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ABSTRACT 

Neither theory nor empirical findings have reached a consensus regarding the relationship 

between online review valence (i.e., whether reviews in a review set are predominantly positive 

or negative) and evaluations of these reviews. Based on a meta-analysis, this study aims to 

clarify the influence of online review valence on perceived usefulness of the reviews and on 

attitudes towards the product. The findings suggest that review valence affects perceived 

usefulness differently than it affects attitudes. Primarily negative review sets that include some 

positive reviews show the strongest effect on perceived usefulness, while primarily positive 

review sets that include few negative reviews are most successful in influencing attitudes. 

Additionally, review valence has a stronger influence on perceived usefulness when the reviews 

refer to experience (rather than search) products, familiar (rather than unfamiliar) brands, and 

come from US consumers (rather than consumers elsewhere). These findings provide several 

implications for researchers and practitioners. 

HIGHLIGHTS 

• Online review valence affects perceived usefulness differently than attitudes. 

• Primarily negative review sets have the strongest effect on usefulness. 

• Primarily positive review sets have the strongest effect on attitudes. 
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• Valence effects on usefulness depend on product experience, brand familiarity, and culture. 

KEYWORDS 

Online reviews, review valence, perceived usefulness, product attitudes, meta-analysis 
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A META-ANALYTIC INVESTIGATION OF THE ROLE OF VALENCE IN ONLINE 

REVIEWS 

 

INTRODUCTION 

Online reviews about products work as a form of free ‘‘sales assistance’’ (Chen and Xie 

2008), because consumers use these reviews to learn about products and to reduce uncertainty 

and transaction costs (Lee, Park and Han 2008). Consumers usually come across both positive 

and negative reviews related to a product. The influence of review valence has received 

considerable attention both from scholars and practitioners (e.g., Lee and Youn 2009). However, 

findings regarding the role of review valence on consumers’ evaluations are not straightforward. 

For instance, while Forman, Ghose and Wiesenfeld (2008) found that review sets with extremely 

high or low product ratings (i.e., 1- and 5-star ratings) were associated with higher levels of 

helpfulness than reviews with moderate ratings (i.e., 3-star ratings), Mudambi and Schuff (2010) 

found quite the opposite: moderate ratings (i.e., 3-star ratings) are more helpful than extreme low 

or high ratings (i.e., 1- and 5-star ratings). Similarly, Purnawirawan, Dens and De Pelsmacker 

(2012) found that, when presented in a certain order, a review set with four positive and four 

negative reviews is capable to generate an attitude as positive as with a set with six positive and 

two negative reviews.  

To explain these mixed findings, we perform a meta-analysis on the influence of valence 

of online reviews on consumers’ evaluations and show how product type, brand familiarity, and 

the degree of positivity (i.e., the extent to which review sets contain positive reviews) clarify the 

mixed results in previous studies. Our study contributes to the literature as follows. First, we 

provide an integrative review of the empirical literature on the effects of online review valence 
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on perceived review usefulness, attitude, purchase intention, recommendation intention, sales 

and credibility. By calculating mean effect sizes, we show whether and how online review 

valence affect evaluations and we resolve inconsistency in findings across primary research 

studies. The meta-analytic result indicate a pattern of weak and strong effects of online review 

valence that can guide future research and practice. Second, by means of moderator analyses, we 

provide answers about the causes of the mixed findings. Next to the suggested moderators (brand 

familiarity, product type, and culture), we identify positivity degree as a key moderator that 

explains mixed findings of previous studies. In particular, we show that review valence affects 

perceived usefulness differently than it affects attitudes. This finding provides a new explanation 

on the effectiveness of online review valence that provides critical insights for scholars, 

managers, and website owners.  

The remainder of the text is organized as follows. First, we present a literature review and 

develop hypotheses. Second, we describe the meta-analytic procedures, including the literature 

retrieval process, database development and the coding and computation of the effect sizes. Next, 

we integrate the effect size estimates and conduct a meta-analytic regression to test the proposed 

hypotheses. Finally, we conclude with a discussion of managerial and future research 

implications. 

 

LITERATURE REVIEW AND HYPOTHESES DEVELOPMENT 

We start with discussing how review valence influences several dependent variables: 

attitude, perceived usefulness, purchase intention, recommendation intention, sales and 

credibility. After that, we develop hypotheses related to the moderator variables. Figure 1 

provides an overview of our research model.  
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Figure 1 

Research Model 

 

 

Independent and Dependent Variables 

The independent variable in this meta-analysis is online review valence, which refers to 

whether reviews in a review set are predominantly positive or negative. In this study, we 

consider three different types of review sets: a single review set, a set of several reviews and 

product rating. This means that the effect of valence can stem from a comparison between one 

positive versus one negative review (e.g., Sen and Lerman 2007), a set of positive versus a set of 

negative reviews (e.g., Doh and Hwang 2009) and from product ratings (e.g., scores from 1 (low) 

to 5 (high)) that are based on set of reviews (e.g., Forman, Ghose and Wiesenfeld 2008). Thus, 
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for this study, we take into account all published studies that contrasted the effect of one positive 

versus one negative review, or the effect of a set of positive versus a set of negative reviews, or 

measured the impact of product ratings on the dependent variables in our research model. 

The dependent variables that have been investigated in prior research are attitude, 

perceived usefulness, purchase intention, recommendation intention, sales and credibility. Table 

1 provides the definition and operationalization of these variables. It further details the expected 

relationship of valence on these dependent variables, which we formulate based on the major 

tendency of findings in prior literature. For this purpose, Table 1 provides references to some 

representative studies that have investigated the relationship. 

