations, offering avenues for fruitful further research. First, while 

we document that the intersection of the BTOF and institutional theory explains the 

underlying process of firms’ CSR disclosure decisions, there might be other effects that 

overlap with institutional theory. Recognition of the potential overlapping effects and 

influences could provide avenues for further research. Second, our measure of CSR 

transparency is based on a set of both subjective (non-quantifiable) and objective 
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(quantifiable) ESG metrics. The inclusion of subjective metrics may or may not affect the 

strength of the measure in capturing firms’ CSR policies. Testing our third, fourth, fifth and 

sixth hypotheses, using a transparency measure, included with more quantifiable and 

objective metrics may also be relevant for future research. Third, this study only focuses on 

leading countries, in terms of CSR disclosure. Investigating whether and how mimetic 

behaviour holds for firms in less-developed and developing countries (in terms of CSR) could 

also be an interesting subject for future research. Finally, although our findings explain the 

underlying process of firms’ CSR disclosures beyond business rationales, this paper does not 

clarify whether or not findings are outcome of corporate altruism, as a natural response to 

stakeholders’ inalienable right-to-know about impacts of firms’ business activities on the 

people and planet. Disentangling the incremental impacts of corporate altruism and legitimacy 

pressures on firms’ CSR disclosures, beyond economic motives, might be interesting to be 

researched. 
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Appendix: CSR metrics, used to calculate CSR transparency 

METRIC DEFINITION 

  

ENVIRONMENTAL METRICS  

Emissions Reduction  

  

Policy Does the company have a policy to reduce emissions? 

 

CO2 Equivalents Emission Total (tonnes) Total CO2 and CO2 equivalents emission in tonnes. 

 

CO2 Equivalents Emission Direct (tonnes) Direct CO2 and CO2 equivalents emission in tonnes. 

 

CO2 Equivalents Emission Indirect (tonnes) Indirect of CO2 and CO2 equivalents emission in tonnes. 

 

CO2 Equivalent Indirect Emissions, Scope Three (tonnes) Total CO2 and CO2 Scope Three equivalent emission in tonnes. 

 

Commercial Risks and/or Opportunities Due to Climate Change Is the company aware that climate change can represent commercial risks and/or opportunities? 

CO2 Reduction 

Does the company show an initiative to reduce, reuse, recycle, substitute, phased out or compensate CO2 equivalents in the 

production process? 

Ozone-Depleting Substances Reduction 

Does the company report on initiatives to recycle, reduce, reuse or substitute ozone-depleting (CFC-11 equivalents, 

chlorofluorocarbon) substances? 

NOx and SOx Emissions Reduction 

Does the company report on initiatives to reduce, reuse, recycle, substitute, or phase out SOx (sulphur oxides) or NOx (nitrogen 

oxides) emissions? 

 

NOx Emissions (tonnes) Total amount of NOx emissions emitted in tonnes. 

 

SOx Emissions (tonnes) Total amount of SOx emissions emitted in tonnes. 

 

VOC Emissions Reduction Does the company report on initiatives to reduce, substitute, or phase out volatile organic compounds (VOC)? 

 

VOC Emissions (tonnes) Total amount of volatile organic compounds (VOC) emissions in tonnes. 

 

Waste Total (tonnes) Total amount of waste produced in tonnes. 

 

Non-Hazardous Waste (tonnes) Total amount of non-hazardous waste produced in tonnes. 

 

Hazardous Waste (tonnes) Total amount of hazardous waste produced in tonnes. 

 

Waste Recycling Ratio Total recycled and reused waste produced in tonnes divided by total waste produced in tonnes. 
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Water Pollutant Emissions (tonnes) Total weight of water pollutant emissions in tons. 

 

Waste Reduction Initiatives Does the company report on initiatives to recycle, reduce, reuse, substitute, treat or phase out total waste? 

 

Environmental Management System Certified Percent The percentage of company sites or subsidiaries that are certified with any environmental management system. 

 

Sustainable Transportation Does the company report on initiatives to reduce the environmental impact of transportation of its products or its staff? 

 

Environmental Expenditures Total amount of environmental expenditures. 