 

Moderator Effects 

Inclusion of potential moderators is necessarily restricted to variables that can be coded 

from the primary studies included in the meta-analysis and it should be restricted to those that 

theory of logic indicate should have an impact on the relationship. To explain mixed findings in 

previous research, we argue that, as consumers made their evaluation based on reviews, the 

positivity degree of the reviews influences their evaluations (see below). In addition, as 

suggested by several authors (e.g., Chakravarty, Liu and Mazumdar 2010; Sen and Lerman 

2007), we also discuss the potential moderating role of product type, brand familiarity, and 

culture. Due to an insufficient number of effect sizes for purchase intention, recommendation 

intention, sales and credibility, we perform the moderator analyses on perceived usefulness and 

attitude only. Both variables are considered focal variables in previous research. Table 1 

provides an overview of the moderator variables, their definition and operationalization, and the 

expected relationship with the effect size estimate. 
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Table 1 

Variables Investigated in the Meta-analysis 

Main variables Definition and operationalization Expected 
relationship with 
effect size estimate 

Representative studies 

Valence  Whether a review set (single review set, a set of 
several reviews, or product rating) is predominantly 
positive or negative.  

-  

Attitude Evaluation of the reviewed object. Variables 
included: attitude toward the product, product 
evaluation, review impression, movie evaluation, 
and preference. 

positive  Doh and Hwang 2009; Lee, Park 
and Han 2008; Purnawirawan, De 
Pelsmacker and Dens 2012 

Usefulness Extent to which the online review is evaluated 
helpful in facilitating consumer’s purchase decision 
process. Variables included: review perceived 
usefulness/helpfulness, (e)WOM effect, usefulness 
vote. 

weak positive/non-
significant  

Duan, Gu and Whinston 2008; Liu 
2006; Mudambi and Schuff 2010; 
Sparks and Browning 2011; Wu, 
Van der Heijden and Korfiatis 2011 

Purchase 
intention 

Intention to buy the reviewed object. Variables 
included: behavioral intention, purchase intention, 
booking intention, buying intention. 

positive  Bae and Lee 2011; Berger, Sorensen 
and Rasmussen 2009; Cheung and 
Lee 2008; Xia and Bechwati 2008 

Recommendat
ion intention 

Intention to recommend the reviewed object. 
Variables included: (e)WOM intention, willingness 
to recommend the product. 

positive  Lee and Youn 2009; Sohn 2009 

Sales Observed change in sales of the reviewed object: 
Variables included: revenue, sales ranking 
(reversed), number of bookings, box office 
revenue. 

weak positive/non-
significant  

Chevalier and Mayzlin 2006; Duan, 
Gu and Whinston 2008; Forman, 
Ghose and Wiesenfeld 2008; Liu 
2006 

Credibility Evaluation of the source of the reviews. Variables 
included: attitude toward the website, source 
credibility, attribution toward the reviewer, review 
credibility. 

unclear  Cheung and Lee 2008; Hong and 
Park 2012; Sen and Lerman 2007; 
Tsang and Prendergast 2009; Utz, 
Kerkhof and van den Bos 2012 

Moderator 
variables 

Definition and operationalization Expected relationship with effect size estimate 

Positivity 
degree 

The degree of positivity of the review, as measured 
by two variables: (1) PDpos is the percentage of 
positivity in positive reviews, and (2) PDneg is the 
percentage of positivity in negative reviews.  

Usefulness increases with increasing positivity of negative 
reviews (H1a) and attitude increases with decreasing 
positivity of positive reviews (H1b).  

Product type Is categorized as 1 when a study used an experience 
good, and 0 when a search good is used. 

Usefulness & attitude: experience > search (H2) 

Brand Describes whether the brand used in the study is 
known/familiar = 1, or unknown/fictitious = 0. 

Usefulness & attitude: familiar < unfamiliar (H3) 

Culture Cultural background records whether a study is 
conducted in the USA = 1, or elsewhere = 0.  

Usefulness & attitude: USA > elsewhere (H4) 
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Positivity Degree 

To measure the effects of valence, studies mostly compare the results for the dependent 

variables in terms of (predominantly) positive reviews versus (predominantly) negative reviews 

in a review set. Therefore, we consider two types of positivity degree: positivity degree in the 

positive reviews (PDpos) and positivity degree in the negative reviews (PDneg). We argue that 

the positivity degree, that is, the proportion of positive reviews, can provide more insight in 

seemingly conflicting findings. More specifically, this means that an effect size on perceived 

usefulness or attitude stemming from a comparison between 100% positivity in the positive 

reviews and 0% positivity in the negative reviews would be different than an effect size 

stemming from a comparison between 75% positivity in the positive reviews and 25% positivity 

in the negative reviews.  

For both perceived usefulness and attitude, we argue that the effect of valence should 

increase with increasing positivity in the negative reviews, and decrease with increasing 

positivity in the positive reviews. Research on two-sided advertising suggests that including a 

small amount of negative information can increase persuasion, because it indicates that the 

advertiser is telling the truth (Eisend 2006). The inclusion of some negative information in an 

otherwise positive set of information increases the credibility of the reviews, which increases 

their effectiveness. This indicates that the influence of valence on perceived usefulness and 

attitude is strongest when reviews do not only discuss the weaknesses or the strengths of the 

product, but both the strengths and weaknesses of the product. Balanced reviews that discuss 

both sides of the product may be more effective than extreme reviews (positive reviews with a 

high degree of positivity and negative reviews with a low degree of positivity). Thus, a higher 
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degree of positivity in the negative reviews and lower degree of positivity in the positive reviews 

would lead to a stronger influence of valence on perceived usefulness and attitude.  