    

 Resource Reduction   

  

Energy Efficiency Policy Does the company have a policy to improve its energy efficiency? 

 

Toxic Chemicals or Substances Reduction Does the company report on initiatives to reduce, reuse, substitute or phase out toxic chemicals or substances? 

 

Energy Use Total (GJ) Total direct and indirect energy consumption in gigajoules. 

 

Direct Energy Purchased (GJ) Direct energy purchased in gigajoules. 

 

Direct Energy Produced (GJ) Direct energy produced in gigajoules. 

 

Coal Energy Purchased (GJ) Coal energy purchased in gigajoules. 

 

Coal Energy Produced (GJ) Coal energy produced in gigajoules. 

 

Natural Gas Energy Purchased (GJ) Natural gas energy purchased in gigajoules. 

 

Natural Gas Energy Produced (GJ) Natural gas energy produced in gigajoules. 

 

Oil Energy Purchased (GJ) Oil energy purchased in gigajoules. 

 

Oil Energy Produced (GJ) Oil energy produced in gigajoules. 

 

Electricity Purchased (GJ) Electricity purchased in gigajoules. 

 

Electricity Produced (GJ) Electricity produced in gigajoules. 

 

Renewable Energy Use Does the company make use of renewable energy? 

 

Green Buildings Does the company report about environmentally friendly or green sites or offices? 
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Water Efficiency Policy Does the company have a policy to improve its water efficiency? 

 

Water Use Total (m3) Total water withdrawal in cubic meters. 

 

Water Recycled (m3) Amount of water recycled or reused in cubic meters. 

 

 

Environmental Supply Chain Management 

Does the company use environmental criteria (ISO 14000, energy consumption, etc.) in the selection process of its suppliers or 

sourcing partners? 

    

 Product Innovation   

  

Energy Footprint Reduction Does the company describe initiatives in place to reduce the energy footprint of its products during their use? 

 

Environmental R&D Expenditures Total amount of environmental R&D costs (without clean up and remediation costs). 

 

 

Renewable/Clean Energy Products 

Does the company develop products or technologies for use in the clean, renewable energy (such as wind, solar, hydro and geo-

thermal and biomass power)? 

 

 

Water Technologies 

Does the company develop products or technologies that are used for water treatment, purification or that improve water use 

efficiency? 

 

 

Product Innovation/ Product Impact Minimization 

 

 

Does the company reports about take-back procedures and recycling programmes to reduce the potential risks of products entering 

the environment? OR Does the company report about product features and applications or services that will promote responsible, 

efficient, cost-effective and environmentally preferable use? 

  

SOCIAL METRICS  

Employment Quality  
 

  

Policy 

Does the company have a competitive employee benefits policy or ensuring good employee relations within its supply chain? AND 

Does the company have a policy for maintaining long term employment growth and stability? 

 

Employment Satisfaction The percentage of employee satisfaction as reported by the company. 

 

Salaries Average salaries and benefit in US dollars (Salaries and Benefits (US dollars) /Total Number of Employees). 

 

Salaries Distribution Total salaries and benefits divided by net sales or revenue. 

 

Bonus Plan for Employees Does the company claim to provide a bonus plan to most employees? 
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Generous Fringe Benefits Does the company claim to provide its employees with a pension fund, health care or other insurances? 

 

Employment Awards Has the company won an award or any prize related to general employment quality or "Best Company to Work For"? 

 

Trade Union Representation Percentage of employees represented by independent trade union organisations or covered by collective bargaining agreements. 

 

Employees Leaving Number of employees who left the company during the year. 

 

Turnover of Employees Percentage of employee turnover. 

    

 Health & Safety   

  

Policy Does the company have a policy to improve employee health & safety within the company and its supply chain? 

Total Injury Rate Total number of injuries and fatalities including no-lost-time injuries relative to one million hours worked. 

 

Lost Time Injury Rate 

 

 

 

Total number of injuries that caused the employees and contractors to lose at least a working day relative to one million hours 

worked. 

 

Lost Days Number of lost working days of the employees and contractors. 