For perceived usefulness, we argue that the negative reviews would matter more than the 

positive reviews. According to the accessibility-diagnosticity theory (Feldman and Lynch 1988; 

Skowronski and Carlston 1989) negative information has a systematically stronger influence on 

judgment than the equivalent positive information (Ahluwalia and Gürhan-Canli 2000; Herr, 

Kardes and Kim 1991). That is, compared to positive reviews, negative ones are more novel and 

attention-grabbing and have greater salience (Pratto and John 1991; Willemsen et al. 2011) 

which makes them more easily accessible in memory (Chiou and Cheng 2003; Purnawirawan, 

De Pelsmacker and Dens 2012). Furthermore, negative reviews also allow consumers to 

categorize the product as low quality because low-quality products usually have negative 

attributes. In contrast, based on positive reviews, it is difficult to categorize the product as high 

in quality because any product can have some positive attributes (Herr, Kardes and Kim 1991).  

As for attitudes, in contrast to perceived usefulness, we argue that positive reviews would 

matter more than negative ones. According to confirmation bias, people are more likely to 

consider information that is consistent with their beliefs or predisposition when forming an 

evaluation (Edwards et al. 2009; Nickerson 1998). Applied to online reviews and given that on 

the Internet more positive than negative reviews can be found (Bronner and De Hoog 2010; 

Chevalier and Mayzlin 2006) and people are reading online reviews to assist them in their (pre-

existing) buying decision and to confirm these decisions (Chen and Xie 2008; Sen and Lerman 

2007), it is very likely that people give more weight to positive than negative reviews, because 

positive reviews are more consistent with their decision. Therefore, we hypothesize that the 
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degree of positivity moderates the influence of review valence on (a) perceived usefulness of 

reviews and (b) attitude as follows:  

H1: (a) Usefulness increases with increasing positivity degree in negative reviews and (b) 

attitude decreases with increasing positivity degree in positive reviews.  

 

Product Type: Experience versus Search Goods 

Product type moderates the influence of online review valence on perceived usefulness 

and attitude (e.g., Xia and Bechwati 2008). Search goods, such as electronics, are products that 

consumers can accurately evaluate prior to purchase because they have apparent and functional 

attributes for which consumers can obtain valid information before product use. On the other 

hand, experience goods, such as restaurants or hotels, are dominated by intangible attributes that 

consumers do not know until purchase or use, and for which performance evaluations can be 

verified only by (sensory) experience or consumption (Nelson 1970).  

We expect that the influence of valence on review usefulness and attitude is stronger for 

experience goods than for search goods. The evaluation of search products are based on 

objective criteria, while evaluations of experience goods are more subjective and lack common 

standards (Sen and Lerman 2007). Due to the intangible and ambiguous character of experience 

goods, perceived risk and uncertainty increase along the search-experience product continuum 

(Park and Lee 2009). Because consumers lack product experience before purchase of experience 

products, consumers face greater pre-purchase uncertainties for experience products than search 

products (Park and Park 2013; Zhu and Zhang 2010). Therefore, they might seek additional 

information as an effort to reduce perceived risk and uncertainty (Park and Lee 2009). In this 

case, negative reviews might even become more diagnostic than positive ones (Skowronski and 
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Carlston 1989). As a result, the influence of valence might be stronger for experience than search 

products. In other words, consumers would respond more strongly to valence when the reviews 

relate to an experience rather than a search product.  

H2: The effect of valence on (a) perceived usefulness and (b) attitude is stronger for 

experience than for search goods. 

 

Brand Familiarity 

The branding literature suggests that brand familiarity (i.e., whether the consumer is 

familiar with a brand or knows the brand) affects the influence of online reviews on the 

perceived usefulness of these reviews and the attitude toward the product (e.g., Berger, Sorensen 

and Rasmussen 2009; Vermeulen and Seegers 2009). Familiar or known brands have strong 

memory networks, while unknown brands have no (or little) existing cognitive structures 

(Berger, Sorensen and Rasmussen 2009; Connors, Mudambi and Schuff 2011). As consumers 

have obtained a certain knowledge or expertise regarding familiar brands and have no or little 

knowledge and expertise regarding an unfamiliar brand, the informative effect of online reviews 

are stronger for unknown than for well-known brands (Vermeulen and Seegers 2009; Zou, Yu 

and Hao 2011). Moreover, when consumers are familiar with a brand, they are capable of 

making their own judgment without relying on online reviews. Negative reviews might become 

more diagnostic than positive ones when they involve an unfamiliar brand, as a negative review 

allows consumers to assess product quality more accurately than a positive review. We expect 

that the influence of review valence is stronger for unfamiliar brands, than for familiar brands. In 

other words, for consumers, the role of valence is more important when they are reading reviews 

about unfamiliar rather than familiar brands.  
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H3: The effect of valence on (a) perceived usefulness and (b) attitude is stronger for 

unfamiliar brands than for familiar brands.  

 

Cultural Background 

The cultural background of individuals may moderate the influence of valence on 

perceived usefulness and attitude. As opposed to many other cultures, the US culture is the most 

individualistic culture in the world (Hofstede 2001). US consumers have weaker bonds with 

other individuals, and consequently, they might rely more on online information compared to 

consumers from other countries, for whom personal opinions by close friends or family are more 

important. Additionally, the Internet was developed in the United States and US Americans 

belong to the heavy online users worldwide. This indicates that US consumers have on average 

more experience and higher frequency of Internet use than most other countries. Therefore, US 

consumers are probably more receptive to e-commerce activities and rely more on online 

recommendations than consumers elsewhere do. As a result, US consumers might react stronger 

to review valence than consumers in other countries might.  

Individualistic values affect the variation in valence and thus its effectiveness (in terms of 

attitudes and usefulness), because US reviewers value freedom of expression and show their 

opinions more openly; they express their likes and dislikes more clearly, which leads to more 

variation in review valence (Koh, Hu and Clemons 2010). Furthermore, US reviewers tend to be 

more specific in their reviews and they express their own opinions without reproach (Huang 

2005), which increases the usefulness of reviews. Based on these arguments, we hypothesize:  

H4: The effect of valence on (a) perceived usefulness and (b) attitude is stronger for US 

consumers than for consumers elsewhere.  
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METHOD 

Selection of Studies 

To identify relevant studies for the meta-analysis, we carried out a series of search 

strategies, similar to the procedures in other meta-analyses (e.g., Joseph et al. 2007; Wu and 

Lederer 2009). First, a computerized bibliographic search was performed using electronic 

databases (e.g., EBSCO, JSTOR, ScienceDirect) followed by an Internet search on Google 

Scholar. Next to “valence”, we focused on keywords such as “online (consumer) review”, 

“product review”, “electronic word of mouth”, “online recommendation”, “user generated 

content”, “computer mediated communication”, “online comments”, “online articulation”, 

“online rating” and “product rating”. Second, we conducted a manual search of relevant journals. 

Third, we contacted several authors of empirical studies that we identified as experts on the 

meta-analysis topic and requested working papers and forthcoming articles. Once a study was 

identified, references were examined in a search for further studies. 

We selected all studies that investigated the influence of the valence of online review 

sets, that is, studies that contrasted the effect of positive versus negative online reviews, the 

effect of a set of positive versus a set of negative reviews, or measured the impact of product 

ratings on the following dependent variables: attitudes, perceived usefulness, purchase 

intentions, sales, recommendation intention and source-related variables. In total, we identified 

46 manuscripts that provided sufficient information to calculate effect sizes. Appendix A 

provides a list of these manuscripts. These manuscripts provide 214 effect size estimates.  
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Coding and Meta-analytic Procedure 

We developed a coding protocol to specify the type of information to be extracted from 

the studies. The effect size metric selected for the meta-analysis is the correlation coefficient. As 

each effect size is a result of a comparison between positive and negative reviews (the positive 

review(s) is/are the treatment, while the negative review(s) is/are the control) or measured by 

product ratings, a positive correlation indicates that positive reviews have stronger effects than 

negative reviews, while a negative correlation indicates a stronger effect of negative reviews. We 

calculated effect sizes from a variety of data input types, following procedures in the literature 

(Lipsey and Wilson 2001). After compiling the data, we adjusted the effects from each study for 

unreliability (measurement error). When a study did not report the reliability or used a single-

item measure for a relevant construct, we used the mean reliability for that construct across all 

studies for the reliability correction. Next, we transformed the reliability-corrected correlations 

into Fisher’s z- coefficients. We averaged these z-scores and weighted them by the inverse of 

their variance following a random effects perspective before reconverting the integrated results.  

The moderator variables are coded as described in Table 1. Because most studies 

compare the results for the dependent variables in positive reviews versus negative reviews, the 

moderator variable “positivity degree” is operationalized in two ways: (1) Positivity degree in 

the positive reviews (PDpos) is the percentage of positivity in the positive reviews, and (2) 

Positivity degree in the negative reviews (PDneg) is the percentage of positivity in the negative 

reviews. For example, if the positive reviews consist of three positive reviews and one negative 

review, and the negative reviews consists of one positive and three negative reviews, PDpos is 

coded 75% and PDneg is coded 25%. If a study compares one positive review and one negative 

review, PDpos is coded 100% and PDneg is coded 0%. When a study reports the average stars 
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rating of a set of reviews with the standard deviations, we approximate the positivity degree as 

follows: we use (mean + standard deviation)/ scale maximum*100 (in %) to code positivity 

degree in the positive review and (mean – standard deviation)/scale maximum*100 (in %) to 

code positivity degree in the negative review. Out of 214 effect sizes, 90 effect sizes are from 

single reviews, 95 from set of reviews, and 20 from product ratings. Single review studies 

include two reviews, a positive and a negative one. Review sets have an average of 7.2 reviews 

for both the positive and negative review condition. The average percentage of negative reviews 

in the positive review set is 23.4 and in the negative review set it is 61.4. The average product 

rating on a scale from 1 to 5 is 3.84. These findings indicate that review sets and ratings tend to 

be more positive than negative. We further tested whether the approximations of positivity 

degree via product ratings lead to different results in the dependent variables than the direct 

computations from single reviews and review sets. We did not find any significant differences. 

To test the hypotheses, we model the effect size estimates (the Fisher z-scores) related to 

usefulness and attitudes as a linear function of the moderator variables. We apply the random 

effects method of moments to conduct the meta-analysis following the recommendations in the 

literature (e.g., Lipsey and Wilson 2001) and common practice in meta-analyses in the marketing 

literature. Collinearity is always a major issue threatening the robustness in meta-analytic 

regression models. To check for collinearity, we regressed the z-scores related to attitude and 

usefulness on all of the moderators (PDpos, PDneg, Brand, Product Type and Country). For both 

dependent variables, both the tolerance (minimum tolerance = 0.349) and the VIF (maximum 

VIF = 2.866) indicate acceptable figures. Table B1 and B2 in the appendix provide correlation 

matrices between all moderators and the effect sizes related to perceived usefulness and attitudes.  
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RESULTS 

Table 2 provides a summary of the mean effect sizes and the homogeneity analysis of the 

influence of valence on the dependent variables. The mean effect size is the strongest for 

recommendation intention (r = .695, p < .001), followed by attitude (r = .334, p < .001) and 

purchase intention (r = .199, p = .001). A t-test shows a significant difference between 

recommendation intention and purchase intention, indicating that online review valence 

influences consumers’ recommendation behavior more than purchase decisions (t (44) = 3.393, p 

= .007). Furthermore, the mean effect sizes are marginally significant for sales (r = .044, p 

=.073) and not significant for perceived usefulness (r = .049, p = .212) and credibility (r = .052, p 

= .353), implying that on average valence does not have a significant influence on these 

variables.  