 

HIV-AIDS Programme Does the company report on policies or programmes on HIV/AIDS for the workplace or beyond? 

    

 Training and Development   

  

Policy Does the company have a policy to support the skills training or career development of its employees? 

 

Average Training Hours Per Employee Average hours of training per year per employee. 

 

Training Costs Total Total training costs from all the training performed by all employees. 

 

Internal Promotion Does the company claim to favour promotion from within? 

 

Management Training Does the company claim to provide regular staff and business management training for its managers? 

    

 Diversity  

Policy Does the company have a work-life balance policy? AND Does the company have a diversity and equal opportunity policy? 
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Women Employees Percentage of women employees. 

 

Women Managers Percentage of women managers. 

 

Positive Discrimination Does the company promote positive discrimination? 

 

Flexible Working Hours Does the company claim to provide flexible working hours or working hours that promote a work-life balance? 

 

Day Care Services Does the company claim to provide day care services for its employees? 

    

 Human Rights 
 

  

Policy 

Does the company have a policy to guarantee the freedom of association universally applied independent of local laws? AND Does 

the company have a policy for the exclusion of child, forced or compulsory labour? 

 

 

Human Rights Contractor 

Does the company report or show to use human rights criteria in the selection or monitoring process of its suppliers or sourcing 

partners? 

 

Human Rights Breaches Contractor  Does the company report or show to be ready to end a partnership with a sourcing partner if human rights criteria are not met? 

    

 Community  

  

Policy 

Does the company have a policy to strive to be a good corporate citizen or endorse the Global Sullivan Principles? AND Does the 

company have a policy to respect business ethics or has the company signed the UN Global Compact or follow the OECD 

guidelines? 

 

 

Donations Total Total amount of all donations by the company. 

 

Cash Donations Total amount of cash donations. 

 

In-Kind Donations Total amount of other donations (in kind, volunteer work, research funded through the company's foundations, shares). 

 

Donations Does the company make donations in cash or in kind? 

 

 

Crisis Management Systems 

Does the company report on crisis management systems or reputation disaster recovery plans to reduce or minimize the effects of 

reputation disasters? 

    

 Product Responsibility 
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Product Responsibility/ Policy 

Does the company have a policy to protect customer health & safety? AND Does the company have a products and services quality 

policy? 

 

Customer Satisfaction The percentage of customer satisfaction as reported by the company 

 

 

Product Access Low Price 

Does the company distribute any low-priced products or services specifically designed for lower income categories (e.g., bridging 

the digital divide, telecommunications, low cost cars and micro-financing services)? 

 

 

Healthy Food or Products 

Does the company reportedly develop or market products and services that foster specific health and safety benefits for the 

consumers (healthy, organic or nutritional food, safe cars, etc.)? 

  

CORPORATE GOVERNANCE METRICS  

Board Structure  
 

  

Board Structure/ Policy Does the company have a policy for maintaining a well-balanced membership of the board? 

 

Experience / Average years serving on Board Average number of years each board member has been on the board. 

 

% Non-Executive Board Members Percentage of non-executive board members. 

 

% Independent Board Members Percentage of independent board members as reported by the company. 

 

CEO-Chairman Separation Does the CEO simultaneously chair the board? AND Has the chairman of the board been the CEO of the company? 

 

 

Background and Skills 

Does the company describe the professional experience or skills of every board member? OR Does the company provide 

information about the age of individual board members? 

 

Size of Board (Number of Board Members) The total number of board members at the end of the fiscal year. 

 

Board Diversity (% Women on Board) Percentage of women on the board of directors. 

    

 Board Function 
 

  

% Audit Committee Independence Percentage of independent board members on the audit committee as stipulated by the company. 

 

% Audit Committee Management Independence Percentage of non-executive board members on the audit committee as stipulated by the company. 

Audit Committee Expertise Does the company have an audit committee with at least three members and at least one "financial expert" within the meaning of 
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Sarbanes-Oxley? 

 

% Compensation Committee Independence Percentage of independent board members on the compensation committee as stipulated by the company. 

 

% Compensation Committee Management Independence Percentage of non-executive board members on the compensation committee as stipulated by the company. 

 

% Nomination Committee Independence Percentage of non-executive board members on the nomination committee. 

 

% Nomination Committee Management Independence Percentage of non-executive board members on the nomination committee as stipulated by the company. 

 

Number of Board Meetings The number of board meetings during the year. 

 

% Board Meeting Attendance Average The average overall attendance percentage of board meetings as reported by the company. 

    

 Compensation Policy 
 

  

Compensation Policy 

Does the company have a policy for performance-oriented compensation that attracts and retain the senior executives and board 

members? 

 

Highest Remuneration Package Highest remuneration package within the company in US dollars. 

 

Total Board Member Compensation Total compensation of the non-executive board members in US dollars. 

 

Stock Option Program Does the company's statutes or by-laws require that stock-options are only granted with a vote at a shareholder meeting? 

 

Senior Executive Long-term Compensation incentives The maximum time horizon of targets to reach full senior executives' compensation. 

Vesting of Stock Options/Restricted Stock 

The number of years that the company's most recently granted stock options or restricted stocks take to fully vest (since the date of 

the grant). 

    

 Shareholder Rights 
 

  

Shareholder Rights/ Policy 

Does the company have a policy for ensuring equal treatment of minority shareholders, facilitating shareholder engagement or 

limiting the use of anti-takeover devices? 

 

Voting Rights Are all shares of the company providing equal voting rights? 

 

Ownership Is the company owned by a reference shareholder who has the majority of the voting rights, veto power or golden share? 

 

Classified Board Structure Does the company have a classified board structure? 
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Staggered Board Structure Does the company have a staggered board structure? 

    

 Vision & Strategy 
 

  

Integrated Vision and Strategy Challenges and Opportunities 

Is the company openly reporting about the challenges or opportunities of integrating financial and extra-financial issues, and the 

dilemmas and trade-offs it faces? 

 

CSR Sustainability Committee Does the company have a CSR committee or team? 

 

GRI Report Guidelines Is the company's CSR report published in accordance with the GRI guidelines? 

 

CSR Sustainability Report Global Activities Does the company's extra-financial report take into account the global activities of the company? 

 

CSR Sustainability External Audit Does the company have an external auditor of its CSR/H&S/Sustainability report? 
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CHAPTER 6 

CONCLUSION 

 

In this PhD dissertation we conduct four empirical studies and investigate (1) whether 

firms engage in social comparison via industry-specific peer-based benchmarking, in their 

decision making processes regarding ambiguous qualified public disclosures and (2) whether 

and how social comparison has implications for firms, themselves, and external observers, 

such as financial analysts and investors. The central idea to this dissertation (originating from 

institutional theory and the BTOF) is that social comparison is likely to be used to cope with 

cognitive uncertainty (as a cognitive heuristic)
120

 and to react to external legitimacy pressures 

(consciously as a normative legitimation device),
121

 especially when the performance in 

question falls short of the social benchmark. In this dissertation, we focus on two disclosure 

subjects, namely SG&A (a subject related to the financial disclosure domain) and CSR 

disclosure (a subject related to the non-financial disclosure domain). These subjects are 

similar in that they are perceived considerably important by both academics and practitioners 

and are also characterised by means-ends uncertainty. 

1. Summary of results: 

In the first empirical study, we investigate whether and how social comparison and the 

related performance feedback, additional to the economic factors that have been documented 

to affect SG&A, could explain firms’ SG&A behaviour. Using a large sample of listed US 

firms, in this study, we observe that social comparison affects change in the SG&A ratio 

(consistent with the BTOF). Specifically, we document that firms with an SG&A ratio 

exceeding the social benchmark (average SG&A ratio of their industry peers) are likely to cut 

SG&A spending, while firms with an SG&A ratio falling below the social aspiration are 

likely to increase their SG&A spending. We also find that the weight assigned to the social 

comparison is far larger for observations in the introduction and decline stages of life cycle, 

especially for firms with an SG&A ratio larger than the social benchmark. Finally our results 

indicate that the effect of social comparison is significantly stronger (for both groups of firms 

                                                 
120

 On the part of both decision agents and external observers. 
121

 On the part of decision agents. 
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with an SG&A ratio above and below the social benchmark) when there is higher similarity in 

reported SG&A ratios within the social benchmark group. 