The Q-statistics are significant for all variables (p < .01), indicating the presence of 

heterogeneity. This means that the variability in the effect sizes exceeds what would be expected 

from sampling error. The variability can be explained by substantial differences between studies 

and effect sizes. For that purpose, we apply moderator variables that describe differences 

between studies and effect sizes.  

To account for a possible publication bias we calculated the fail-safe N for significant 

mean effect sizes (p < .05), that is, the number of unavailable (filed or future) studies providing 

null results that would reduce the mean effect size to a non-significant level. The high number of 

null results that would be necessary to render the findings non-significant shows that a possible 

omission of studies in our meta-analysis would not change the main conclusion of this review.  

 



17 
 

Table 2 

Meta-analytic Effect Sizes, Z-test, Homogeneity Test and Fail-safe N 

 # 
Effect 
Size 

Mean 
effect 
size 

Z- test Q-statistics 
(Homogeneity test) 

Fail-safe 
N 

Attitude 62 .334 8.136*** 908.368 4188 

Perceived 
usefulness  

63 .049 1.249 11044.689 N.A. 

Purchase 
intention 

37 .199 3.244**  677.286 6155 

Recommendation 
intention 

9 .695 6.701*** 96.318 8548 

Sales 18 .044  1.790* 1355.825 N.A. 

Credibility 25 .052 .929 200.644 N.A. 

***p < .01; **p < .05; *p < .10 

 

Table 3 presents the results of random effects regression for perceived usefulness. The 

moderating influence of the positivity degree in the positive reviews is not significant, but the 

influence of the positivity degree in the negative reviews is significant. That is, the effect of 

valence is stronger with increasing positivity in the negative reviews. The findings support H1a: 

very negative reviews are less useful than slightly negative reviews. 

Furthermore, product type is a significant moderator for the influence of review valence 

on perceived usefulness. Consistent with previous findings and our expectation, the effect of 

valence on perceived usefulness is stronger when the reviews involve experience (r =.132) rather 

than search product (r =.001). Therefore, H2a is accepted. Brand familiarity significantly 

moderates the influence of review valence on perceived usefulness; however, the direction of the 

effect is contradictory to our expectation. Our findings indicate that the influence of review 
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valence related to familiar brands (r =.231) is stronger than those related to unfamiliar brands (r 

= -.020). H3a is therefore rejected. Finally, as hypothesized, country is also a significant 

moderator for perceived usefulness. The effect sizes for perceived usefulness of studies 

conducted in the US (r =.123) are stronger than the effect sizes of studies conducted elsewhere (r 

=.022). H4a is therefore accepted.  

 

Table 3 

Results of the Random Effect Regression for Perceived Usefulness 

 B SE Z p Beta 
Constant -.347  .240 -1.444  .149   
Positivity degree in positive reviews -.001 .003  -.330  .741  -.030 
Positivity degree in negative reviews .004  .001  2.815  .005  .211 
Product type: experience vs. other .257  .080  3.200  .001  .271 
Brand: familiar vs. unfamiliar .362  .078  4.633  .001  .367 
Cultural background: US vs. other .382  .091  4.199  .001  .395 

 

Table 4 presents the results of the random effect regression for attitude. In contrast to the 

result of perceived usefulness, the intercept is significant and positive and indicates that review 

valence has a positive effect on attitude. Moreover, the influence of the positivity degree in the 

positive reviews is significant while the influence of the positivity degree in the negative reviews 

is not. This means that the influence of valence on attitude is decreasing with increasing 

positivity in the positive reviews. The finding supports H1b: negative reviews lead to lower 

attitudes than positive ones, but if the reviews are too positive, attitudes decreases.  

Furthermore, product type, brand familiarity and country do not affect the influence of 

review valence on attitude scores at the conventional level. The impact of valence on attitude is 

at best marginally stronger for search (r = .556) than experience good (r = .390) (p = .097). 
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Hence, H2b is rejected. As the results do not provide support for H3b (moderation by brand) and 

H4b (moderation by country), both hypotheses are rejected.  

 

Table 4 

Results of the Random Effect Regression for Attitude 

 B SE Z p Beta 
Constant 1.148  .340  3.373  .001   
Positivity degree in the positive review -.008 .004  -1.949  .051  -.284 
Positivity degree in the negative review .000  .003  .089  .929  .014 
Product type: experience vs. other -.205  .124  -1.656  .098  -.201 
Brand: familiar vs. unfamiliar .047  .132  .352  .725  .049 
Cultural background: USA vs. other .173  .163  1.065  .287  .176 

 

As an additional analysis, we checked for the possible confounding influence of several 

methodological moderators on the effect size, namely how the data were collected (study type), 

where the study was published, how valence was assessed in the primary studies (i.e., reviews or 

ratings), and for the total number of reviews and the items used to measure the dependent 

variable. We did not find any significant effects of study type (experimental study vs. field study: 

F = 1.38, p = .241), publication type (journal vs. other: F = .361, p = .549), valence type (single 

review set vs. set of several reviews vs. product rating: F = 1.151, p = .318), the number of 

reviews (r = .046, p = .533), or the number of measurement items (r = .060, p = .405).  

 

DISCUSSION 

Previous studies on the influence of review valence on consumers’ evaluations in terms 

of perceived usefulness and attitude toward the reviewed object have shown mixed conclusions. 