In the second and third empirical studies, we focus on economic implications of social 

comparison and the related performance feedback, using a large sample of listed US firms. 

Specifically, in the second empirical study, we investigate whether social comparison has 

implications for financial analysts, the most sophisticated users of financial statements. Our 

results indicate that analyst coverage decreases with higher similarity between a firm’s SG&A 

ratio and the social benchmark (average SG&A ratio of peer firms). Moreover, we observe 

that change in SG&A similarity (or SG&A similarity signal) is negatively (positively) 

associated with analyst forecast dispersion (accuracy), only for firms with a previous SG&A 

ratio larger than the social benchmark, implying that change in SG&A similarity functions 

beyond impression management of financial analysts and conveys value-relevant information. 

In the third study, we investigate whether SG&A similarity is associated with future 

performance (proxied by net earnings and cash flow from operations) and firm value (proxied 

by stock returns). We find that, after controlling for many economic factors that have been 

documented in the literature to explain a firm’s performance, similarity of a firm’s SG&A 

ratio to the social benchmark is positively associated with the future performance, only for 

firms with a previous SG&A ratio larger than the social benchmark. This finding validates our 

prior inference that higher SG&A similarity provides information about the true value of 

SG&A and future performance (for firms that previously failed to meet the SG&A social 

benchmark), assisting financial analysts in making more accurate earnings forecast. We also 

find that (change in) SG&A similarity is positively associated with annual stock returns, for 

firms with a previous SG&A ratio larger than the social benchmark, whereas the relationship 

between (change in) similarity and stock returns for firms with a previous SG&A ratio smaller 

than the social benchmark is either negative or does not attain statistical significance. 

As the first step in the fourth study, using a large multinational data sample 

(observations from 20 countries), we investigate whether firms look at the actions of their 

industry peers, in their decision making processes about major attributes of CSR disclosure, 

namely the disclosure method (the decision as to whether to publish a CSR report) and 

quantity and quality of disclosure (the decision as to whether to adopt the GRI and the 

decision about CSR transparency). Results of this study indicate that the likelihood that a firm 

publishes a CSR report (adopts the GRI standards) is positively affected by the extent that its 
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industry peers published a CSR report (adopted the GRI) in the previous period. Moreover, 

results of this study document a positive relationship between similarity of a firm’s CSR 

transparency to the social benchmark (average CSR transparency of peer firms) and the extent 

of imitation among its industry peers (the source of mimetic/conformity pressures), only for 

firms with a previous CSR transparency level below industry mean. As the second step in this 

study, we investigate whether and how country-level factors such as stakeholder orientation 

and coercive pressures from CSR laws affect the extent of firms’ mimetic responses to 

conformity pressures in CSR transparency. Related results document that a higher level of (1) 

stakeholder orientation and (2) strictness of CSR laws, at the country level, negatively affect 

the relationship between similarity of a firm’s CSR transparency to the social benchmark and 

the extent of intra-industry imitation, especially for firms with a previous CSR transparency 

level lower than the social benchmark. 

2. Contributions and implications for theory: 

The empirical studies of this dissertation, related to SG&A, collectively provide us 

with two important insights about the effect of social comparison via industry-specific peer-

based benchmarking on assessment of firms’ highly discretionary disclosures. First, results of 

these studies imply that social comparison in reported SG&A and the related performance 

feedback affect not only managers’ cognition (i.e., reducing cognitive uncertainty surrounding 

SG&A), but also meaningfulness and predictability of a firm’s underlying activities from an 

analyst’s (investor’s) point of view. This argument implies that social comparison and the 

related performance feedback do function both as a cognitive heuristic (a reaction to cognitive 

uncertainty) and as a normative legitimation device (a reaction to external 

normative/evaluative pressures). Second, the fact that, for firms with a previous SG&A ratio 

larger than the social benchmark, rises in SG&A similarity not only on the one hand reduce 

analyst forecast dispersion and increase stock returns and on the other hand increase forecast 

accuracy and future performance suggests that (1) social comparison is intentionally used by 

managers in their decision makings to communicate value-relevant information to external 

observers with regard to their firms’ SG&A behaviour and (2) SG&A similarity functions 

beyond managing stakeholders’ impression of the appropriateness of firms’ decisions. This is 

consistent with the view that firms rationally decide to engage in imitation of the very 

common practice among their peers (Haunschild and Minner 1997) based on updated 

information regarding technical efficiency or return attributable to the practice, with the 
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higher level of adoption revealing more knowledge about the true technical value of the 

practice (Abrahamson and Rosenkopf 1993). 

The SG&A-related section of this PhD dissertation advances several literatures. A 

large body of prior research about SG&A has tried to explain behaviour of firms’ reported 

SG&A and its change over time, based on economic factors (such as change in revenues). 

Despite the fact that social comparison is argued to be especially activated in situations of 

uncertainty (Broadbent et al. 2001) and be situated at the core of the BTOF, to the best of our 

knowledge, prior research (except for Aerts and Van Caneghem (2011)) has not yet focused 

on social comparison in explaining firms’ SG&A behaviour. In their empirical study, Aerts 

and Van Caneghem (2011) focused on SG&A only through institutional lenses and 

documented that SG&A conformity pressures, originating from the extent of intra-industry 

imitation, affect similarity of a firm’s SG&A ratio to the average SG&A ratio of its industry 

peers. However, they did not investigate determinants of change in SG&A.
122

 Using a 

theoretical framework based on institutional and behavioural arguments, the SG&A related 

section of this dissertation combines the notion of SG&A cost structure (a managerial 

accounting concept, as the implications of cost behaviour are argued to be of interests of 

managerial accountants (see e.g., Weiss 2010)) with financial analysts’ forecasting work and 

investors’ reactions (both are a financial accounting research topic). By applying such a multi-

disciplinary approach, this dissertation addresses the gap recognized by Weiss (2010), namely 

the lack of sufficient multi-disciplinary researches that combine management accounting 

notions with questions that are usually raised by financial accountants. 

The fourth empirical study in this dissertation generally advances the literature on 

determinants of firms’ CSR disclosure decisions, by documenting the joint impact of 

institutional mimetism and the performance feedback concept of the BTOF on firms’ decision 

makings with regard to CSR disclosure policy. Relatedly, this is the first academic paper that 

applies the performance feedback concept of the BTOF in this literature. 

Moreover, Study 4 in this dissertation specifically advances the stream of literature 

that relies on institutional theory to explain determinants of CSR disclosure in two ways.  

First, while prior studies, in this stream of literature, mostly focus on coercive and normative 

institutional influences (but not mimetic pressures), only a few studies (e.g., Aerts et al. 2006, 

Husillos et al. 2011, Nikolaeva and Bicho 2011) focus on firms’ mimetic behaviour in CSR 
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 Aerts and Van Caneghem (2011) do not employ the performance feedback concept of the BTOF in their research. 
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disclosure. Amongst others, Aerts et al. (2006) can be regarded as the most related study to 

ours and the only study that focused on firms’ mimetic behaviour with regard to the extent of 

CSR disclosure in response to institutional conformity pressures. However, a potential 

shortcoming of Aerts et al.’s (2006) work is their sole reliance on institutional theory, 

regardless of whether a firm’s extent of disclosed information is already higher/lower than its 

peers. In fact, Aerts et al. (2006) implicitly presume that firms unconditionally respond to 

conformity pressures with regard to the extent of CSR disclosure (arising from the extent of 

intra-industry imitation), via mimetic behaviour. By employing the performance feedback 

concept of the BTOF, the CSR disclosure study in this dissertation show that the mimetic 

response to industry-based mimetic pressures with regard to CSR transparency is conditional 

on the status of the firm’s CSR transparency level relative to their industry peers (i.e., whether 

the CSR transparency level is above/below peers). Second, prior studies usually focus on 

coercive/normative institutional influences at either industry or country level (separately or 

together), downplaying the cross influence of these factors. However, not only do the models, 

used in the CSR disclosure study, control for measures of coercive, normative and mimetic 

institutional pressures next to each other, but this is also the first study that examines the cross 

influence of institutional pressures from country-level stakeholder orientation and the 

strictness of CSR laws (coercive/normative pressures) on industry-based mimetism in 

explaining CSR disclosure norms. 