This meta-analysis partly resolves these inconsistencies in the literature.  
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Figure 2 

The Influence of Valence on Perceived Usefulness and Attitude 
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Review valence relates to perceived usefulness that is explained in Figure 2. The 

influence of review valence on perceived review usefulness is strongest for negative reviews that 

consider some strengths of the product. This implies that consumers perceive extremely negative 

reviews as less useful than more balanced negative reviews. In addition, for perceived 

usefulness, only the positivity degree in the negative reviews seems to matter. Consistent with 

the accessibility-diagnosticity theory, as negative information is more diagnostic, it allows a 

more accurate assessment of a product and therefore, the negative reviews may weigh more than 

the positive reviews. 

In line with our expectation, our results show that product type affects the influence of 

review valence on perceived usefulness of online reviews in the sense that valence has a stronger 

influence on perceived usefulness for experience products than for search products. Search 

products contain more objective elements that consumers can evaluate prior to purchase, while 

experience products contain more subjective elements that they cannot evaluate prior to 

purchase. Perceived risk and uncertainty increase along the search-experience product 

continuum. Therefore, for search products, the effect of review valence on review usefulness is 

limited, as consumers can assess product characteristics objectively. On the contrary, the 

assessment of an experience product involves more personal experience and subjective 

recommendation. As consumers cannot assess product quality prior to purchase, they have to 

rely on other customers’ recommendation. As a result, the influence of review valence on 

perceived review usefulness is stronger for experience products than for search products.  

Brand familiarity also moderates the influence of valence on perceived usefulness. 

However, contrary to our hypothesis, the influence of valence on perceived usefulness is stronger 
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when the brand is familiar than when the brand is not familiar. Some research suggests that 

knowledgeable readers reward product-relevant information with higher helpfulness assessments 

(Connors, Mudambi and Schuff 2011). As the reader has certain knowledge about a particular 

brand, it is perhaps easier to assess reviews in terms of their usefulness. In addition, also 

confirmation bias (i.e. the tendency to interpret information that confirms existing beliefs or 

expectations (Nickerson 1998)) can explain this phenomenon. Consumers, who are familiar with 

a brand, expect positive information. Negative information counters their expectations and may 

therefore be more surprising and helpful. Suppose a reader who holds a positive predisposition 

toward a certain brand and who reads positive reviews about the brand. Information consistency 

can be argued to trigger confirmation bias (Nickerson 1998), which then results in a strong 

cognitive response. Similarly, when this person reads negative reviews about the brand, the 

information inconsistency may lead the reader to develop counter arguments, which again results 

in a strong cognitive response (Pan and Zhang 2011; Sen and Lerman 2007). From this 

perspective, valence can have a stronger influence on perceived usefulness when the reviews 

involve a familiar brand than an unfamiliar brand.  

Furthermore, results show that the influence of valence on perceived usefulness is greater 

for US consumers than for consumers elsewhere. Consistent with our expectation, US readers are 

highly individualistic, value and express own opinions, and are more receptive to e-commerce 

activities than consumers are from other countries. This suggests that US consumers rely more 

heavily on online recommendations and are more prone to and affected by review valence. 

With regard to attitude, the significant mean effect size suggests that review valence has a 

positive effect on the attitude towards the object. The influence of valence on attitude is stronger 

when positive reviews do not only discuss the strengths of the product, but also its weaknesses. 
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Figure 2 depicts and explains this effect. Balanced positive reviews are more effective than 

merely positive reviews, because the inclusion of negative evaluations signals that the reviews 

are genuine and come from true customers (not marketers). The presence of negative reviews 

increases the credibility of the reviews as it indicates that they are not controlled or censored by a 

company. Positive reviews that contain such two-sided views may allow people to assess more 

accurately whether the weaknesses of the product are acceptable and the strengths of the product 

are good enough. However, for attitude, in contrast to perceived usefulness, it appears that only 

the positivity degree in the positive condition matters. Consistent with confirmation bias, people 

are more likely to consider information that is consistent with their beliefs or predisposition 

when forming an evaluation, leading consumers to give more weight to positive than negative 

reviews to form their attitudes and intentions.  

Surprisingly, in contrast to our hypotheses and previous research (e.g., Vermeulen and 

Seegers 2009), our results indicate that the impact of review valence on attitude is not moderated 

by product type, brand familiarity or country. One reason might be the smaller heterogeneity in 

the findings compared to usefulness. That is, there is less variation to be explained, which 

reduces the likelihood of significant moderator effects. Next to this methodological explanation, 

there are substantial ones, too. Researchers have suggested that online reviews influence 

consumer behavior in two ways, depending on the readers’ stage in the purchasing process (Lee, 

Park and Han 2008; Liu 2006). At the early “consider” phase, online reviews serve as 

informants, providing the readers with product- and user-related information, while at the later 

“evaluation” stage, they serve as recommenders providing the readers with a suggestion whether 

to buy the reviewed object. While the perceived usefulness of online reviews relates to the role 

of online reviews as informants, attitudes relate to the role of online reviews as recommenders. 



 

24 
 

In other words, in forming attitudes toward the reviewed object, consumers are only concerned 

with the role of online reviews as recommenders. Consequently, it is possible that the influence 

of product type, brand familiarity and cultural background applies to online reviews as 

informants but not as recommenders, and their influence diminishes once consumers reach the 

attitude formation stage. The development of our hypotheses indicates that the moderator effects 

differ between the consider phase and the evaluation stage and can lead to weaker effects in the 

evaluation stage (e.g., in the evaluation stage, variation in brand familiarity is presumably lower 

than in the consider phase, because consumers need to know a brand to evaluate it). 

The influence of review valence on purchase intention is significant. Furthermore, the 

mean effect sizes show little to non-significant effects of valence on sales and credibility. 

Regarding sales, researchers have suggested that volume, rather than valence of reviews is more 

important in affecting sales. For credibility, it has been suggested that credibility assessment in 

the online environment is a complex matter. The extent of message consistency and virtual 

credentials (reviewer’s past achievements), for instance, can be cues in determining credibility.  

Finally, the influence of review valence on recommendation intention is very strong. 

People exposed to positive reviews reported systematically higher recommendation intention 

than those exposed to the negative ones. Online review valence explains almost 50 percent of the 

variation in recommendation behavior, but only ten percent in attitudes and less than five percent 

in purchase intentions. Obviously, other predictors have a stronger influence on attitudes and 

intentions than review valence (e.g., prior purchase behavior). This finding is important because 

prospect consumers base their decisions on other consumers’ recommendations. Managing 

online reviews is therefore key for practitioners in influencing consumers’ recommendations, but 

less important in influencing their purchase attitudes and intentions. 
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In conclusion, findings show that the influence of review valence differs for attitudes and 

usefulness: negative reviews that include some positive evaluations are most effective in 

influencing perceived usefulness, while positive reviews that include some negative evaluations 

are most effective in influencing attitudes. Additionally, review valence has a stronger influence 

on perceived usefulness when the reviews involve experience (rather than search) products, 

familiar (rather than unfamiliar) brands, and US consumers (rather than consumers elsewhere). 

These conclusions are quite robust, and unaffected by study, publication, or valence type.  

 

Implications for Researchers 

This meta-analysis adds to existing knowledge on the influence of review valence on 

consumers’ evaluations by contrasting and combining results from existing studies. Our analyses 

show significant mean effect sizes for attitude, purchase intention and recommendation intention, 

indicating that review valence does significantly affect these three variables. On the other hand, 

based on the effect sizes found in earlier studies, we cannot conclude that review valence has an 

effect on perceived review usefulness, sales, and credibility.  

The results of this study enhance prior knowledge by showing that not only valence plays 

a role, but the positivity degree of the reviews does too, as this affects perceived usefulness and 

consumer attitudes. Our study shows an effect of review valence that differs between usefulness 

and attitude (see figure 1). Negative reviews including a small amount of positivity result have 

the strongest effect on perceived usefulness, while positive reviews that provide some negativity 

are most effective in influencing attitudes. We also find that studies should consider the type of 

products and brands they test, as these moderate the effect of valence.  
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Our meta-analysis complements a recent meta-analysis on the relationship between 

online product reviews volume and valence on retail sales (Floyd et al. 2014). The meta-analysis 

by Floyd et al. investigates the effect of valence on sales by means of elasticities. An elasticity 

measures the magnitude of an effect (e.g., the increase in sales for one unit increase in valence) 

that can be meaningfully assessed for sales units that are mostly provided in field studies. In our 

meta-analysis, we focus on psychological outcomes (e.g., attitudes) and experimental studies, for 

which the explained variance as assessed by correlation coefficients is a more appropriate effect 

size. While mean effect sizes related to sales in our study resembles the significant finding by 

Floyd et al., we provide detailed results on the nature of valence effects by specifying valence in 

terms of positivity in different conditions, which can only be assessed in study designs that 

measure valence across different positivity conditions. 

Can we use these findings to explain the effects of offline word of mouth? Prior research 

suggests that online and offline word of mouth differ in terms of interactivity, communication 

richness, and intimacy; that online word of mouth has social and functional drivers, but offline 

word of mouth has emotional drivers; that online information is more important for utilitarian 

products, while offline information is more important for hedonic products; and that the same 

methods lead to different results in both channels (Cheema and Papatla 2010; Lovett, Peres and 

Shachar 2013). These differences suggest that valence might lead to different effects such as 

driving emotions in an offline world, but providing useful and practical information in an online 

world. While the relationship between valence and emotions is linear (positivity increases 

positive emotions), the effects on usefulness is more complex as our findings suggest. Because of 

these differences, findings of online reviews from this study do not necessarily transfer to the 

offline world.  
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Practical Implications 

The differential influence of review valence on usefulness and on attitude suggests that 

these two variables should not be placed under one common denominator. They indicate two 

separate goals in online activities. For instance, for website owners, it is perhaps more relevant 

that the reviews are perceived useful, because that may encourage people to visit the website 

again. If the goal is to maximize review usefulness, practitioners should be more cautious with 

extremely negative reviews, as this may reduce the perceived usefulness. In addition, 

practitioners should pay attention to product type, brand familiarity and cultural background as 

these variables moderate the influence of valence on usefulness.  

As the influence of review valence on usefulness is stronger for experience products than 

for search products, sellers of search products can encourage their customer to post more 

experiential positive reviews. Using testimonials of how a smartphone can bring people together, 

or how a digital camera captures beautiful moments can create an experience around their 

products. This may boost review usefulness scores and encourage people to refer to the same 

website in the future, and/or to fellow consumers. Furthermore, the influence of valence on 

usefulness is stronger for familiar brands than for unfamiliar brands. Consumers sometimes 

engage in online search after they have purchased a product, for instance to reduce cognitive 

dissonance. It is therefore important to motivate people to share their experience with the product 

through online reviews. This emphasizes the importance of building relationship with the current 

customers, so they can advocate the brand, eventually convince, and persuade other potential 

customers. Finally, our findings suggest that valence has greater influence on usefulness for US 

consumers than for consumers from other countries. Practitioners should consider the cultural 
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background as it affects consumer behavior. For instance, in many places in the US, physical 

stores are not always available to purchase niche items. Additionally, many online stores offer 

free shipping for big purchases, and there is no sales tax on many online purchases in the US.  