The finding that institutional pressures from country-level factors (coercive/normative 

pressures) and industry-based mimetism, next to economic factors, affect firms’ mimetic 

behaviour in CSR transparency provide us with two important insights: (1) CSR disclosure is 

not merely distilled via economically rational processes (Hahn and Kühnen 2013) and (2) 

firms not only seek legitimacy from stakeholders in authority to avoid legal sanctions and 

punishments, they also make efforts to receive social acceptance from other groups of 

stakeholders (moral legitimacy, according to Suchman’s (1995) definition) to survive. Prior 

studies (e.g., Zucker 1977, Haunschild and Minner 1997) argue that imitation of peers can be 

a product of a process, through which a widely adopted practice becomes increasingly ‘taken 

for granted’ and then further adopted by others without thinking. In a similar vein, the widely 

endorsed CSR disclosure behaviour in a peer group could be considered by group members 

such comprehensible and appropriate that no other behaviour can be imaginable (taken-for-

granted), bringing cognitive legitimacy to group members (Suchman 1995, Brinkerhoff 

2005). The preceding arguments suggest that firms’ decisions in structuring their CSR 
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disclosure behaviour are affected by attempts to receive legitimacy from different 

stakeholders, consistent with Suchman (1995) who argue that different types of legitimacy 

coexist. 

Overall, results of the empirical studies collectively support the primary idea that the 

performance feedback concept of BTOF can complement institutional theory arguments, in 

explaining (1) managers’ decision makings with regard to disclosure practices that are subject 

to means-ends uncertainty and also (2) external observers’ perception of the appropriateness 

of these disclosures and underlying activities. In addition, results (except for those related to 

H1a and H1b of study 1) generally lend support to the idea put forward by Bromiley (1991) 

that social comparison is more relevant when the performance falls short of the social 

benchmark than when it exceeds the social benchmark. As such, this PhD dissertation 

suggests that the sole reliance on institutional theory (mimetism) in explaining firms’ 

discretionary disclosures and external observers’ perception of the appropriateness of these 

disclosures, without considering the social comparison feedback, may end up with false 

interpretations. In other words, the assumption that firms’ policies with regard to discretionary 

disclosures will be generally affected by peer-based conformity/mimetic pressures (similar to 

the implicit presumption in Aerts et al.’s (2006), explained previously) may not be realistic, as 

the social comparison feedback likely affects perception of success and failure with regard to 

these disclosures and the underlying activities. 

3. Limitations and avenues for future research 

The empirical studies in this dissertation have potentially some limitations that can 

offer avenues for future research. We start with studies with regard to SG&A. 

It should be noted that the SG&A-related studies of this dissertation are the first 

academic papers that apply the related performance feedback concept of the BTOF in 

financial reporting contexts, particularly reported SG&A. As such, it appears logical that after 

answering to several research questions (explained in prior chapters), there still remain 

unanswered questions. Answering to these questions offer potential subjects for future 

research. For instance, prior research in the BTOF literature has documented the influence of 

a firm’s slack (see e.g., Audia and Greve 2006, Iyer and Miller 2008), threat to firm survival 

(see e.g., Miller and Chen 2004, Iyer and Miller 2008), and the influence of the joint feedback 

from social comparison and historical comparison (i.e., comparison of performance with 

previous performance) (see e.g., Baum et al. 2005) on the firm’s decision behaviour. 
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Although the BTOF argues that firms would intentionally take actions in response to a 

performance shortfall (relative to the aspiration level), Arrfelt et al. (2013) argue that excess 

slack acts as a buffer and fosters complacency, leading to less performance adjustment (see 

e.g., Sitkin et al. 2011). Threat to survival (e.g., proximity to bankruptcy) is argued to affect 

decision agent’s perception of the seriousness of performance problem, when it falls below 

the aspiration level (see e.g., Miller and Chen 2004, Baum et al. 2005). Examining the 

influence of these factors in the effect of social (historical) comparison on change in the 

SG&A ratio could provide an interesting avenue for future research. 