If the goal is to induce positive attitude, practitioners should be concerned with review 

valence, too. Regarding attitude, our study confirms that marketers and brand managers should 

not be afraid of negative reviews as long as the majority of reviews is positive. A small 

proportion of negative reviews increases attitude scores as it allows the reader to make an 

accurate assessment of both the strengths and weaknesses of the reviewed object. In addition, the 

presence of negative reviews may signal that the reviews are genuine and not censored by the 

company. Deleting negative reviews is thus, not recommended, as it may backfire rather than 

benefit the company. 

The remarkable strong effect of valence on recommendation intention suggests that 

online review valence is an important tool to influence word-of-mouth behavior, which is usually 

a very difficult endeavor for practitioners. This is particularly important, because these passed on 

words affect future customers in their decision.  

 

LIMITATIONS AND SUGGESTIONS FOR FURTHER RESEARCH 

Several limitations that are common to meta-analytic reviews are also present here. This 

meta-analysis is limited by the availability of information in and the quality of the original 

studies. Due to an insufficient number of studies reporting on dependent variables such as 

purchase intention or sales, our moderator analysis is limited to perceived usefulness and 

attitude. The moderator analyses investigates the moderating influence of product type, brand 

familiarity and country only. More research is needed to understand how other moderators (e.g., 
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reviewer characteristics, type of website, etc.) may influence the impact of online reviews on 

evaluations. These characteristics were not readily available in all studies that we considered for 

this meta-analysis. Further research could also apply other moderator categorizations. For 

instance, instead of using experience versus search categorization, further research could use 

services versus goods, or hedonic versus utilitarian categorization. Furthermore, our findings 

suggest that review valence has a stronger effect on recommendation than on purchase intention. 

More research is needed to provide a better understanding on the role of valence on 

recommendation intention (eWOM intention). 

Another limitation refers to the variation in valence judgments across consumers that has 

been neglected in prior research and as a result in this meta-analysis, too. Information can have 

ambiguous valence and be positive to one person but negative to another. For instance, a hotel 

review that describes the location as a place where a lot is going on, might be welcome to some 

consumers but be avoided by others.  
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APPENDIX A 

 

Table A1 

Studies included in the Meta-Analysis 

Study provides effect sizes of valence influence on… 

No.  Author, Year Usefulness Attitude Intention 
Recommen-

dation intentions Sales Credibility 
1 Bae and Lee 2011,      x       

2 
Berger, Sorensen and Rasmussen 
2009,    x x   x   

3 Bussiere 2009,  x   x x   x 

4 
Chakravarty, Liu and Mazumdar 
2010,    x         

5 Chen, Wang and Xie 2010,          x   
6 Cheung and Lee 2008,      x     x 
7 Cheung et al. 2009,  x           
8 Chevalier and Mayzlin 2006,          x   

9 
Chintagunta, Gopinath and 
Venkataraman 2010,          x   

10 Connors, Mudambi and Schuff 2011,  x           

11 
Derks, Bos and von Grumbkow 
2007,      x       

12 Doh and Hwang 2009,    x x     x 
13 Duan, Gu and Whinston 2008,          x   
14 Edwards et al. 2009,    x       x 
15 Forman, Ghose and Wiesenfeld x       x   
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2008,  
16 Hao et al. 2010,  x           
17 Hong and Park 2012,    x       x 
18 Hu, Liu and Zhang 2008,          x   
19 Huang and Chen 2006,      x       
20 Lee and Lee 2009,    x x       
21 Lee, Park and Han 2008,    x         
22 Lee and Youn 2009,        x     
23 Liu 2006,          x   
24 Moe 2009,          x   
25 Pan and Zhang 2011,  x           
26 Park and Lee 2009,  x           

27 
Purnawirawan, De Pelsmacker and 
Dens 2012,  x           

28 
Purnawirawan, Dens and De 
Pelsmacker 2012,     x         

29 Sen and Lerman 2007,  x x       x 
30 Sohn 2009,  x     x     
31 Sparks and Browning 2011,    x x       
32 Tsang and Prendergast 2009,  x   x     x 
33 Utz, Kerkhof and van den Bos 2012,            x 
34 Vermeulen and Seegers 2009,    x         
35 Walther et al. 2010,    x x       
36 Willemsen et al. 2011,  x           

37 
Wu, Van der Heijden and Korfiatis 
2011,  x           

38 Xia and Bechwati 2008,  x   x       
39 Yang et al. 2012,          x   
40 Yang and Mai 2010,    x         
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41 Ye, Law and Gu 2009,          x   
42 Zehrer, Crotts and Magnini 2011,  x           
43 Zhang and Dellarocas 2006,          x   
44 Zhang, Craciun and Shin 2010,  x           
45 Zhang et al. 2010,    x         
46 Zou, Yu and Hao 2011,  x           
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APPENDIX B 

 

Table B1 

Correlation Matrix: Perceived Usefulness 

  1 2 3 4 5 6 
1 Perceived usefulness 1

2 Percentage of positivity in the positive review 
.054 1

3 Percentage of positivity in the negative review 
.169 -.044 1

4 Product type: Experience vs. other (search) .134 -.503 .064 1

5 Brand: known vs. unknown .241 .085 .199 -.067 1

6 Culture: USA vs. other .101 .489 -.307 -.412 -.319 1

 

 

Table B2 

Correlation matrix: Attitude 

  1 2 3 4 5 6 
1 Attitude 1

2 Percentage of positivity in the positive review 
-.134 1

3 Percentage of positivity in the negative review 
.007 -.276 1

4 Product type: Experience vs. other (search) -.163 -.172 -.235 1

5 Brand: known vs. unknown -.145 .509 -.260 .326 1

6 Culture: USA vs. other .066 .483 -.670 -.167 .065 1

 