The literature on the SG& stickiness attributes the asymmetric behaviour of SG&A in 

response to change in revenues to management’s discretion. Given that managerial discretion 

may also manifest itself in engaging in social comparison, investigating the potential effect of 

social comparison and the related performance feedback on SG&A stickiness would be an 

interesting avenue for future research. 

Although prior research in the SG&A literature mostly employs SIC codes as the 

industry classification method, a potential limitation of this study could be that our 

benchmarking practices and calculation of (dis)similarity measures are solely based on SIC 

code (except for Study 1), while the effect of applying other industry classification schemas 

(e.g., GICS and NAICS) on our hypotheses testing results is yet to be investigated. Hence, a 

potential avenue for future research could be testing our hypotheses in Study 2 (3), using 

other industry classification systems. 

As discussed in the prior chapters, considering the industry-specific nature of SG&A 

(see e.g., Ely 1991, Lazere 1996, Roberts et al. 2011) and salience of firm size in explaining 

cost behaviour (see e.g., Panagiotou 2007, De Franco et al. 2012), in the SG&A-related 

studies we identified peer firms, based on similarity in industry membership and firm size. 

Given means-ends uncertainty surrounding SG&A, it appears logical to expect both firms and 

external observers to consider the behaviour of only a group of firms among industry peers 

(and not necessarily all of them) which are likely to possess superior information and 

expertise with regard to SG&A spending and reporting. Since other firms’ information cannot 

be observed directly, firms and external observers may need to rely on imperfect signals of 

information quality, such as firm success to infer informational superiority (Fombrun and 

Shanley 1990, Lieberman and Asaba 2006).  As successful peers (identified based on prior 

profitability) with a visible track record could be perceived as high-status referents (model 
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firms) for comparative purposes (Galaskiewicz 1985, Haveman 1993, Deephouse 1996), 

testing the hypotheses using the most profitable firms (in an industry-size-based peer group) 

as model firms would be an interesting subject for future research. 

Another potential limitation of SG&A-related papers could be that the data samples 

used to test our hypotheses are based on listed US firms over a period of only 10 or 13 years, 

which may raise concerns about generalisability of our results. A potential avenue for future 

research could be testing our hypotheses in studies 1, 2 and 3 based on data samples (1) 

consisting of observations from other countries (or combination of countries, e.g., European 

countries) and/or (2) covering longer study periods. 

Now we turn our attention to the CSR disclosure study. As explained previously, our 

measure of CSR transparency contains important ESG items, introduced by Thomson Reuters 

Asset4 ESG database. A potential limitation of this measure could be that the items are not 

selected based on the extent of managerial discretion to disclose them. As institutional 

mimetism is argued to be essentially activated in circumstances of uncertainty (lack of 

normative guidance), results of testing the CSR transparency-related hypotheses could be 

considered more reliable, if the measure includes more discretionary items. As such, an 

interesting subject for future research could be refining the transparency measure towards the 

one that includes more discretionary items and testing the CSR transparency-related 

hypotheses. 

As explained in chapter 5 (i.e., Study 4), determination of the benchmark practice in 

CSR disclosure is based on the average practice within the peer group (industry). An implicit 

assumption underlying this approach is that the focal firm lacks sufficient information about 

referents which possess superior information and expertise with regard to CSR disclosure and 

the underlying activities (model firms), so that the average behaviour proxies for 

appropriateness (DiMaggio and Powell 1983, Scott and Meyer 1994, Deephouse 1996). In its 

international survey of corporate responsibility reporting in 2011, KPMG argues that 

countries vary in ‘quality of communication’ and ‘level of process maturity’ in terms of CSR 

reporting (see KPMG 2011). As such, selection of potential benchmarks from countries that 

are more developed across these two dimensions offers an interesting subject for future 

research. 
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